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The use of big data to investigate the contemporary film industry is an area of recent 
academic interest. This interest has led to the emergence of new interdisciplinary studies, 
such as this project, combining the fields of digital humanities, new cinema history, and 
cultural economics. More specifically, newly available film distribution datasets have opened 
innovative avenues for research into the global flow of cinema. 
This thesis establishes a method for investigating and analysing the temporal and 
spatial nature of contemporary film distribution at three scales: global, national, and 
international (US–Australia). It uses a large dataset of cinema showtimes that registers all 
cinema screenings in 48 countries spanning over 2.5 years from December 2012 to May 
2015. This thesis engages with these datasets using innovative visualisation and 
computational techniques. 
This thesis explores the movement and exchange of diverse contemporary cinema 
content, including often overlooked movies with low earning power and those produced 
outside the US. In this thesis, a feature film’s distribution is defined using four measures: the 
number of screenings, the length of the theatrical run, geographical spread, and release delay. 
Movie, distribution, and production factors that shape a film’s circulation, such as running 
time, genre, the size of the distribution company, the season of release, and production origin 
are also included in the study.  
A global sample of 3,424 films released in 2013 is first studied to reveal worldwide 
patterns of circulation. Five international distribution strategies are identified through cluster 
analysis: “short limited release,” “medium limited release,” “long limited release,” “wide 
release,” and “blockbuster.”  
A national sample comprising of 18,142 movie–country pairs is then examined to 
compare cinema distribution across 40 markets. Key factors that help explain exposure in any 
country, and in each market, are identified through multiple regression analysis. The length of 
run, geographical spread, and release delay are found to have a large effect in most countries, 
while the impact of movie, distribution, and origin characteristics varies across markets. 
Finally, a sub-sample of 231 American films that screened in the US and Australia—
including box office information—is analysed to model the trade relationship between the 
two markets, differentiating between the behaviours of high and low earning movies. Large 
cultural differences are detected between American and Australian audiences using 
non-parametric statistics. A relationship between exposure and box office is also proven by 
multiple regression analysis to be strong within both countries, although only moderately 
present for high earning films between the countries. The effects of movie, distribution, and 
origin characteristics are found to differ across markets and box office segments.  
This thesis demonstrates the benefits and insights gained from analysing the diffusion 
of movies around the world in both temporal and spatial terms. It uses film-related data that is 
usually reserved for written communication to be visually analysed, interpreted, and 
displayed in a way not previously explored. It has been found that by analysing multivariate 
cinema information it is possible to produce new insights into the geographic and temporal 
patterns and relationships present in the data. This thesis shows how engagement with 
quantitative data from different viewpoints can yield new insights about global cinema 
distribution. Findings from this study have the potential to inform cinema industry players on 
several issues including the optimal distribution strategies for certain types of movies, and the 
best release tactics for certain countries. 
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INTRODUCTION AND OVERVIEW 
 
“... local markets are less and less relevant, and even if we are interested only 
in the big screen, we need to take a global perspective.” 
(Chisholm, Fernández-Blanco, Ravid, & Walls, 2015, p. 8) 
 
 INTRODUCTION 
This thesis is the first big data1 study of global2 cinema. It aims to build an understanding of 
the contemporary global distribution of diverse feature films by using a unique big data 
collection of movie screenings, the Kinomatics Global Showtime Database. International 
markets are becoming more important in generating revenues in the global theatrical cinema 
sector each year (Motion Picture Association of America (MPAA), 2018). However, limited 
scholarly accounts have so far addressed the global nature of the contemporary cinema 
exchange, especially for individual films (exceptions include: Alaveras, Gomez-Herrera, & 
Martens, 2018; Griffith, Yalcinkaya, & Rubera, 2014; Kim & Jensen, 2014; McKenzie, 2017; 
Lampe & McRae, 2018). Moreover, current knowledge on the distribution of foreign movies 
and low earning titles is scarce (exceptions include: Alaveras et al., 2018; Clement, Wu, & 
Fischer, 2014; Griffith et al., 2014; Kim & Jensen, 2014). 
                                                 
1 While a book Movie Analytics: A Hollywood Introduction to Big Data (2015) has been published recently, it 
focuses primarily on introducing certain analytics techniques to be used on cinema industry data rather than 
providing a scholarly contribution to the field. 
2 The term global is used to refer to 40 countries from the Kinomatics database throughout this thesis. 
 2 
Employing a quantitative data-driven approach and harnessing the capabilities of big 
data, this thesis considers the international cinema distribution of individual films at three 
distinct scales: globally, nationally, and internationally (from the US to Australia). Unlike 
previous research, all exhibited movies were analysed at the global and national levels 
regardless of their origin and box office. Rarely used measures of distribution were examined 
in this study, including the volume of screenings, the number of visited countries, the length 
of the theatrical run, and international release delay. In conjunction with the unique data, this 
thesis innovatively brings together analysis techniques, such as exploratory data analysis, 
cluster analysis, multiple regression, and non-parametric statistical testing. This project is 
made possible by computational technologies and recent cinema industry and scholarship 
developments. It is informed by and contributes to the fields of digital humanities (DH), new 
cinema history (NCH), and cultural economics. 
 The rest of this introductory chapter outlines the three-fold disciplinary background 
for this thesis (Section 1.2) and provides a brief cinema industry context for this research 
(Section 1.3). The rationale for this study is then outlined (Section 1.4), the Kinomatics 
database is introduced (Section 1.5), and the research objective and questions are presented 
(Section 1.6). Finally, the structure of the thesis is laid out (Section 1.7). 
 
 DISCIPLINARY BACKGROUND 
Verhoeven (2016b, p. 102) argued that big cinema data demands us to “work collaboratively, 
across many disciplines even if this decentres our outlook as cinema scholars at some level.” 
Therefore, the three interconnected disciplines of digital humanities (DH), new cinema 
history (NCH), and cultural economics inform this thesis. Specifically, this work draws from 
and contributes to the cinema studies branch of DH, the industrial field within NCH, and the 
accounts from cultural economics focusing on the international exchange of motion pictures. 
 3 
While previous research offers standalone discipline contributions, the value of this thesis lies 
in combining their approaches in order to present new insights. 
The first field of research that this thesis draws on is DH, which having first entered 
scholarly conversations over the past decade has gained higher visibility with the advent of 
big data. Despite its rapid growth over the past years, academics still struggle to define the 
field or even consider its existence as a discipline, rather than simply a collection of methods 
(Hoyt, Hughes, & Acland, 2016, p. 3). While this lack of agreement stirs a discussion 
generating new meanings and views, it also questions the stability and significance of the 
discipline (Bode & Arthur, 2014, p. 2). The existence of DH can be divided into three periods 
with distinct aims and contributions. The first wave of DH during the 1990s and early 2000s 
centred on the digitisation of analogue sources and the establishment of technological 
infrastructure, using textual analysis as the main method within established disciplines 
(Presner, 2010, p. 6). Spanning from the mid-2000s to the early 2010s, DH 2.0 focused on 
generating tools for digital knowledge in various contexts, bringing out new disciplinary 
paradigms, interdisciplinary interaction with hybrid methodologies, and new publishing 
systems (Presner, 2010, p. 6). Today’s third wave of DH is characterised as a “computational 
turn” centring on the statistical and mathematical methods within the field (Berry, 2012, p. 4). 
Research in DH is project based, with a focus on “the relationship between digital 
technologies and humanities work” (Hoyt et al., 2016, p. 3)—see the overview of 
cinema-related DH projects in Section 2.2. 
However, while some humanities disciplines, such as literary studies, history, or 
archive management, thrive within DH, as can be observed from their inclusion into 
conference programmes and discipline-defining books, media studies receive little attention 
(Hoyt et al., 2016, p. 2). Nonetheless, scholars including Verhoeven (2012, 2013, 2016b); 
Hoyt (2014); and Maltby, Walker, and Walsh (2014) have written on their use of DH 
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methods in cinema-centred research. Moreover, The Arclight Guidebook to Media History 
and Digital Humanities aimed “to bring the highly heterogeneous fields of media history and 
the digital humanities into greater interaction” (Hoyt et al., 2016, p. 2). Earlier books, such as 
Digital Tools in Media Studies: Analysis and Research. An Overview (2009) and Movie 
Analytics: A Hollywood Introduction to Big Data (2015), and the most recent edited 
publication Research Methods for the Digital Humanities (2018), detailed the use of digital 
tools and big data in media studies. This thesis contributes to the emerging body of cinema 
research that relies on computational, data-driven methods within DH. 
The second field of research that informs this thesis is NCH. The birth of NCH 
followed a “historical turn” in motion picture studies from textual film-centred to 
historical-empirical research (Verhoeven, 2011, p. 257). The fundamental difference between 
film history and NCH is the latter’s understanding that movies cannot be studied in isolation 
from their economic, social, and cultural environment (Maltby, 2011; Maltby et al., 2014, 
p. 95). Scholars of NCH aim to explain film production, distribution, and exhibition in a 
commercial setting as well as broader social, legal, and political dimensions that craft 
cinema’s profile in public life. These new subjects require different kinds of data, as film 
texts alone cannot provide sufficient information to explain their own context (Verhoeven, 
2012). In turn, expanded, diversified data demands new methodologies and appropriate tools 
(Maltby et al., 2014, p. 95). Reception studies scholars rely on qualitative historiographies, 
whereas those researching economic, industrial, and institutional cinema history employ 
quantitative approaches, such as data mining, empirical and computational analysis, along 
with Geographical Information Systems (GIS) or digital visualisations (Verhoeven, 2012). As 
these methodologies require a wide range of skills and theoretical knowledge, NCH scholars 
take interdisciplinary approaches incorporating history, cultural studies, economics, 
sociology, anthropology, geography, information management, computer science, applied 
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mathematics, statistics, and other areas (Verhoeven & Arrowsmith, 2013). Allen and Gomery 
(1985) were first to pay attention to the wider context of cinema in the book Film History: 
Theory and Practice; however, the NCH was not conceptualised as a discipline until almost 
thirty years later in the seminal book Explorations in New Cinema History: Approaches and 
Case Studies (2011) showcasing the research within the field, which covers the history of 
cinema audiences, exhibition, and reception. 
While some of the research in NCH can be project based and result in databases, NCH 
scholars also employ data compiled for other projects, such as those in DH, and interoperate 
additional information that often includes socio-demographic data for their empirical studies 
(see the discussion of the industrial NCH studies in Section 2.2). However, Maltby et al. 
(2014) stressed that the micro-historical inquiry often followed in NCH is problematic as it 
lacks the capacity for comparison and aggregation due to small, local samples. In 
acknowledging this limitation in previous studies, this thesis addresses the scaling problem 
by working with a global dataset that offers an aggregate view of the international 
distribution landscape, and which further allows for comparison across geographical regions 
in a high level of detail at the individual film level. While some may argue that this work sits 
outside the realm of NCH as it addresses contemporary cinema, and thus lacks “historicity” 
(Verhoeven, 2016a), it should be stressed that this study is informed and shaped by the 
discipline and contributes to the limited understanding of contemporary tendencies. 
The third field of research drawn on by this thesis is cultural economics. This 
discipline is older than the previously discussed fields. While some argue that the discipline 
was born in 1973 when Professor William Hendon founded the Journal of Cultural 
Economics (Association for Cultural Economics International (ACEI), n.d.-a), others 
(Besharov, 2003; Frey, 2000; Heilbrun & Gray, 2001; Throsby, 1994) assert it goes back to 
the seminal work Performing Arts: The Economic Dilemma by Baumol and Bowen (1966). 
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Focusing on the economic organisation of both public and private cultural sectors and the 
behaviour of various agents within each, cultural economics scholars study the creative 
industries by employing quantitative data and various modelling techniques to perform 
statistical and economic analyses (ACEI, n.d.-b). The creative sectors that attract the attention 
of cultural economists include music (e.g., Prieto-Rodríguez & Fernández-Blanco, 2000), 
theatre (e.g., Urrutiaguer, 2002), visual arts (e.g., Collins, Scorcu, & Zanola, 2009), 
publishing (e.g., Hjorth-Andersen, 2000), museums (e.g., Boter, Rouwendal, & Wedel, 
2005), video games (e.g., Engelstätter & Ward, 2018), and cinema (e.g., De Vany, 2004). 
A branch of cultural economics closest to this thesis focuses on the motion picture 
industry. Cinema business attracts the attention of cultural economics scholars due to its 
complexity of production, the uniqueness of distribution and exhibition, extremely high 
uncertainty of demand, and rich available data (McKenzie, 2012). The economic research 
within this branch can be categorised into movie microeconomics concentrating on demand, 
uncertainty, production, and distribution; and movie macroeconomics examining the effects 
of policy and economic and social changes on film demand and supply (McKenzie, 2012). 
While most of the cinema-related research in cultural economics concentrates on 
cinema distribution and performance in single countries, usually the US (e.g., De Vany, 2004; 
Litman, 1983; Sochay, 1994), but also the UK (e.g., Collins, Hand, & Snell, 2002) and 
others, research that accounts for media exchange between multiple areas has been the most 
important in shaping the methodology of this thesis. The majority of studies in international 
cinema trade have focused on the “one-way flow” of commercially successful films from the 
US to the rest of the world as presented in Section 2.4 (e.g., Fu, 2013; Lee, 2008; Waterman, 
2005). Few studies have offered a complex model of international cinema trade that accounts 
for the global circulation of movies from various origins regardless of their box office 
(exceptions include: Alaveras et al., 2018; Clement et al., 2014; Griffith et al., 2014; Kim & 
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Jensen, 2014). Moreover, most research on international cinema distribution has focused on 
box office, giving little attention to alternative measures of performance, such as the number 
of screenings, as outlined in Section 2.5 (exceptions include: Arrowsmith, Verhoeven, 
Davidson, & Coate, 2014; Coate, Verhoeven, Palmer, & Arrowsmith, 2016). This thesis 
addresses these under-researched areas by investigating four rarely-studied distribution 
measures: the number of screenings, geographical spread, the length of run, and release 
delay; and drawing on a more complete sample of new release films within 40 countries 
regardless of their origin or box office. 
 
 CINEMA INDUSTRY CONTEXT 
The cinema industry that is studied across the discussed disciplines can be divided into three 
sectors, namely production, distribution, and exhibition (Figure 1.1). Production companies 
oversee all aspects of creating a film. They secure the screenplay, financing, and recruitment 
necessary to complete a movie. Distributors work as intermediaries by acquiring completed 
films from producers and licensing them to exhibitors. They decide on release dates looking 
for high demand periods with low competition from other movies and the pattern of release in 
terms of scope and locations based on their estimated demand for a film (De Vany & Walls, 
1997). Distributors design advertising campaigns and negotiate contracts with the exhibitors 
(Einav, 2007, p. 129). They aim to optimise revenues across distribution windows, taking into 
account international release patterns and their movie portfolio (Hammerström, 2010, p. 33). 
Finally, exhibitors connect audiences to films. They own and maintain cinema venues and 
decide on programming: which movies to select, when to introduce new films, and when to 
discontinue screening the old ones. Although these are presented as discrete aspects of the 
industry, in reality, there is significant overlap between these sectors which have long 
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practised the complex patterns of negotiation. Additional complexity exists as digital methods 
for producing, distributing, and exhibiting movies are realised. 
 
 
Figure 1.1. The value chain of the movie industry. Adapted from “The Motion Picture 
Industry: Critical Issues in Practice, Current Research, and New Research Directions,” by 
J. Eliashberg, A. Elberse, & M. A. A. M. Leenders, 2006, Marketing Science, 25(6), p. 639. 
 
Commercial theatrical cinema sector is the focus of this thesis. In that regard, this 
thesis does not discuss alternative film distribution through festival circuit, which has been 
previously theorised and studied in depth (e.g., Loist, 2015; Loist & De Valck, 2010; de 
Valck, Kredell, & Loist, 2016), or the digital circulation of movies for home viewing that has 
been addressed to some extent (e.g., Anderson, 2006; Luckman & de Roeper, 2008; Marple, 
2017). However, it should be noted that data-driven quantitative studies of these alternative 
means of circulation are scarce due to the poor availability of data, except in the cases of 
some notable examinations of illegal downloading (Cox & Collins, 2014; McKenzie & 
Walls, 2015). Despite some unfounded beliefs about the decline of the importance of cinema 
in the digital age, it remains a global billion dollar business that continues to grow each year 
(MPAA, 2018). Moreover, success at the box office is one of the main drivers and predictors 
of a film’s overall reception and financial performance, including those on the digital 
platforms (Elberse, 2013, p. 25; Gunter, 2018, p. 3). Therefore, the large-scale investigation 
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of the global theatrical sector provided in this thesis will undoubtedly be relevant to the 
industry agents. 
 Theatrical exhibition is also useful to study because it remains somewhat distinct in 
Hollywood economics as a result of legislative discussions made in the late 1940s. Until 
1948, the three sectors of the cinema industry were vertically integrated, but the practice was 
demolished with the Paramount Decrees as the theatre ownership by movie studios 
constituted anti-competitive and monopolistic trade practices (Conant, 1981). The integration 
of production and distribution companies was not banned and is what distinguishes the six 
major3 and eight mini-major4 studios from independents (Einav, 2007, p. 129). This thesis 
discusses theatrical performance by these studios. It should be noted, however, that the most 
defining characteristic of a major or a mini-major studio is not its financing but rather the 
large distribution capacity in the international infrastructures and reach (Ulin, 2013, p. 4). 
The non-integrated producers contract their films to either independent, major, or mini-major 
distributors agreeing on the division of revenues with common 50/50 or 67/33 
producer/distributor splits (McKenzie, 2012). American majors and mini-majors hold 
dominant positions in the global market, circulating the most successful movies and 
representing the greatest competition with local independent distributors (United Nations 
Educational, Scientific, and Cultural Organization (UNESCO), 2016, p. 7). 
In order to understand the commercial arrangements that lead to the distinct patterns 
of cinema diffusion across the globe, it is useful to understand how distributors negotiate with 
exhibitors. As Hollywood distributors are no longer allowed to own cinemas, all must 
contract their films to exhibitors. A common practice used to be “sliding scale” where 
exhibitors first deduct a fixed payment called a “house-nut” from their earnings and then 
                                                 
3 The six major studios are Walt Disney Pictures, Warner Bros. Pictures, 20th Century Fox, Universal Pictures, 
Columbia Pictures, and Paramount Pictures. 
4 The eight mini-major studios are Lionsgate Films, STXfilms, Open Road Films, A24, The Weinstein 
Company, Amblin Partners, CBS Films, and Metro-Goldwyn-Mayer Pictures. 
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divide the remaining income with distributors, commonly in a 90/10 distributor/exhibitor split 
during the initial weeks, with higher revenue shares sliding towards exhibitors further into the 
run (Marich, 2013, p. 277). However, “aggregate deals” without a “house-nut” and with a 
lower but constant distributor/exhibitor split, such as 55/45, have become more popular since 
2005 (Marich, 2013, p. 277). The contracts usually indicate the minimum run length 
(commonly two to four weeks) and a “hold-over clause” requiring exhibitors to keep movies 
on screens as long as they gross an agreed weekly amount (Ulin, 2013, p. 152). Exhibitors 
might also get a temporal or spatial “clearance area” over which other cinemas cannot screen 
the film (McKenzie, 2012). Contractual negotiations between the large, influential 
distribution companies and exhibitors can affect ticket prices at the cinemas (UNESCO, 
2016, p. 14). 
Exhibitors strive to maximise profits by adjusting their movie supply to match the 
demand since ticket prices are usually kept constant across different film titles. They might 
alter the supply by shortening or prolonging a movie’s run or shifting a film to a smaller or 
larger screen if their venue has multiple screens (De Vany & Walls, 1997). If a contract is 
written on a “sliding scale,” exhibitors have a financial incentive to keep a movie in theatres 
longer because they collect higher revenue shares later in the run. However, due to limited 
screen space, they must evaluate whether the larger share of earnings from already acquired 
films surpasses income from the lower shares of box office from potential new releases (De 
Vany & Walls, 1997). 
Distributors work to increase the earnings of their movies by dynamically adjusting 
their release strategy to match demand. They initially choose the appropriate release pattern 
depending on the nature of a film; this can be a wide release on many screens simultaneously, 
drawing large audiences in many cities for movies expected to be the box office hits or, for 
more specialised films that need to build word-of-mouth, a tailored sequential release for a 
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targeted audience that starts on a few screens and spreads wider if it does well (De Vany & 
Walls, 1997; Ulin, 2013, p. 148). Since distributors cannot control the number of screens or 
the lengths of runs allocated to their movies within the contracted theatres, they might 
increase supply by adding new venues, or by premiering in new areas or even other countries 
(De Vany & Walls, 1997). In the case of premiering abroad, distributors must decide on the 
international release strategy, namely a “day-and-date” release where a film opens in multiple 
countries simultaneously or a staggered release where a movie first premieres in its domestic 
market and then travels abroad (Ulin, 2013, p. 166). While digital technologies have enabled 
launching most films with a “day-and-date” release, distributors still have to weigh the 
advantages and disadvantages of each strategy. “Day-and-date” release allows for focused 
advertising, “eventising” the premiere, and, most importantly, minimising piracy (Ulin, 2013, 
p. 166). However, with that strategy, distributors are no longer able to adjust their advertising 
and marketing spending, or the scope of release based on domestic performance. 
The information from the Kinomatics database employed in the analyses for this 
thesis captures the strategies of both exhibitors and distributors. The number of screenings a 
film receives, and the length of its theatrical run reflect the commercial decisions of 
exhibitors based on the popularity of the movie. The decisions of distributors are reflected in 
the number of countries where films open and their release delay. The current project 
examined these patterns in order to understand better how the decisions of both distributors 
and exhibitors affect the global performance of movies. 
 
 RESEARCH RATIONALE 
It is important to study theatrical cinema distribution on a global scale for three reasons: first, 
going to the movies remains a popular pastime activity around the world (MPAA, 2018; 
UNESCO, 2013); second, international markets are continuously increasing in importance in 
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terms of the generated revenue (MPAA, 2018; PricewaterhouseCoopers (PwC), 2018) and 
the content they provide (UNESCO, 2013, 2016); third, the distribution sector plays a vital 
role in the industry (Lobato, 2007, 2009). However, international trade in cinema and 
distribution practice remain understudied. The rationale for this research is the need to 
understand how new release films of various revenue generating levels with diverse 
production origins circulate internationally, and what factors lead to higher global exposure. 
 Despite the threats presented by home viewing and piracy, watching movies at the 
cinema remains a popular activity globally. According to the United Nations Educational, 
Scientific and Cultural Organisation, “feature films are one of the most popular cultural 
expressions worldwide” (UNESCO, 2013, p. 6). Moreover, the most recent report by the 
Motion Picture Association of America (MPAA, 2018) indicated that the global theatrical 
box office for all movies released in all countries around the world had reached a record high 
of US$40.6 billion in 2017, which was up 13% compared to 2013. While the home 
entertainment sector has grown in importance over the years with consumer spending on 
physical and digital home entertainment increasing by 14% between 2013 and 2017, 
theatrical exhibition remains an important avenue as it still contributed 46% of total 
consumer spending on film viewing worldwide in 2017 (MPAA, 2018). 
Markets outside the US are becoming more important to the industry each year as 
both the consumers and suppliers of cinema content. In the introduction to the special issue of 
the Journal of Cultural Economics dedicated to the motion picture industry, Chisholm et al. 
(2015, p. 8) concluded that “local markets are less and less relevant, and even if we are 
interested only in the big screen, we need to take a global perspective.” Indeed, the record 
global box office growth reported by the Motion Picture Association of America (MPAA, 
2018) is entirely attributed to the 7% increase in international revenues, which more than 
compensated for a 2% decrease in the combined US–Canadian box office from 2016 to 2017. 
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This international growth has been driven by the increases in Latin America (22%); in the 
Asia Pacific (6%); and in Europe, the Middle East, and Africa (4%). In Latin America this 
has been fuelled by increases in both Brazil (15%) and Mexico (7%); in the Asia Pacific 
growth has been powered by China (21%); and revenue growth in Europe, the Middle East, 
and Africa has been driven by Russia (22%) and Germany (7%) (MPAA, 2018). While the 
US–Canadian market was previously the main generator of box office revenues, the 
international market, which has grown by 18% over the five years since 2013, accounted for 
73% of global earnings in 2017 (MPAA, 2018). Moreover, Chinese revenues are expected to 
exceed those of the US–Canada by 2020 (PwC, 2018). Steady increases in box office income 
are also forecast for the Middle East and Africa due to their low current bases, and the 
reversal of Saudi Arabia’s cinema ban in May 2018 (PwC, 2018). 
 Aside from the rising spending on theatrical viewing in the international markets, 
many countries are also increasing their production margins. In 2013, world production was 
led by India, the US, China, Japan, and France5 (UNESCO, 2016). During 2005–2013, India 
has shown a 66% growth in its feature film production firmly establishing its global 
dominance (UNESCO, 2016). Over these nine years, the predominance of other world 
leading producers has been shifting between the US, China, Japan, France, and the UK but 
never overpowering the volumes of India. Moreover, movie supply has been steadily 
increasing during 2005–2011: China (125%), the UK (182%), and South Korea (148%) 
(UNESCO, 2013). However, foreign producers still struggle to compete with the 
wide-ranging international distribution networks of the US, which results in many foreign 
films never leaving their domestic markets (European Commission, 2014). 
                                                 
5 “Nollywood” movies from Nigeria are excluded from the UNESCO (2016) data that focuses on the digital 
market as the country mostly produces in video format. 
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Indeed, the distribution sector proves to be the most influential in the industry. Lobato 
(2009) argued that “distribution should be a key concern for contemporary film researchers, 
given the power of distributors to determine the range of films available to viewers and the 
conditions under which they are accessible” (p. 167). He further added that “distribution 
works to shape film culture in its own image” (Lobato, 2009, p. 169). The distribution sector 
is also the most profitable in the industry thus regulating the flows of money and meaning 
(Lobato, 2007). This thesis supports Lobato’s (2007, 2009) arguments by showing that 
distribution can be best understood when studied globally. 
 
 THE KINOMATICS GLOBAL SHOWTIME DATABASE 
This study of global cinema distribution is made possible by the availability of new, globally 
scaled, digital sources of information about the cinema. International comparisons of movie 
performance at this scale have not been previously possible because datasets possessing the 
requisite levels of accessibility, interoperability, and reusability simply did not exist. Key to 
the design of this study is the collection, curation, and combination of heterogeneous 
information describing various aspects of international film distribution at varying scales (see 
the discussion on the interoperability of various sources in Section 3.2). While information 
used in this thesis was retrieved and combined from three sources, the Kinomatics database, 
the Internet Movie Database (IMDb), and Rentrak database, the former is the most significant 
to the research design and findings. 
The Kinomatics project strives to collect, explore, analyse, and represent data 
originating from creative industries by collaborative and interdisciplinary research with a 
focus on the spatial and temporal dimensions of culture, namely film and music (Kinomatics, 
n.d.). The name Kinomatics is derived from kinematics, which refers to a study of the 
geometry of motion, and kino, which refers to the cinema in many countries. Thus, 
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Kinomatics stands for the study of “the industrial geometry of motion pictures” (Kinomatics, 
n.d.). The Kinomatics project is one of the first to rely on big data from the cinema industry 
to examine the contemporary spatial and temporal dimensions of international film flow. 
The Kinomatics database is a big data collection of global movie showtime 
information that is unique in cinema research to this point (Verhoeven, 2016a). It has been 
made available as a part of the Australian Research Council funded research project Only at 
the Movies? Mapping the Contemporary Australian Cinema Market. The database combines 
details about screenings, cinemas, and films. It tracks formal theatrical distribution but no 
other types of viewing, such as DVD, streaming, or illegal downloading. As the database 
records all theatrical showtimes across the covered countries, it includes both past repertory 
and new releases. The time frame for this thesis reflects the start and end points of the 
Kinomatics database, from 1 December 2012 to 1 June 2015. During this 30-month period, 
information on 338,660,831 screenings for 96,970 movies in 33,302 venues from 48 
countries was collected and is now represented. 
In contrast to most cinema databases, the Kinomatics database captures prospective 
screenings rather than showtimes that have already happened. The data can be assumed to be 
highly accurate because the same information is used by Google and other services to display 
upcoming events around the world and so errors would have commercial consequences for 
the businesses involved. As the provider disposes of all screening data after one month of 
each showtime due to it becoming obsolete for the business, the Kinomatics database is now 
the only repository of this information. 
 The screening information that encompasses a movie’s exposure to audiences is a 
unique feature of the Kinomatics database and therefore takes the central place in this study, 
which is reflected in the research questions formulated in the following section. The fact that 
the Kinomatics dataset is a big data collection allows aggregation of the showtime 
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information at various geographical scales while keeping the film level of detail (see 
Section 3.2.5 for the discussion on data scaling). The data was scaled to represent movie 
exposure at different levels reflected in the analysis presented in this thesis: in the global 
cinema market (Chapter 4), each registered country (Chapter 5), and two national markets—
the US and Australia (Chapter 6), which is also reflected in the three groups of research 
questions. 
 
 RESEARCH OBJECTIVE AND QUESTIONS 
The central research objective of this thesis is to build an understanding of trends in 
international contemporary cinema distribution of diverse feature films. Investigating the big 
data Kinomatics collection of movie screening information at three geographical scales—
global, national, and international (US–Australian)—this thesis explores the patterns of 
global distribution and dissemination in 40 countries, and the circulation and performance of 
American films in their domestic market and Australia. The research aims to facilitate greater 
comprehension of the worldwide movement of cinema through time and space gauged in four 
innovative distribution measures, namely the volume of screenings, geographical spread, run 
length, and release delay. It also strives to explore the effects that the conventional movie, 
distribution, and origin characteristics, namely running time, genre, the size of the 
distribution company, the season of release, co-production, domestic production, and specific 
production origin, might have on a film’s exposure. Three main research questions and 13 
associated sub-questions to be addressed in this thesis are tied to the identified objectives in 
order to examine international distribution at each scale. The thesis is structured in a way that 
each question is progressively addressed as the analysis of each dataset unfolds through the 
three successive analytical chapters before the conclusions are drawn integrating the 
knowledge derived from each scale, as outlined in the following section. 
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The formally stated research questions are: 
1. What are the patterns of global cinema distribution? 
1.1 What and how many global cinema distribution strategies can be identified based on 
the global volume of screenings, geographical spread, and the global length of run? 
1.2 How do geographical spread, the global length of run, and the quantifiable factors 
associated with movie, distribution, and origin, affect the global volume of 
screenings? 
1.3 How do the factors that determine the global volume of screenings differ in terms of 
direction and magnitude of effect across the identified global cinema distribution 
strategies? 
 
2. What are the patterns of transnational cinema distribution? 
2.1 How do geographical spread, the length of run in any country, release delay in any 
country, and the quantifiable factors associated with movie, distribution, and origin 
affect the volume of screenings in any country? 
2.2 How do the factors that determine the volume of screenings in any country and the 
global volume of screenings differ in terms of direction and magnitude of effect? 
2.3 How do geographical spread, the length of run in a particular country, release delay in 
the same country, and the quantifiable factors associated with movie, distribution, and 
origin affect the volume of screenings in each of the 40 countries? 
2.4 How do the factors that determine the volume of screenings differ in terms of 




3. What are the patterns of one-way cinema distribution from the US to Australia? 
3.1 Do typical American films receive 10% of their domestic box office and screenings in 
Australia as suggested by the industry’s “rule”? 
3.2 Comparing between the US and Australia, how do the release delay and the ratios for 
box office, number of screenings, and run lengths for American films differ across 
genre, distributor, and origin categories? 
3.3 How do the volume of screenings and the length of run in the US and the quantifiable 
factors associated with movie, distribution, and origin affect box office for high and 
low earning American films in the US? 
3.4 How do box office in the US, release delay, and the quantifiable factors associated 
with movie, distribution, and origin affect the volume of screenings for high and low 
earning American films in Australia? 
3.5 How do the volume of screenings and the length of run in Australia and the 
quantifiable factors associated with movie, distribution, and origin affect box office 
for high and low earning American films in Australia? 
3.6 How do the factors that determine box office in the US and the volume of screenings 
and box office in Australia for American films differ in terms of direction and 
magnitude of effect per outcome variable, and between high and low earning 
segments? 
 
 THESIS STRUCTURE 
This thesis is structured in a logical sequence designed to guide the reader through the 
research process. It begins by outlining the research problem, objectives, and questions in this 
chapter. Previous work on the topic is then discussed, identifying gaps in the literature 
(Chapter 2). After that, the data sources and the process of arriving at the final datasets are 
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described, and the selected methodologies are introduced (Chapter 3). Then, each of the 
research questions is addressed through the proposed methodological approach in the three 
analytical Chapters 4 to 6. Finally, the learnings are summarised in the light of the research 
questions (Chapter 7). 
This introductory chapter has provided the disciplinary background, the topic area, 
and the rationale for this thesis, and has introduced the main data source and formulated 
research objectives and questions. Chapter 2 addresses the previous research that has 
informed this study. The discussed literature covers a range of disciplinary areas including 
digital humanities (DH), new cinema history (NCH), and cultural economics, which all 
contribute to the understanding of international cinema trade. The review uncovers a lack of 
knowledge of the global contemporary cinema processes within DH and NCH due to the fact 
that the majority of previous research contributed highly localised historical accounts. It also 
reveals a shortage within cultural economics of film-level analyses which include successful 
and unsuccessful movies that account for trade between multiple importing and exporting 
markets. Finally, it reveals that the distribution measures selected for investigation within this 
thesis have not been widely researched. The chapter finishes with a brief overview of the 
seminal work on the movie, distributor, and origin characteristics employed in this thesis. 
In Chapter 3, the focus shifts to the means by which the research questions are 
addressed. First, the work undertaken in the data preparation stages is outlined and the three 
data sources, namely the Kinomatics database, the Internet Movie Database (IMDb), and 
Rentrak database, are introduced. Second, the three datasets derived from the combined 
sources and scaled at a varying geographical aggregation, including global, national, and 
international (US–Australian), are discussed together with the variables proposed for the 
analyses and a summary of the formulated hypotheses. Third, four methods employed to 
address the formulated research questions are introduced, namely exploratory data analysis 
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(EDA), cluster analysis, multiple regression analysis, and non-parametric testing. The 
purpose of EDA is to serve as a methodological philosophy where the exploration of the data 
precedes the confirmatory analyses. The other three techniques are used to examine further, 
test, and quantify the trends observed through the exploratory visualisations to address the 
research questions. 
Chapter 4 is the first of the three analytical chapters of this thesis. Based on the global 
dataset representing international cinema distribution at the most aggregated scale, the 
chapter addresses the first research question “What are the patterns of global cinema 
distribution?” After exploring the global dataset, cluster analysis was first employed to 
identify five global cinema distribution strategies based on the three distribution measures in 
response to Research Sub-Question 1.1. Then, multiple regression analysis was used to 
quantify the effects that selected variables have on the global volume of screenings by 
building the Global Distribution (GD) model to address Research Sub-Question 1.2. Finally, 
multiple regression analysis was further employed to construct the five Segment Distribution 
(SD) models of identical composition and examine how the same variables affect the global 
number of showtimes for films following each identified distribution strategy in response to 
Research Sub-Question 1.3. 
Chapter 5 moves on to investigate the national dataset representing international 
cinema distribution at a mid-aggregated scale. It addresses the second research question 
“What are the patterns of transnational cinema distribution?” Forty sample countries were 
first compared through data visualisations. Then, multiple regression analysis was employed 
to test the effects that selected variables have on the volume of screenings in any country by 
building the Universal National Distribution (UND) model to address Research 
Sub-Question 2.1. The universal national results were also compared to the global results 
from Chapter 4 in response to Research Sub-Question 2.2. After that, the 40 National 
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Distribution (ND) models of identical composition were constructed to quantify the impact 
the same variables have on the number of screenings in each country, offering insight into 
Research Sub-Question 2.3. Finally, the results were contrasted across the 40 models to 
address Research Sub-Question 2.4. 
In Chapter 6, the US–Australian dataset representing international cinema distribution 
at the least aggregated scale is discussed. The chapter addresses the third research question 
“What are the patterns of one-way cinema distribution from the US to Australia?” After 
exploring the data, non-parametric statistics were employed to test the existence of the “10% 
rule,” which states that American films earn approximately one-tenth of their domestic box 
office in Australia, in response to Research Sub-Question 3.1. The differences between 
American and Australian audiences, distributors, and exhibitors were also examined through 
non-parametric testing to address Research Sub-Question 3.2. Then, multiple regressions 
analysis was employed to build three interconnected models and examine how selected 
variables affect box office in the US in the Domestic Market (DM) model, the number of 
screenings in Australia in the International Exchange (IE) model, and box office in Australia 
in the Foreign Market (FM) model for high and low earning movies in response to Research 
Sub-Questions 3.3, 3.4, and 3.5. Finally, multiple regression results were compared between 
high and low earning films offering insight into Research Sub-Question 3.6. 
Chapter 7 draws conclusions of this thesis. The research objectives and questions are 
revisited in the light of results presented in the preceding analytical chapters. The 
contributions made by this research are outlined, together with identification of the 







LITERATURE REVIEW:  
BIG CINEMA DATA AND GLOBAL MOVIE TRADE 
 
“While the proliferation of these digital case studies has produced a great 
deal of methodological innovation in cinema studies, this disjointed approach 
has also resulted in a significant deficit in our understanding of the 
international nature of the cinema.” 
(Verhoeven, 2016a, p. 170) 
 
 INTRODUCTION 
This thesis is situated among three interrelated disciplines, namely digital humanities (DH), 
new cinema history (NCH), and cultural economics. Contributions from DH inform this 
research about the digital storage, access, preparation, and visualisation of cultural data. 
Studies from NCH offer a discourse on the cinema subject matter. Finally, empirical accounts 
from cultural economics inform the quantitative approach and statistical methodology. This 
chapter offers a brief review of research within each discipline that relates to this thesis. 
The rest of this chapter discusses cinema-related projects from DH and studies from 
the industrial branch of NCH (Section 2.2) and lays out the theoretical background for the 
economic study of international cinema trade (Section 2.3), introducing the changing model 
of media flow and concepts of “cultural discount,” “home market effect,” and “performance 
predictability.” The empirical investigations of international cinema trade from cultural 
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economics are then presented (Section 2.4), grouped around the employed conceptual 
frameworks of trade: American films abroad (Section 2.4.1), American movies competing 
with domestic productions in foreign markets (Section 2.4.2), the origin diversity of imports 
(Section 2.4.3), and global cinema trade (Section 2.4.4). Following this, the chapter explores 
seminal empirical work which employed variables used in this thesis to measure film 
distribution (Section 2.5)—the volume of screenings (Section 2.5.1), geographical spread 
(Section 2.5.2), the length of run (Section 2.5.3), release delay (Section 2.5.4), and box office 
in the US and Australia (Section 2.5.5)—and contextualise the exchange (Section 2.6): movie 
characteristics (Section 2.6.1), distribution attributes (Section 2.6.2), and origin factors 
(Section 2.6.3). Finally, the learnings are summarised and concluding remarks are made 
(Section 2.7). 
 
 PROJECTS IN DIGITAL HUMANITIES AND NEW CINEMA HISTORY 
Digital humanities (DH) research is project based. It is often dedicated to developing 
databases which can inform further research across other disciplines, including new cinema 
history (NCH) and cultural economics. This section first reviews key cinema-related DH 
projects grouped by the content of their databases into those storing information on films, 
venues, and various types of cinema data. It then showcases exemplary NCH studies 
produced based on the previously compiled information. 
The first group of DH projects has collected information on movies. The Early 
Cinema History Online6 project led by Derek Long digitised filmographic metadata of the 
silent era from the American Film-Index to produce a database containing credits of movies 
released in the US during 1908–1920 (Long, 2016). The Canadian Educational, Sponsored, 
                                                 
6 http://echo.commarts.wisc.edu/  
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and Industrial Film Project7 directed by Charles Acland and Louis Pelletier compiled 
information such as credits, subject matter, and holding institutions on Canadian movies in 
the educational, sponsored, and industrial genres (Acland, 2016). Finally, The Colonial Film: 
Moving Images of the British Empire8 project managed by Colin MacCabe and Lee 
Grieveson stored information on movies relating to the British Empire with some titles 
available for viewing online. 
The second category of DH projects has collected data on cinema venues. The London 
Project9 lead by Ian Christie documented information on cinemas and film businesses 
operating in London between 1894 and 1914. The Australian Cinemas Map10 project 
managed by Richard Maltby presented data about venues in Australia operating during  
1948–1971 on an interactive online map. The Scottish Cinemas and Theatres Project: 
Scottish Cinemas Database11 headed by Gordon Barr and Gary Painter combined information 
on all cinemas in Scotland. Finally, The Industrialization of Reception12 project directed by 
Michael Ross, Roger Sennert, and Jens Wagner aimed to provide three databases on film 
programs, movies, and itinerant cinemas in Germany between 1896 and 1926, although only 
the last collection, The Siegen Database of Itinerant Cinemas, is currently available online. 
Unlike the other databases, this collection is organised around the travelling showmen rather 
than venues. 
The third and largest branch of DH projects has combined various types of 
cinema-related information to provide context for movie going. The pioneering projects were 
The Cinema Context13 lead by Karel Dibbets that provided data on programs, films, cinemas, 
                                                 
7 http://www.screenculture.org/cesif  




12 http://fk615.221b.de/siegen/start/show/index.php?language=en  
13 http://www.cinemacontext.nl/ 
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censorship files, industry professionals, and companies in the Netherlands after 1896 
(Noordegraaf, Lotze, & Boter, 2018) and Mapping Movies14 directed by Jeff Klenotic that 
offered a desktop Geographic Information System (GIS) which placed films in context by 
interrelating historical artefacts and spatial data. Some projects that followed were 
city-specific, such as The Williamsburg Theater Project15 headed by Arthur Knight that 
collected data on all movies screened in Williamsburg, Virginia after 1900 with information 
about daily events, and Gent Kinemastad16 managed by Daniel Biltereyst and Lies Van de 
Vijver that accumulated records on venues, programming, and oral history accounts of 
moviegoing and everyday life in Ghent, Belgium during 1896–2010. Other projects spanned 
multiple cities, such as the Cinema and Audiences Research Project (CAARP)17 directed by 
Deb Verhoeven with contributions from several cinema scholars, including Mike Walsh, 
John Sedgwick, and Dean Brandum, holding data on screenings, films, and cinemas in three 
Australian cities: Adelaide during the silent era, Sydney in the 1930s, and Melbourne in the 
1960s. Other work focused on entire states, for example, The Going to the Show: Mapping 
Moviegoing in North Carolina18 project managed by Robert C. Allen stored documentation 
on cinemas operating in North Carolina between 1896 and 1930, including newspaper 
advertisements and articles, photographs, postcards, city directories, and original architectural 
drawings. There were also projects that addressed cinemagoing at a national level, such as 
The Italian Cinema Audiences19 led by Daniela Treveri Gennari, Catherine O’Rawe, and 
Danielle Hipkins, which analysed cinemagoing and audiences in the 1950s in Italy, and The 
Film Culture: Brno 1945–197020 directed by Pavel Skopal and Dušan Barok that contained 
                                                 
14 http://www.mappingmovies.com/  
15 http://moviegoing.wm.edu/wtp  
16 https://www.ugent.be/ps/communicatiewetenschappen/cims/en/research/past-research-projects/gent-
kinemastad.htm  
17 http://caarp.edu.au/  
18 http://docsouth.unc.edu/gtts/  
19 http://italiancinemaaudiences.org/ 
20 https://www.phil.muni.cz/dedur/?&lang=1  
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information on venues, films, screenings, audiences, and cinema employees in 
Czechoslovakia from 1945 to 1989. One of the few multi-country projects, The National 
Cinema & Television Database BONZA21 led by Deb Verhoeven and Adrian Miles, stored 
information on movies, venues, cinema businesses, and industry workers in France, Australia, 
and New Zealand. However, there has so far been only one database that spanned many 
countries, namely The Kinomatics Project22 directed by Deb Verhoeven, which collected 
information on screenings, films, and venues from 48 countries from 2012 to 2015. The 
Kinomatics database is employed as a primary data source for this thesis. 
Most of these DH and NCH projects have achieved not only their own goals but also 
benefited further research by making their data available for re-use. For example, Arrowsmith 
and Verhoeven (2011) consulted the CAARP database to track the movement of Greek films 
in Australia during 1956–1963 using Markov Chain visualisations. Davidson, Verhoeven, 
and Arrowsmith (2015) drew from the database to examine cinema venue behaviour in 
Melbourne between 1946 and 1986 introducing a new type of visualisation, the Petal 
diagram, to capture the geographic, temporal, and variable aspects of cinema business. 
Another database repeatedly used in further research is Cinema Context. While the 
project has been mentioned in various contexts in 76 academic texts, the most impressive of 
its re-uses have been in conjunction with additional socio-demographic information offering 
a more comprehensive view of cinema culture (Noordegraaf et al., 2018). A good example is 
a study by Boter and Pafort-Overduin (2009) that employed the screening data of Dutch films 
across the Netherlands during 1934–1936, which was originally compiled for the PhD 
research of Pafort-Overduin (2012) by consulting local newspapers and the Cinema Context 
database. Using a clustering technique Latent Class Analysis, the researchers found the 
                                                 
21 http://bonzadb.com.au/  
22 https://kinomatics.com/  
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geographical distribution patterns of Dutch movies to be related to business strategies rather 
than compartmentalisation; a result inconsistent with previous beliefs.23 This thesis also 
employs a clustering technique, namely k-means, to identify global distribution patterns 
(Chapter 4). In another interesting example, Sedgwick, Pafort-Overduin, and Boter (2012) 
discussed the same screening information in conjunction with macroeconomic data from the 
UK and the Netherlands in the 1930s. The researchers provided reasons for the comparatively 
low size of the Dutch exhibition sector at the time, including the society’s weak interest in 
filmgoing. Nonetheless, even with the evidence of further research employing the data 
collected and provided by previous DH and NCH projects, there exists a concern that the 
potential of the databases is not being fully exploited, which could relate to the lack of digital 
and computational skills among cinema historians (Noordegraaf et al., 2018). 
Aside from the local historical accounts in NCH, there have also been large-scale 
international investigations with a current focus. For example, The Lord of the Rings Project 
examined the reception of the trilogy—The Lord of the Rings: The Fellowship of the Ring 
(2001), The Lord of the Rings: The Two Towers (2002), and The Lord of the Rings: The 
Return of the King (2003)—among world audiences via questionnaires and interviews 
conducted over 2003 and 2004 (Barker, 2009; Barker & Mathijs, 2008). However, this study 
has been limited in its focus on a few specific titles and reliance solely on qualitative 
techniques. 
This thesis contributes to the slowly growing body of industrial cinema research in 
DH and NCH that relies on computational data-driven methods. While previous projects have 
collected and examined data on film distribution and exhibition, most of the work has offered 
localised case studies in single countries or even cities, often describing the state of the 
                                                 
23 In this setting, compartmentalisation refers to the division of Dutch society into religious compartments of the 
Catholics and the Protestants. 
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cinema industry in a distant historical period. The few studies that have taken a global 
perspective employed solely qualitative techniques. As noted by Verhoeven (2016a, p. 170), 
“this disjointed approach has also resulted in a significant deficit in our understanding of the 
international nature of the cinema.” Using the Kinomatics database, this thesis addresses this 
gap in the research practice and literature by providing an account that analyses the state of 
the global contemporary cinema industry using quantitative methods. 
 
 GLOBALISATION AND INTERNATIONAL MEDIA TRADE THEORY 
The previously introduced studies in digital humanities (DH) and new cinema history (NCH) 
have been mostly concerned with compiling scarce historical information and testing 
location- and time-specific hypotheses. In contrast, cinema-related research in cultural 
economics has often borrowed already compiled datasets and relied primarily on economic 
theories that tend to concern media trade and globalisation, and insights from the disciplines 
of communication, sociology, and anthropology. To lay the background for the empirical 
studies presented in Section 2.4, this section first discusses the shifting theoretical perception 
of international media exchange and then introduces the concepts of “cultural discount,” 
“home market effect,” and “performance predictability.” While “cultural discount” and 
“home market effect” are not statistically tested in this thesis, both theories are important in 
formulating the hypotheses and informing the discussion of the results. “Performance 
predictability,” on the other hand, is tested for American films in Australia (Chapter 6). 
The understanding of international media exchange has been changing over the years. 
Initial theories were based on a “one-way flow” of media from the developed Western 
countries referred to as the “core” to underdeveloped non-Western markets called the 
“periphery” to provide a framework of cultural imperialism (Boyd-Barrett, 1977; Schiller, 
1969, 1976). They explained the Western superiority as established through better access to 
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labour, economic, and technical resources within the media industries resulting in 
high-quality products with which the domestic productions from the “periphery” could not 
compete (Boyd-Barrett, 1977). The scholars argued that through this one-way exchange, 
nations in the “periphery” were prone to influence by the social and cultural values of the 
“core” putting the local cultures in danger (Schiller, 1976). However, the cultural imperialism 
model was later criticised and rejected due to its lack of complexity and inability to account 
for the “contra-flow” within the “periphery” and from the “periphery” to the “core,” which 
arose with globalisation (Appadurai, 1990, 1996; Boyd-Barrett & Thussu, 1992). In response, 
Appadurai (1990) proposed an alternative model of global media exchange with five 
interrelating dimensions of cultural flows: ethnoscapes, technoscapes, finanscapes, 
mediascapes, and ideoscapes. This shift in the understanding of international media exchange 
is also reflected in the changing conceptual models used in the empirical studies within 
cultural economics literature (Section 2.4). 
When the models of media trade are tested, they often account for “cultural discount,” 
“home market effect,” and “performance predictability.” The “cultural discount” hypothesis 
(Hoskins & Mirus, 1988) describes the negative effect of cultural distance on media trade 
between countries, due to which products lose their appeal to foreign audiences through lack 
of cultural knowledge or deviations in taste. The Hofstede’s cultural index (Hofstede, 1980, 
2001) is a widely used measure of cultural distance employed in many empirical accounts 
discussed in Section 2.4. It is a five-factor framework describing cultural differences between 
53 participating countries scoring them on five dimensions—each with two opposite poles—
namely power distance, uncertainty avoidance, individualism, masculinity, and long-term 
orientation (Hofstede, 2001). Even though these dimensions were identified from data 
collected in the 1980s, numerous replications conducted in the 1980s and 1990s yielded 
highly correlated results, proving the reliability of the scores (Hofstede, 2001). However, it is 
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possible that these scores are now outdated. Kirkman, Lowe, and Gibson (2006) outlined 
limitations to the Hofstede’s index, including that the scores are unstable and might lose their 
predictive validity over time; the dimensions are prone to outside influences; the indices are 
interrelated; and other cultural values exist beyond the five dimensions. Facing these 
limitations some researchers opt for other measures of cultural distance, such as the Culture 
Distance Index developed by Kogut and Singh (1988) (Oh, 2001), The World Values 
Survey (n.d.)—which includes almost 100 countries, the asymmetric voting patterns in the 
Eurovision Song Contest for Europe (Kim & Jensen, 2014), and the number of McDonald’s 
outlets per capita (Craig, Greene, & Douglas, 2005) and the “Hollywood distance” 
(Holloway, 2013) for the distance from the US. 
“Cultural discount” between the same pair of countries can also vary per media 
product depending on its “cultural specificity” (Fu, 2013; Lee, 2006a, 2006b, 2008; Volz, 
Lee, Xiao, & Liu, 2010; Waterman, 2005). To understand culturally-specific genres, such as 
drama, audiences require cultural literacy, so this genre often has difficulty travelling 
internationally. In contrast, viewers need little cultural knowledge to appreciate less 
culturally-specific genres, such as action, hence action movies generally disseminate 
internationally with more ease. While this thesis includes no national measure of cultural 
distance in the statistical testing, the impact of film-level “cultural discount” is examined 
through genre effects. 
Another phenomenon often tested through the economic modelling of international 
cinema trade is “home market effect” (e.g., Alaveras et al., 2018; Fu, 2006; Fu & Lee, 2008; 
Fu & Govindaraju, 2010; Fu & Sim, 2010; Jayakar & Waterman, 2000; Lee, 2002). This term 
first coined by Linder (1961) refers to the tendency for countries with high domestic demand 
to have large export volumes, as their trade dominance is facilitated by economies of scale. 
The effect also works within the cinema industry as countries with high home media 
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spending have more capital to re-invest in production and production infrastructures, which 
leads to higher-quality products and larger exports (Lee, 2002). The positive market effect 
can offset the negative impact of “cultural discount,” explaining American dominance in 
culturally distant countries (Fu & Sim, 2010). While the market effect is not empirically 
tested in this thesis, the concept is useful for interpreting the results. 
The final phenomenon repeatedly tested through empirical examinations of 
international cinema exchange is “performance predictability” (Clement et al., 2014; Craig 
et al., 2005; Elberse & Eliashberg, 2003; Fu & Lee, 2008; Kim & Jensen, 2014; Lee, 2006a, 
2006b, 2008; Song & Shankar, 2012; Walls & McKenzie, 2012; Zemaityte, Verhoeven, & 
Coate, 2018). This term refers to the extent to which a movie’s performance in a foreign 
market can be predicted by its domestic success (Lee, 2008). “Performance predictability” is 
statistically tested in Chapter 6 of this thesis by examining the relationship between domestic 
box office and Australian exposure for American films. 
 
 INTERNATIONAL CINEMA TRADE IN THE CULTURAL ECONOMICS 
LITERATURE 
International cinema trade has been studied extensively by cultural economists. Basing their 
conceptual frameworks on the theories of cultural imperialism, many earlier empirical studies 
have focused on the “one-way flow” of Hollywood productions to the world. However, 
advancing along with the theoretical literature, more recent projects have expanded their 
views to examine the global movement of movies from various origins, allowing for a more 
complex picture of multi-directional media flows. But little research has moved beyond 
country borders to examine cinema distribution across a global market (except Pangarker & 
Smit, 2013). Chapter 4 of this thesis provides one of the first accounts studying the global 
distribution of new release films by identifying distinct global distribution strategies and 
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examining the determinants of a movie’s global exposure. There have also been few 
film-level analyses investigating media trade between multiple importers and exporters 
(exceptions include: Alaveras et al., 2018; Griffith et al., 2014; Kim & Jensen, 2014; Lampe 
& McRae, 2018; McKenzie, 2017). Chapter 5 of this thesis offers a novel contribution to this 
branch of research, studying the transnational distribution to 40 countries of movies made in 
124 origins by examining the determinants of a film’s exposure in each market. Finally, while 
many film-level studies have analysed the foreign performance of American movies, few 
have focused on Australia (exceptions include: McKenzie, 2009; McKenzie & Walls, 2015; 
Zemaityte et al., 2018). Chapter 6 of this thesis provides an original contribution to this 
sub-field, examining the flow of American films of different earning capacities to Australia in 
terms of exposure and revenues. 
The previous empirical literature on international cinema trade can be broadly divided 
into country-level and film-level investigations based on the specific detail in the samples. 
While macro analyses have often spanned many markets, the lack of richness in detail has 
been a limitation in many of these studies. In contrast, the sample selection bias has been the 
drawback of many micro investigations that have focused solely on high grossing movies 
(i.e., Craig et al., 2005; Elberse & Eliashberg, 2003; Lee, 2006a, 2006b, 2008, 2009; 
Waterman, 2005), except in a few recent projects that have also included commercially 
unsuccessful films (Alaveras et al., 2018; Clement et al., 2014; Holloway, 2013; Kim & 
Jensen, 2014; Pangarker & Smit, 2013). This thesis addresses both limitations by collecting 
data from 40 countries at a granular screening level and recording information for all movies 
that fit the selection criteria regardless of their box office. 
Previous research on international cinema trade can also be grouped around 
employing four conceptual frameworks that ascend in complexity: first, the performance of 
American films in foreign markets; second, the performance of American movies in relation 
 33 
to the success of domestic productions in foreign countries; third, the origin diversity of all 
cinema imports in certain markets; and fourth, global cinema trade between multiple 
countries. The following four sub-sections review the seminal studies addressing each topic. 
 
2.4.1 American Movies in Foreign Markets 
The first, and most simplistic, conceptual framework employed to study international cinema 
trade in previous research concentrates solely on American exports. This framework has been 
the widest used, which is not surprising given that Hollywood studios have systematically 
collected and published box office information for their movies for many years, whereas that 
might not have been the case with smaller foreign production houses. The majority of these 
studies have been conducted at the film level. They are thematically closest to the analysis 
discussed in Chapter 6 of this thesis, examining the performance of American movies in 
Australia in terms of exposure and box office. However, while some of these studies have 
tracked American exports across multiple countries, they have failed to account for the 
competition from non-American (domestic and foreign) films within those markets and the 
“contra-flow” of media from other countries to the US. In the analyses discussed in this 
thesis, the global movement of movies from various origins was examined (Chapter 4), and 
the determinants of performance in terms of national exposure across 40 countries were 
analysed in each market (Chapter 5), including evaluation of the effect of the 20 largest 
production origins on the number of screenings. The remainder of this section presents 
previous research examining the foreign performance of American movies categorised into 
studies carried out at country level, film level (regarding national market and movie 
attributes, “performance predictability,” “performance predictability” by genre, “cultural 
discount” at the level of an individual film, other product attributes, illegal viewing, and 
alternative measures of performance), and global level. 
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Few country-level accounts have been dedicated to the foreign performance of 
American films across many importing countries. Studying 32 markets in the period  
1999–2003, Chan-Olmsted et al. (2008) found that the country’s economic environment, 
technological infrastructure, market size, and geographical proximity to the US affect the size 
of American cinema imports. In another study of 73 countries during 2003–2007, Xu and Fu 
(2014) confirmed the existence of the bandwagon effect, whereby audiences select to see 
movies based on the choices of previous customers for Hollywood films. They also found the 
effect to be magnified by movie-quality uncertainty arising at a national level because of the 
information load and cultural distance from the US, reinforcing audience reliance on 
predecessor choices to indicate whether to see a film. While these analyses have provided 
insight into national factors, because they have used aggregated data they could not have 
unveiled the determinants of the foreign performance of individual movies. Chapter 6 of this 
thesis discusses the performance of American films recorded at a product level in the US and 
Australia, which allows testing of how product-specific characteristics affect box office and 
exposure in Australia. 
The foreign performance of American movies has also been studied at a film level 
across several importing countries by considering the effects of national characteristics and 
movie attributes. Analysing American productions in 35 foreign countries from 2002 to 2007, 
Fu and Govindaraju (2010) observed that countries with larger market size and those 
culturally closer to the US have similar tastes to Americans. They also found that countries 
had generally become more homogenous in their US production choices over the period. 
Analysing the same sample, Fu (2013) added that the tastes of foreign audiences deviate 
further from those of Americans as English proficiency falls. Studying the performance of 
American films in 45 markets during 2002–2013, Meloni, Paolini, and Tena (2018) found 
that the number of imported movies depends on the country’s cultural distance from the US 
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and its Human Development Index, while the effect of film attributes on the revenues of 
American movies varies from country to country. Examining the cultural characteristics of 27 
markets during 2007–2011, Akdeniz and Talay (2013) found that star-power has a stronger 
influence on the opening weekend revenues of American films in countries with high 
uncertainty-avoidance and indulgency scores, but a weaker effect in markets with high 
power-distance scores. Furthermore, the positive impact of sequels diminishes in countries 
with high individualism scores, high budgets have a positive effect in markets with high 
cultural-openness scores, and critic reviews are more important in countries with high 
uncertainty-avoidance scores. Although the effects of the national characteristics are not 
empirically tested in this thesis, it is important to understand their influence on performance, 
especially in relation to the impact of film-level attributes included in the statistical 
modelling. However, the previous studies have been limited by examining only factors that 
could have influenced the foreign performance of American movies. In contrast, Chapter 5 of 
this thesis discusses the predictors of exposure of films from 124 production origins. 
Film-level studies have also addressed the foreign success of American movies 
through the lens of “performance predictability.” Elberse and Eliashberg (2003) developed a 
system of dynamic, interdependent equations to model the two-way relationship between 
supply and demand for American films released in 1999 within the US and four European 
countries, and the predictability of foreign supply and demand based on domestic box office. 
Within each market, they showed that an increased number of screens results from higher 
than expected revenue, and more screens bring higher income in any week. Across markets, 
they found that higher domestic revenue results in higher foreign income and more screens. 
The researchers also demonstrated that in most countries, release delay weakens the 
relationship between domestic revenue and foreign screens. Finally, they showed that movie 
characteristics and advertising spending affect income indirectly through screen allocation. 
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Studying Hollywood films in 62 markets over the period 2007–2008, Song and Shankar 
(2012) confirmed that release delay has a negative effect on revenue, while word-of-mouth 
and the number of countries where movies launched previously have a positive impact. In 
contrast, Walls and McKenzie (2012) found no evidence of domestic box office increasing 
the foreign success of American films in six markets between 1997 and 2007, although they 
discovered it reduces financial uncertainty. During 2012–2015 Zemaityte et al. (2018) tested 
the existence of the “10% rule,” which states that American movies should earn one-tenth of 
their domestic revenue in Australia, and found that Australian box office and exposure of the 
US films are not proportional to their home performance. They also showed that American 
and Australian audiences differ in terms of preferences towards genres, distributors, and 
production types (see an extended discussion in Chapter 6). In this thesis, also in Chapter 6, 
the relationships between supply and demand for American movies in the US and Australia 
are discussed using a three-part model similar to that of Elberse and Eliashberg (2003). 
Despite the opposing results by Walls and McKenzie (2012), domestic and foreign demand 
are expected to relate positively in this thesis. 
Other film-level investigations of the foreign success of American movies have 
examined “performance predictability” in connection with “cultural discount” effect captured 
in genre. In a longitudinal study in Hong Kong, Lee (2006a, 2006b) found that the tastes of 
American and foreign audiences diverged over a sixteen-year period from 1989 to 2004 as 
the earnings of the US films became less predictable based on their domestic revenues, 
especially for movies that previously had high “performance predictability,” such as 
blockbusters and those in the genres romance, horror, and science fiction. Further, he 
demonstrated that comedies suffer a higher rate of “cultural discount” compared to science 
fiction, action, and family films (Lee, 2006b). He also found that science fiction and romance 
movies have higher “performance predictability” than comedies. Similarly, Lee (2008) 
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showed that comedies experience high “cultural discount” and low “performance 
predictability,” while the opposite is true for adventure in seven East Asian markets during 
2002–2006. Craig et al. (2005) demonstrated a positive relationship between home and 
foreign revenues for American films in eight countries during 1997–2002. They also found 
that “cultural discount” and being of a family-friendly genre have a negative effect, while 
English language and being of action, fantasy, adventure, animated, mystery, and horror 
genres are associated with a positive impact on earnings. Finally, in five markets across Asia 
and Europe during 1997–2001, Waterman (2005) further confirmed that productions prone to 
action and violence travel well internationally. Genre effects are also considered in this 
thesis. Being of a culturally-specific genre, such as comedy, is expected to negatively affect 
global (Chapter 4) and national exposure in 40 countries (Chapter 5), while belonging to a 
genre with low cultural specificity, such as action, is hypothesised to have a positive impact 
on exposure. 
 Although scarce, there have also been analyses testing the effect of “cultural 
discount” on the foreign performance of American films at the level of an individual movie. 
Moon and Song (2015) categorised American films as “American” or “un-American” by text 
mining for certain culture-related phrases in user reviews and found the effect of cultural 
distance on earnings to be U-shaped in 48 markets between 2003 and 2005: the rising 
distance between countries first reduces revenue because of “cultural discount” but then 
increases it due to cultural premium, as viewers value exotic cultures. Similarly, Moon, 
Mishra, Mishra, and Kang (2016) grouped American movies into five cultural categories 
formed using k-means clustering based on Hofstede’s national cultural dimensions: a separate 
dimension for the US, a Germany–Australia dimension for 13 markets, an Italy–Japan 
dimension for four countries, a Spain–Brazil dimension for 24 markets, and an  
India–Indonesia dimension for six countries. They also observed a U-shaped effect of cultural 
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distance on earnings in 48 markets between 2008 and 2015 and a U-shaped impact of the 
importing country’s GDP per capita, where the earnings first increase with the country’s 
wealth but then decrease, which was argued to be caused by the emergence of high-quality 
domestic films. Furthermore, Song, Moon, Chen, and Houston (2018) categorised American 
movies into four cultural groups: American, European, Asian, and South American. Focusing 
on consumer evaluations as an alternative measure of success in 25 markets during  
2007–2008, they found that films containing cultural content closer to that of the audiences’ 
region receive higher evaluations. They also showed that sequels and movies with a higher 
budget and longer delays are more likely to receive poorer evaluations. While measuring 
cultural distance for individual films is beyond the scope of this thesis, this methodology 
could provide an avenue for further research into “cultural discount” effects uncovered by 
testing genre influences. 
 Film-level studies have also considered the effects of other product attributes on 
foreign success. Studying nine countries between 1996 and 2000, Leenders and Eliashberg 
(2011) demonstrated that American movies with more restrictive ratings are less 
commercially successful on their opening weekends; however, this impact is not significant 
relative to total earnings. Analysing nine East Asian markets between 2002 and 2007, Lee 
(2009) found that receiving a “drama” Academy Award—best director, best leading and 
supporting actor or actress, best screenplay (original or adapted), and best editing—affects 
revenue negatively with the stronger impact in countries more culturally distant from the US, 
whereas granting a “non-drama” award (all other Academy Award categories) has a positive 
influence. Unfortunately, the effects of neither ratings nor awards can be tested in this thesis 
due to the lack of data. 
 The foreign box office for American films has also been studied in relation to illegal 
viewing. Testing the effect of piracy on the performance of American movies in Australia 
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from 2010 to 2011, McKenzie and Walls (2015) observed only a small sales displacement by 
illegal downloading. In contrast, Yue (2017) examined the impact of piracy on the success of 
American films in China between 2006 and 2013, showing it resulted in a 30% loss of 
revenue on average. Comparing the effect of piracy before and after the adoption of 
BitTorrent in 17 countries from 2003 to 2006, Danaher and Waldfogel (2012) observed that 
the negative influence of release delay on the foreign revenues of successful Hollywood 
movies was stronger after BitTorrent adoption, with a more pronounced negative influence 
for action and science fiction genres. Although the interplay between the theatrical cinema 
and home entertainment sectors is an area of great interest, the influence of online viewing 
activities, such as piracy, could not be measured in this thesis due to the lack of data. 
 There have also been film-level analyses examining the foreign performance of 
American movies expressed in measures alternative to box office. McKenzie (2009) 
demonstrated that run length of American films in Australia during 2000–2005 is positively 
affected by preview screenings, advertising and publicity expenditure, US box office, weekly 
screens, favourable critical reviews, ratings of PG or G, and fantasy genre, while negatively 
influenced by the number of opening week screens, release delay, and the seven other genres. 
Examining 90 countries during 1995–2004, Holloway (2013) showed that domestic box 
office positively affects foreign market entry for both successful and unsuccessful American 
movies. He also reported that higher cultural “Hollywood distance,” which he derived, is 
associated with less bilateral trade with the US but more trade of cultural goods generally. 
The foreign performance of films from 124 origins is also captured using alternative 
measures of success in this thesis, namely the number of screenings globally (Chapter 4) and 
in 40 importing countries (Chapter 5). 
 Finally, the determinants of box office for American movies have been investigated at 
a global level. Focusing on successful and unsuccessful American films released between 
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2009 and 2010, Pangarker and Smit (2013) found that the total global earnings of all movies 
increase with budget and are higher for sequels, releases by majors, and Academy Award 
nominees. The data aggregation employed in this study is the closest to that used in Chapter 4 
of this thesis, which discusses the determinants of a film’s global number of screenings. 
 
2.4.2 American Versus Domestic Movies in Foreign Markets 
The second, more complex, framework employed by previous research to conceptualise 
international cinema trade concentrates on the performance of American movies in relation to 
the success of domestic productions in foreign markets. Fewer scholarly accounts than 
discussed in the previous section have relied on this framework, with the majority of 
investigations performed at the aggregated national level. However, while the studies in this 
group have considered domestic competition and spanned multiple countries, they have 
overlooked the competition from non-American foreign films within those markets and 
cinema exchange between other countries. A similar concept is reported in Chapter 5 of this 
thesis—the effect domestic production has on a movie’s exposure is evaluated and contrasted 
to the effects of being produced in the other 20 origins across 40 countries. However, unlike 
most other studies, the research presented in this thesis was carried out at a more detailed film 
level, with 19 non-American origins as competitors to domestic productions. The rest of this 
section discusses previous research examining the competition between American and 
domestic movies in foreign markets that could be broadly categorised as country-level 
studies, which were longitudinal examinations in a single market or comparisons across 
multiple countries, and film-level studies. 
A group of country-level investigations has examined the changing state of American 
and domestic industries in a single market. Waterman and Jayakar (2000) explained the 
decline in the Italian cinema industry and the increase in US dominance over the 20-year 
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period since 1950 as a consequence of the faster American growth in consumer movie 
spending than for Italy. This resulted in greater financial support for the American industry, 
yielding more high-quality products for export. For the same reason, Lee (2002) found the 
market share of domestic productions in Japan decreased over the 45-year period from 1955. 
However, Kim (2004) observed the opposite in South Korea, where the domestic market 
grew over the 10-year period from 1991 due to a larger increase in consumer movie spending 
in South Korea than in the US, which strengthened the domestic industry and resulted in 
higher-quality Korean productions. While longitudinal analysis is beyond the scope of this 
thesis, as the employed data records only the global performance of 2013 releases in the 
period 2013–2015, these findings remind us that the industry setting captured in a snapshot of 
time might change over the years. 
 There have also been country-level studies comparing the box office of American and 
domestic productions across multiple markets. Similar to the studies discussed above, Lee 
and Waterman (2007) observed a decline in six domestic industries across Asia and Europe 
over a 53-year period from 1950, accompanied by increasing US dominance, and attributed 
to the faster growth in US consumer movie spending than the spending in each foreign 
country. Expanding a similar analysis to 23 countries, but limiting it to 1994, Jayakar and 
Waterman (2000) also found that domestic productions account for larger shares of box 
office in markets with high consumer movie spending. Studying 46 countries during  
1995–2006, Hanson and Xiang (2008, 2011) rejected the bilateral fixed-export-cost model in 
favour of the global fixed-export-cost model, which shows that even small markets access a 
wide variety of American films, and that the scale of imports decreases with geographic and 
linguistic distance, and other measures of trade barriers along the intensive trade margin. 
Examining 19 European countries between 1995 and 2004, Hanson and Xiang (2009) found 
that American productions are more dominant in countries with smaller market size, larger 
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linguistic distance, and higher trade barriers. While these studies have outlined national 
factors affecting the competition between American and foreign domestic productions, they 
could not have uncovered the variables influencing the competition of individual movies, 
because they used aggregated data. Chapter 5 of this thesis discusses the performance 
recorded at a film level, which allows testing of how product-specific characteristics affect 
the exposure of domestic movies and films from the 20 largest production origins across 40 
countries. 
Although scarce, there have also been film-level analyses of the competition between 
American and domestic productions, but always in a single foreign Asian market. Comparing 
duration in theatres for English and Chinese language productions during 1994–1995 in Hong 
Kong, Walls (1997) proved the hypothesis of increasing returns to information, which he 
concluded could be interpreted as support for the superstar and information cascade theories. 
Drawing from the same data, Walls (1998) added that the survival probability for English 
language movies is always greater than for Chinese language productions. Wu, Weinberg, 
and Ho (2018) also studied the competition between American and Chinese films in China 
during 2009–2014, although in terms of box office, and noted the impact of protectionist 
governmental policies. In line with the previous findings, they found that Hollywood movies 
generally outperform Chinese productions. These researchers also compared the performance 
of simultaneous and staggered releases, to measure the effectiveness of “delayed-release” as a 
governmental trade barrier and found its impact on box office is detrimental. Lastly, they 
examined illegal downloading activity as a possible explanation for box office losses and 
confirmed that longer delays are associated with greater piracy levels. While Walls (2009) 
found evidence of increasing returns to information by studying the revenues of Hollywood 
and Thai films in Thailand between 2004 and 2008, he also showed that, in contrast to other 
markets dominated by American productions, several of Thailand’s box office hits were 
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produced domestically. The competition between domestic and foreign movies is also 
discussed in Chapter 5 of this thesis, although the width of the examination was expanded to 
40 screening countries, and the effect of domestic production on a film’s exposure was 
compared to the effects of an increased number of 20 foreign production origins. 
 
2.4.3 Origin Diversity of Imports 
The third, and even more complex conceptual framework employed in previous research into 
international cinema trade focuses on the origin diversity of imports in certain markets. A 
similar number of scholarly accounts as in the previous section have used this framework, 
and the investigations have been almost evenly divided between the aggregated national-level 
and detailed film-level examinations. However, while this group of studies has accounted for 
the competition between productions from different origins, multiple importing countries and 
country-to-country flow of media have been little considered. In Chapter 5 of this thesis, the 
effects on exposure of being produced domestically in the 40 screening countries, and in 20 
foreign production origins are similarly evaluated. But differently from most studies, 
although the research for this thesis was still performed at the movie level of detail, the 
number of importing markets was increased to 40. The remainder of this section presents 
previous research examining the origin diversity of imports that could be broadly categorised 
into single- and multi-country studies carried out at a country level, and single- and 
multi-market investigations conducted at a film level. 
A group of country-level investigations has analysed the origin diversity of imports in 
a single market. Studying cinema admissions between 2003 and 2006, Cucco (2010) found 
that the consumption trend of audiences in each linguistic region of Switzerland (German, 
French, and Italian) reflects that of audiences in the country with the shared language. In 
Australia based on the number of movies and total box office from 222 origins during  
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1999–2009, Park (2014) found that, while the market was dominated by Hollywood, the 
diversity of imports increased over the 10-year period due to changes in the population 
composition and higher exposure to foreign culture. Further, she discovered that imports from 
countries with large market size and low “cultural discount” are higher. Also focusing on 
Australia, Coate, Verhoeven, Arrowsmith, and Zemaityte (2017) measured diversity in the 
period 2013–2014 by applying a Herfindahl-Hirschman model to the number of films and 
screenings, differentiating between Australian, American, and other origins. They found that 
while non-American productions comprise around half of all movies, they receive only a 
marginal share of showtimes. The analysis discussed in Chapter 5 of this thesis expanded the 
reference framework to 40 importing countries, and confirms a similar trend globally, 
wherein films produced outside the US receive a smaller share of screenings than their share 
of movies across most of the 40 markets studied. 
There have also been country-level analyses examining the origin diversity across 
multiple importing markets. Moreau and Peltier (2004) studied diversity by the number of 
movies, screens per inhabitants, and admissions in six countries during 1990–2000, 
differentiating between domestic, American, and other foreign films. They found that the 
measure employed changes the diversity ranking of countries, and that the diversity is higher 
in markets with public support to the cinema industry. Masood (2015) examined the effects 
on the geographical diversity in terms of movie and music imports in 124 developing 
countries from 1995–2007. He revealed that increases in per capita income raise the 
concentration of imports from the most efficient partners and boost the number of import 
sources, although once past a certain threshold, countries restrict their imports to a smaller 
partner profile, limiting geographical diversity. In the analyses discussed in Chapter 5 of this 
thesis, the performance of movies was recorded at a film level, which allows testing how 
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product-specific characteristics affect the exposure of domestic productions compared to 
movies from the 20 largest production origins across 40 markets. 
The origin diversity of imports has also been studied at a film level, although the 
investigations have mostly been limited to single importing markets. Comparing the release 
frequencies and revenue of domestic productions and imports from 22 countries in Singapore 
during 2002–2004, Fu and Lee (2008) found that Singaporean revenues are higher for movies 
produced in countries with larger market size and lower cultural distance from Singapore, and 
films with higher domestic box office. Comparing revenue and duration in theatres of 
imported and domestic movies in South Korea during 2007–2009, Moon, Bayus, Yi, and Kim 
(2014) discovered that Korean productions outperform imports on both measures due to 
polarised viewer expectations. In contrast, McKenzie and Walls (2012) showed that from 
1997 to 2007, when compared to films from 45 foreign countries, domestic Australian 
productions perform worse in terms of opening week and total earnings despite being more 
advertised and released on more screens. Also focusing on imported movies in Australia in 
the years 1989, 1999, and 2009, Verhoeven (2010) observed that, over the period, the US 
consistently dominated the country’s imports, and that films opened in more locations before 
arriving in Australia. Looking at US imports rather than exports, Volz et al. (2010) measured 
the change in American audiences’ cultural attitudes to foreign language movies before and 
after the events of 9/11. They found that after 9/11 cultural distance started to affect revenues 
negatively and low-context genres performed better. In the analysis discussed in Chapter 5 of 
this thesis, the effects of being produced domestically and in 20 largest origins on exposure 
were also tested, although the number of markets examined was increased to 40, while 
conducting the research at a detailed film level. 
Although scarce, there have also been examinations that compared origin diversity 
across multiple importing markets at a movie level. Clement et al. (2014) discussed the 
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demand-supply dynamics of both successful and unsuccessful films from all origins exhibited 
in the US during 2000–2010 and Germany during 2002–2010 based on the method of Elberse 
and Eliashberg (2003), see Section 2.4.1. They found that American box office and German 
admissions are driven by professional reviews in the first week, word-of-mouth in later 
weeks, and the number of screens throughout the run. In turn, the researchers showed that the 
number of screens is driven by the expected revenues, previous week demand and screens, 
and advertising throughout the run in both countries. Finally, they revealed that box office 
success in the US leads to higher admissions in Germany, but the effect is dampened by 
release delay. In the current project, the supply-demand relationship was also modelled for 
American movies in the US and Australia; the analysis is discussed in Chapter 6 of this 
thesis. However, the largest contribution to this sub-field made by this thesis is through 
studying the effects of 20 production origins on national exposure across 40 importing 
markets (Chapter 5). 
 
2.4.4 Global Cinema Trade 
The last, most complex framework employed in previous research to conceptualise 
international movie exchange focuses on multi-directional media trade between several 
countries. This framework has attracted more scholarly attention than those presented in the 
previous two sections, although less than the foreign performance of American films 
(Section 2.4.1). The majority of the studies have been conducted at the aggregated national 
level. However, while this group of papers has provided the fullest and most complex picture 
of international cinema trade, detailed film-level studies spanning multiple Western and 
non-Western countries have been scarce. In the analyses for this thesis, the trade of movies 
from 124 origins was examined globally (Chapter 4) and across 40 importing countries 
(Chapter 5). In contrast to most studies, the research in this thesis was carried out at the film 
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level of detail, and the importing markets considered are spread across six continents. The 
rest of this section presents previous research examining global cinema trade categorised into 
studies performed at a country level regarding a country’s summed exports, its 
self-sufficiency, trade from a few origins, and multi-origin trade as a relational network; and 
at a movie level considering trade across Europe and multiple continents. 
A group of country-level studies has examined global cinema trade by evaluating the 
summed value of exports across multiple markets. Analysing the exchange of various cultural 
goods in terms of the number of products traded between 63 countries in 1985, Marvasti 
(1994) found that while English-speaking and wealthy countries dominated cinema exchange, 
trade barriers and market size have strong effects. Examining the net movie exports between 
the US and the rest of the world between 1961 and 1988, Marvasti (2000) confirmed the 
previous findings on the economies of scale and added that tariffs are effective trade barriers. 
Also studying the US net cinema exports to 33 countries during 1991–1995, Marvasti and 
Canterbery (2005) found that American dominance prevails because of its market size and 
structure despite “cultural discount” and the protectionist strategies of many importing 
countries. While these studies have shown the effect of national factors in the global movie 
exchange, they have been limited by measuring only the country’s total exports without 
considering its trading partners. This limitation is eliminated in this thesis by recording origin 
information per film and noting performance in 40 importing markets separately. 
There have also been country-level analyses examining global movie trade by 
evaluating the self-sufficiency ratio across multiple markets, as expressed in the share of their 
domestic box office. Studying 21 cinema industries in the period 1988–1994, Oh (2001) 
found that self-sufficiency is explained by the country’s GDP and cultural distance from the 
US. In line with the previous findings, Lee and Bae (2004) showed by examining cinema 
trade between 20 markets in 1997 that while the quota system is an ineffective protectionist 
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strategy, self-sufficiency is most affected by the country’s GDP, aggregate box office, and 
production investment. Although these studies have offered a different perspective on the 
global trade, they have been limited by only recording the share of the domestic box office 
without differentiating between import origins. That drawback is overcome in Chapter 5 of 
this thesis by capturing the origin of all imported films and testing the effect of the top 20 
production origins on exposure in 40 markets. 
The global cinema trade has also been studied at a country level by differentiating 
between exporters and importers. Examining the trade from nine origins to 94 markets during 
1970–1999, Fu (2006) found that source concentration had increased over time as the US had 
grown in importance. Further, he observed that the homogenisation of import sources had 
risen with countries being serviced by fewer exporters, and the import profiles had become 
more uniform across countries. Finally, he showed that the market concentration is higher in 
English-speaking countries, while lower in countries using other languages and those with 
high GDP. Using the same data, Fu and Sim (2010) found that the volume of movie exchange 
between countries rises with the size of both importer’s and exporter’s domestic industries 
and a shared language, while it decreases with cultural distance. They also demonstrated that 
the “home market effect” is stronger than “cultural discount.” While these studies have 
differentiated between exporters and importers, they have considered a limited number of 
production origins, whereas the performance of films from 124 origins was examined across 
40 importing countries in the analysis discussed in Chapter 5 of this thesis. 
Country-level studies have also modelled global cinema trade as a relational network. 
Measuring the presence or absence of a binary relationship between two markets, Chung 
(2011) used network analysis to contrast the embeddedness of 181 countries within the global 
film exchange network during 1996–2004. He found that the structure of global trade had 
densified over time due to increased exchange among English- and Spanish-speaking markets 
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and that geographical proximity and shared language are important factors. Also employing 
network analysis, but accounting for the strength of the inter-country relationships using the 
number of exchanged screenings sourced from the Kinomatics database, Coate et al. (2016) 
focused on the reciprocity of exchange in cinema trade between 42 countries during  
2012–2015. They found that markets within Europe and South America, and those similar in 
population size and GDP or sharing a language (strongly for Spanish, although not for 
English) are more reciprocal in their relationships. While studying global cinema trade as a 
relational network is beyond the scope of this thesis, this methodology could provide an 
avenue for further research. 
Notably fewer accounts have investigated global cinema trade at a film level. 
Focusing on the effectiveness of market signals for movies produced in 19 European 
countries and exported to 32 European markets between 2004 and 2006, Kim and Jensen 
(2014) found that domestic box office and festival participation are important signals, which 
increase international revenue. Moreover, they showed that audience heterogeneity, in terms 
of cultural distance and size of distributor, shapes the effectiveness of these signals. Alaveras 
et al. (2018) examined both theatrical and video-on-demand exports in terms of the number 
of films and number of admissions (theatrical only) among 27 European countries and the US 
during 1996–2014, with a large sample of 23,637 movies. Differentiating between the 
intra-European trade and the EU–US exchange, they found that the European market is 
highly fragmented, with low cross-border film availability, especially for the theatrical 
distribution. These researchers also observed the expected effects of cultural distance, 
domestic success, and budget within Europe. While these studies have unveiled the impact of 
both national and product-level factors on international cinema trade, their geographical focus 
has been limited to Europe. In contrast, the countries examined in this thesis span six 
continents. 
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There have also been film-level analyses that studied multilateral cinema trade across 
multiple continents. Griffith et al. (2014) investigated how the cultural and economic factors 
in 17 importing countries moderate the effects of global rollout decisions on revenues for 
movies of various origins and earning capacities released in the US during 2006–2007. They 
found a negative impact associated with release delay, which weakens with importer wealth, 
and a positive influence associated with the number of previously visited countries that 
strengthens with the importer wealth. McKenzie (2017) evaluated the effectiveness of 
graduated response policies in increasing revenues by preventing film piracy in 16 markets 
between 2005 and 2013 but found no positive effect. Examining wide release movies from 
various origins exhibited in 31 countries during 2000–2011, Lampe and McRae (2018) found 
that restrictive ratings reduce earnings, especially for teen-appeal films. They also observed 
that domestic productions and those with shorter release lags earn more. While these 
investigations have expanded their geographical coverage, this thesis provides the first 
film-level account studying multilateral cinema trade from 124 origins to 40 importing 
markets. 
 
 MEASURING FILM DISTRIBUTION 
International cinema distribution is captured in four variables alternative to box office in this 
thesis: the number of screenings, geographical spread, the length of run, and release delay. As 
the following sections illustrate, none of these variables has been extensively researched. The 
widely examined box office is also considered in Chapter 6, but only for American films in 
the US and Australia. While the ample academic literature on the determinants of foreign box 
office for American movies has been discussed in Section 2.4, Section 2.5.5 reviews limited 
non-scholarly writing on the “10% rule” characterising the analysis of US–Australian cinema 
exchange reported in Chapter 6. 
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2.5.1 Volume of Screenings 
The first variable this thesis includes to measure distribution, the number of screenings a 
movie receives at a certain location, captures its exposure to audiences. The volume of 
showtimes indicates film supply better than the more aggregate measure of the number of 
screens, which has been employed in cultural economics literature (e.g., McKenzie, 2009; 
Song & Shankar, 2012), because the presence of screens does not guarantee showtimes. It 
also depicts a country’s repertoire more accurately than the number of exhibited movies 
because being imported does not guarantee exposure to audiences, which is demonstrated 
empirically in this thesis. The showtime volumes are expected to relate closely to demand, as 
the allocation of screenings is an exhibitor tool to match the audience preferences at their 
theatre, as shown for American films in Chapter 6 of this thesis. Therefore, the number of 
screenings can be studied as a proxy for success in the absence of information on box office 
or attendance. However, it has rarely been employed in empirical analyses due to the limited 
availability of showtime information. 
Few studies to date, all of which have sampled the Kinomatics database, offer 
quantitative examinations of the number of screenings. Arrowsmith et al. (2014) examined 
the international adoption of high frame-rate by tracking the showtimes of the first two parts 
of the Hobbit trilogy—The Hobbit: An Unexpected Journey (2012) and The Hobbit: The 
Desolation of Smaug (2013)—across 48 countries during 2012–2014. They concluded that 
the spread of the new technology and the change in distribution was uneven across markets. 
Verhoeven, Davidson, and Coate (2015) proposed a film impact rating as an innovative way 
to measure movie popularity. The rating was applied to 36 Australian films screened through 
2012–2014 to focus on the coverage, commentary, and commercial performance, with the 
number of domestic and foreign showtimes incorporated under the category of coverage. In a 
study of the networked international cinema trade, Coate et al. (2016) also used the volume of 
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screenings to weigh multilateral exchange between 42 countries. Further, Coate, Verhoeven, 
Arrowsmith et al. (2017) employed the number of showtimes as a measure of exposure 
diversity in Australian cinemas. Finally, Zemaityte et al. (2018) found that the volume of 
screenings of American movies in Australia is not proportional to their domestic exposure, as 
is further explored in Chapter 6. The few accounts that have studied the number of showtimes 
have either had low sample sizes or focused on cumulative screenings at a national level. The 
analyses discussed in this thesis increased the number of examined films to 3,424 and studied 
the volume of showtimes at a movie level; however, most important, for the first time, they 
identified the determinants of the number of screenings films receive globally (Chapter 4) 
and in 40 countries (Chapter 5), and explored the relationship between showtime volumes 
and box office in the US and Australia (Chapter 6). 
Screening information has been collected and analysed more widely by scholars in 
digital humanities (DH) and new cinema history (NCH). For instance, as discussed in 
Section 2.2, the showtime data has been recorded in the following databases: Cinema 
Context, CAARP, Film Culture, The Williamsburg Theater Project, and Gent Kinemastad. 
Also, Pafort-Overduin (2011) used the number of screenings as an indication of a movie’s 
popularity in relation to Dutch reviews and distribution strategies to study distribution and 
exhibition in the Netherlands during 1934–1936. Nonetheless, studies within DH and NCH 
have not employed advanced statistical analyses to address this measure to date. Therefore, 
this thesis offers the first large-scale quantitative examination of the volume of showtimes 
received globally by a great number of diverse new release films. 
 
2.5.2 Geographical Spread 
This thesis includes a movie’s geographical spread as the second measure of distribution. 
Geographical spread captures the spatial dimension of international film circulation by 
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expressing coverage in terms of the number of visited countries. This factor is controlled by 
the distributors and allows the researcher to distinguish between movies that travel widely 
and those with geographically concentrated runs. Also, a strong relationship between the 
spread and the volume of screenings was detected globally (Chapter 4) and nationally 
(Chapter 5). However, this measure has been employed in quantitative analyses even more 
rarely than the number of showtimes. 
Geographical spread has been included in only a few introduced studies. Song and 
Shankar (2012) found that the number of countries visited before travelling to a new market 
increases release delay. Griffith et al. (2014) showed that the number of visited countries 
affects earnings positively and importer wealth strengthens that impact. Finally, Verhoeven 
et al. (2015) included geographical spread in the coverage category to assess a film’s 
popularity by calculating an impact rating. The previous studies of geographical spread have 
not only been scarce but also had relatively low sample sizes: between 36 (Verhoeven et al., 
2015) and 259 movies (Griffith et al., 2014). The analyses presented in this thesis increased 
the number of examined films to 3,424 and for the first time tested the effects of geographical 
spread on a movie’s global (Chapter 4) and national (Chapter 5) exposure across 40 
countries. Based on the positive impact of geographical spread on box office (Griffith et al., 
2014), it is hypothesised in this thesis that greater spread will lead to higher global 
(Chapter 4) and national exposure (Chapter 5). 
 
2.5.3 Length of Run 
The third measure of distribution included in this thesis is the length of a movie’s theatrical 
run. It gauges the temporal dimension of film circulation in days between the first and last 
screenings in cinemas. Exhibitors can adjust duration in theatres to attune to audience 
demand (De Vany & Walls, 1997, p. 785). Theatrical life is an important measure because, 
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similar to showtime volumes, it can serve as a proxy for success when box office or 
attendance is not available. However, existing literature on the usefulness of this proxy is 
mixed. The findings presented in Chapter 5 of this thesis regarding the relationship between 
duration in theatres and exposure are also inconsistent—as a notable effect was detected only 
at a national level. The rest of this section is organised around previous research examining 
the effect of run length on box office and analysing the determinants of movie survival at a 
theatre level, national level in the US, and national level in foreign markets. 
Observations from the scarce previous studies, conducted in the 1990s, relating film 
survival to box office have been mixed. Sochay (1994) found that duration on Variety’s 
Top-50 chart between 1987 and 1989 is a reliable proxy of revenue, and that life on the chart 
increases with positive ratings, Oscar nominations and wins, and summer or holiday release. 
In contrast, using data from 1985–1986, De Vany and Walls (1997) detected no relationship 
between life on Variety’s Top-50 chart and box office, but showed that duration on the chart 
extends with the number of first-run screens, the week’s revenue, and the number of weeks 
previously in the Variety’s Top-50, but shortens with the number of showcases in debut and a 
movie’s numerical rank. These discrepancies could relate to restrictions in the contractual 
agreements, such as the “hold-over clause” where exhibitors must screen films for a 
minimum number of weeks regardless of their earnings, or the “sliding scale” contract 
feature, whereby exhibitors benefit more from playing movies longer through the increasing 
revenue shares (Marich, 2013, p. 277; Ulin, 2010, p. 152). They might also be associated with 
the “not all screens are equal” factor (Ulin, 2010, p.153), whereby exhibitors adjust the 
supply by moving films to smaller screens within their theatre—which would not be captured 
in run length but could affect revenues, see Section 1.3 for the discussion on industry 
relations. However, it is most likely that the previous findings are inconsistent because the 
relationship between a movie’s box office and its survival was examined on Variety’s Top-50 
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chart rather than in theatres. In order to address this drawback and capture duration more 
accurately, run length in theatres was recorded for this thesis. As a result, a positive 
relationship between domestic survival and box office has been proven (Chapter 6), although 
only for high earning American films. 
Previous research has also examined factors that determine movie survival at a theatre 
level. Using data from Boston during 2000–2001, Chisholm and Norman (2006) found that 
the weekly revenue rank at the theatre, the generated percentage of theatre’s revenue, and 
exhibiting at a Loews chain all serve to prolong runs, while they are shortened by first 
weekend revenues, first-week screens, and featuring a rising star. Interestingly, they observed 
the influence of exhibiting in two theatres of the same chain to be negative, while in two 
theatres of different chains to be positive. Fu (2009) found that the number of screens in a 
venue, a film’s domestic revenue, and its weekly box office rank extend runs of movies 
released by non-integrated distributors in Singapore over 2002–2003, whereas the average 
seats per screen, the domestic gross of competing films, and exhibiting in vertically 
integrated cinemas and those from larger chains shrink run duration. Further, in line with 
previous findings, he demonstrated that movies exhibiting at competing theatres live longer, 
and the effect increases with the proximity of the competitor. Studying survival in 118 
cinemas in Quebec during 2002–2011, Legoux, Larocque, Laporte, Belmati, and Boquet 
(2015) reported that the performance in the previous week, screen coverage on release, 
reviews, general rating, and the genres family or documentary prolong runs, while the genre 
thriller causes run duration to shorten. These examples show the benefits of studying run 
length at different scales; for instance, the granular theatre level. Moreover, they illustrate 
how run duration could be compared across areas, such as different theatres. For the analyses 
discussed in this thesis, the data was scaled to the opposite direction by measuring run length 
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globally (Chapter 4), and the information was compared across different countries 
(Chapter 5). 
The determinants of run length have also been studied at a national level in the US, 
mostly focusing on the effect of measures of artistic merit. Chang and Ki (2005) 
demonstrated that budget, critic and audience ratings, distributor power, being a sequel, and 
belonging to PG rating prolong theatrical lives during 2000–2002, while runs are shortened 
by an R rating. Similarly, studying movie survival during 2004–2015, Souza, Nishijima, and 
Fava (2018) found it increases with positive reviews from both experts and consumers, 
although the effect of expert reviews is the largest for narrowly released films, in contrast to 
their null influence for widely released movies and blockbusters. Examining another facet of 
critical acclaim between 1978 and 1987, Nelson, Donihue, Waldman, and Wheaton (2001) 
showed that films nominated for or winning an Academy Award for best picture stayed on 
Variety’s Top-50 chart longer than those nominated for best actor or actress awards. 
However, they also found that life is prolonged for movies receiving an Oscar for best actor 
or actress, and best supporting actor or actress, and releasing earlier in the year. In contrast, 
Deuchert, Adjamah, and Pauly (2005) detected no effect from nominations or wins for best 
actor or actress in a supporting role on theatrical runs during 1991–2000, although they found 
nominations for best picture and best actor or actress tend to prolong a film’s life in cinemas. 
While the data used in this thesis does not capture critical acclaim, it is useful to understand 
that artistic movie qualities contribute to theatrical runs, especially for narrowly released 
films, because differences in run length distinguish three “limited release” distribution 
strategies identified in Chapter 4. 
Previous research on the determinants of film survival outside the US is the closest to 
the global analyses in this thesis. Walls (1997, 1998) found that higher revenues and English 
language extend runs in Hong Kong. In contrast, Moon et al. (2014) concluded that domestic 
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productions survive longer than imported movies in South Korea. McKenzie (2009) 
demonstrated that preview screenings, advertising and publicity expenditure, weekly screen 
average revenue, favourable reviews, success in the US, PG or G ratings, and fantasy genre 
prolong runs in Australia; while release delay, the number of opening screens, and other 
genres shorten run length. Studying survival in the UK in 2011–2012, Izquierdo Sanchez 
(2014) found that if the same distributor has multiple films in theatres during a given week, 
then the survival probability for low budget movies decreases. Similarly, he demonstrated 
that if a film’s box office is smaller than the earnings of the competing movies from a similar 
genre, its survival probability also decreases. Examining survival in Italy during 1984–1996, 
Ciciretti, Hasan, and Waisman (2015) found that affiliation with a foreign distributor; 
screening in a big city location; high newspaper rankings; state support; director and cast star 
power; and belonging to the genres comedy, adventure, western, thriller, and horror extend 
run duration and increase revenues for domestic films. While these studies have investigated 
the determinants of run length in foreign markets, they have not compared movie survival 
across countries. Analyses discussed in Chapter 5 of this thesis not only tracked and 
compared run length across 40 markets but also tested its effects on exposure in each country. 
Film survival has been studied more extensively than the previously discussed 
variables for capturing distribution. However, a movie’s life has never been measured at a 
global level or compared across markets and has rarely been related to other measures of 
performance. For this thesis, the length of run was captured globally (Chapter 4) and 
compared across 40 countries (Chapter 5). Most importantly, this thesis offers the first 
investigation of the effect of survival in theatres on global exposure (Chapter 4), national 
exposure across 40 markets (Chapter 5), and box office in the US and Australia (Chapter 6). 
Despite mixed previous evidence, it is hypothesised in this thesis that longer theatrical run 
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will lead to higher global (Chapter 4) and national exposure (Chapter 5) and greater box 
office in the US and Australia (Chapter 6). 
 
2.5.4 Release Delay 
This thesis includes a movie’s international release delay as the final measure of distribution. 
Release delay captures both temporal and spatial dimensions of film movement in the number 
of days it takes movies to reach foreign markets after their premieres. This factor is controlled 
by the distributors. Analysing a film’s release delay makes it possible to distinguish between 
simultaneous and sequential international release strategies. It should be noted, however, that 
delays can sometimes occur due to variation in play weeks across countries rather than 
distribution decisions. For instance, four types of play weeks are detected on the Kinomatics 
database, including Wednesday–Tuesday, Thursday–Wednesday, Friday–Thursday, and 
Saturday–Friday (Figure 2.1 and Table 2.1). 
 
 
Figure 2.1. Differences in play weeks for countries in the Kinomatics database. Adapted from 
“Big Data at the movies: the Kinomatics project,” by D. Verhoeven, 2014, August 15, The 




Table 2.1. Four Types of Play Weeks in the Kinomatics Database 
 
Play Week Countries 
Wednesday–Tuesday Belgium, France, Indonesia, and Luxembourg 
Thursday–Wednesday 
Argentina, Australia, Chile, Germany, Hong Kong, Israel, Italy, South 
Korea, New Zealand, the Netherlands, Peru, the Philippines, Portugal, 
Singapore, Switzerland, Taiwan, Thailand, Ukraine, and the UAE 
Friday–Thursday 
Algeria, Brazil, Bulgaria, Canada, China, Colombia, Finland, India, 
Ireland, Mexico, Norway, South Africa, Spain, Sweden, the UK, the US, 
Venezuela, and Vietnam 
Saturday–Friday Japan 
 
While digital technologies now allow premiering most movies with a simultaneous 
release, wherein films reach all countries without delay, some distributors still choose the 
sequential strategy, delaying their movies for international markets (Ulin, 2010, p. 135–137). 
Both strategies have their advantages and disadvantages. Although the simultaneous 
worldwide rollout is more complex and costlier to execute, it utilises the “buzz” created by 
global advertising and benefits from the “success-breeds-success” effect where performance 
in one country creates public awareness in others (Elberse & Eliashberg, 2003; Griffith et al., 
2014). In contrast, the cheaper and easier to implement sequential release allows for product 
modifications between releases in different markets and utilises the “lead-lag” effect where 
performance in the initial countries affects the demand in secondary markets; however, on the 
downside, movies lose some of the created advertising “buzz” and “success-breeds-success” 
effect, and face piracy threats (Elberse & Eliashberg, 2003; Griffith et al., 2014). For 
example, in the landmark study based on Finnish survey data that differentiated between the 
illegal downloading of music and film, Cox and Collins (2014) found that accessing content 
prior to official release is one of the greatest incentives for piracy, although the negative 
effect of illegal downloading on paid consumption is lower for movies than for music. 
The remainder of this section highlights the findings from previous research into 
release delay (discussed in Section 2.4), grouped thematically around the examinations of the 
delay itself and the impact of delay on foreign performance, foreign supply and demand, and 
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piracy. The literature uniformly shows the detrimental effects of delay on foreign supply and 
demand reinforcing evidence supporting the benefits of the simultaneous release strategy. 
The findings in Chapter 5 of this thesis further confirm the usually negative effects of delay 
on theatrical exposure in the majority of countries tested. 
There have been few scholarly accounts placing release delay at the centre of 
attention. Verhoeven (2010) demonstrated that lags for movies arriving in Australia were 
shortening between 1989 and 2009. Song and Shankar (2012) found that delay increases with 
word-of-mouth, cultural distance between markets, the number of previously visited 
countries, budget, and star power, whereas it declines with advertising spending, foreign 
demand potential, allocated foreign screens, and for sequels. While this thesis does not 
discuss the factors that affect delay, it is important to understand the historical change in 
release staggering and its determinants in order to interpret the data on lags in 40 countries 
(Chapter 5). 
 Existing literature has also considered the effect of release delay on a film’s foreign 
performance expressed in box office, run length, and user ratings. It has been uniformly 
confirmed that longer lags reduce foreign earnings, which has been often attributed to the 
temporal decay effect, where consumers forget about the advertising observed with elapsed 
time (Griffith et al., 2014; Lampe & McRae, 2018; Moon & Song, 2015; Moon et al., 2016; 
Song & Shankar, 2012; Wu et al., 2018). Further, longer delays have been shown to lead to 
shorter durations in theatres (McKenzie, 2009). Finally, movies that lag have been observed 
to receive lower user ratings (Song et al., 2018). Based on these observations, it is 
hypothesised in this thesis that delay will negatively affect a film’s exposure in any particular 
country (Chapter 5). 
There have, however, also been studies that tested the effects of release delay on 
foreign supply. Both Elberse and Eliashberg (2003) and Clement et al. (2014) found that 
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delay reduces the number of screens allocated to a film with its demand expressed in either 
box office or attendance. Moreover, they uncovered that simultaneous release is 
advantageous due to its effect on foreign exhibitors who are more likely to assign screens to 
simultaneously released movies than to films that lag. While these studies have tested the 
effects of release delay on the availability of movies, they have captured supply only at the 
granularity of screens. However, the number of screens might not represent an equivalent 
volume of showtimes for different areas, theatres, and films. To measure supply more 
accurately, for the analyses discussed in this thesis, a movie’s availability was captured by the 
number of screenings. 
In order to explain the negative effect of delay on foreign performance, other studies 
have related release staggering to piracy. Danaher and Waldfogel (2012) found that delay 
generally affects revenues negatively, but with greater impact since the introduction of 
BitTorrent, and this increase in effect is more pronounced for highly downloaded genres—
action and science fiction. McKenzie and Walls (2015) showed that delay increases the 
number of first-week illegal downloads, which translates into a negative impact on first-week 
revenues. Measuring delay between the date of an illegal download and the release in 
theatres, Yue (2017) found that lags increase piracy levels in China where delays are caused 
by the lengthy implementation of the censorship and protectionism policies, rather than 
because of distributor decisions. Wu et al. (2018) confirmed this finding measuring the 
relationship between the number of illegal downloads and theatrical release delay in China. 
Lastly, McKenzie (2017) used a sub-sample of delayed films for a robustness check, as lags 
are known to increase piracy, but found no evidence of increased revenues after the 
introduction of graduated response policies for movies with longer delays. While the data 
employed in this thesis does not capture illegal downloading, these observations have 
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suggested that lags examined in the theatrical context might have similar effects in the global 
home viewing sector. 
International release delay has been studied in various contexts. However, lag has 
never been related to film supply measured at the granularity of a screening. The analysis 
discussed in Chapter 5 of this thesis tested the impact of delay on exposure in 40 countries for 
the first time. Based on the unanimity of previous observations, it is hypothesised in this 
thesis that movies with longer release lags will receive lower exposure across 40 markets 
(Chapter 5). 
 
2.5.5 Box Office in the US and Australia 
The international trade of American films has been widely researched, as outlined in 
Sections 2.4.1 and 2.4.2. Scholars have identified several factors that affect foreign box 
office, including the “home market effect,” where the increase in domestic revenues boosts 
foreign earnings. However, as far as cinema trade relations between the US and Australia go, 
to this day the industry seems to follow a “10% rule” to predict the popularity of American 
titles in Australia, expecting the imported movies to earn around one-tenth of their US box 
office. A similar “rule” where the US productions are forecasted to gross 10% of their 
domestic box office in sterling has also been referenced in the popular press in the UK, 
although such mentions have been limited (Gant, 2012, 2017). 
The rationale underlying this “rule” stems from the fact that historically Australia was 
seen as roughly one-tenth of the US across various measures, such as population and GDP. 
The industry came to use the “law-of-ten” to predict box office, which guided the decisions 
of distributors and exhibitors on reel logistics, marketing and advertising, and screen 
allocation. Nonetheless, as prevalent as this “rule” has been in the industry, it has not been 
formally tested. Furthermore, according to the Australian Government Department of Foreign 
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Affairs and Trade (2017a, 2017b), in 2016 the population and GDP of Australia stood at 
7.6% and 6.8% of America, respectively. As both relative measures have deviated from 10%, 
the “rule” might have become redundant. The analysis discussed in Chapter 6 of this thesis 
provides the first scholarly contribution to the understanding of this “rule” by empirically 
testing its existence. 
While the “rule” has not been a focus in academia, its prevalence has been seen in the 
popular domain. Film critic Don Perlgut (2009, 2013, 2014) has repeatedly applied the “rule” 
to compare Australian and American earnings of certain movies on his blog. Other industry 
commentators, including Miguel Gonzalez (2010a), Michael Bodey (2010), and Stephen 
Russell (2015), used the “rule” as a benchmark when evaluating Australian performance of 
various American films. Gonzalez (2010b) even discussed its existence in an interview with 
Robert Slaviero, the Distribution CEO of one of the largest Australian cinema chains Hoyts. 
Finally, journalist David Dale (2008) compared Australian and American box office of 23 
high grossing movies from 2007–2008 showing that only half earned the expected 10% in 
Australia, thus concluding that Australian tastes are not as easily predictable, with Australia 
becoming less dependent on American productions. Although the “rule” has been discussed 
in the media, there is certainly an absence of detailed studies employing large samples and 
applying statistical methods to test the phenomenon. Chapter 6 of this thesis provides the first 
formal investigation of the “rule,” testing for and dismissing its existence by comparing 
domestic and Australian box office of 231 new release American films of different earning 
capacities. Moreover, it evaluates whether the “rule” can extend to other measures of 
popularity, such as the number of screenings, proving that the utility of the “law-of-ten” in 




 STUDYING MOVIE, DISTRIBUTION, AND ORIGIN ATTRIBUTES 
Aside from examining the four rarely researched distribution measures discussed in the 
previous section, the analyses in this thesis also include widely studied movie, distribution, 
and origin characteristics to contextualise the observed distribution patterns. The rest of this 
section considers the key papers which have suggested the effects these attributes might have 
on international film circulation and assisted in formulating the hypotheses for the analyses 
presented in this thesis, see Section 3.2.5 for the summary of hypotheses. 
 
2.6.1 Movie Characteristics 
The first group of attributes included in this thesis is movie traits, such as a film’s running 
time and genre. The analyses discussed in this thesis investigated movie characteristics 
against showtime data for two reasons. First, film attributes were tested to determine whether 
the innate qualities of a media product affect its international circulation. Second, movie traits 
were treated as proxies for film qualities absent from the data and were, therefore, employed 
to infer about the relationship between the omitted characteristics and circulation. 
The first movie attribute included in this thesis is a film’s running time in minutes. 
This trait was first used to determine whether a movie’s duration affects its international 
distribution. Wallace, Seigerman, and Holbrook (1993) showed that in the US the 
relationship between running time and box office is positive. Running time was also 
employed in the analyses as a proxy for the production budget, following research by Moon, 
Bergey, and Iacobucci (2010), who found that longer films receive higher ratings. Moon et al. 
(2014) similarly employed this variable. A proxy has to be used because the availability of 
budget information is low, especially for small foreign productions that comprise the majority 
of the sample for this thesis. It is hypothesised in this thesis that longer running time will lead 
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to higher global (Chapter 4) and national exposure across 40 countries (Chapter 5) and 
greater box office in the US and Australia (Chapter 6). 
 Genre recorded across eight possible categories24 is included as a second movie 
characteristic in this thesis. The attribute was first examined to infer whether the international 
circulation of a film depends on its genre. For example, documentary and live event movies 
are perceived as targeting niche audiences (Tahal & Stríteský, 2016). Therefore, films of 
those genres are expected to receive lower global (Chapter 4) and national exposure across 40 
countries (Chapter 5) and weaker box office in the US and Australia (Chapter 6). Genre was 
also employed as a proxy for the product-specific “cultural discount” following the reviewed 
research into international cinema trade (e.g., Fu, 2013; Lee, 2006a, 2006b, 2008; Volz et al., 
2010; Waterman, 2005). Based on the theory of “cultural specificity” discussed in 
Section 2.3, movies of certain genres are seen to contain more cultural cues than other films 
and, therefore, they might require audiences to have higher cultural literacy to understand and 
appreciate them, which could complicate the international dissemination of those titles. So, it 
is hypothesised in this thesis that action/adventure, animation, horror, and suspense/thriller 
genres with low cultural specificity will receive higher global (Chapter 4) and national 
exposure across 40 countries (Chapter 5) and greater box office in the US and Australia 
(Chapter 6), while the more culturally-specific comedy and drama genres will be associated 
with lower levels of the same measures. 
 
2.6.2 Distribution Attributes 
The second group of attributes included in this thesis is distribution traits, such as the size of 
a film’s distribution company and its season of release. The analyses discussed in this thesis 
                                                 
24 Action/adventure, animation, comedy, documentary, drama, horror, live event, and suspense/thriller. 
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investigated distribution characteristics against screening information to determine whether 
business decisions about a movie’s distribution strategy influence its international circulation. 
The first distribution attribute included in this thesis is the size of the distribution 
company, which differentiates between major, mini-major, and independent distributors. The 
trait was examined to infer whether the choice of a distributor affects the international 
circulation of a movie. The coding of the distributor information into three categories 
employed in this thesis is innovative because most of the previous research has distinguished 
only between majors and independents. A number of studies have found that distribution by a 
major has a positive impact on: total revenues (Kim & Jensen, 2014; Litman, 1983; Litman & 
Kohl, 1989; Pangarker & Smit, 2013; Prieto-Rodriguez, Gutierrez-Navratil, & 
Ateca-Amestoy, 2014), earnings on the opening weekend (Akdeniz & Talay, 2013), and the 
number of opening screens (Elberse & Eliashberg, 2003; Clement et al., 2014). While few 
earlier investigations have included a mini-major category, Litman and Kohl (1989, p. 42) 
asserted that mini-major distributors “can often perform the same quality distribution (but on 
a smaller scale) as the majors.” Therefore, it is hypothesised in this thesis that films 
distributed by either major or mini-major distributors will receive higher global (Chapter 4) 
and national exposure across 40 countries (Chapter 5) and greater box office in the US and 
Australia (Chapter 6). 
The season of release captured across four periods25 is the second distribution 
characteristic included in this thesis, although it was only measured in the global (Chapter 4) 
and national (Chapter 5) analyses. The attribute was employed to determine whether the 
international circulation of a movie depends on the distributor decisions concerning the 
timing of its release. Seasonal variation in demand, which exists primarily because of 
customer preferences on when to attend cinema, is amplified by the release decisions of the 
                                                 
25 Holiday, winter/spring, summer, and fall (Einav, 2007). 
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distributors as they position the best films to open in high demand slots, namely during 
holiday and summer (Einav, 2007). While Einav (2007) has theorised seasonal effects based 
on the North American market, their influences are expected to hold in the international 
context of this thesis because later studies have found them somewhat applicable in foreign 
markets, including South Korea (Yang & Kim, 2014). Moreover, a seasonal trend in box 
office observed in Australia is similar to that outlined by Einav (2002) (Figures 2.2 
and 2.3).26 Therefore, it is hypothesised in this thesis that movies opening during the high 
holiday and summer seasons will receive higher global (Chapter 4) and national exposure 
across 40 countries (Chapter 5), while films premiering in the low winter/spring and fall 
seasons will be associated with lower levels of the same measures. 
  
                                                 
26 A few Australian differences are that the Christmas increase extends into the next year, the two lower, 
unidentified peaks around April and September–October are much higher as they correspond to school holidays, 
and the decay from the Fourth of July is steeper. 
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Figure 2.2. Seasonal effects in total admissions in the US, 15-year average (1985–1999). 
Adapted from “Seasonality and Competition in Time: An Empirical Analysis of Release Date 
Decisions in the U.S. Motion Picture Industry,” by L. Einav, 2002, p. 41, Stanford University 





Figure 2.3. Australian weekend box office (million A$), 17-year average (2001–2017). Data 
from Box Office Mojo (2018).  
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2.6.3 Origin Factors 
Further to what has been discussed in Section 2.4.3, the third group of attributes included in 
this thesis is origin factors, such as information on whether a film is co-produced, whether it 
is made domestically, and its specific country of production. The analyses discussed in this 
thesis examined origin characteristics against showtime data to determine whether a movie’s 
country of origin affects its international circulation. 
The first origin trait included in this thesis is production type, which differentiates 
between national films and co-productions. The attribute was used to determine whether the 
global distribution of a movie depends on the producer decisions regarding international 
collaboration. Globalisation in the cinema industry has resulted in an increase in international 
partnerships in film production, which provided an opportunity for countries with weaker 
production industries to enter the global cinema market (Stachowiak & Stryjakiewicz, 2018). 
It has been observed that not only can co-productions raise higher budgets, which are likely 
to result in better quality work, but also benefit from the joint consumption and cultural 
characteristics of all partner-countries (McFadyen, Hoskins, & Finn, 2000). As a 
consequence of attuning to the tastes of audiences from all co-producing markets, joint 
productions have also been perceived as less culturally specific (Kim & Jensen, 2014). 
Finally, co-productions are expected to travel well internationally because they are culturally 
and commercially rooted in multiple countries (Alaveras et al., 2018). Therefore, it is 
hypothesised in this thesis that co-productions will receive higher global (Chapter 4) and 
national exposure across 40 markets (Chapter 5) and greater box office in the US and 
Australia (Chapter 6). 
The second origin attribute included in this thesis is whether a film is produced 
domestically, although it is only measured in the national analysis (Chapter 5). The trait was 
employed to infer whether national sentiment and eliminating the “cultural discount” can 
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cause movies to receive higher exposure when screening in their country of origin. Lampe 
and McRae (2018) observed that domestic productions receive higher revenues in 31 
markets. So, it is hypothesised in this thesis that films will receive higher exposure in their 
country of origin (Chapter 5). 
The final origin characteristic included in this thesis is specific production country, 
although it was only examined in the global (Chapter 4) and national analyses (Chapter 5). 
Out of 124 production countries registered in the dataset, only the effects of Top 2027 origins 
were tested—based on the number of produced movies within the sample. This characteristic 
was examined to determine whether being produced in certain national markets affects the 
international circulation of a film. The US dominance in the global cinema sector has been 
established in previous research (e.g., Hanson & Xiang, 2011; Marvasti & Canterbery, 2005; 
Waterman, 2005). However, while countries with strong domestic industries such as India 
and South Korea have been perceived as highly self-sufficient (Waterman, 2005), their global 
dominance has not been proven. Therefore, it is hypothesised in this thesis that American 
movies will receive higher global (Chapter 4) and national exposure across 40 markets 
(Chapter 5), although no prior expectations are formed regarding other origins. 
 
 CONCLUSION 
This chapter has presented a concise review of the literature that informs this thesis. This 
work has first been situated within digital humanities (DH), new cinema history (NCH), and 
cultural economics. While numerous previous projects in the cinema-related DH and the 
industrial branch of NCH have collected and used data about cinema industry, the accounts 
preceding this study have been highly localised and often historical. Moreover, many of them 
                                                 
27 The US, France, India, Germany, the UK, Japan, Canada, Spain, Italy, Belgium, South Korea, Mexico, 
Switzerland, Argentina, Israel, the Netherlands, Brazil, China, Sweden, and Australia. 
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have relied on qualitative techniques for data analysis. There has been a lack of 
understanding of global contemporary cinema processes, which will be discussed in the 
following chapters of this thesis. 
The theoretical ground has also been laid for the economic study of international 
cinema trade by discussing the shift from cultural imperialism to more complex models of 
media flow, introducing the concepts of “cultural discount,” “home market effect,” and 
“performance predictability.” The empirical country- and film-level investigations of 
international cinema exchange from cultural economics have been presented grouped around 
their tested conceptual frameworks. The majority of previous studies have only accounted for 
the “one-way flow” of media from the US to importing countries by examining the foreign 
performance of American movies, and by investigating how American films compete with 
domestic productions in foreign markets. A few more recent investigations have explored the 
diversity of imports in certain countries and even the global trade between various importing 
and exporting markets. However, the majority of previous work has been performed at an 
aggregated national level or shown selection bias, being limited to successful movies. This 
thesis contributes to the existing literature on the matter through film-level analyses of the 
complex global cinema trade, including movies of various earning capacities and origins. 
This chapter has also discussed previous empirical accounts using the measures of 
film distribution employed in this thesis: the number of screenings, geographical spread, the 
length of run, and release delay. While the latter two have attracted more scholarly attention, 
the former two measures have not been key focuses in the previous research. This thesis lays 
the foundation for studying the current global patterns of cinema exhibition using quantitative 
techniques. The existence of the “10% rule” used to predict the popularity of American 
movies in Australia has also been established by discussing its application in the industry and 
reportage in popular media, despite a previous lack of scholarly attention to the phenomenon. 
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The analysis in Chapter 6 of this thesis offers the first scholarly examination of the “rule.” 
Finally, the seminal works on the movie, distributor, and origin characteristics included as 
explanatory variables in the analyses in this thesis have been briefly discussed. Observations 
from the previous literature assisted in formulating the hypotheses for the quantitative testing 








DATA AND METHOD: 
THE HANDLING OF A BIG DATA-DRIVEN PROJECT 
 
“The challenge of analysing Big Data is coping with abundance, exhaustivity 
and variety, timeliness and dynamism, messiness and uncertainty, high 
relationality, and the fact that much of what is generated has no specific 
question in mind or is a by-product of another activity.” 
(Kitchin, 2014a, p. 2) 
 
 INTRODUCTION 
In data-driven research, the data itself comes before theory. Only after exploring the data and 
understanding its structures can appropriate methods be selected. However, when working 
with big data the exploration process can be complicated due to the large quantities of 
information that need to be processed, barriers for accessing the data (often stored on a server 
online), and the need for cleaning (which includes detecting and correcting inaccurate records 
in the database). As a primary information source, this thesis relies on a big data collection 
that registers film screenings globally, making it important to understand the definition of big 
data and its characteristics. 
With big data remaining a relatively new concept, its definition has been evolving 
over the last several years. Big data was initially characterised by three Vs: volume, velocity, 




prevailed in all consecutive definitions of big data and refer to the large size of the data 
(volume), the speed at which the datasets reach users and can be processed (velocity), and the 
multiple data formats (variety) (Gorman, 2013, p. 286; Kaisler et al., 2013; Kitchin, 2013, 
p. 68, 2014b). However, the definition has since been expanded to the 17 Vs of big data, 
including volume, velocity, variety, veracity, value, validity, variability, venue, vocabulary, 
vagueness, volatility, visualisation, virality, viscosity, verbosity, voluntariness, and versatility 
(Arockia, Varnekha, & Veneshia, 2017). These characteristics are described in Table 3.1. 
 




1. Volume The large size of the data 
2. Velocity The speed in which the datasets reach users and can be processed 
3. Variety The multiple formats of data 
4. Veracity The variable accuracy and precision 
5. Value The business value that can be derived from the data 
6. Validity 
The quality of the data in terms of its correctness and accuracy for the 
intended use 
7. Variability 
The dynamic evolvement of the data and its efficiency in 
distinguishing the important arriving information from noise 
8. Venue 
The different platforms via which the data arrives and on which it is 
stored 
9. Vocabulary 
The terminology of the data, including data models and the semantics 
that describe data structures 
10. Vagueness The confusion over the meaning conveyed via the data 
11. Volatility The duration of the usefulness of the data 
12. Visualisation The challenging process of representing the data visually 
13. Virality 
The speed in which the data is spread by one user and received by 
others 
14. Viscosity 
The time lag between an event and the creation of its record in the 
database 
15. Verbosity The redundancy of the available information 
16. Voluntariness The wilful availability of the data for usage 
17. Versatility The flexibility of the data to be used differently in different contexts 
Note. Adapted from “The 17 V’s Of Big Data,” by P. S. Arockia, S. S. Varnekha, and K. A. Veneshia, 2017, 
International Research Journal of Engineering and Technology, 4(9), p. 330–331.  
 
Big data is described as exhaustive, fine-grained, relational, and flexible (Kitchin, 




scope constituting large samples or even entire populations. The data is also fine-grained in 
resolution, meaning it contains a high level of detail. It is relational in the sense it stores 
common fields for merging with different datasets. Finally, it is flexible in allowing for easy 
additions of new fields and rapid expansion in size. 
As big data covers entire populations, it often requires developing new approaches 
because statistical methods tailored to small, localised samples no longer fit (Kitchin, 2014b, 
p. 28). Verhoeven (2016a, p. 166) comments that big data “in any given context, is so large 
that it is ungraspable and incomputable using conventional approaches to analysis.” 
However, before the appropriate approaches can be selected and tailored to big data, several 
tasks must be performed in the pre-analytics stage to enhance the data quality, reduce its size, 
and introduce new relevant information (Kitchin, 2014b, p. 102). 
Reflecting the research process of this thesis, this chapter is divided into two parts: the 
data preparation (Section 3.2) and the method selection (Section 3.3). The first part outlines 
the specifics of the primary big data source, the Kinomatics database (Kinomatics, 2015) 
(Section 3.2.1) and the secondary information source, the Internet Movie Database (IMDb, 
2018)28 (Section 3.2.2). Then, the data enrichment where the selected primary Kinomatics 
information was combined with additional data from IMDb is discussed (Section 3.2.3). The 
greatest challenge in this stage was not obtaining the data but combining the sets primarily 
generated for different purposes and containing different “metadata, data standards, units, 
measures, categories and scales, synchronicity and file formats” (Kitchin, 2014b, p. 102). 
Following that, the third secondary source, the Rentrak database (comScore, 2018),29 is 
introduced (Section 3.2.4). Finally, three film samples derived from the combined sources 
                                                 
28 www.imdb.com 




aggregating the data at three scales, namely global, national, and the US–Australian are 
outlined (Section 3.2.5). 
The second part of this chapter is dedicated to the methodology. The Exploratory Data 
Analysis (EDA) techniques employed to comprehend the large amounts of data and present it 
to readers in an approachable manner through visualisation are introduced in Section 3.3.1. 
However, while visualising large datasets helps to evaluate their quality and suggests areas 
for further examination, visualisation is not suitable for making statistical claims. Therefore, 
confirmatory statistics were employed to derive scientific evidence about the observed trends 
and are outlined in: cluster analysis (Section 3.3.2), multiple regression technique 
(Section 3.3.3), and non-parametric testing (Section 3.3.4). Finally, concluding remarks about 
both data and method are made, and learnings are summarised in Section 3.4. 
 
 DATA 
This project relies on three main data sources. Showtime information for new release movies 
in international circulation was obtained from the Kinomatics database. Additional release 
date and origin information was retrieved from IMDb. Further box office data for selected 
American films in the US and Australia was sourced from the Rentrak database. Finally, any 
missing information in the data from the Kinomatics, IMDb, or Rentrak was obtained from 
alternative sources, including Box Office Mojo (2018)30 and The Numbers (2018)31 (see 
Appendix A for a full list). The conventional way to enrich data is first by selecting a sample 
from the primary source and then retrieving additional information from the alternative 
sources. However, this process was more complicated because release date information from 
the secondary source IMDb was needed to finalise the initial sample selection to only include 






newly released movies. Further, the large size of both the Kinomatics and IMDb databases 
and different data structures interfered with efficiently locating the needed titles and merging 
information on them. The data retrieval from Rentrak database was less complex due to the 
lower sample size and that the data selection was finalised before the task. The data sources 
are introduced in Sections 3.2.1, 3.2.2, and 3.2.4; the enrichment process is outlined in 
Section 3.2.3, and Section 3.2.5 describes the three derived samples. 
 
3.2.1 The Global Kinomatics Showtime Database 
The Kinomatics database introduced in Section 1.4 is a big data collection of global movie 
screenings information that spans over 2.5 years from December 2012 to June 2015. It tracks 
all showtimes of all films in all cinema venues in 48 countries. Figure 3.1 illustrates markets 
recorded in the database, while Figure 3.2 marks the location of all cinemas covered. 
Throughout the collection period, the data was downloaded weekly as compressed files via a 
Perl32 (Perl, n.d.) synchronisation service from a commercial third-party provider after being 
obtained directly from cinemas through automated electronic means, email, and phone calls 
(Verhoeven, 2016a, p. 171). While for 30 months the database was constantly expanding, it 
became static with the termination of the agreement with the data provider in June 2015. 
  







Figure 3.1. Map of 48 countries in the Kinomatics database, marked by their data quality: No 
evident limitations (green), minor limitations (yellow), major limitations (red), and no 




Figure 3.2. Map of 33,302 venues in the Kinomatics database. Adapted from “Kinomatics: A 
global study into Cinema Data,” by C. Arrowsmith et al., in C. Arrowsmith, C. Bellman, W. 
Cartright, & M. Shortis (Eds.), Proceedings of the Geospatial Science Research 3 Symposium 






The Kinomatics data is structured in a comprehensive model with a consistent format. 
The information is stored on a server at Deakin University, Melbourne using Version 6 of 
Red Hat Enterprise Linux33 (Red Hat, n.d.) operating system and hosted on Version 5.1.67 of 
an open source relational My Structured Query Language (MySQL, n.d.-a)34 database. The 
initial database model consists of six tables including Distribution, Movie Genre, Movie Cast, 
Movie, Showtime, and Venue_Location connected through the unique identifiers, namely 
Movie ID and Venue ID (Figure 3.3). The Showtime table is by far the largest in the 




Figure 3.3. The conceptual model of the Kinomatics database.Adapted from “Kinomatics: A 
global study into Cinema Data,” by C. Arrowsmith et al., in C. Arrowsmith, C. Bellman, W. 
Cartright, & M. Shortis (Eds.), Proceedings of the Geospatial Science Research 3 Symposium 
(p. 2), 2014 (http://ceur-ws.org/Vol-1307/paper7.pdf). 






Table 3.2. The Size of Tables in the Kinomatics Database 
Table Number of rows 
 Distribution 204,338  
 Movie_Genre 118,337  
 Movie_Cast 526,178  
 Movie 96,970  
 Showtime 338,660,831  
 Venue_Location 33,302  
 
Although the Kinomatics database is not open to public access due to contractual 
restrictions from the data provider, the members of the Kinomatics research team have 
produced several studies based on the data (Arrowsmith et al., 2014; Coate et al., 2016; 
Coate, Verhoeven, Arrowsmith, et al., 2017; Coate, Verhoeven, & Davidson, 2017; 
Verhoeven et al., 2015) and interactive online tools such as The Cinema Cities Index35 and 
Film Impact Ratings.36 Most of these studies are discussed in Sections 2.4.3, 2.4.4, and 2.5.1. 
The previous investigations sampling the Kinomatics database could be described as case 
studies due to often low sample size or restricted geographical focus. In contrast, this thesis 
presents the widest, deepest, and most detailed use of the data. 
While it has been established that the Kinomatics data is large and accurate, its 
limitations lie in the cleanliness, consistency, and biases (Verhoeven, 2016a, p. 170). First, 
regarding the cleanliness, the data has missing values, with very few indications of release 
dates and the Motion Picture Association of America (MPAA) ratings. To overcome this 
limitation IMDb was consulted. Second, there are inconsistencies in reporting due to missing 
or only partially provided data for certain days in particular countries and changes in the data 
collection networks throughout the period in other parts. The first limitation of consistency 
can be eliminated by populating the missing data based on averages from surrounding days. 
However, the second limitation of consistency is systematic and harder to overcome. Thus, 






when the increase in the recorded screening volumes is attributed to the expansion of the data 
collection network rather than the industry, only the information after the expansion should 
be used. 
Finally, the Kinomatics data is biased towards western countries and large exhibition 
chains. While the data covers 48 markets, large areas, particularly Africa and Asia, are 
under-represented (Figure 3.1)—with the provider’s commercial focus on western countries 
resulting in better-developed data retrieval networks in those areas. Africa is only represented 
by South Africa and Algeria with mainly unreliable data for the latter. Central Asia is 
excluded. The Middle East is only represented by Israel and the United Arab Emirates 
(UAE), which together comprise a minor area of the region. The Chinese data is incomplete 
and can only be employed for restricted aggregate analyses, while Russia is omitted 
altogether. These exclusions might result in under-representation of films originating from 
those areas, as movies are likely to screen primarily in their domestic and neighbouring 
markets. Furthermore, due to the provider’s commercial focus on large theatre chains 
resulting in better-developed data retrieval networks from those venues, independent 
exhibitors might be under-reported. These omissions might cause under-representation of 
smaller, independent films as they are more likely to exhibit in small venues. The 
geographical under-coverage interferes with drawing sound conclusions on a global level, 
while the under-reporting of small companies prevents understanding of the full cinema 
market. Unfortunately, these biases cannot be overcome until the data provider expands its 
networks. 
Further, while the accuracy of the Kinomatics database is high with showtime 
information, various discrepancies were detected regarding movie data, which is to be 
expected as the information on films is only a secondary purpose of the database. First, 




such as the German character ü, which was represented as u. Second, several movies had 
incorrect director names; for example, the film Mayday Nowhere 3D (2013), which was 
directed by Ming-Feng Liu, but Erich Schmid was listed as a director. Finally, the cast roles 
were sometimes mixed up by naming a writer, producer, or star of a movie as a director; for 
example, with the documentary Kink (2013), James Franko who is the producer was named 
as a director, while Christina Voros is the actual director. These discrepancies interfered with 
the automated merging of the Kinomatics data with other sources as merging was often based 
on title and director information.  
To accommodate the consistency problem in the Kinomatics database and ensure data 
validity, visual quality checks were performed on 48 countries by plotting the screening 
volumes recorded in each market over time. While minor data validity problems were 
detected in 22 locations, including several days with low counts,37 some unreported days,38 or 
slightly increasing counts during the period,39 these countries were retained in the sample due 
to low presence of these threats. But eight markets were excluded due to major validity 
problems such as low daily counts (Algeria), day-to-day fluctuations (Hong Kong), 
period-to-period differences (Poland), missing days (Slovenia), period-to-period differences 
and day-to-day fluctuations (Austria, China, and Denmark), and period-to-period differences 
and missing days (Czech Republic). Following the evaluation, the geographical sample size 
decreased to 40 countries. Table 3.3 summarises data limitations and elimination decisions 
for all markets and provides information on gross domestic product (GDP), population, and 
GDP per capita. 
  
                                                 
37 Argentina, Colombia, Luxembourg, Mexico, Singapore, South Korea, Switzerland, and Ukraine. 
38 Brazil, Chile, France, Greece, Indonesia, Israel, Portugal, Singapore, South Korea, Ukraine, Venezuela, and 
Vietnam. 




Table 3.3. Data Quality Evaluation and Population, GDP, and GDP per Capita from 2016 
for the Countries in the Kinomatics Database 
Code Country Limitations Remove Pop (m) GDP (US$b) GDP/Pop (US$b/m) 
ARG Argentina Minor  43.85 545.48  12.44  
AUS Australia –  24.21 1,204.62  49.76  
AUT Austria Major X 8.73 390.80  44.76  
BEL Belgium Minor  11.34 467.96  41.27  
BGR Bulgaria –  7.13 53.24  7.47  
BRA Brazil Minor  207.65 1,796.19  8.65  
CAN Canada –  36.26 1,535.77  42.35  
CHE Switzerland Minor  8.37 668.85  79.89  
CHL Chile Minor  17.91 247.03  13.79  
CHN China Major X 1,378.67 11,199.15  8.12  
COL Colombia Minor  48.65 282.46  5.81  
CZE Czech Republic Major X 10.57 195.31  18.48  
DEU Germany –  82.49 3,477.80  42.16  
DNK Denmark Major X 5.73 306.90  53.58  
DZA Algeria Major X 40.61 159.05  3.92  
ESP Spain –  46.48 1,237.26  26.62  
FIN Finland –  5.50 238.68  43.43  
FRA France Minor  66.89 2,465.45  36.86  
GBR UK –  65.60 2,650.85  40.41  
GRC Greece Minor  10.77 192.69  17.89  
HKG Hong Kong Major X 7.34 320.91  43.74  
IDN Indonesia Minor  261.12 932.26  3.57  
IND India –  1,324.17 2,263.79  1.71  
IRE Ireland –  4.75 304.82  64.18  
ISR Israel Minor  8.55 317.74  37.18  
ITA Italy –  60.63 1,859.38  30.67  
JPN Japan Minor  126.99 4,949.27  38.97  
KOR Korea Minor  51.25 1,411.25  27.54  
LUX Luxembourg Minor  0.58 58.63  100.74  
MEX Mexico Minor  127.54 1,046.92  8.21  
NLD Netherlands –  17.03 777.23  45.64  
NOR Norway –  5.24 371.08  70.87  
NZL New Zealand –  4.69 184.97  39.41  
PER Peru –  31.77 192.21  6.05  
PHL Philippines –  103.32 304.91  2.95  
POL Poland Minor X 37.97 471.36  12.41  
POR Portugal Minor  10.33 205.18  19.87  
SGP Singapore Minor  5.61 296.98  52.96  
SVN Slovenia Major X 9.92 44.71  4.51  
SWE Sweden –  9.92 514.46  51.84  
THA Thailand Minor  68.86 407.03  5.91  
TWN Taiwan Minor  23.56 530.61  22.53  
UAE UAE –  9.27 348.74  37.62  
UKR Ukraine Minor  45.00 93.27  2.07  
USA US –  323.13 18,624.48  57.64  
VEN Venezuela Minor  31.57 236.12  7.48  
VNM Vietnam Minor  94.57 205.28  2.17  
ZAF South Africa –  56.02 295.46  5.27  




While all 48 visualisations are available upon request, only four have been selected as 
examples to illustrate day-to-day fluctuations in China (Figure 3.4), the expansion of the data 
collection network in Austria (Figure 3.5), and high-quality data in the US (Figure 3.6) and 
Italy (Figure 3.7). Interestingly, the visualisation for Italy also identifies seasonal changes in 
the screening supply, with showtime volumes decreasing through the summer months, which 



















Figure 3.7. Data quality check graph for Italy plotting the volume of screenings over time. 
 
Once the set of screening countries was finalised, data on films and showtimes needed 
for sample selection, merging with additional sources, and analysis was retrieved from the 
Kinomatics database (Table 3.4). The data on the 12 key variables was obtained for all 
96,970 movies in the database, summarising information from the selected locations via 
MySQL queries. The retrieved data was saved on spreadsheets, and all following adjustments 




Table 3.4. The Purpose of the Variables Retrieved from the Kinomatics Database 
Variable Database Name or Calculation Purpose 
Movie ID Movie_ID Unique identifier  
Parent ID Parent_ID Unique identifier  
Movie Title Movie_Title Merging 
Genre Genre Data analysis 
Director Director Merging 
Distribution Company Distributor Data analysis 
Running Time Running_Time Sample selection & data analysis 
Max Screening Date MAX(Showtime.Show_Date) 
Sample selection & data analysis 
(used to calculate run length) 
Min Screening Date MIN(Showtime.Show_Date) 
Sample selection & data analysis 
(used to calculate run length) 




Sample selection & data analysis 
Screening Country Country Data analysis 
 
After retrieving the data, the initial sample selection was performed based on the 
available information by imposing four selection criteria on the dimensions of medium, 
exposure, time, and space (Table 3.5). Due to the missing release date information, the 
criterion time (b) was applied only partially. First, only feature movies were selected as 
defined by the Academy of Motion Picture, Arts and Sciences (n.d.), i.e., films that run for 40 
minutes or longer. Second, only movies that received a conventional theatrical release 
defined by more than 20 global showtimes and longer than seven-day global runs were 
included. Third, only films released in the first 13 months of the data collection (1 December 
2012 to 1 January 2013) were retained so that each movie could be tracked for at least 17 
months, capturing the whole or at least the majority a film’s run for analytical purposes. The 
time frame begins in December because the final weeks are typically one of the heaviest box 
office periods (Verhoeven et al., 2015). This condition was initially imposed by following 
two guidelines: (1) films that started screening after 2013 were excluded based on the earliest 
showtime, and (2) movies released before 2012 were removed based on release year 
information reported within their titles (only available for some films), such as “Mother and 




information was retrieved from IMDb. Finally, movies were selected based on their 
geographical spread to ensure an international focus, hence films had to be screened in at 
least two countries to be included within the sample. Following these criteria, the sample size 
was reduced from 96,970 to 10,750 titles. 
 
Table 3.5. Sample Selection Criteria 
Indicator Selection criterion Source 
1. Medium: 
 Running time  
Only feature movies: 




 Number of screenings 
 
Only movies that screened more than 20 times: 




 a. Run length 
 
Only movies that ran for more than seven days: 





 b. Release date Only movies released within the first 13 months: 
1. Min Screening Date < 2014 
2. Release Year > 2011 







 Geographical spread 
Only movies that travelled to at least two countries: 




3.2.2 The Internet Movie Database 
Additional release date and origin information for the 10,750 titles pre-selected from the 
Kinomatics database was retrieved from IMDb to finalise the sample used in the analysis. 
This database was chosen based on its high reporting quality, large size, and accessibility. 
IMDb self-reportedly is “the world’s most popular and authoritative source for movie, TV 
and celebrity content” (IMDb, n.d.-d, para. 1). It contains over 250,000,000 records including 
over 5,000,000 movies, TV, and entertainment programs and over 8,000,000 cast and crew 
members. While the front-end of IMDb is searchable, it also offers subsets of plaintext data 




Compared to the Kinomatics data, information on IMDb is relatively clean and 
consistent, although its greatest limitation lies in its bias. Its error count can be assumed to be 
low, while the consistency to be high because IMDb receives information from multiple 
sources such as studios, filmmakers, industry members, and daily visitors; the database 
managers perform consistency checks; and the website welcomes corrections (IMDb, n.d.-c). 
However, IMDb data is biased towards larger cinema markets. The database collects release 
information per movie rather than per location, and so films from smaller countries are often 
excluded (Verhoeven, 2012). Similarly, the database omits information on watching 
conditions or versions available in certain regions (Verhoeven, 2012). Further, certain events 
might have errors in chronology due to issues associated with collecting the data 
retrospectively and relying on secondary information (Verhoeven, 2012). Also, the data is 
biased towards larger, better-known movies. During this project, films most often found 
missing from IMDb were movies made outside the US, including in countries such as 
Germany, France, Russia, Israel, Argentina, Taiwan, and South Korea; documentaries and 
animations; and films by emerging directors. Also, the database does not retain detail in 
foreign characters or the order of words in foreign titles or names, as the data is highly 
homogenised for comprehension (Verhoeven, 2012). These biases must be considered when 
generalising from the results because smaller markets and less popular productions will most 
likely be under-represented. 
Despite the identified biases, data from IMDb has been widely used by researchers 
from various fields. Numerous studies in network science have used IMDb. For instance, 
performing the keyword search on Google Scholar for IMDb and network yields around 
22,900 results of scholarly records. IMDb has been used to analyse the networks of actors 
(Amaral, Scala, Barthelemy, & Stanley, 2000; Haughton, McLaughlin, Mentzer, & Zhang, 




Wasserman, Mukherjee, Scott, Zeng, Radicchi, & Amaral, 2015). Other studies have used 
IMDb data to perform textual analyses on consumers’ reviews (Moon & Song, 2015; Song 
et al., 2018) and user-generated plot-keywords (Sreenivasan, 2013). Finally, as in this thesis, 
examinations in cultural economics have often drawn their main data from other sources and 
complemented it with movie information from IMDb such as data on genre (Craig et al., 
2005; Danaher & Waldfogel, 2012; Fu, 2013; Fu & Lee, 2008; Hammerström, 2010; Lee, 
2006b, 2008; Waterman, 2005), budget (Leenders & Eliashberg, 2011; McKenzie, 2009; 
McKenzie & Walls, 2012, 2015; de Roos & McKenzie, 2011), running time (Moon et al., 
2016), MPAA rating (X. Chen, Y. Chen, & Weinberg, 2012), cast (Byrd, 2010; Corts, 2004), 
studio (Ma, Huang, Kumar, & Strijnev, 2015), origin (Alaveras et al., 2018; Holloway, 2013; 
Lampe & McRae, 2018), language (Kim & Jensen, 2014), release date (Akdeniz & Talay, 
2013; Chisholm, McMillan, & Norman, 2010; Verhoeven, 2010), screens (Chang & Ki, 
2005; Chisholm & Norman, 2006), box office (Griffith et al., 2014; Krämer, 2011), awards 
(Lee, 2009; Prieto-Rodriguez et al., 2014; Volz, et al., 2010), and consumer ratings 
(Fetscherin, 2010; Legoux et al., 2015; Song & Shankar, 2012; Sparviero, 2013; Verhoeven 
et al., 2015). 
However, since the previous research and the data retrieval for this thesis, the batch 
export profile of IMDb has changed, becoming stricter on what can be extracted. For 
example, it no longer offers either origin or release date information for download. In the 
previous export interface, plain text files compressed in tar-GNUZip format (.tgz) were 
accessible through three FTP mirror sites in Germany,40 Finland,41 and Sweden42 (IMDb, 
n.d.-a). Four datasets on release date (release-dates.list), origin (countries.list), movies 
(movies.list), and directors (directors.list) were downloaded from the German site on 








22 December 2015. As the Kinomatics database and IMDb had been built separately and 
shared no common identifier such as a Movie ID, information on two key attributes used to 
link both collections, Movie Title and Director Name, was retrieved to facilitate the merging 
of the collections on a per-film basis. Table 3.6 lists the extracted variables and their purpose. 
The data was obtained for all 3,591,532 movies available on IMDb. 
 
Table 3.6. The Purpose of the Variables Retrieved from IMDb 
Variable Name on database Purpose  
Movie ID MovieID Unique identifier 
Director ID DirectorID Unique identifier 
IMDb ID IMDbID Unique identifier (no information) 
Movie Title Title Merging 
Release Year Year Sample selection 
Director Name Name Merging 
Director Addition Addition Not used 
Country of Origin Country Data analysis 
Release Date (1) IMDbDate Not used 
Release Date (2) ReleaseDate Sample selection 
Release Addition Addition Not used 
 
As the list format (.list) in which the information was originally downloaded was not 
compatible with the Kinomatics data in Microsoft Excel spreadsheets, Version 1.40pre2 of 
the Java Movie Database43 (JMDB, n.d.-a) application was employed to convert the list files 
into a relational MySQL database (JMDb, n.d.-b). Three applications were downloaded and 
installed for that purpose, namely JMDB, Version 8 of Java Runtime Environment44 (Oracle, 
n.d.), and Version 5.7 of MySQL database45 (MySQL, n.d.-a). The resulting database consists 
of five tables interconnected through Movie ID and Director ID (Figure 3.8). An additional 
table Movies2Directors was automatically added to efficiently connect Movies and Directors 







tables. The size of the derived database is large with the Release Dates table storing the most 
records (Table 3.7). 
 
 
Figure 3.8. Conceptual JMDB database model. 
 
Table 3.7. The Size of Tables in the Retrieved IMDb Database 
Table Number of rows 
 Countries 1,727,018  
 Directors 413,552  
 Movies 3,591,532  
 Movies2Directors 2,392,486  
 Release Dates 4,160,512  
 
3.2.3 Combining Data from the Kinomatics and IMDb 
Before the retrieved IMDb data could be matched with the pre-selected film sample from the 
Kinomatics database, the tables in the JMDB database had to be reorganised into one. All 
tasks were performed using Version 11 of the multi-connections database administration tool 
Navicat Premium46 (Navicat, n.d.-a) that allows connecting to the created MySQL database; 
importing and exporting data; creating, modifying, and designing database objects; and 
building and editing queries (Navicat, n.d.-b). The table IMDb_Movies listing eight variables 
including MovieID, Title, Year, Name, CountryRelease, ReleaseDate, Addition, and Country 





connected all information from IMDb stored in five tables. The variables Addition, IMDbID, 
DirectorID, and IMDbDate were excluded because that information was no longer needed. 
The size of the retrieved IMDb data had to be reduced before merging to increase the 
speed of operations and decrease the number of duplicate names. IMDb registers information 
on various types of media, which is reflected in the title formatting. As this project focuses on 
feature films, listings of television series, television mini-series, movies made for video, and 
video games were removed based on the title formatting. However, TV films were retained as 
some might have received a theatrical release in certain countries.  
The Kinomatics data also had to be re-configured before merging. All modifications 
were performed in Microsoft Excel, adjusting the Kinomatics data because its movie table 
was smaller than that from IMDb. First, a table was created containing three variables 
required for merging, namely Movie ID, Movie Title, and Director Name. Second, values for 
Movie Title and Director were formatted to match the expression on IMDb. For some films 
with alternative titles listed in brackets, such as “Brink of Life (Nara livet),” the information 
before the brackets was separated into a column AltTitle, while the text in brackets was 
copied over the original Movie Title column. For other films with their release year in 
brackets, including “Traumland (2013),” the text before the brackets was placed into an 
additional column Title_No_Year. While IMDb lists director names as “Surname, Name,” the 
Kinomatics records them as “Name Surname.” For this research, the names were reformatted 
by separating words from Director into columns Name and Surname and then connecting 
them in the column Director Name to reflect the IMDb formatting. However, directors with 
double names or surnames had to be manually checked because the function in Microsoft 
Excel simply split each word into a separate column. Finally, foreign characters from titles or 
director names that became corrupted during the data retrieval were manually corrected and 




formatted Kinomatics data was imported into the MySQL database storing the IMDb tables 
using Navicat. 
Because many films had identical title and director information, two variables were 
used for the merging of the two databases to help to identify duplicate entries for the same 
movies. Also, the title and director information were not identical for both databases. First, 
the titles of some films were worded or spelled differently and recorded in different 
languages. Second, director information was sometimes listed differently in each database 
due to changes in first-name-surname order or variations in spelling (especially for Chinese, 
Japanese, Russian, or Indian names—originally written in non-Roman characters). Third, the 
information for films with multiple directors was not always complete. Understanding these 
discrepancies, 14 MySQL queries were written to retrieve maximum matches in an 
automated manner. 
All MySQL queries were similarly constructed with an example provided in 
Figure 3.9. The code for all queries is available upon request. These queries enabled 
comparison of each movie from the Kinomatics sample with all films on IMDb based on 
Movie Title and Director. Once a match was found, additional information on Release Date 
and Contributing Country was added to that film. Each query produced a new table titled 
Kino_IMDb1, ... , Kino_IMDb14 listing 11 variables, including Movie ID, Movie Title, and 
Director Name from the Kinomatics together with Movie ID, Title, Year, Name, Release 
Country, Release Date, Addition, and Country from IMDb. The queries differed in their 
formulation of the code lines 17 and 18 due to the previously described different versions of 
the title (Movie Title, AltTitle, Title_No_Year, and Title_Characters) and director name 
(Director_Name, Surname, Name, and Director_Characters) from the Kinomatics database, 






Figure 3.9. Exemplary MySQL query for merging IMDb and the Kinomatics data. 
 
Employing four general conditions, the merging started from the strictest and became 
more lenient allowing for more approximate matches (see Table 3.8 for the conditions and 
Appendix A for the lines 17 and 18 of the 14 queries). The first condition with the equal 
operator “=” required for the compared values to be identical (MySQL, n.d.-b). The second 
condition with the pattern matching operator LIKE required for the compared values to be 
similar as long as they were expressed in the same number of words (MySQL, n.d.-c). The 
third condition with the operator LIKE together with CONCAT and a wild character “%” 
after the variable required for the beginnings of the compared values to be similar but 
allowed any characters to follow the values (MySQL, n.d.-c, n.d.-d). Finally, the fourth 
condition with the operator LIKE with CONCAT and wild characters “%” before and after 
the variable required for the middle parts of the values to be similar but allowed any 
characters to surround the values. As a level of leniency was allowed in the queries, all 





Table 3.8. Four Joining Conditions Used for Merging IMDb and the Kinomatics Data 
No Merging condition 
1 IMDb.Variable = Kinomatics.Variable 
2 IMDb.Variable LIKE Kinomatics.Variable 
3 IMDb.Variable LIKE CONCAT (Kinomatics.Variable, '%') 
4 IMDb.Variable LIKE CONCAT ('%', Kinomatics.Variable, '%') 
 
The automated merging process summarised in Figure 3.10 proved successful as 
9,524 (89%) of the films pre-selected from the Kinomatics database were matched with the 
data from IMDb. However, 3,965 of these titles appeared to be released earlier than in 2011 
and were removed from further analysis. Alternative sources were consulted for release date 
and origin information for 1,226 unmatched movies. The data for 169 films was located 
manually on IMDb website, while the information for 390 titles was found on other websites, 
such as Letterboxd.com, RottenTomatoes.com, AlloCine.fr, and Gomolo.com (see 
Appendix A for the full list). But no information was obtained for 196 movies. Also, 371 
titles were not even entered into the search because they were identified as special events, 
such as “Iron Man Marathon” and “Festival of Horror Movies.” The manual data retrieval 
yielded full or partial information on 659 films, although 100 of those were identified as 
released earlier than 2011 and excluded from further analysis. In total, 6,118 movies with 







Figure 3.10. A diagram illustrating the sources for additional data. 
 
After release date information had been acquired, selection criterion time (b) 
introduced in Table 3.5 could be finalised only to retain movies released between December 
2012 and December 2013. The criterion had already been roughly applied using limited 
information from the Kinomatics database and the year data from IMDb as explained 
previously. The retrieved data comprised Release Country, Release Date in that country, and 
Release Addition. The latter indicated whether a particular date referred to a festival or an 
ancillary release such as DVD. These dates were removed because they could not be used to 
determine the beginning of a film’s theatrical run (unless it was the only release information). 
While around 300 titles were lacking exact dates, another 300 appeared only to have festival 




Three selection rules were formulated to work around these imperfections 
(Figure 3.11). First, the minimum theatrical release date had to fall between 1 December 
2012 and 31 December 2013 (Rule 1). Similarly, the maximum festival release date for films 
without theatrical information had to fall within the same period because it was expected to 
be close to the theatrical release (Rule 2). On IMDb (n.d.-b), “release year” indicates the first 
public screening of a movie, which can be “either the year of general release or of a festival 
presentation if earlier.” Films with the minimum release dates later than their release year 
must have had incomplete information. Therefore, release year was trusted over release date 
for those movies, keeping some titles from 2013 in the sample (Rule 3). The imposed 




Figure 3.11. A diagram explaining sample selection by release date. 
Data Selection Rules: 
Rule 1: For films with theatrical release dates: 
Dec 2012 <= MIN release date < 2014 
Rule 1: For films with only festival release dates: 
Dec 2012 <= MAX release date < 2014 
Rule 3: For all films: Release year = 2013 
The sample selection was validated with an alternative source The Numbers (n.d.) to 
check whether the largest removed group of films released earlier than in December 2012 
was eliminated on a sound premise. The Numbers was chosen over the Box Office Mojo 
(n.d.) because the former listed more movies for the period and was owned independently 
from IMDb. As 856 films or 58% of the list from The Numbers were found on both sets (and 
the selected sample only included movies that travelled internationally), it was concluded that 
the performed selection criteria had yielded a reliable sample. 
 Before the analysis could begin, the retrieved data was re-integrated into the 
Kinomatics database for future reference (Table 3.9 and Figure 3.12). New tables were 
created on the Kinomatics database using Navicat to store the full information retrieved from 
IMDb (blue) and the merged data (green) next to the original information from the 
Kinomatics database (yellow). The tables holding information from IMDb on release date, 
origin, genre,47 and director were all connected to the main IMDb table for movies via the 
common identifier JMDB_ID. The tables created for the merged data from the Kinomatics 
database and IMDb stored information on the relationship between the databases, comments 
on retrieval, combined characteristics from IMDb, and director—connecting to the movie 
table from the Kinomatics database via Movie_ID and movie table from IMDb via 
JMDB_ID. Being stored in a structured way online, the merged data was protected and easily 
accessible. 
  
                                                 





Table 3.9. The Size of Tables Added to the Kinomatics Database 
Table Number of rows Information Source 
VZ_ID_Key 8,612 
 Relationship between 
the databases 
Kinomatics & IMDb 





Kinomatics & IMDb 
VZ_Kino_IMDb_Director 8,865  Director Kinomatics & IMDb 
VZ_IMDb_Movie 3,591,532  Movie IMDb 
VZ_IMDb_RDate 4,178,854  Release date IMDb 
VZ_IMDb_Country 1,727,018  Origin IMDb 
VZ_IMDb_Genre 2,153,027  Genre IMDb 







Figure 3.12. Conceptual model of the expanded database reflecting the initial data from the Kinomatics database (yellow), the imported data 




3.2.4 The Rentrak Database 
The Rentrak database was employed as a second additional data source for this thesis to 
complement the analysis with box office information, although the box office coverage only 
applied to the US and Australia for the period of the Kinomatics database as the data had to 
be purchased separately. Information was extracted for American films released in 2013 that 
screened in both the US and Australia resulting in a sample of 231 movies. Rentrak was 
chosen because it provides highly detailed reporting on both temporal and spatial dimensions, 
registering daily earnings for all exhibited films per geographical region or even distribution 
branch within both countries. Other popular sources for theatrical revenues such as Box 
Office Mojo and The Numbers lack in both temporal and spatial detail as they provide daily 
box office only for the US, while report weekend box office for international markets, and 
only register earnings at a national level. However, due to the nature of the research problem, 
this thesis only works with cumulative earnings in the US and Australia within the period. 
When the data was collected in 2015, Rentrak (2015, p. A2) was self-proclaimed as 
“the entertainment industry’s premier source for knowing—every day, every second, 
everywhere—who is going to the movies and who is watching TV and video across every 
screen.” The database was tracking over 125,000 screens in over 25,000 venues and 
measuring nearly US$36 billion yearly from box offices worldwide along with collecting data 
on TV, TV tunes, Internet TV, VOD, and digital downloads (Rentrak, 2015). However, 
Rentrak has since been acquired by comScore, which still self-reportedly is “a recognized 
global leader in cross-platform measurement of audiences, advertising and consumer 
behavior” (comScore, n.d.), storing information on proprietary TV, digital, and movie 
viewing, although their data collection networks and file structures might have changed. 
 Similar to IMDb, the information collected by Rentrak is clean but has limitations in 




data with missing information for particular films on certain days or even weeks. Regarding 
the bias, this stems from being Western-centred just as IMDb and the Kinomatics database 
are also. But as only the information for American movies in the US and Australia was 
extracted for this thesis, this source of bias was overcome. One source of bias that remains, 
however, is that the Rentrak database is biased towards larger, better-known productions. 
This bias has implications for the findings of this thesis as the earnings of 139 American 
movies identified in the Kinomatics database as exhibited in the US and Australia within the 
period were not reported on Rentrak and had to be removed from the sample. These 
limitations must be considered when generalising from the results because less popular 
productions will most likely be under-represented. 
The box office data for the US and Australia from Rentrak roughly mirrors the time 
frame of the Kinomatics database, starting in December 2012 and ending in August 2015. 
The information was received in Microsoft Excel spreadsheet (.xls) format for each week 
within the period in two types of reports for each country listing the revenue collected per 
distribution branch and region. In both types of weekly files, the earnings for each film were 
reported on separate sheets. Around 800 files were received for each market with the number 
of sheets per file reaching up to 200, depending on the count of movies screened in a country 
that week. As information in this format had not been easily accessible or searchable, it was 
reworked into an online Box Office48 database (Rentrak, 2016) with the help of an external 
adviser. The constructed database could be searched by film title or distributor name by 
specifying the screening date, country of interest, and the preferred level of the geographical 
granularity (country or region). However, the database did not allow searching for multiple 
titles at once and batch exporting the results. 
                                                 




Several steps were undertaken to gather the required information from the constructed 
Rentrak database. As mentioned in Section 3.2.1, a sample of 368 films derived from the 
Kinomatics database and IMDb provided a starting point. It was also necessary that movies 
were produced or co-produced in the US and screened in both the US and Australia. Next, the 
database was searched for each film individually, exporting their earnings in the US and 
Australia in text format (.csv) files. However, complete or partial data was missing for 139 
movies reducing the sample. But only seven of these films exhibited over 50 times in either 
country, meaning that the impact of their omissions was low, and box office information for 
four was obtained from Box Office Mojo (2018). The resulting sample with box office in the 
US and Australia included 231 movies with no missing values. The retrieved daily regional 
revenue was summed throughout the period and across regions using Microsoft Excel to 
represent the total earnings per film in each market. Finally, Australian earnings were 
converted to US$ for comparison as Rentrak reports earnings in the currency of the screening 
country (see Section 6.2 for details on the conversion). 
 
3.2.5 Datasets, Variables and Hypotheses 
Once the required data had been gathered from the Kinomatics database, IMDb, and the 
Rentrak database and integrated into one information system, the datasets, variables, and 
hypotheses regarding the variables were finalised. Verhoeven (2016b, p. 98) argues that “the 
Kinomatics data requires a multi-scaled approach to analysis” and is “able to be ‘scaled’ in 
composite ways.” As the author further notes, the exhibition and distribution practices are 
also defined and organised at various scales, such as of an individual cinema, regional, 
national, or international. This scalability is unique to big data and allows datasets that mimic 
the industry scales to be derived that can answer questions related to specific geographical 




the granularity of a film allowing measurement of the impact of movie attributes at each 
level, namely global, national, and international (US–Australian). 
The analysis examining the Global Sample that represents international cinema 
distribution at the most aggregated scale is discussed in Chapter 4. This sample contains 
3,424 films from various origins and of different revenue that fit the main selection criteria 
discussed in Section 3.2.1. The distribution measures introduced in the second part of this 
section were recorded for the sample’s movies at the global49 level regardless of the screening 
country. This dataset was employed to address the first research question introduced in 
Section 1.6: “What are the patterns of global cinema distribution?” 
The examination of the National Sample that presents information at a 
mid-aggregated scale is discussed in Chapter 5. This dataset registers data in each of the 40 
screening countries. Starting from the set of films in the Global Sample, only observations 
where a movie received at least 20 showtimes in a particular market were included. This 
restriction reduced the movie count from 3,424 to 3,340 and resulted in 18,142 unique 
film-country observations. The distribution measures were recorded for the sample’s movies 
in each screening market. This dataset was analysed in response to the second research 
question introduced in Section 1.6: “What are the patterns of transnational cinema 
distribution?” 
The analysis of the US–Australian Sample that registers data at the least aggregated 
scale is discussed in Chapter 6. This dataset includes a fraction of the previously discussed 
sample by only keeping American movies that screen in both the US and Australia. However, 
the selection of films remains unrestricted by their box office. These criteria reduced the 
number of movies from 3,340 to 231 totalling to 462 observations in the two countries. The 
distribution measures were recorded for the sample’s films in the US and Australia. This 
                                                 




dataset was employed to offer insight into the third research question introduced in 
Section1.6: “What are the patterns of one-way cinema distribution from the US to Australia?” 
The three datasets are organised around a similar set of variables (Table 3.10): five 
continuous distribution measures, one continuous and one categorical movie characteristics, 
two categorical distribution attributes, and three categorical origin traits. Previous literature 
using these variables is discussed in Sections 2.5 and 2.6. 
 
Table 3.10. Description and Source of Variables per Analytical Chapter 
Variable Description of variable Source Chapter 
Distribution measures:   
Number of 
screenings 
Movie’s total number of screenings in 40 countries 
(Chapter 4), in a certain country (Chapter 5), and in the 
US and Australia (Chapter 6) 
Kino-
matics 
4, 5, 6 
Geographical 
spread 
Movie’s total number of countries visited 
Kino-
matics 
4 & 5 
Run length 
Days between a movie’s first and last screenings in 40 
countries (Chapter 4), in a certain country (Chapter 5), 
and in the US and Australia (Chapter 6) 
Kino-
matics 
4, 5, 6 
Release delay 
Days between a movie’s first screening in 40 countries 
and its first screening in a certain country (Chapter 5) 
and between its first screening in the US and its first 
screening in Australia (Chapter 6) 
Kino-
matics 
5 & 6 







Running time Movie’s duration in minutes 
Kino-
matics 
4, 5, 6 
Genre 
Action/adventure, animation, comedy, documentary, 
drama, horror, live event, or suspense/thriller 
Kino-
matics 






Major, mini-major, or independent 
Kino-
matics 
4, 5, 6 
Release season  Summer, holiday, winter/spring, or fall 
Kino-
matics 




Co-production Whether a movie is produced by multiple countries IMDb 4, 5, 6 
Domestic 
production 
Whether a movie is produced by the screening country IMDb 5 
Origin 
The US, France, India, Germany, the UK, Japan, 
Canada, Spain, Italy, Belgium, South Korea, Mexico, 
Switzerland, Argentina, Israel, the Netherlands, Brazil, 
China, Sweden, or Australia 




The distribution measures are the number of screenings, geographical spread, the 
length of run, release delay, and box office. The volume of showtimes measures a movie’s 
exposure to audiences at the most detailed level and is recorded at the three geographical 
scales. As discussed in Section 2.5.1, it is a unique variable to the Kinomatics database 
having not been included in any previous studies working with other data sources. 
Geographical spread gauges a movie’s spatial coverage. It is expressed in the number of 
countries visited and was not scaled to match samples. Also, geographical spread was 
excluded from the US–Australian dataset. Run length records a film’s duration in cinemas or 
its temporal coverage. It is measured in the number of days between a movie’s first and last 
screenings and was recorded at the three geographical scales. Release delay gauges a film’s 
temporal lag. It is recorded in days between a movie’s premiere and its arrival to a certain 
country. As the variable has no meaning in the global setting, it was only included in the 
National and the US–Australian Samples. Finally, box office measures a film’s commercial 
demand. This last variable was only recorded in the US–Australian sample as previously 
mentioned. 
Movie attributes include running time and genre. Relatively few film characteristics 
are employed in this thesis compared to studies in cultural economics discussed in 
Sections 2.4 and 2.5 due to analysing a large sample of both popular and unpopular movies 
from many origins for which it is hard to obtain data on other often used characteristics such 
as, for instance, budget. The continuous variable running time is measured in minutes. Genre 
reflects the first named genre category on the Kinomatics database with eight possibilities, 
namely action/adventure, animation, comedy, documentary, drama, horror, live event 
(concert, performance, or opera), or suspense/thriller. It is acknowledged that such 
categorisation may not be entirely accurate because films might cross multiple genres; 




this thesis. Also, the category count was reduced from 17 available on the Kinomatics 
database to eight in order to facilitate statistical analyses as the tests performed on a large 
number of groups containing few cases are less efficient. The nine categories removed were: 
adult, classic, concert, family-friendly, musical, program, romance, sci-fi/fantasy, war, and 
western. Movies were re-attributed to the eight chosen categories based on their second and 
third genres on the Kinomatics database. 
Distribution traits cover the size of the distribution company and the season of release. 
The size of the distributor differentiates between majors, mini-majors, and independents. This 
categorisation was implemented based on the title of the distribution company grouping six 
majors50 and their subsidiaries and eight mini-majors51 and their subsidiaries. All other 
companies were categorised as independents. The season of release was derived from the first 
recorded showtime for a title in the Kinomatics database. Based on the research by Einav 
(2007, p. 133), release dates were grouped into four seasons, namely summer (Memorial Day 
to Labour Day), holiday (Thanksgiving to mid-January), winter/spring, and fall (between the 
other seasons). Global release season was recorded in the global dataset, while release season 
specific to each country was registered in the National Sample. 
Finally, origin attributes are co-production, domestic production, and specific origin. 
Co-production indicates whether a movie is produced by multiple countries. However, this 
information should be interpreted with caution because it was retrieved from IMDb which 
does not follow strict guidelines on what constitutes a production country and might list 
shooting locations as origins, thus categorising more films as co-productions than is actually 
the case. Domestic production indicates when a movie is produced by the country where its 
screenings are taking place. Due to the nature of this variable, it was only included in the 
                                                 
50 Walt Disney Pictures, Warner Bros. Pictures, 20th Century Fox, Universal Pictures, Columbia Pictures, and 
Paramount Pictures. 
51 Lionsgate Films, STXfilms, Open Road Films, A24, The Weinstein Company, Amblin Partners, CBS Films, 




National Sample. Finally, specific origin identifies the top 20 production countries based on 
the volume of films produced in the Global Sample: the US, France, India, Germany, the UK, 
Japan, Canada, Spain, Italy, Belgium, South Korea, Mexico, Switzerland, Argentina, Israel, 
the Netherlands, Brazil, China, Sweden, and Australia. This measure was included in the 
Global and National Samples as all movies in the US–Australian sample were American. 
Several hypotheses formulated regarding the interactions between the outlined 
variables based on the literature in Section 2.6 are summarised in Table 3.11. It also identifies 
the dependent variable (DV) on which the hypothesis is tested. Global exposure (Gl Ex) is 
discussed in Chapter 4, national exposure (Nat Ex) is reviewed in Chapter 5, and box office 
in the US (US BO) and Australia (Aus BO), and exposure in Australia (Aus Ex), are tackled 
in Chapter 6. 
 













Increase in geographical spread increases the DV X X    
Increase in run length increases the DV X X X X  
Increase in release delay decreases the DV  X   X 
Increase in box office increases the DV     X 
Increase in running time increases the DV X X X X X 
Belonging to genres action/adventure, animation, horror, or 
suspense/thriller increase the DV 
X X X X X 
Belonging to genres comedy, documentary, drama, or live 
event decrease the DV 
X X X X X 
Being distributed by a major, or a mini-major, increases the 
DV 
X X X X X 
Being independently distributed decreases the DV X X X X X 
Being released during the summer or the holiday seasons 
increases the DV 
X X    
Being released during the fall or winter/spring seasons 
decreases the DV 
X X    
Being co-produced increases the DV X X X X X 
Being single origin produced decreases the DV X X X X X 
Being produced domestically in the screening country increases 
the DV 
 X    
Being produced in a country foreign to the country of screening 
decreases the DV 
 X    





Once the data was cleaned, expanded, and finalised, appropriate methods of analysis could be 
chosen. To work such large and detailed data and present it in an efficient yet exhaustive 
manner while deriving statistical evidence, a mixture of methods was selected. Following the 
philosophy of Exploratory Data Analysis (EDA), data visualisation techniques were 
employed to gain an initial understanding of the datasets and make them presentable 
(Section 3.3.1). Cluster analysis was selected to detect segments within the data 
(Section 3.3.2), while multiple regression technique was employed to uncover and quantify 
the causal relationships (Section 3.3.3). Finally, various non-parametric tests were used to 
identify differences between groups (Section 3.3.4). 
 
3.3.1 Exploratory Data Analysis 
EDA is not as much a collection of techniques for data visualisation as a philosophy of data 
analysis (Kanevski & Maignan, 2004, p. 18). Following this approach, the assumptions about 
the data are delayed in favour of “allowing the data itself to reveal its underlying structure 
and model” (Kanevski & Maignan, 2004, p. 18). In the seminal work on the subject titled 
Exploratory Data Analysis (1977), Tukey argued that while confirmatory data analysis 
should not be rejected, researchers need not begin with it but can allow for exploratory and 
confirmatory analyses to proceed side by side. Following his advice, visualisations were used 
as the first step in all analyses within this thesis and as the means to evaluate outcomes. All 
the visualisations presented were created using the data analysis and visualisation software 
Tableau Desktop Professional Edition,52 Version 2018.1 (Tableau, n.d.-a) and International 





Business Machines Corporation (IBM) Statistical Package for the Social Sciences (SPSS),53 
Version 23 (IBM, n.d.). 
As reported in the following three analytical chapters of this thesis, each of the three 
samples was first examined with the exploratory techniques to reveal patterns within the data. 
The research questions formulated in Section 1.6 were then tested using the statistical 
methods described in the following sections. A number of types of visualisations were 
employed for different purposes within this thesis. As presented in Section 3.2.1, area graphs 
were used to assess the quality of the data in each screening country. Visualisations such as 
histograms, stem and leaf plots, box plots, and Q-Q plots were employed before selecting 
confirmatory techniques for all three datasets, to determine if parametric or non-parametric 
tests should be used based on the shape of distributions. Most importantly, data from all three 
samples was visualised through various means to gain insight about the datasets and identify 
areas of interest (stacked bar graphs, dot plots, scatter plots, packed bubbles plots, and bar 
graphs). Visualisations were also used in post-confirmatory analyses to evaluate whether the 
assumptions of multiple regression were violated (e.g., via scatter plots for the 
homoscedasticity assumption). Not all the visualisations employed are displayed in this 
thesis, although they are available upon request. 
The use of EDA techniques throughout all stages of research has been an integral part 
of this thesis. Data visualisations not only helped navigate the information and propose areas 
for further investigation but also evaluate the analyses. However, while exploratory 
techniques might expose certain trends, they cannot serve as quantitative evidence of their 
existence. Confirmatory techniques were employed to complement the EDA, and are the 






focus of the second part of each analytical chapter to approve or dismiss and to quantify the 
relationships observed visually within the data. 
 
3.3.2 Cluster Analysis 
Cluster analysis identifies structures within the data. The main idea behind this analysis is to 
divide data points into groups where cases within each segment are more similar to one 
another than to cases in other groups. Cluster analysis was performed with Tableau software 
(Chapter 4). It was applied to the Global Sample using three clustering variables: the global 
number of screenings, geographical spread, and the length of global run to identify distinct 
international cinema distribution strategies and aid answering Research Sub-Question 1.1 
introduced in Section 1.6. 
Clustering procedures can be classified into hierarchical and partitioning methods 
(Mooi & Sarstedt, 2011, p. 255–259). The k-means procedure was employed as the 
partitioning method in this project because it is less affected by outliers than hierarchical 
methods. The only recognised drawback of the procedure is that the user has to pre-specify 
the number of clusters to be calculated from the data. However, while that is the case in many 
software applications including SPSS, Tableau suggests an optimal number of clusters 
without pre-specification. Nonetheless, other partitioning methods such as finite mixture 
models could have been potentially employed as an alternative (McLachlan & Peel, 2000). 
The partitioning algorithm is called k-means because it creates the number of clusters 
k and assigns each case to the segment for which its distance to the cluster mean is the 
smallest, thus minimising the within-cluster variance (Mooi & Sarstedt, 2011, p. 255–256; 
Norusis, 2011, p. 389). The mechanics of the k-means algorithm has four steps, which are 
shown in Figure 3.13. The algorithm first selects initial cluster centres and computes 




the shortest distance. Then, new centres are computed for each cluster by averaging the 
values of all cases assigned to the segment in terms of all clustering variables, and data points 
are reassigned to different cluster centres if required, based on their minimum distance. Steps 
three and four are repeated until no more changes in cluster affiliation are detected. In the 
final outcome of the data split, all cases within a cluster are more similar to one another than 
to the cases in other clusters. As cases can change clusters during the clustering process, 
k-means builds no hierarchy, and so the approach is termed non-hierarchical (Mooi & 





Figure 3.13. The mechanics of the k-means clustering algorithm. Adapted from A Concise 
Guide to Market Research: The Process, Data, and Methods Using IBM SPSS Statistics 






Tableau suggests an optimal number of clusters corresponding to the first local 
maximum of the variance ratio criterion (VRC) proposed by Calinski and Harabasz (1974). 
VRC is used to assess cluster quality in Tableau and is defined in Equation 3.1, where SSB is 
the sum of the squares between clusters, SSW the sum of the squares within clusters, k the 









     (3.1) 
 
The higher the VRC value, the more cohesive the clusters as expressed in low within-cluster 
variance, and the more distinct the individual clusters as expressed in high between-cluster 
variance. 
Tableau employs Lloyd’s algorithm (1982) using squared Euclidean distances to 
perform the partitioning (Tableau, n.d.-b). It automatically scales the values of all clustering 
variables to prevent measures with larger ranges from dominating the results using min-max 
normalisation that brings the values of each clustering variable within the boundaries of 0 and 
1 as defined in Equation 3.2, where x is each initial value. 
 
Normalised value =  
𝑥−min (𝑥)
max(𝑥)−min (𝑥)
                                        (3.2) 
 
 After completing cluster analysis, Tableau reports several statistics to evaluate the 
partitioning (Tableau, n.d.-c). It lists the number of cases and the number of derived clusters 
if not pre-specified. It also provides the between-group sum of squares that quantifies the 
separation between clusters, the within-group sum of squares that quantifies the cohesion of 
clusters, and the total sum of squares as a sum of the two. The proportion of variance 
                                                 




explained by the model ranges between 0 and 1 and can be derived by dividing the 
between-group sum of squares by the total sum of squares. 
Tableau also reports certain statistics on derived clusters (Tableau, n.d.-c). It lists the 
number of cases assigned to each group and centres for all clusters expressed in the average 
values of each continuous clustering variable.55 To determine whether the derived clusters are 
conceptually distinguishable, as expressed in significantly different means, Tableau provides 
results for the analysis of variance (ANOVA) per clustering variable, outlining the variables 
that are the most effective in distinguishing clusters. The model sum of squares is computed 
as a ratio of the between-group sum of squares and the model’s degrees of freedom (k – 1). 
The error sum of squares is computed as a ratio of the within-group sum of squares and the 
error degrees of freedom (N – k). Finally, F-statistic for one-way ANOVA (provided with the 
corresponding p value for the significance level) is computed as a ratio of the between-group 
variance and the total variance, showing a fraction of variance explained by a variable. 
While cluster analysis is a useful automated method for identifying groups within the 
data, it will find a certain split in almost any sample. It is then left for the researcher to assess 
the proposed split and conclude whether it is meaningful. In this thesis, the solution’s validity 
was tested by evaluating whether there are significant differences between the clusters 
regarding the effect of independent variables not included in cluster analysis on the most 
effective clustering variable—the global number of screenings. Following this, multiple 
regression technique (described in the next section) was employed to assess the validity of, 
and derive quantitative evidence about, the differences across clusters. 
 
  
                                                 
55 Tableau also provides the centres for categorical clustering variables expressed in the most common value, 




3.3.3 Multiple Regression Analysis 
Multiple regression analysis is a parametric linear approach for modelling relationships 
between multiple independent variables and one dependent variable. It quantifies the variance 
in the dependent variable caused by the variance in each exploratory variable. While there are 
various techniques for the analysis, all models constructed in the three analytical chapters 
apply ordinary least squares regression. All analyses were performed using SPSS software 
and setting significance level to .05. 
Multiple regression analysis was first applied to the Global Sample (Chapter 4) to 
investigate observable factors that determine the global number of screenings (Research 
Sub-Question 1.2) and to derive quantifiable differences between the identified clusters 
(Research Sub-Question 1.3). This analysis was then applied to the National Sample 
(Chapter 5) to examine observable factors that determine the number of showtimes in any 
country (Research Sub-Question 2.1) and in each of the 40 markets (Research 
Sub-Question 2.3). Finally, the technique was applied to the US–Australian Sample 
(Chapter 6) as a three-part interconnected system of models to investigate observable factors 
that determine box office in the US (Research Sub-Question 3.3), the number of showtimes in 
Australia (Research Sub-Question 3.4), and box office in Australia (Research 
Sub-Question 3.5). 
To measure the relationship between independent and dependent variables, multiple 
regression analysis tests a linear model. All models reported in this thesis were expressed in 
the general multiple linear regression model with response Y and regressors x1, ... , xp as 
presented in Equation 3.3, where βs are unknown parameters to be estimated through the 
analysis and ɛ is an error term representing the extent to which the equation may differ from 
the real-world relationship between variables due to the omission of other factors that could 





E(Y|X = x) = β0 + β1x1 + … + βpxp + ɛ    (3.3) 
 While the dependent variable in the multiple regression model must be continuous, 
the independent variables can be continuous or categorical (Weisberg, 2013, p. 55). 
However, the categorical predictors with two or more levels must enter multiple regression 
through dummy variables (Weisberg, 2013, p. 56–57). A categorical predictor must be 
expressed in one dummy variable fewer than the number of its initial categories. In this 
thesis, the factors genre, distributor, season, co-production, domestic, and origin were 
recoded into dummy variables via SPSS. 
 The values of the continuous variables can be transformed using mathematical 
functions to bring their distributions closer to normal when the data is skewed in order to 
meet the assumptions of multiple regression, which are discussed later in this section. A 
heavy right skew is common in cinema data where a few blockbusters largely outperform all 
other titles (De Vany, 2004, p. 2). To bring right-skewed data to normal distributions, Tukey 
(1977) suggested three transformations, such as square root, cube root, and natural logarithm. 
As the data employed in this thesis was heavily right skewed, all continuous variables were 
re-expressed as natural logarithms except release delay, which was expressed as square root 
for all analytical chapters. 
Before running multiple regression analysis, SPSS allows selecting a method for 
entering variables into the regression equation: enter, stepwise, remove, backward, or 
forward (George & Mallery, 2016, p. 209). While the enter method enters all specified 
variables regardless of their significance levels, the other methods use various techniques to 
include only significant predictors, thus deriving optimal models. As this project aims to 
quantify the relationships between all the independent and dependent variables regardless of 




After the regression is run, SPSS produces several outputs. Only those important to 
the analyses in this thesis are outlined here. To evaluate the derived model, SPSS provides 
the number of cases (N), the effect size (R2), the F-statistic value and its probability (p), 
which are all reported in full regression results in the analytical chapters of this thesis 
(George & Mallery, 2016, p. 193). N refers to the number of observations in the sample, R2 
measures the proportion of the variance in the dependent variable accounted for by all 
independent variables, and the F-statistic evaluates the overall fit of the model. 
SPSS also provides statistics for measuring the contribution of each independent 
variable, the number of cases (N), regression coefficient (B), standardised regression 
coefficient (β), standard error (SE), t-statistic, and the probability of t-statistic (p), most of 
which are reported in full regression results in this thesis56 (George & Mallery, 2016, p. 193). 
N refers to the number of cases tested for the variable, B measures the direction and strength 
of influence from the predictor, β is a standardised version of B, SE is the standard deviation 
of the expected value, and t-statistic evaluates the precision with which the regression 
coefficient is measured. Positive values of B indicate that the value of the dependent variable 
increases with increases in the independent variable, and vice versa (George & Mallery, 
2016, p. 205). And the greater the B value the stronger the influence. However, B values 
cannot be directly compared between independent variables due to the possibility of 
difference in scaling, and so β, which compares the relative strengths of relationships, is used 
instead. 
 To be able to run the analysis and derive meaningful results, the datasets of interest 
and the derived models need to align with the assumptions of multiple regression. First, the 
level of measurement assumption requires the dependent variable to be continuous, and the 
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independent variables to be continuous or recoded into dichotomous variables. Second, the 
sample size assumption demands at least 50 cases in the dataset. Third, the normality 
assumption requires independent and dependent variables to be normally distributed. Their 
distributions can be evaluated visually through histograms, stem and leaf plots, box plots, and 
Q-Q plots, and numerically by examining the results of the Kolmogorov-Smirnov normality 
test (Kolmogorov, 1933; Smirnov, 1933). If the distribution is skewed or has kurtosis, 
various transformations can bring the data to normality. However, it is unnecessary to meet 
the normality assumption for large sample sizes. Fourth, the linearity assumption demands all 
the relationships between independent and dependent variables to be linear. Whether the 
assumption is met can be tested visually through partial regression plots and numerically by 
examining the Pearson correlation matrixes (Pearson, 1895). Fifth, the homoscedasticity 
assumption requires the bivariate distributions to be reasonably evenly spread around the line 
of best fit. The alignment with this assumption can be tested by visually analysing the scatter 
plots of the standardised residuals and standardised predicted values to determine whether the 
distributions are evenly spread. Sixth, the multicollinearity assumption demands for the 
independent variables to not be excessively correlated with one another. Whether the 
assumption is met can be determined by examining the values of tolerance (should be > .1) 
and variance inflation factor (VIF) (should be < 10) for all variables. Finally, the normality of 
residuals assumption requires for the residuals to be normally distributed. The alignment with 
this assumption can be tested the same way as for the normality assumption. 
 The multiple regression analysis technique presented in this section is a powerful 
statistical tool for deriving quantitative evidence about the existence and the strength of the 
relationships between the characteristics of the data. This technique allows the researcher to 




as in this thesis, multiple regression analysis helps to dismiss or prove and then quantify the 
relationships within the data identified through visual means. 
 
3.3.4 Non-Parametric Testing 
Unlike the parametric statistical methods such as the previously described multiple regression 
analysis, non-parametric testing has fewer requirements for the data and so can be used on 
non-normally distributed datasets and small samples. As all continuous measures in the 
smallest US–Australian Sample are non-normally distributed with high skewness and kurtosis 
and many extreme outliers, non-parametric tests were employed to work around these 
imperfections. All testing was performed using SPSS. Non-parametric testing was used in 
Chapter 6 to test whether the “10% rule” holds for demand and if it is relevant to describe 
supply between the US and Australian cinema markets (Research Sub-Question 3.1). Insights 
there also facilitated a better understanding of the preferences of American and Australian 
audiences, exhibitors, and distributors in terms of genres, distribution companies, and origins 
(Research Sub-Question 3.2). While non-parametric statistics refers to the whole branch of 
statistical methods, only the tests employed in Chapter 6 are discussed in this section. 
Non-parametric tests have lower explanatory power, so they are less likely to show 
statistically significant results compared to parametric procedures. Therefore, where possible, 
multiple tests were employed to investigate the relationships. 
The one-sample sign test was chosen to check whether the typical values of box 
office and screenings ratios are equal to 10% (Research Sub-Question 3.1). This test is a 
non-parametric alternative to the one-sample t-test (Gibbons & Chakraborti, 2003,  
p. 168–188). 
The analysis required to address Research Sub-Question 3.2 is more complex, 




whether the medians of distribution measures differ significantly across attribute categories: 
the Mann-Whitney U test, the Kruskal-Wallis test, and the Mood’s median test (Hollander, 
Wolfe, & Chicken, 2013). Multiple procedures were required due to different numbers of 
attribute groups per variable. The Mann-Whitney U test is designed for variables with two 
categories, as a non-parametric alternative to the independent samples t-test (Mann & 
Whitney, 1947; Sheskin, 2004, p. 423–452). The Kruskal-Wallis test is suited for attributes 
with more than two groups and presents a non-parametric alternative to the one-way ANOVA 
(Kruskal, 1952; Kruskal & Wallis, 1952; Sheskin, 2004, p. 757–780). The Mood’s median 
test can be applied to attributes with any number of categories, as a non-parametric 
alternative to both the independent samples t-test and the one-way ANOVA (Brown & Mood, 
1951; Sheskin, 2004, p. 517–519). 
Second, as a follow up for the significant results from the Mann-Whitney U test and 
the Kruskal-Wallis test, effect sizes were computed to evaluate the proportion of variability in 
the measures accounted for by the attributes. Equation 3.4 outlines the calculation of the 
effect size detected by the Mann-Whitney U test, where r is the effect size, Z is the test 
statistic, and N is the sample size (Fritz, Morris, & Richler, 2012). Equation 3.5 formulates 
the computation of the effect size detected by the Kruskal-Wallis test, where η2 is the effect 
size, X2 is the test statistic, and N is the sample size (Green & Salkind, 2008). Effect sizes 
around 0.1 are regarded as small, those around 0.3 medium, and those of 0.5 and above 
considered large (Cohen, 1988). No effect size was calculated for the significant results from 
the Mood’s median test because it does not offer this statistic. 
 
𝑟 =  
𝑍
√𝑁
                                                            (3.4) 
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Third, if significant differences were detected for characteristics with more than two 
categories, post hoc tests were performed on each category pair to identify exactly where the 
differences lie. The Mann-Whitney U tests were conducted as post hoc tests for the 
Kruskal-Wallis test, while Mood’s median tests were performed as post hoc tests for the 
primary Mood’s median test (Sheskin, 2004, p. 517–519, p. 762–766). No further testing was 
required for attributes with two categories. SPSS yields the same statistics for the post hoc 
tests as for the primary tests. 
 While having less statistical power than the parametric techniques such as the 
discussed multiple regression analysis, non-parametric testing offers alternative means for 
deriving quantitative evidence about the data when working with smaller, non-normally 
distributed samples. However, unlike the multiple regression analysis, the non-parametric 
tests presented in this section provide limited evidence for causality. But when employed 
with the exploratory techniques as in this thesis, they offer a tool for examining the existence 




This chapter has summarised the extensive work undertaken in the data preparation stages for 
this thesis outlining the selected methodologies for data analysis. The importance of data in 
the data-driven research has been stressed, and the way information can suggest the 
appropriate methods has been demonstrated. However, the process of arriving at the final 
datasets can be laborious and complex when trying to merge information from different 
sources, in this case, from the Kinomatics database, the Internet Movie Database (IMDb), and 
the Rentrak database. The data retrieval from the three databases and integrating the derived 




that system and scaled at varying geographical aggregation (global, national, and 
international—US–Australian) have also been presented together with the variables and 
hypotheses. Further, four methodologies found to be appropriate for the data have been 
outlined. EDA was adopted as a philosophy for the analysis where the exploration of the 
datasets precedes confirmatory statistics and hypotheses testing. Cluster analysis, multiple 
regression analysis, and non-parametric testing were also selected to further explore, test, and 
quantify the trends observed through the exploratory visualisations. Aided by these 
techniques, the investigation of three derived data samples is presented in the three analytical 
chapters, which follow, to address the three main research questions and their sub-questions 









GLOBAL CINEMA DISTRIBUTION: 
FIVE GLOBAL DISTRIBUTION STRATEGIES AND 
THE DETERMINANTS OF GLOBAL EXPOSURE 
 
“With the growing importance of global markets, the relevance of 
blockbuster bets will only increase.” 
(Elberse, 2013, p. 24) 
 
 INTRODUCTION 
A historical drama Lincoln (2012) directed by Steven Spielberg premiered in the US in 
November 2012. The film portrayed the efforts of the US president Abraham Lincoln to pass 
the Thirteenth Amendment to the United States Constitution that abolished slavery during the 
American Civil War. The movie was distributed by a mini-major company, had a PG-13 
rating, ran for 2.5 hours, and has an Internet Movie Database (IMDb) user rating of 7.4. One 
year later, another historical drama Mandela: Long Walk to Freedom (2013) directed by 
Justin Chadwick also premiered in the States. This film tackled a similar political topic 
tracking the life of the first democratically elected president of South Africa, Nelson 
Mandela, in his efforts to reunite the country. The movie was also distributed by a mini-major 
company, had the same rating and running time, and holds a similar IMDb user rating of 7.1. 
However, while Lincoln received over 800,000 screenings globally, the worldwide exposure 




play to determine a film’s global number of showtimes and whether it has something to do 
with the adopted global distribution strategy. 
To better understand the global movement of cinema, this chapter focuses on the 
global movie dataset that represents international cinema distribution at its most aggregated 
scale. Global dissemination is measured by the number of screenings, geographical spread, 
and run length. These characteristics were first used to segment the sample into distinct 
groups of films reflected by different global distribution strategies. Then movie, distribution, 
and origin characteristics together with geographical spread and run length were incorporated 
into the Global Distribution (GD) regression model to investigate observable factors that 
determine global exposure for internationally released films. Finally, the Segment 
Distribution (SD) model of the same composition was applied to each of the identified movie 
clusters to test for quantifiable differences across the global distribution strategies. The 
analyses described in this chapter offer insight to address the first formulated research 
question and its related sub-questions introduced in Section 1.6: 
 
1. What are the patterns of global cinema distribution? 
1.1 What and how many global cinema distribution strategies can be identified based on 
the global volume of screenings, geographical spread, and the global length of run? 
1.2 How do geographical spread, the global length of run, and the quantifiable factors 
associated with movie, distribution, and origin, affect the global volume of 
screenings? 
1.3 How do the factors that determine the global volume of screenings differ in terms of 






The chapter begins by discussing the characteristics of the Global Sample 
(Section 4.2). Then, results from cluster analysis employed to propose a segmentation of the 
dataset into an optimal number of film groups are described and analysed (Section 4.3). Each 
derived movie segment is also characterised in the same section. This analysis offers insight 
to address the Research Sub-Question 1.1 by identifying five homogeneous film groups 
following different global distribution strategies. After that, multiple regression results 
regarding the GD model for the full sample and five separate SD models for each identified 
strategy are presented and analysed (Section 4.4). The results regarding the GD model serve 
as quantifiable evidence about the importance of certain factors for global exposure and offer 
insight to address the Research Sub-Question 1.2. The findings concerning the SD models 
yield proof that the identified strategies are distinct from one another, and show that the 
importance of certain characteristics for global exposure differs depending on the chosen 
global distribution strategy, offering insight to address the Research Sub-Question 1.3. 
Finally, concluding remarks are made, and the learnings are summarised (Section 4.5). 
 
 DATA OVERVIEW 
To understand the global diffusion of cinema, an appropriate dataset needs to be assembled. 
This section discusses the features from the global dataset that was used in cluster analysis 
and incorporated into multiple regression models discussed later in this chapter. This sample 
represents international cinema distribution at the most aggregate scale recording it at a 
global level. It contains 3,424 films released in the 13-month period between December 2012 
and December 2013 that visited at least two countries from within the dataset, received at 
least 20 screenings, and exhibited for at least seven days. The theatrical life of these movies 
was tracked in 40 sample markets during the data collection period of 2.5 years. In that time, 




movie from the dataset gets around 1,200 screenings internationally, travels to five countries, 
and stays in theatres for approximately 550 days. While the number of showtimes and 
countries visited seem low and the global duration in theatres appear long when thinking 
about Hollywood films, these medians highlight that movies produced independently outside 
Hollywood comprise the majority of the sample. Nonetheless, high variation exists in the 
distribution measures from film to film as, for instance, the most screened movie Frozen 
(2013) received over 2.6 million showtimes travelling to all markets within the sample. 
The main global distribution measures observed for the sample’s films are the global 
number of screenings, geographical spread expressed in the number of countries visited, and 
global run length gauged in the number of days between a movie’s first and last showtimes 
internationally. The term global is used to refer to the 40 sample’s countries throughout this 
chapter and in the remainder of this thesis. Besides the main global distribution measures, 
several movie, distribution, and origin characteristics were recorded for the sample’s films. 
Movie attributes include running time and genre, distribution traits cover the size of the 
distribution company and the season of release based on the first recorded screening in the 
dataset, and origin traits indicate whether films are co-produced and their country of origin.57 
The rest of this section presents the sample from various perspectives employing 
exploratory data analysis techniques. In all observations, medians are used to report typical 
values as these are less affected by outliers compared to averages derived on a mean basis, 
given that the distributions of the discussed continuous variables are known to be highly 
skewed. Figure 4.1 summarises information on global supply by comparing the share of the 
sample’s movies and screenings per genre, distributor, season, and origin. It offers insight on 
whether a particular attribute group is over-represented globally by receiving a higher share 
of showtimes than its share of films or is under-represented by getting a lower proportion of 
                                                 




screenings than movies. Figure 4.2 contrasts the median number of showtimes, geographical 
spread, and run length across the categories offering insight into the behaviour of typical 
films from each group. Finally, Table 4.1 provides the exact values used in Figures 4.1 and 
4.2 and information on the global supply and typical distribution measures across 20 origins. 












Figure 4.2. The median number of screenings, geographical spread, and run length per genre, 







Table 4.1. Global Supply and Medians for Global Screenings, Geographical Spread and 
Global Run Length per Genre, Distributor, Season, and Origin 
Attribute 
Global supply Global distribution measures 







All films 3,424 100% 130,455,277 100% 1,172.0 5.0 549.0  
       
Action/adventure 292 8.5% 42,501,326 32.6% 6,982.0 7.0 505.5 
Animation 134 3.9% 19,877,284 15.2% 6,858.0 7.0 611.5 
Comedy 612 17.9% 24,733,811 19.0% 4,288.5 4.0 464.0 
Documentary 737 21.5% 2,088,980 1.6% 188.0 5.0 568.0 
Drama 1,313 38.3% 27,788,692 21.3% 1,045.0 5.0 571.0 
Horror 123 3.6% 5,323,990 4.1% 1,050.0 5.0 472.0 
Live event 31 0.9% 31,045 0.02% 442.0 7.0 537.0 
Suspense/thriller 182 5.3% 8,110,149 6.2% 3,338.5 5.0 507.5 
        
Major 970 28.3% 87,591,148 67.1% 1,407.5 5.0 558.0 
Mini-major 370 10.8% 22,394,913 17.2% 1,778.5 5.0 552.0 
Independent 2,084 60.9% 20,469,216 15.7% 1,020.5 5.0 543.5 
        
Summer 640 18.7% 34,026,026 26.1% 1,262.0 5.0 520.0 
Holiday 547 16.0% 21,429,807 16.4% 1,434.0 5.0 516.0 
Winter-spring 1,309 38.2% 41,959,875 32.2% 989.0 5.0 618.0 
Fall 928 27.1% 33,039,569 25.3% 1,270.5 5.0 518.5 
        
Single origin 2,570 75.1% 92,274,949 70.7% 1,112.0 4.0 510.0 
Co-production 854 24.9% 38,180,328 29.3% 1,336.5 9.0 623.5 
        
USA 903 26.4% 108,066,663 82.8% 946.0 6.0 579.0 
France 496 14.5% 10,277,978 7.9% 3,311.0 10.0 640.5 
India 366 10.7% 4,555,478 3.5% 2,402.0 4.0 187.0 
Germany 288 8.4% 5,029,294 3.9% 845.5 7.0 634.0 
UK 260 7.6% 16,059,247 12.3% 1,135.5 9.0 613.5 
Japan 193 5.6% 5,064,108 3.9% 3,362.0 3.0 475.0 
Canada 167 4.9% 6,168,886 4.7% 368.0 5.0 565.0 
Spain 132 3.9% 2,630,456 2.0% 1,565.0 7.0 596.5 
Italy 131 3.8% 1,229,554 0.9% 1,595.0 6.0 606.0 
Belgium 124 3.6% 1,936,007 1.5% 3,076.0 9.0 598.5 
South Korea 97 2.8% 1,126,769 0.9% 4,310.0 5.0 516.0 
Mexico 81 2.4% 1,064,156 0.8% 1,036.0 5.0 587.0 
Switzerland 81 2.4% 1,111,898 0.9% 532.0 5.0 598.0 
Argentina 80 2.3% 448,067 0.3% 434.0 5.0 582.0 
Israel 74 2.2% 194,868 0.1% 409.0 5.5 556.0 
Netherlands 72 2.1% 322,524 0.2% 1,088.5 5.0 555.5 
Brazil 71 2.1% 706,152 0.5% 778.0 3.0 555.0 
China 62 1.8% 2,706,184 2.1% 1,916.5 7.5 538.5 
Sweden 59 1.7% 786,742 0.6% 3,233.0 8.0 606.0 
Australia 51 1.5% 3,643,578 2.8% 1,081.0 6.0 611.0 
Note. Mdn = median; F = films; S = screenings. The shares for country data do not constitute 100% because 





 First dividing the sample by genre, it is observed that typical action/adventure and 
animation movies receive the most screenings and travel to the most countries (Figure 4.2 
and Table 4.1). However, while animations tend to run for longest, this is not the case for 
action/adventure. Both genres are also over-represented in the sample as their shares of 
showtimes are almost four times larger than their proportionate shares of films (Figure 4.1 
and Table 4.1). Comedy and suspense/thriller movies also tend to receive relatively more 
screenings, although comedies typically have the shortest runs and visit the fewest markets 
compared to other genres. Dramas and horror films typically get fewer showtimes compared 
to other genres; while horror movies also tend to be short-lived, typical dramas run in theatres 
for longer. Constituting the largest genre category in terms of the number of films, dramas are 
under-represented in terms of their proportionate share of screenings. Whereas horror movies 
amount to only a fraction of the sample, they are slightly over-represented in showtimes. The 
live event category contains few titles and constitutes an even smaller share of the sample’s 
screenings. However, while typical live event films receive few showtimes they travel 
widely. Finally, typical documentaries get the fewest screenings, although they stay in 
theatres longer than most of the other genres. Nonetheless, while amounting to a large share 
of the sample’s movies, documentaries are the most under-represented in their proportionate 
share of showtimes. More insight on genre in light of the distribution companies and origins 
is provided later in the chapter. 
 Moving to consider the size of the distribution company, while most movies are 
independently distributed, this category is largely under-represented in its proportionate share 
of screenings (Figure 4.1 and Table 4.1). In contrast, relatively few major releases receive the 
majority of showtimes, which is to be expected given that blockbusters are usually distributed 
by majors. Films circulated by mini-majors are also over-represented, although the difference 




similar in run length, and not far apart in global exposure (Figure 4.2 and Table 4.1). 
However, typical mini-major releases receive the most screenings. This marginal variation 
across distributors can be explained by the fact that 10% of the top-screening movies released 
by majors, mini-majors, and independents receive 90%, 81%, and 75% of each group’s 
showtimes, respectively, whereas smaller films compete for the remainder of screenings 
typically exhibiting for fewer times. 
Regarding release season, summer premieres are over-represented in the global 
sample, while both the winter-spring and fall releases are under-represented in their 
proportionate share of showtimes, although the differences are small (Figure 4.1 and 
Table 4.1). No substantial variation in the typical global measures is found across the 
seasons, except that winter-spring releases run the longest (Figure 4.2 and Table 4.1). 
Judging from the origin information, co-productions outperform movies from a single 
origin across all measures. While amounting to only a quarter of films, co-productions are 
over-represented in the global sample in their proportionate share of screenings (Figure 4.1 
and Table 4.1). They also tend to visit substantially more countries and run for longer than 
movies from a single origin (Figure 4.2 and Table 4.1).  
The US, Australia, the UK, and China are the only specific origins over-represented in 
the global sample in their proportionate share of showtimes, while Canada is neither over- 
nor under-represented (Table 4.1). All other countries are under-represented with Israel, the 
Netherlands, and Argentina being the most under-represented. Typical films from South 
Korea, Japan, France, Sweden, and Belgium receive the most screenings from all origins, 
while movies made in Canada, Israel, and Argentina tend to get the fewest showtimes. 
Typical films from France, the UK, Belgium, and Sweden travel the most widely, while 
movies produced in Japan, China, and India tend to visit the fewest markets. Indian films 




Dividing the sample by both genre and distributor (Table 4.2), movies from 
well-performing genres do even better when released by the acclaimed companies, while 
films from genres that perform poorly are even worse off when independently disseminated. 
Moreover, movies from specific genres do better under the distribution of majors, while 
others perform the best when disseminated by mini-majors. Action/adventure and animation 
films distributed by the acclaimed companies greatly outperform independently disseminated 
movies of the same genres as they are largely over-represented in the sample in their 
proportionate share of screenings, and typical films receive more showtimes and travel to 
more countries. Importantly, action/adventure and animation movies do best when released 
by majors as seen from their median number of screenings and geographical spread and the 
representation in the global sample. While comedy, horror, and suspense/thriller films 
distributed by the acclaimed companies also largely outperform independently disseminated 
titles in their representation in the global sample and typical volume of showtimes, these 
genres do best when released by mini-majors as demonstrated in their median number of 
screenings. Furthermore, for dramas and documentaries, which perform poorly across all 
measures, being distributed by either a major or mini-major company improves their 





Table 4.2. Global Supply and Medians for Global Screenings, Geographical Spread, and 
Global Run Length per Cross-Tabulation between Genre and Distributor 
Attribute 
Global supply Global distribution measures 







Action/adventure         
 Major 104 3.0% 32,923,501 25.2% 15,915.0 10.0  568.0 
 Mini-major 34 1.0% 5,811,095 4.5% 13,392.5 10.0  470.5 
 Independent 154 4.5% 3,766,730 2.9% 5,289.5 5.5  484.0 
Animation         
 Major 60 1.8% 17,272,040 13.2% 7,345.5 9.5  626.0 
 Mini-major 8 0.2% 799,764 0.6% 7,806.5 7.0  591.0 
 Independent 66 1.9% 1,805,480 1.4% 5,000.0 6.0  597.0 
Comedy         
 Major 150 4.4% 12,874,790 9.9% 6,213.5 5.0  508.5 
 Mini-major 69 2.0% 6,669,854 5.1% 12,158.0 5.0  534.0 
 Independent 393 11.5% 5,189,167 4.0% 3,076.0 4.0  425.0 
Documentary         
 Major 182 5.3% 670,504 0.5% 180.0 5.0  570.5 
 Mini-major 68 2.0% 259,027 0.2% 175.5 4.0  565.5 
 Independent 487 14.2% 1,159,449 0.9% 202.0 5.0  567.0 
Drama         
 Major 389 11.4% 15,867,762 12.2% 1,138.0 6.0  558.0 
 Mini-major 156 4.6% 6,010,810 4.6% 1,341.5 5.0  569.5 
 Independent 768 22.4% 5,910,120 4.5% 958.5 5.0  574.5 
Horror         
 Major 30 0.9% 3,298,871 2.5% 1,649.0 4.0  396.0 
 Mini-major 17 0.5% 918,014 0.7% 4,494.0 8.0  568.0 
 Independent 76 2.2% 1,107,105 0.8% 561.0 6.0  449.5 
Live event         
 Major 6 0.2% 713 <0.1% 96.5 5.5  710.5 
 Mini-major 2 0.1% 816 <0.1% 408.0 5.5  468.0 
 Independent 23 0.7% 29,516 <0.1% 1,130.0 12.0  523.0 
Suspense/thriller         
 Major 49 1.4% 4,682,967 3.6% 5,028.0 5.0  467.0 
 Mini-major 16 0.5% 1,925,533 1.5% 13,226.5 7.0  579.0 
 Independent 117 3.4% 1,501,649 1.2% 1,876.0 5.0  518.0 
Note. Mdn = median; F = films; S = screenings. 
 
The sample can also be split by both genre and origin, and the production type and 
origin, to inspect the volumes of produced films in each country (Table 4.3). Drama and 
documentary are the two top produced genres for most origins, which is reflected in the large 
size of those categories in the global sample. However, Switzerland and Australia make more 




movies. More variation is seen in the second most made genre among the countries with 
India, Italy, and Belgium excelling in comedies, Japan producing many animations, and 
South Korea creating the same number of comedies as action/adventure films. Finally, while 
the US is the main producer of most genres, Japan leads in the production of animations. 
Table 4.3 also provides insight into the tendency of each of the top 20 origins to 
collaborate. India, South Korea, Japan, Brazil, and the US are the markets that produce most 
of their movies independently. Belgium, Switzerland, China, France, Sweden, and Germany 
tend to collaborate. Countries that operate with an equal split between collaboration and sole 
national productions are the UK, Canada, Spain, Italy, Mexico, Argentina, Israel, the 




Table 4.3. The Number and Proportion of Films from the Top 20 Production Countries by Genre and Origin Type 
Origin 
Genre Origin type 
Total Action/ 
adventure 






F %F F %F F %F F %F F %F F %F F %F F %F F %F F %F F 
USA 90 10.0% 23 2.5% 130 14.4% 289 32.0% 252 27.9% 55 6.1% 14 1.6% 50 5.5% 634 70.2% 269 29.8% 903 
France 8 1.6% 23 4.6% 90 18.1% 100 20.2% 242 48.8% 8 1.6%  – – 25 5.0% 175 35.3% 321 64.7% 496 
India 66 18.0% 6 1.6% 111 30.3% 16 4.4% 132 36.1% 6 1.6%  – – 29 7.9% 336 91.8% 30 8.2% 366 
Germany 14 4.9% 6 2.1% 29 10.1% 88 30.6% 137 47.6% 3 1.0% 2 0.7% 9 3.1% 114 39.6% 174 60.4% 288 
UK 20 7.7% 8 3.1% 35 13.5% 75 28.8% 87 33.5% 10 3.8% 5 1.9% 20 7.7% 114 43.8% 146 56.2% 260 
Japan 13 6.7% 38 19.7% 20 10.4% 22 11.4% 80 41.5% 9 4.7%  – – 11 5.7% 163 84.5% 30 15.5% 193 
Canada 14 8.4% 6 3.6% 20 12.0% 43 25.7% 59 35.3% 20 12.0%  – – 5 3.0% 89 53.3% 78 46.7% 167 
Spain 9 6.8% 7 5.3% 18 13.6% 32 24.2% 45 34.1% 6 4.5% 1 0.8% 14 10.6% 69 52.3% 63 47.7% 132 
Italy 1 0.8% 4 3.1% 37 28.2% 26 19.8% 53 40.5% 4 3.1% 2 1.5% 4 3.1% 73 55.7% 58 44.3% 131 
Belgium 4 3.2% 12 9.7% 27 21.8% 21 16.9% 55 44.4%  – –  – – 5 4.0% 17 13.7% 107 86.3% 124 
South Korea 14 14.4% 4 4.1% 14 14.4% 12 12.4% 43 44.3% 1 1.0%  – – 9 9.3% 88 90.7% 9 9.3% 97 
Mexico 3 3.7% 1 1.2% 10 12.3% 21 25.9% 42 51.9% 3 3.7%  – – 1 1.2% 46 56.8% 35 43.2% 81 
Switzerland 2 2.5%  –  – 8 9.9% 39 48.1% 29 35.8% 1 1.2%  – – 2 2.5% 27 33.3% 54 66.7% 81 
Argentina 1 1.3% 2 2.5% 6 7.5% 18 22.5% 43 53.8% 1 1.3% 1 1.3% 8 10.0% 36 45.0% 44 55.0% 80 
Israel 2 2.7% 1 1.4% 6 8.1% 25 33.8% 39 52.7%  – –  – – 1 1.4% 39 52.7% 35 47.3% 74 
Netherlands 7 9.7% 1 1.4% 9 12.5% 11 15.3% 36 50.0%  – – 2 2.8% 6 8.3% 34 47.2% 38 52.8% 72 
Brazil 3 4.2% 2 2.8% 10 14.1% 18 25.4% 36 50.7%  – –  – – 2 2.8% 53 74.6% 18 25.4% 71 
China 23 37.1% 2 3.2% 7 11.3% 10 16.1% 16 25.8%  – –  – – 4 6.5% 21 33.9% 41 66.1% 62 
Sweden 2 3.4% 3 5.1% 6 10.2% 12 20.3% 32 54.2% 2 3.4%  – – 2 3.4% 22 37.3% 37 62.7% 59 
Australia 3 5.9% 1 2.0% 3 5.9% 21 41.2% 17 33.3% 1 2.0%  – – 5 9.8% 25 49.0% 26 51.0% 51 




 CLUSTER ANALYSIS 
After the data was explored, cluster analysis was employed to segment the Global Sample 
into an optimal number of film groups represented by distinct global distribution strategies. 
As explained in Section 3.3.2, the partitioning clustering technique k-means was employed in 
this study. Three continuous global distribution measures, the number of screenings, 
geographical spread, and run length, were selected as clustering variables. Their values were 
first normalised using the scaling method min-max normalisation. Instead of pre-specifying 
the number of segments to be derived from the data, the optimal number of groups was 
computed during the analysis using the variance ratio criterion. This section first discusses 
general clustering results and then outlines the characteristics of each identified group. 
 
4.3.1 General Clustering Results 
Cluster analysis was run on the full global sample of 3,424 films yielding five segments, thus 
demonstrating the existence of five distinct global distribution strategies (Figure 4.3). All 
cases were assigned to one of the five identified groups based on the clustering variables. The 
high value of the between-group sum of squares (352.9) shows a sufficient separation 
between clusters, while the low value of the within-group sum of squares (67.1) demonstrates 







Figure 4.3. Scatterplots portraying the sample’s separation into five clusters across global 
screenings, geographical spread, and global run length. 
 
Table 4.4 shows results for Analysis of Variance (ANOVA) computed per three 
clustering variables. The highly significant values of F-statistic prove that the proposed 
separation into segments was effective across all measures. Further, the number of screenings 
is the most efficient clustering variable, while run length is the least effective as expressed in 








Sum of squares df Sum of squares df 
Screenings 156.4  4 179.9  3,419 743.0 <.001 
Geo spread 188.2  4 225.3  3,419 714.1 <.001 
Run length 8.4  4 14.9  3,419 480.2 <.001 
Note. df = degrees of freedom.  
 
4.3.2 Contextualising the Clusters 
Going on to describe and compare the clusters, the identified segments can be grouped into 
three tiers for each clustering measure to describe the five emerging global distribution 
strategies based on the visual segmentation (Figure 4.3), the positioning of the cluster centres 
(Table 4.5), and the minimum and maximum values (Table 4.6)—see Table B.4 in 
Appendix B for full descriptive statistics per cluster. Regarding the global screening volumes, 
the distribution strategies for Clusters 2, 3, and 4 can be characterised as “limited release;” 
those for Cluster 1 as “wide release;” and those for Cluster 5 as “blockbuster release.” 
Similarly, concerning geographical spread, the strategies for Clusters 2, 3, and 4 can be 
defined as “narrow reach;” those for Cluster 1 as “broad reach;” and those for Cluster 5 as 
“global reach.” Regarding duration in global theatres, the strategy for Cluster 3 can be 
described as “short run;” that for Cluster 2 as “medium run;” and those for Clusters 1, 4, 
and 5 as “long run.” 
 
Table 4.5. The Mean Values for Cluster Centres Across Three Clustering Variables 
Cluster N 
Cluster centres 
Screenings Geo spread Run 
1 422  31,527.0  20.06  726.59  
2 1,154  5,331.7  4.52  462.66  
3 704  5,106.0  3.31  151.83  
4 976  5,994.0  6.97  706.67  





Table 4.6. The Volume of Films and Screenings and Ranges of Three Clustering Variables 
Cluster 
Global supply 





Films % F Screenings % S Min Max Min Max Min Max 
1 422 12.3% 13,304,330  10.2% 59 638,829 14 31 379 916 
2 1,154 33.7% 6,152,832  4.7% 20 291,307 2 17 301 606 
3 704 20.6% 3,594,649  2.8% 20 274,996 2 15 10 311 
4 976 28.5% 5,850,119  4.5% 21 489,005 2 13 545 916 
5 168 4.9% 101,553,347  77.8% 25,775 2,609,014 26 40 136 916 
Note. F = films; S = screenings. 
 
Given that the global distribution strategies for Clusters 1 and 5 can be distinguished 
by the global screening volumes, in the remainder of this chapter films assigned to those 
segments are described as following “wide release” and “blockbuster” strategies, 
respectively. However, as the strategies for Clusters 2, 3, and 4 are characterised identically 
in terms of the global showtime volumes and geographical spread, in the remainder of this 
chapter duration in theatres is used together with global exposure to describe movies assigned 
to those segments as following “medium limited release,” “short limited release,” and “long 
limited release” strategies, respectively. 
The size of the segment does not directly translate into the volume of global 
screenings (Table 4.6). On the contrary, 5% of the sample’s films that follow a “blockbuster” 
strategy receive the majority of showtimes. In turn, 83% of the movies that follow one of the 
three “limited release” strategies receive only 12% of screenings. 
Looking for a film positioned closest to the centres of all three clustering variables 
within a segment; in other words, a movie for which the number of screenings, geographical 
spread, and run length are the nearest to the mean value of each clustering variable listed in 
Table 4.5, the most typical film following each distribution strategy can be identified. An 
exemplary “wide release” is the independently distributed drama Still Life (2013), which was 




22 countries, and remained in international theatres for 639 days. A representative “medium 
limited release” is the Spanish thriller Tres 60 [Three-60] (2013), which was distributed by a 
major, premiered in summer, received 5,028 screenings in five markets, and remained in 
cinemas for 428 days. A typical “short limited release” is the Indian drama Anthaku Mundu 
Aa Taruvatha [Before It, After That] (2013), which was distributed by a major, released in 
summer, received 4,596 showtimes across three countries, and stayed in theatres for 153 
days. A representative “long limited release” is the independently distributed drama Un 
Giorno Devi Andare [There Will Come a Day] (2013), which was co-produced by Italy and 
France, premiered in the winter-spring season, received 6,146 screenings in seven markets, 
and stayed in theatres for 673 days. An example of a typical “blockbuster” is the American 
action comedy 2 Guns (2013), which was distributed by a major, released in summer, 
received 622,569 showtimes in 39 countries, and remained in international cinemas for 
617 days. 
To further describe the identified distribution strategies, the behaviour of each film 
group is compared across the three distribution measures. First looking at the number of 
screenings (Tables 4.5 and 4.6), it is the few “blockbusters” that receive the majority of the 
world’s showtimes. These movies never exhibit fewer than 25,000 times, and some reach 
over 2.6 million screenings. Also, “blockbusters” gets over 600,000 showtimes on average, 
which is more than received by any film that follows other distribution strategies, with the 
exception of the “wide release” Anchorman 2: The Legend Continues (2013). Moreover, each 
of the three top-exhibited “blockbusters,” the American animation Frozen (2013); another 
animation Despicable Me 2 (2013), co-produced by the US, France, and Japan; and the action 
adventure movie Iron Man 3 (2013), co-produced by the US and China, screened over 2.2 




“Wide releases” also get relatively more showtimes, never exhibiting fewer than 60 
times, although also never receiving more than 600,000 screenings (Tables 4.5 and 4.6). 
“Wide release” screen five to six times more than films following the three “limited release” 
strategies, receiving over 31,000 showtimes on average. However, only the top-exhibited 
“wide release,” the American comedy Anchorman 2 (2013), received over 600,000 
screenings. The second most shown movie with this distribution strategy, the Mexican 
comedy No Se Aceptan Devoluciones [Instructions Not Included] (2013), got over 400,000 
showtimes, while the third most exhibited “wide release,” the American action sci-fi film Red 
Dawn (2012), barely received 300,000 screenings. 
In contrast, “medium” and “short limited releases” screen less, never receiving more 
than 300,000 showtimes internationally (Tables 4.5 and 4.6), with movies following these 
distribution strategies only exhibiting about 5,000 times on average. However, only the 
top-screened “medium limited release,” the American drama Temptation: Confessions of a 
Marriage Counsellor (2013), came close to 300,000 showtimes. The second most exhibited 
film with this strategy, the American comedy Baggage Claim (2013), received over 220,000 
screenings, while the third most screened “medium limited release,” the Japanese action 
drama Eien no 0 [The Eternal Zero] (2013), got over 140,000 showtimes. But, the three 
top-exhibited “short limited releases,” all American comedies, A Madea Christmas (2013), 
The Incredible Burt Wonderstone (2013), and The Best Man Holiday (2013), all received 
over 260,000 screenings. 
While “long limited releases” perform slightly better than “medium” and “short 
limited releases” exhibiting around 6,000 times on average, they never get more than 500,000 
showtimes (Tables 4.5 and 4.6). Only the top-screened movie with this distribution strategy, 
an American biographical drama 42 (2013), exhibited close to 500,000 times. The number of 




with the American comedy The Guilt Trip (2012) getting around 300,000 screenings, the 
action thriller Getaway (2013) co-produced by the US and Bulgaria exhibiting over 160,000 
times, and the French comedy Les Profs [Serial Teachers] (2013) only receiving 
approximately 80,000 screenings. 
Now, shifting attention to geographical spread (Tables 4.5 and 4.6), “blockbusters” 
travel the widest, visiting between 26 and 40 countries and opening in 36 markets on average. 
They are followed by “wide releases” that premiere in between 14 and 31 countries, releasing 
into 20 markets on average. In contrast, films following the three “limited release” strategies 
travel the least. “Short limited releases” visit between two and 15 countries and open in only 
three markets on average. “Medium limited releases” have a slightly better spread reaching 
between two and 17 countries while screening in five markets on average. Finally, “long 
limited releases” visit between two and 13 countries and exhibit in seven markets on average. 
A different ranking can be observed among the strategies in terms of the global 
theatrical run (Tables 4.5 and 4.6). Films following “wide release,” “long limited release,” 
and “blockbuster” strategies stay in theatres the longest, in some cases for over 2.5 years, 
with the movies running for around two years on average. However, while “long limited 
releases” never screen for less than 1.5 years, run length starts at around a year for “wide 
releases” and at around four months for “blockbusters.” “Medium limited releases” can 
exhibit for anywhere between 10 and 20 months, staying in theatres for 15 months on 
average. Finally, “short limited releases” can remain in cinemas for as little as 10 days and 
never screen for longer than 10 months, spending only around five months in theatres on 
average. 
To contextualise the identified distribution strategies, films grouped into each strategy 
can be compared by movie, distribution, and origin characteristics (Figure 4.4). Genre, 




three types of “limited releases,” with drama, documentary, and comedy dominating the 
profiles and most films being released independently during low seasons. In contrast, a third 
of “blockbusters” are action/adventure movies, while their share of documentaries is 
marginal. The majority of “blockbusters” are distributed by majors, and the share of 
mini-major releases within this strategy is twice that of other strategies. Finally, single origin 
productions dominate the profiles across all strategies. However, while the division between 
the origin types is more even in “wide releases” and “blockbusters,” co-productions are 
largely overshadowed in “medium” and “long limited releases” and constitute only a 












More detailed origin information about the films following each distribution strategy 
is available in Table 4.7 that lists the proportion of movies from each of the 20 specific 
origins across clusters. The origin composition is similar between “wide releases” and “long 
limited releases” as most films following these strategies are produced between the US and 
Europe with many originating from France, the UK, and Germany. The only notable origins 
of “medium limited releases” are the US and France, while those of “short limited releases” 
are India and the US. Finally, the overwhelming majority of “blockbusters” are made in the 
US with smaller shares produced in France and the UK, while none originating from South 
Korea, Argentina, Israel, the Netherlands, or Brazil. 
 
Table 4.7. The Count and Proportion of Films in the Five Clusters per 20 Production Origins 
Origin 
Cluster 1a Cluster 2b Cluster 3c Cluster 4d Cluster 5e 
Films %F Films %F Films %F Films %F Films %F 
USA 140 33.2% 291 25.2% 114 16.2% 214 21.9% 144 85.7% 
France 149 35.3% 117 10.1% 24 3.4% 178 18.2% 28 16.7% 
India 17 4.0% 75 6.5% 226 32.1% 44 4.5% 4 2.4% 
Germany 52 12.3% 83 7.2% 16 2.3% 125 12.8% 12 7.1% 
UK 62 14.7% 57 4.9% 36 5.1% 75 7.7% 30 17.9% 
Japan 12 2.8% 87 7.5% 48 6.8% 41 4.2% 5 3.0% 
Canada 24 5.7% 59 5.1% 31 4.4% 44 4.5% 9 5.4% 
Spain 22 5.2% 50 4.3% 10 1.4% 45 4.6% 5 3.0% 
Italy 19 4.5% 45 3.9% 13 1.8% 51 5.2% 3 1.8% 
Belgium 32 7.6% 39 3.4% 8 1.1% 36 3.7% 9 5.4% 
South Korea 6 1.4% 48 4.2% 16 2.3% 27 2.8%   – – 
Mexico 10 2.4% 35 3.0% 5 0.7% 30 3.1% 1 0.6% 
Switzerland 8 1.9% 30 2.6% 8 1.1% 31 3.2% 4 2.4% 
Argentina 7 1.7% 35 3.0% 8 1.1% 30 3.1%   – – 
Israel 7 1.7% 36 3.1% 4 0.6% 27 2.8%   – – 
Netherlands 8 1.9% 28 2.4% 11 1.6% 25 2.6%   – – 
Brazil 8 1.9% 33 2.9% 9 1.3% 21 2.2%   – – 
China 7 1.7% 18 1.6% 13 1.8% 22 2.3% 2 1.2% 
Sweden 13 3.1% 19 1.6% 3 0.4% 21 2.2% 3 1.8% 
Australia 7 1.7% 12 1.0% 8 1.1% 19 1.9% 5 3.0% 
Note. F = films. The shares do not constitute 100% because co-produced films are attributed to all origins as 
individual movies and because only the top 20 origins are listed. 
a “wide release” 
b “medium limited release” 
c “short limited release” 





Cluster analysis has divided all films into five homogeneous groups representing 
distinct global distribution strategies based on the three clustering variables, namely the 
global number of screenings, geographical spread, and the global length of run. The strategies 
have been contextualised in terms of the global distribution measures and movie, distribution, 
and origin characteristics, and assigned the titles of “short limited release,” “medium limited 
release,” “long limited release,” “wide release,” and “blockbuster.” The majority of 
“blockbusters” appeared to be distributed by majors or mini-majors and made in the US. 
With the majority of the previous studies into international film exchange focusing on 
well-performing American titles (Sections 2.4 and 2.5) these movies have typically received 
most of the academic attention. However, while amounting to the majority of world’s 
showtimes “blockbusters” constitute only 5% of all internationally distributed films. The 
existence of four other distinct distribution strategies that most movies follow outlines the 
need to study and theorise the behaviour of more diverse films. 
To assist with that, the next section presents the results of multiple regression analysis 
performed by running a model of identical independent variable composition on each movie 
segment with the most effective clustering variable—the global number of screenings—as a 
dependent variable. The results first allow us to conclude whether the proposed separation 
into clusters is meaningful by presenting a quantitative proof of differences across groups. 
They also offer insight into which factors determine the global exposure of films following 
each distribution strategy and whether they differ between “blockbusters” and other groups. 
Finally, the results from the same model tested on the full Global Sample reveal what leads to 




 REGRESSION MODELS FOR THE GLOBAL SAMPLE AND FIVE 
CLUSTERS 
After cluster analysis suggested a segmentation for the sample’s films into five groups 
following distinct global distribution strategies, which have been further contextualised, we 
turned to multiple regression techniques to better understand the behaviour of movies from 
each segment and the Global Sample as a whole. This approach produced evidence about the 
observable factors that determine global exposure and quantifiable differences across the 
identified clusters. From the results of the Global Distribution (GD) model run on the full 
sample, factors of significance in relation to global exposure can be outlined. This allows us 
to draw conclusions about the importance of specific characteristics in the current global 
distribution landscape. Also, the significance and the direction of the effects of the tested 
factors can be evaluated and compared across the Segment Distribution (SD) models run on 
each of the five film groups. This allows us to conclude about the similarities and differences 
between the clusters and to theorise what factors determine global exposure for movies 
following different global distribution strategies. 
 
4.4.1  Characteristics Included in the GD and SD Models and the Alignment with the 
Assumptions for Multiple Regression 
Observable characteristics from the data form the set of explanatory variables used in the GD 
model and the five SD models to understand and measure the impact these factors have upon 
global exposure. All models reported in this chapter, and the subsequent chapters, were 
applied using ordinary least squares regression as the technique. The traits of the full global 
dataset which relate to the GD model are described in Section 4.2, while cluster-specific 




The specification of the GD and SD models explains global exposure of a film i from 
a cluster j (or the full global dataset) as a function of four predictor groups: (1) the indicator 
of global coverage measured by geographical spread (as natural logarithm); (2) the indicator 
of global duration measured by global run length (as natural logarithm); (3) movie attributes 
which include running time (as natural logarithm) and genre; (4) distribution characteristics 
which include the size of the distributor and the season of release; and (5) origin variables, 
such as whether a film is co-produced and its origin. The set of measurable characteristics m 
(m = 1, … , M) that form the variables included in the GD and SD models, and most of the 
models in the subsequent chapters, are shown in Table 4.8, while the model is specified in 
Equation 4.1, where i and j stand for film and cluster (or the full global dataset), respectively; 
the terms βr for r = 1, ... , 36 are parameters of the model; and ɛij is an error term. 
 
ln SCREENINGS_GLij = β0 + β1 ln GEO_SPR_GLij + β2 ln RUN_GLij +  
 β3 ln RUN_TIMEij + β4–10 Genre Dummiesij +   
 β11–12 Distributor Dummiesij + β13–15 Season Dummiesij +  





Table 4.8. Description of Variables Included in the GD Model and Five SD Models 
Note. The omitted categories for dummy variables are suspense/thriller for genre, independent for distributors, 




Variable Description of variable Modality 
SCREENINGS_GL 
Movie’s total number of screenings in 40 countries, 
expressed as natural logarithm 
Continuous 
GEO_SPR_GL 
Movie’s total number of countries visited, expressed 
as natural logarithm 
Continuous 
RUN_GL 
Days between a movie’s first and last screenings in 
40 countries, expressed as natural logarithm 
Continuous 
RUN_TIME 
Movie’s duration in minutes, expressed as natural 
logarithm 
Continuous 
ACTION_ADVNT Movie classified in action or adventure genres Dummy 
ANIM Movie classified in animation genre Dummy 
COMEDY Movie classified in comedy genre Dummy 
DOCO Movie classified in documentary genre Dummy 
DRAMA Movie classified in drama genre Dummy 
HORROR Movie classified in horror genre Dummy 
LIVE_EVENT 
Movie classified in live concert, performance, or 
opera genres 
Dummy 
MAJOR Movie released by a major distribution company Dummy 
MINI-MAJOR 
Movie released by a mini-major distribution 
company 
Dummy 
SUMMER Movie released in summer season Dummy 
HOLIDAY Movie released in holiday season Dummy 
WINT_SPR Movie released in winter-spring season Dummy 
CO-PROD Movie produced by multiple countries Dummy 
USA Movie produced by the US Dummy 
FRANCE Movie produced by France Dummy 
INDIA Movie produced by India Dummy 
GERMANY Movie produced by Germany Dummy 
UK Movie produced by the UK Dummy 
JAPAN Movie produced by Japan Dummy 
CANADA Movie produced by Canada Dummy 
SPAIN Movie produced by Spain Dummy 
ITALY Movie produced by Italy Dummy 
BELGIUM Movie produced by Belgium Dummy 
SOUTH_KOREA Movie produced by South Korea Dummy 
MEXICO Movie produced by Mexico Dummy 
SWITZERLAND Movie produced by Switzerland Dummy 
ARGENTINA Movie produced by Argentina Dummy 
ISRAEL Movie produced by Israel Dummy 
NETHERLANDS Movie produced by the Netherlands Dummy 
BRAZIL Movie produced by Brazil Dummy 
CHINA Movie produced by China Dummy 
SWEDEN Movie produced by Sweden Dummy 




For the GD model, the set of M variables is 36, which corresponds to two continuous 
global distribution measures, one continuous variable for running time, seven movie 
dummies, five distribution dummies, and 21 origin dummies. For the SD model representing 
“wide releases,” M = 34 as RUN_GL and RUN_TIME were removed due to low correlation 
with global exposure—see Table B.5 in Appendix B for correlations. For the SD models 
representing three types of “limited releases,” M = 35 as RUN_GL was excluded due to low 
correlation. And for the SD model representing “blockbusters,” M = 28 as RUN_GL and 
RUN_TIME were dropped due to low correlation, along with LIVE_EVENT, 
SOUTH_KOREA, ARGENTINA, ISRAEL, NETHERLANDS, and BRAZIL because they were 
not reflected in the data for this segment. 
Before exploring the results, it is important to discuss how well the six models of 
global exposure for all films and movies following each global distribution strategy align 
with the assumptions of multiple regression presented in Section 3.3.3. The level of 
measurement assumption was met for all models since the dependent variable is continuous 
and all independent variables are continuous or were recoded into dummies. The sample size 
assumption was also met for all models as the Global Sample contains 3,424 films, while the 
number of movies across segments ranges between 168 and 1,154. In contrast, the normality 
assumption was not met in any of the models because all variables are heavily right-skewed 
as suggested by statistically significant values of the Kolmogorov-Smirnov normality test and 
remained non-normally distributed even after transforming as natural logarithm. However, 
the analysis proceeded despite this violation as meeting this condition is non-essential for 
large sample sizes. But the transformation ensured that the normality of residuals assumption 
was met in all segments as residuals were initially found to be non-normally distributed in all 
regressions. The assumption of linearity was also met in all models as the included 




correlations. Nonetheless, run length was removed from all SD models, while running time 
was excluded from the SD models for “wide releases” and “blockbusters” due to correlation 
problems. No significant complications were detected regarding the homoscedasticity 
assumption as observed from the scatterplots of the standardised residuals and standardised 
predicted values for all regressions. Also, applying different transformations to variables did 
not result in more even distributions. Finally, the multicollinearity assumption was also met 
in all models as demonstrated by tolerance > .1 and VIF < 10 for all variables. While cinema 
data tends to be messy, rarely following a normal distribution, and has many extreme outliers 
because a few hit movies usually highly outperform other films, its modelling should not be 
avoided if the violations of the assumptions of multiple regression can be addressed, as 
discussed in this and the following chapters of this thesis. 
 
4.4.2  Results and Analysis of the GD and SD Models 
This section presents the results and analysis relating to the GD model applied to the full 
Global Sample and the five SD models of the same composition applied to each segment. The 
size of categories, estimated coefficients, standard errors, and p values of the GD model are 
presented in Table 4.9, while the same information for the five SD models is outlined in 
Table B.6 in Appendix B. The estimated coefficients marked by the significance of p values 





Table 4.9. Full Regression Results for the GD Model 
Independent variables 
Dependent variable = SCREENINGS_GL 
 N  B  SE  p 
C  –5.717 (0.798) <.001 
GEO_SPR_GL 3,424 1.602 (0.041) <.001 
RUN_GL 3,424 0.078 (0.045) .086 
RUN_TIME 3,424 2.153 (0.162) <.001 
ACTION_ADVNT 292 0.543 (0.155) <.001 
ANIM 134 0.817 (0.192) <.001 
COMEDY 612 0.518 (0.139) <.001 
DOCO 737 –1.657 (0.138) <.001 
DRAMA 1,313 –0.703 (0.130) <.001 
HORROR 123 –0.475 (0.192) .013 
LIVE_EVENT 31 –3.246 (0.327) <.001 
MAJOR 970 0.269 (0.064) <.001 
MINI-MAJOR 370 0.543 (0.093) <.001 
SUMMER 640 –0.067 (0.084) .430 
HOLIDAY 547 0.236 (0.089) .008 
WINT_SPR 1,309 –0.095 (0.071) .180 
CO-PROD 854 –0.570 (0.090) <.001 
USA 903 0.504 (0.078) <.001 
FRANCE 496 0.467 (0.097) <.001 
INDIA 366 0.246 (0.117) .036 
GERMANY 288 0.071 (0.111) .518 
UK 260 0.036 (0.113) .753 
JAPAN 193 1.248 (0.132) <.001 
CANADA 167 –0.192 (0.136) .158 
SPAIN 132 0.211 (0.152) .165 
ITALY 131 0.299 (0.151) .047 
BELGIUM 124 0.139 (0.162)  .391 
SOUTH_KOREA 97 0.805 (0.175) <.001 
MEXICO 81 0.517 (0.188) .006 
SWITZERLAND 81 –0.034 (0.190) .858 
ARGENTINA 80 –0.011 (0.193) .953 
ISRAEL 74 –0.463 (0.197) .019 
NETHERLANDS 72 0.027 (0.199) .892 
BRAZIL 71 0.753 (0.199) <.001 
CHINA 62 –0.259 (0.219) .237 
SWEDEN 59 0.337 (0.220) .125 
AUSTRALIA 51 0.633 (0.233) .007 
 N = 3,424 
 R2 = .584  
F = 132.157  
p = <.001 




Table 4.10. Summarised Regression Results for the Five SD Models, Estimated Coefficients 
Independent variables 
Dependent variable = SCREENINGS_GL 
SD1a SD2b SD3c SD4d SD5e 
C  0.922 –6.394*** –2.040 –4.525** –1.339 
GEO_SPR_GL  3.009***  0.915***  1.323***  0.898***  3.795*** 
RUN_TIME X  2.596***  1.625***  2.239*** X 
ACTION_ADVNT  0.252  0.300  0.008  1.085** –0.041 
ANIM –0.394  0.685  0.585  1.182**  0.455* 
COMEDY –0.121  0.676**  0.193  0.774**  0.088 
DOCO –2.172*** –1.521*** –1.391*** –1.317*** –0.752* 
DRAMA –0.867** –0.792*** –0.637* –0.602* –0.328 
HORROR –0.328 –0.847* –0.118 –0.367  0.091 
LIVE_EVENT –3.148*** –3.282*** –1.853** –2.449*** X 
MAJOR  0.108 –0.058 –0.074  0.096  0.439** 
MINI-MAJOR  0.619**  0.466**  0.028  0.279  0.229 
SUMMER –0.112 –0.132 –0.102 –0.036  0.022 
HOLIDAY  0.424*  0.264  0.383* –0.036  0.079 
WINT_SPR –0.235  0.016 –0.011 –0.201  0.101 
CO-PROD –0.525** –0.471** –0.431 –0.605***  0.235 
USA  0.527**  0.128 –0.277  0.134  0.571** 
FRANCE  0.356*  0.728***  0.493  0.598*** –0.418* 
INDIA  1.058**  0.337  0.022  0.258 –0.057 
GERMANY –0.266  0.242 –0.435  0.226 –0.615** 
UK  0.314 –0.264 –0.981**  0.063 –0.230 
JAPAN  0.637  1.364***  1.222***  0.899** –0.085 
CANADA –0.124 –0.139 –1.073**  0.012 –0.163 
SPAIN  0.071  0.260 –0.234  0.507* –0.334 
ITALY  0.279  0.537*  0.090  0.378 –0.894* 
BELGIUM  0.456  0.362 –0.426  0.008 –0.602* 
SOUTH_KOREA  0.771  1.345***  0.151  0.616 X 
MEXICO  0.496  1.048***  1.924**  0.123 –1.725** 
SWITZERLAND  0.366 –0.110 –1.098 –0.003 –0.775* 
ARGENTINA  0.077  0.048 –0.221  0.010 X 
ISRAEL  0.140 –0.443 –1.315 –0.057 X 
NETHERLANDS –0.446  0.669* –0.448 –0.038 X 
BRAZIL  0.612  1.186***  0.679  0.119 X 
CHINA  0.415  0.139 –0.054 –0.599 –0.076 
SWEDEN  0.228  0.637 –0.002  0.616  0.744 
AUSTRALIA  0.886  0.176  0.486  0.461  0.090 
N 422 1,154 704 976 168 
R2 .545 .411 .425 .404 .766 
Sig Ms 10 16 10 12 11 
*p <.05. **p <.01. ***p <.001.  
Note. Sig = significant. SCREENINGS_GL, GEO_SPR_GL, and RUN_TIME are expressed as natural logarithm. 
Full regression results are presented in Table B.6 in Appendix B. 
a “wide release” 
b “medium limited release” 
c “short limited release” 







The GD model explains 58% of the variance in global exposure identifying 23 
significant variables. The explanatory power of the SD models varies between 40% for “long 
limited releases” and 77% for “blockbusters.” Further, the number of identified significant 
predictors varies between 10 in models for “wide releases” and “short limited releases” and 
16 in the model for “medium limited releases.” It is not surprising that the “blockbuster” 
model is the most robust because the tested predictors have been suggested by the literature, 
which has so far typically focused on the international performance of popular Hollywood 
titles (Sections 2.4 and 2.5). The only two variables that show significant effects on global 
exposure in the same direction across all segments are GEO_SPR_GL (+) and DOCO (–). 
However, the effects from all other predictors differ in their significance and direction across 
the SD models, hence we conclude that the split suggested by cluster analysis is meaningful. 
These results also demonstrate that different factors are important when it comes to securing 
global screenings for movies following different global distribution strategies. The rest of this 
section compares the impact of specific variables on global exposure in the full sample and 
across the segments. 
Multiple regression results show that from the two tested continuous global 
distribution measures only geographical spread plays an important role in explaining global 
exposure. GEO_SPR_GL has a significant positive effect in the GD model and all the SD 
models, proving that the more countries films visit, the more showtimes they will typically 
receive, which is in line with the previous literature (Griffith et al., 2014; Song & Shankar, 
2012). GEO_SPR_GL is the strongest predictor in the GD model and the models for “short 
limited releases” and “blockbusters,” the second strongest in the models for “wide releases” 
and “long limited releases,” and the third strongest in the model for “medium limited 




In contrast, RUN_GL proves not to be extremely important to exposure in the GD 
model and was not even included in the SD models due to low correlation, contradicting the 
findings by Sochay (1994) but in agreement with observations by De Vany and Walls (1997). 
Release delays between countries that would prolong global runs without increasing the 
number of screenings could explain this weak relationship. The influence of release delay on 
exposure in specific markets is explored in Chapter 5. 
Movie characteristics are integral to explaining global exposure in all models. 
RUN_TIME has a highly significant positive effect and is the third strongest predictor in the 
GD model based on the inspection of β weights. This finding, the longer the film the more 
showtimes it receives, aligns with the hypothesis proposed by Moon et al. (2010) that longer 
movies, which are assumed to have higher budgets, will typically secure more screenings. 
The contrast in the strength of the relationship between running time and global 
exposure across the SD models is the first difference between clusters. While RUN_TIME 
was excluded from the models for “wide releases” and “blockbusters” due to low correlation, 
it demonstrates a highly significant positive impact in the all models for “limited releases.” 
RUN_TIME is the second strongest predictor in the model for “medium limited releases” and 
the third strongest in the models for “short” and “long limited releases” based on the 
inspection of β weights. It could be reasoned that no relationship is found for “wide releases” 
and “blockbusters” because most movies that secure wide international distribution deals 
have high financial investment and so the variable would lose its functionality as a proxy for 
budget as suggested by Moon et al. (2010). 
 All genres are highly significant in explaining global exposure in the GD model 
except HORROR. DOCO is the second strongest predictor based on the inspection of 
β weights. The significant influences of ACTION_ADVNT, ANIM, and COMEDY are 




impact of ACTION_ADVNT and ANIM in contrast to the negative influence of DRAMA is 
expected based on the hypothesis of cultural specificity discussed in Section 2.3, where 
genres less dependent on language and culture travel well internationally, and vice versa (Fu, 
2013, p. 795). However, the positive impact of COMEDY is less expected since humour is 
often related to language and culture, except for slapstick and other types of physical comedy. 
Finally, the negative effects of DOCO and LIVE_EVENT are expected due to their appeal to 
niche audiences, and for LIVE_EVENT the different distribution protocols followed. 
The second difference between the segments is the variation in significance and 
direction of coefficients for genres across the SD models. More categories show significant 
influences in the models for “medium” and “long limited releases,” indicating that genre is 
less important to exposure for films with other distribution strategies. DOCO demonstrates 
highly significant negative effects in all the SD models; it is the strongest predictor in the 
models for “wide releases” and “medium” and “long limited releases” and the second 
strongest in the model for “short limited releases” based on the inspection of β weights. The 
negative impact of LIVE_EVENT and DRAMA is significant in all the SD models except that 
for “blockbusters.” Moreover, DRAMA is the second strongest predictor in all three models 
for “limited releases” and the third strongest in the model for “wide releases” based on the 
inspection of β weights. 
However, the other tested genres are less important in explaining global exposure 
across the SD models. The significant positive effects of ANIM are found only in the models 
for “long limited releases” and “blockbusters.” COMEDY has a significant positive impact 
only in the models for “medium” and “long limited releases.” The significant positive 
influence of ACTION/ADVENTURE is shown only in the model for “long limited releases.” 





Similar to the GD model, most of the significant genre effects detected across the SD 
models align with the formulated hypotheses, except the positive impact from the culturally 
specific COMEDY (supposed to travel poorly internationally) detected for “medium” and 
“long limited releases,” and the negative influence of HORROR (perceived to have low 
cultural specificity and expected to be received well internationally) detected for “medium 
limited releases” (Fu, 2013, p. 795). It is interesting to observe that the unexpected genre 
effects associated with cultural specificity are found only for movies following global 
distribution strategies with a narrow geographical reach. The fact that films are often first 
exported to neighbouring countries with a similar cultural background, where the effect of 
“cultural discount” typically associated with these genres would diminish, explains this 
finding. 
Distribution characteristics prove less important in explaining global exposure than 
the previously discussed predictors. Both distributors show a highly significant positive 
influence in the GD model. Films released by majors or mini-majors will typically receive 
more global showtimes. However, and contrary to what we would expect, the positive effect 
of MINI-MAJOR is larger than that of MAJOR when measured on a global scale. This finding 
contradicts the observation by Litman and Kohl (1989, p. 42) who noted that while 
mini-majors “can often perform the same quality distribution” as the major distributors, they 
can only do so “on a smaller scale.” 
Further, MINI-MAJOR shows significant positive effects on global exposure in more 
of the SD models than MAJOR. While MAJOR has a significant positive impact only in the 
model for “blockbusters,” MINI-MAJOR demonstrates a significant positive effect in the 
models for “wide releases” and “medium limited releases.” This variation in significance and 
the direction of the distributor effects is the third difference between the segments. These 




GD model. The results for “blockbusters” that were studied by Litman and Kohl (1989, p. 42) 
align with the hypothesis. However, as the films following “wide release” and “medium 
limited release” strategies overlooked in the previous research benefit most from being 
disseminated by a mini-major, and these segments are considerably larger, the effect of 
MINI-MAJOR overpowers that of MAJOR in the GD model. 
Timing is less important than any previously discussed characteristic when it comes to 
global exposure as proven by the results of release season. From the three tested seasons, 
only HOLIDAY demonstrates a significant positive impact in the GD model and the models 
for “wide releases” and “short limited releases.” This variation in significance and the 
direction of the season effects is the fourth difference between the clusters. The low 
importance of release timing could be associated with the definition of seasons employed in 
this analysis. Film release dates were grouped into four seasons based on research by Einav 
(2007, p. 133) performed in the US. However, the screening data analysed in this study is 
recorded in 40 countries. While Yang and Kim (2014) have tested the effect of the American 
release seasons defined by Einav (2007) in South Korea and found that the general seasonal 
trend was similar to that in the US, it might not be the case in all 40 markets included in the 
current setting. The relevance of the release seasons to exposure in specific countries is 
further explored in Chapter 5. 
The origin type has a stronger influence on global exposure than the previously 
discussed distribution characteristics. However, contrary to the belief that having multiple 
countries of origin would ease international distribution as it opens several domestic markets 
for movies (Alaveras et al., 2018; Kim & Jensen, 2014; McFadyen et al., 2000), CO-PROD 
demonstrates significant negative effects in the GD model and all the SD models except that 




productions on all measures (Section 4.2). The variation in the significance and the direction 
of the effect of CO-PROD is the fifth difference between the clusters. 
Out of the 20 tested specific top-producing origins, only ISRAEL shows a significant 
negative effect on exposure in the GD model. Nine origins have a significant positive impact 
and could be sorted by descending strength based on the inspection of β weights: JAPAN, US, 
FRANCE, SOUTH_KOREA, BRAZIL, MEXICO, AUSTRALIA, INDIA, and ITALY. Films 
originating from these countries will typically receive more global screenings, while those 
made in Israel will typically exhibit less compared to movies made in the other 104 
production origins that served the omitted dummy category. 
The final difference between the clusters is the variation in the significance and the 
direction of impact of specific origins. None of the countries, not even the US, demonstrates a 
significant influence on exposure in all the SD models. However, originating from the US has 
a significant positive impact in the models for “wide releases” and “blockbusters.” This 
shows that being produced in the US will typically lead to more global screenings only when 
that stands for “made in Hollywood,” which is where most of the American films that follow 
these broad release strategies originate. 
Interestingly, being made in France has a significant positive effect on exposure in the 
models for “wide releases” and “medium” and “long limited releases,” although a significant 
negative impact in the model for “blockbusters.” Similarly, being made in Mexico has a 
positive influence in the models for “medium” and “short limited releases,” but a negative 
effect in the “blockbuster” model. In fact, being made in six countries other than the US58 has 
a significant negative effect in the model for “blockbusters.” Originating from Japan has a 
significant positive impact in all three models for “limited releases.” These results show that 
while being made in certain countries outside the US can have a positive impact on global 
                                                 




exposure for films that follow different “limited release” and sometimes even “wide release” 
strategies, when it comes to “blockbusters,” only being produced in the US makes a positive 
difference. It is also interesting to observe that the only significant influence of being made in 
the UK or Canada detected across the clusters was found to be negative in the model for 
“short limited releases,” despite English language movies being expected to travel well 
internationally (Marvasti, 1994). This finding is also partially reflected on a global scale in 
the GD model where neither CANDA nor UK shows a significant positive impact. 
 
 CONCLUSION 
This chapter has explored the global movie dataset representing international cinema 
distribution at the most aggregated scale. The analyses have offered insight to address the 
first research question which focuses on the patterns of global cinema distribution and its 
related sub-questions. Five global cinema distribution strategies were first identified based on 
the three main distribution measures using cluster analysis in response to Research 
Sub-Question 1.1. The effects of selected variables on global exposure of all films were also 
tested by building the Global Distribution (GD) model to address Research Sub-Question 1.2. 
Finally, the five Segment Distribution (SD) models of identical composition were constructed 
to examine how the same variables affect the global exposure of movies following each 
identified global distribution strategy, offering insight into Research Sub-Question 1.3. 
In response to Research Sub-Question 1.1, which asks what and how many types of 
global cinema distribution can be identified based on the global volume of screenings, 
geographical spread, and the global length of run, cluster analysis has segmented the sample 
into five homogeneous movie groups. These clusters have been discussed as representing five 
global cinema distribution strategies: “wide release,” “medium limited release,” “short 




films have been found to follow strategies other than “blockbuster”—the most commonly 
addressed in the literature. This finding has emphasised the need to study and theorise the 
behaviour of diverse movies following alternative distribution strategies. 
Regarding Research Sub-Question 1.2, dealing with the way geographical spread, 
global run length, and the quantifiable factors associated with movie, distribution, and origin 
characteristics affect the global volume of screenings—multiple regression analysis has 
detected 23 notable predictors. Significant positive impacts have been observed for 17 
variables: geographical spread; running time; genres action/adventure, animation, and 
comedy; major and mini-major distributors; holiday season; and origins the US, France, 
India, Japan, Italy, South Korea, Mexico, Brazil, and Australia. In contrast, a significant 
negative influence has been detected for six attributes: genres documentary, drama, horror, 
and live event; co-production; and Argentinian origin. The six strongest predictors of global 
exposure have proven to be geographical spread (+); running time (+); genres 
documentary (–), drama (+), and live event (–); and Japan origin (+). 
Quantifying the impact that various factors have on global exposure has helped to 
identify deviations from the hypotheses that were formulated based on the previous literature. 
First, contrary to the theory of cultural specificity (Fu, 2013, p. 795), being of comedy genre, 
which is language- and culture-related, has been found to have a positive impact. Second, in 
contrast to previous findings by Litman and Kohl (1989, p. 42), the positive effect of being 
distributed by a mini-major has been identified as stronger than being released by a major. 
Last, differently from the belief that having multiple origins would ease international 
distribution (Alaveras et al., 2018; Kim & Jensen, 2014; McFadyen et al., 2000), being 
co-produced has been shown to have a negative effect. These findings have demonstrated that 
the previous knowledge derived from studying the performance of selected films (often 




European and/or Asian countries) is not descriptive of the global behaviour of movies with 
different earning capacities coming from diverse origins. 
In connection to Research Sub-Question 1.3, which focuses on whether the factors 
that determine the global volume of screenings differ in terms of direction and magnitude of 
their effect depending on the chosen global distribution strategy, six main differences have 
been outlined across the clusters. This has constituted a quantifiable proof of separation 
between segments and outlined the factors of importance for each distribution strategy. Out 
of the 35 tested predictors of global exposure, only geographical spread (+) and the 
documentary genre (–) have demonstrated significant effects that are uniform across the 
segments. The fact that the remainder 33 characteristics have shown a different impact across 
groups allows us to conclude that cluster analysis has suggested a meaningful split of the 
data, where each identified movie group represents a distinct global cinema distribution 
strategy. 
Several insights about the factors that determine global exposure for films following 
different distribution strategies have also been highlighted. First, running time has been found 
to increase screenings only for the three types of “limited releases.” Second, it has been 
identified that being of drama genre reduces showtimes for movies following all but the 
“blockbuster” strategies. Third, being distributed by a major has been demonstrated to benefit 
only “blockbusters,” while being released by a mini-major has been found to aid only “wide 
releases” and “medium limited releases.” Third, being made in the US has been found to 
increase screenings for only “wide releases” and “blockbusters,” while originating from 
Japan has been identified to raise global exposure for only the three types of “limited 
releases.” 
Applying this knowledge to the previously discussed examples of Lincoln (2012) and 




similar movies by the different adopted distribution strategies. Lincoln premiered in 38 
countries and ran for just under 2.5 years, which allows us to characterise its distribution 
strategy as “blockbuster.” In contrast, Mandela visited only 28 markets and lasted in the 
world’s theatres for slightly over 1.5 years, which description better fits the strategy of “wide 
release.” Knowing the differences between the two strategies, it becomes clear why Lincoln 








TRANSNATIONAL CINEMA DISTRIBUTION: 
THE DETERMINANTS OF EXPOSURE IN 40 COUNTRIES 
 
“On the one hand, many films are distributed far more widely than simply 
within their country of production . . . On the other hand, when films do travel, 
there is no certainty that audiences will receive them in the same way in 
different cultural contexts.” 
(Higson, 2006, p. 19) 
 
 INTRODUCTION 
The horror film Carrie (2013) directed by Kimberly Peirce opened worldwide in the fall of 
2013. This third adaptation of the Stephen King’s 1974 novel of the same name told the story 
of a girl who unleashed her telekinetic powers to bring terror to the community after getting 
cruelly pranked at senior prom. The animation Frozen (2013) directed by Chris Buck and 
Jennifer Lee premiered globally at the same time. The movie aimed at a largely different 
audience also told a story of a girl who discovered her powers to turn things into ice and 
cursed her home with infinite winter. France and the UK, which have comparable population 
and GDP and should, therefore, support similar cinema markets in terms of the potential 
audience size and its willingness to pay for entertainment, screened both films. However, 
while Carrie received around 11,000 showtimes in each country, Frozen got over 123,000 




perform similarly across comparable markets raises the question of what factors determine a 
film’s exposure in certain countries and whether their effect varies across markets. 
In order to better understand the transnational cinema flow, this chapter uses the 
national movie dataset that represents international cinema distribution at a less aggregated 
scale than in the previous chapter, which dealt with the global trends. The dissemination is 
now measured nationally by the number of screenings, geographical spread, run length, and 
the newly introduced measure of release delay in each market. First, the Universal National 
Distribution (UND) model was built to investigate the observable factors that universally 
determine the exposure of internationally distributed films in any country. Its results are 
compared to the findings about the Global Distribution (GD) model from the previous 
chapter. Then, the National Distribution (ND) models of the identical independent variable 
composition were constructed for each of the 40 screening markets to analyse observable 
factors that influence exposure in each country. The identified effects are compared across 
markets outlining the similarities and differences between the countries. The analyses 
presented in this chapter offer insight to address the second research question and its related 
sub-questions introduced in Section 1.6: 
 
2. What are the patterns of transnational cinema distribution? 
2.1 How do geographical spread, the length of run in any country, release delay in any 
country, and the quantifiable factors associated with movie, distribution, and origin 
affect the volume of screenings in any country? 
2.2 How do the factors that determine the volume of screenings in any country and the 




2.3 How do geographical spread, the length of run in a particular country, release delay in 
the same country, and the quantifiable factors associated with movie, distribution, and 
origin affect the volume of screenings in each of the 40 countries? 
2.4 How do the factors that determine the volume of screenings differ in terms of 
direction and magnitude of effect across 40 countries? 
 
It was concluded in Chapter 4 that while positive, the impact of global run length on 
global exposure was not significant. This weak relationship was interpreted as resulting from 
the fact that global runs can extend because of release delays rather than exhibitor decisions 
to keep films in theatres for longer. This chapter calculates the length of run per screening 
country and accounts for the effect of release delay. Consequently, run length demonstrates a 
significant positive impact on universal exposure in any market and in 93% of the tested 
countries. 
In the previous chapter, the variables for release season showed weak effects in mixed 
directions for global exposure. It was argued that the low impact of timing might exist 
because the definition of seasons, based on Northern American seasons proposed by Einav 
(2007, p. 133), is not relevant in all 40 screening markets. However, it might also be that the 
season of the global premiere is not an important determinant because films often reach 
particular countries in different seasons due to release delay. As the analysis presented in this 
chapter used release season specific to each market, and accounted for the influence of 
release delay, a clearer understanding of seasonal effects across 40 countries is expected. 
Nonetheless, the impact remains inconsistent as each season demonstrates positive and 
negative influences in approximately half of the markets. A way to explore this further could 




subject to simultaneous or near simultaneous releases, although that is outside the scope of 
this thesis. 
This chapter begins with a discussion of the characteristics of the National Sample 
(Section 5.2). It then describes and analyses multiple regression results from the UND model 
for the full dataset and the 40 separate ND models for each market (Section 5.3). The findings 
regarding the UND model serve as quantifiable evidence about the universal distribution 
trends in any country and offer insight to address Research Sub-Question 2.1. The UND 
results are found to differ from the GD findings in terms of the variable significance, the 
direction of their effects, and the importance of certain characteristics, addressing Research 
Sub-Question 2.2. The results concerning the 40 ND models serve as quantifiable evidence 
about the distribution trends in each market and respond to Research Sub-Question 2.3. These 
findings also yield proof that different factors are important in determining exposure across 
countries, providing insight to address Research Sub-Question 2.4. Finally, concluding 
remarks are made and learnings are summarised (Section 5.4). 
  
 DATA OVERVIEW 
In order to understand transnational cinema circulation to 40 markets, an appropriate dataset 
needs to be constructed. This section discusses features from the National Sample that are 
incorporated into 41 multiple regression models presented later in this chapter. This dataset 
represents international cinema distribution at a mid-aggregated national-level. While in the 
Global Sample discussed in Chapter 4 each film received one observation summarising its 
global distribution, in this chapter each movie gets up to 40 observations registering its 
distribution in each country in the sample. Also, an additional sample restriction was imposed 
to include only observations when a film screened at least 20 times in a particular market to 




re-organisation of the data shrank the movie count from 3,424 to 3,340 but yielded 18,142 
unique film-country observations. The restriction is effective as it reduced the final count of 
film-country observations by 37%, while decreasing the recorded volume of screenings by 
only 0.03%. A typical movie from the resulting dataset gets about 676 showtimes in any 
market, stays in theatres for approximately 134 days in any country, and arrives at a market 
with a 68-day delay. 
 The variable composition between the National and the Global Samples is similar, 
except that the former documents three of the global measures at a national level and 
introduces two new country-specific variables. Exposure and run length were computed per 
screening market. Also, release season reflects the premiere date in each country. A further 
distribution measure—release delay—was added and is expressed in the number of days 
between a film’s global premiere and its first showtime within the specified market. Finally, a 
new origin factor was included, which indicates whether a movie is a domestic production in 
a specific country. All other variables remain identical in their expression to those from 
Chapter 4. 
As Chapter 4 has already discussed the film sample that forms the basis for the 
national dataset (Section 4.2), the remainder of this section compares and contrasts the 
features of the data across 40 sample countries through the use of exploratory data analysis 
techniques. As in the previous chapter, medians are used to report typical values in all 
observations because the distributions of the continuous variables are known to be highly 
skewed in each market. First, Figures 5.1 and 5.2 compare 40 markets presenting the total 
supply of movies and screenings in each country respectively. Second, Figures 5.3 to 5.5 
offer insights into the behaviour of typical films in each market displaying the median 
number of showtimes, median run length, and median release delay across countries. Third, 




the sample’s movies and screenings per genre, distributor, season, production type, domestic 
or foreign production, and American or non-American origin. They allow for comparison 
across countries and offer insight into whether a particular attribute group is over-represented 
in a market by receiving a higher share of showtimes than its share of films or is 
under-represented by getting a lower proportion of screenings than movies. Finally, Table 5.1 
provides exact values for the country-specific supply and distribution measures presented in 
the discussed figures. Tables C.1 to C.3 in Appendix C outline full descriptive statistics on 





Table 5.1. The Volume and Proportion of Films and Screenings and Medians for Screenings, 
Run Length, and Release Delay in 40 Countries 
Country 
Country supply Country distribution measures 









All 3,340 100.0% 130,411,266 100.0% 675.5 134.0 68.0 
ARG 322 9.6% 1,278,252     1.0% 1,595.5 142.0 89.0 
AUS 609 18.2% 3,560,154     2.7% 375.0 148.0 83.0 
BEL 574 17.2% 587,193     0.5% 396.0 198.0 66.5 
BGR 146 4.4% 219,109     0.2% 1,248.5 62.0 39.0 
BRA 439 13.1% 3,306,902     2.5% 1,110.0 220.0 96.0 
CAN 842 25.2% 4,002,265     3.1% 268.0 126.5 22.5 
CHE 568 17.0% 521,734     0.4% 411.0 291.5 49.0 
CHL 223 6.7% 543,237     0.4% 788.0 110.0 117.0 
COL 279 8.4% 1,090,783     0.8% 1,358.0 104.0 140.0 
DEU 766 22.9% 5,017,574     3.8% 861.0 393.0 74.0 
ESP 534 16.0% 4,416,450     3.4% 2,013.0 257.0 130.0 
FIN 254 7.6% 250,431     0.2% 567.5 140.5 64.5 
FRA 846 25.3% 7,375,263     5.7% 2,256.0 450.5 36.0 
GBR 771 23.1% 6,129,080     4.7% 402.0 225.0 41.0 
GRC 332 9.9% 288,099     0.2% 379.5 140.0 121.5 
IDN 277 8.3% 648,274     0.5% 1,043.0 34.0 49.0 
IND 502 15.0% 2,701,099     2.1% 1,334.0 70.5 1.0 
IRE 403 12.1% 708,894     0.5% 479.0 95.0 77.0 
ISR 372 11.1% 468,553     0.4% 840.0 171.5 68.0 
ITA 535 16.0% 3,044,850     2.3% 1,803.0 369.0 60.0 
JPN 681 20.4% 5,670,396     4.3% 1,175.0 199.0 173.0 
KOR 456 13.7% 1,971,529     1.5% 597.5 38.0 147.5 
LUX 340 10.2% 41,781   <0.1% 79.5 48.0 69.0 
MEX 462 13.8% 8,441,974     6.5% 2,440.0 242.5 111.0 
NLD 538 16.1% 989,619     0.8% 575.5 223.5 85.5 
NOR 254 7.6% 288,461     0.2% 688.0 157.5 71.5 
NZL 389 11.6% 744,686     0.6% 643.0 101.0 76.0 
PER 239 7.2% 571,196     0.4% 993.0 47.0 153.0 
PHL 274 8.2% 628,689     0.5% 1,256.0 27.0 69.0 
POR 400 12.0% 692,133     0.5% 546.5 157.0 159.0 
SGP 331 9.9% 163,096     0.1% 161.0 24.0 56.0 
SWE 314 9.4% 551,410     0.4% 740.0 190.0 103.0 
THA 276 8.3% 378,969     0.3% 561.0 20.0 60.0 
TWN 485 14.5% 1,024,897     0.8% 399.0 34.0 133.0 
UAE 491 14.7% 613,577     0.5% 784.0 20.0 42.0 
UKR 387 11.6% 668,734     0.5% 550.0 55.0 78.0 
USA 1,485 44.5% 58,964,300   45.2% 314.0 268.0 7.0 
VEN 189 5.7% 346,758     0.3% 974.0 62.0 140.0 
VNM 189 5.7% 244,128     0.2% 915.0 27.0 45.0 
ZAF 368 11.0% 1,256,737     1.0% 1,323.5 49.0 77.0 





The number of the exhibited films ranges greatly across markets (Figure 5.1 and 
Table 5.1). The size of the repertoire varies from only 146 movies screened in Bulgaria to 
1,485 exhibited in the US, which is over 10 times that amount. However, none of the markets 
screens even a half of the films in international circulation, which are included within the 
sample. The highest number of movies are exhibited in the US, France, Canada, the UK, and 
Germany. Nonetheless, the US has by far the largest repertoire, showing 76% more films 
than France. In contrast, the fewest movies are exhibited in Bulgaria, Vietnam, Venezuela, 
Chile, and Peru. 
It is interesting to observe that the majority of Asian and Latin American countries 
exhibit relatively few films (Figure 5.1 and Table 5.1), particulary as Asian markets have 
comparatively large populations. Thus, the broadness of a country’s movie repertoire appears 
to be more related to its purchasing power, which would be captured in its GDP, rather than 
the size of the potential audience. However, the wealthy Scandinavian markets, namely 
Sweden, Norway, and Finland, all rank surprisingly low by the number of screened films. In 
this regard, it is worth emphasising here that all samples discussed in this thesis include only 
movies that travelled internationally. Therefore, countries with strong cinema industries that 
exhibit many domestic productions, such as India, Japan, or France (UNESCO, 2016), are 
likely to be under-represented in their industry size and measures (Figures 5.1 to 5.5 and 
Table 5.1) and misrepresented in their film profiles (Figures 5.6 to 5.11 and Table 5.1) 







Figure 5.1. The total number of films in 40 countries, coloured by geographical region. 
 
However, the differences between the countries are much starker when the screening 
volumes are compared (Figure 5.2 and Table 5.1). The US exhibits the highest number of 
movies and is alone responsible for 45% of the world’s showtimes. The other three major 
markets by screenings that also have wide film repertoires are France, the UK, and Japan. 
Nonetheless, while Mexico exhibits few movies, it ranks second in number of showtimes 
held. However, the US is an even more extreme outlier when it comes to screenings, being 




fewest screenings, which is not surprising given its low population. Nevertheless, it is 
interesting that while being responsible for over 200 times the showtimes of Luxembourg, 
Mexico only exhibits 26% more films. The other smallest markets by screenings are 
Singapore, Bulgaria, Vietnam, and Finland. 
The world’s showtimes are split unequally across the geographical regions (Figure 5.2 
and Table 5.1). North America is responsible for around half of the screenings, about a 
quarter are held in Europe, while Asia and Latin America each contribute just over 10%. In 
contrast, only around 1% of showtimes occur in South Africa, while the Oceanian countries 
split 3%. The three largest European exhibitors, France, the UK, and Germany, also have the 
largest movie repertoires. The same is true for Japan, India, and South Korea in Asia and 
Mexico, Brazil, and Argentina in Latin America. 
Nonetheless, if population is considered (Figure 5.2 and Table 5.2), a different 
ranking can be observed with the country positions similar to those presented in Figure 5.1. 
While the US remains in the leading position it can no longer be considered an outlier but 
rather a fair competitor with the other highly ranked markets. More importantly, however, the 
other English-speaking countries, namely Australia, New Zealand, Ireland, and Canada, grow 
in significance. In contrast, some of the Asian markets, although small in terms of screenings, 
shrink further when their large populations are considered, particularly India, Indonesia, 
Japan, the Philippines, Thailand, and Vietnam. A similar tendency is observed with the Latin 
American countries, as both Brazil and Mexico that hold relatively many showtimes decline 
in importance. Finally, most of the European markets become more significant in the global 
distribution landscape given their relatively low populations except France, Italy, Spain, the 






Figure 5.2. The total number of screenings in 40 countries (above) and the total number of 




Another interesting comparison can be made if countries are ranked by the volume of 
screenings that typical movies receive in each market (Figure 5.3 and Table 5.1). The median 
number of showtimes films receive ranges from 80 in Luxembourg to 2,440 in Mexico. It is 
interesting to observe that typical movies get the most screenings in non-English-speaking 
markets, namely Mexico, France, Spain, Italy, and Argentina. Contrastingly, and differently 
from what could be expected, in English-speaking countries with strong markets for cinema 
previously defined by both the size of the repertoire and the volume of showtimes, namely 
the US, Canada, and Australia, films tend to receive a similar number of screenings as in the 
smallest cinema markets, namely Luxembourg and Singapore. Movies generally get 
relatively more showtimes across Latin America and in South Africa, while comparatively 
fewer in North America and Oceania. Whereas, substantial variation is found in the median 





Figure 5.3. The median number of screenings in 40 countries, coloured by geographical 
region. 
 
 The median run length also varies across countries, although some consistency is 
observed within the geographical regions (Figure 5.4 and Table 5.1). The time typical movies 
spend in cinemas ranges greatly from under a month in Thailand to over a year in France. The 
fact that typical films survive for so long in France helps explain why they receive so many 
screenings. It is evident that most Asian markets are characterised by short runs of under six 




months. In contrast, films tend to remain in theatres much longer in the majority of the 
European markets, with typical movies surviving for less than two months in only 
Luxembourg, Ukraine, and Bulgaria. All Latin American countries are ranked somewhere in 
the middle as films tend to run between around two months (Peru) and approximately eight 
months (Mexico). Typical movies screen for a relatively short period of under two months in 
South Africa. In contrast, films in Oceania tend to exhibit for between around three months 
(New Zealand) to almost five months (Australia). Finally, typical movies run even longer in 
North America, staying on screen for over four months in Canada and just under nine months 









 Similar to the previously discussed ranking by run length, while there is variation in 
the median release delay across countries, relative consistency is observed within the 
geographical regions (Table 5.1). Figure 5.5 offers a conceptual representation of the time 
when a typical film would reach each market if it premiered globally on 1 January. Typical 
movies arrive at India, the US, Canada, and France within the first month of their release. 
One explanation for these short release delays is that all these countries have strong domestic 
cinema industries, and so would be premiering most of their productions before distributing 
them internationally. Also, the US often treats Canada as a home market for American 
movies, which would explain the short typical delays there. However, there are also countries 
with small domestic cinema industries, such as the UAE, Bulgaria, Switzerland, and 
Vietnam, that films tend to reach quickly. Moreover, seven markets with moderately sized 
cinema industries59 demonstrate longer median delays. Thus, while premiering domestic 
productions might decrease a typical release delay in a country, there are other factors that 
determine which markets will screen newly released films first. 
Analysing release delays by geographical region, it becomes evident that movies 
typically reach most Asian markets by the end of two months (Figure 5.5 and Table 5.1), 
except for Taiwan and South Korea, which only get them after four months, and Japan which 
lags behind the rest of the world with a typical wait of five months. Similarly, new 
productions arrive at the most of Europe in under three months, except Sweden and Greece 
only receive films after three months, and Spain and Portugal typically wait around five 
months. Finally, Oceania and South Africa tend to receive movies after two and a half 
months from their premiere, while Latin America typically gets them after three to five 
months. 
                                                 






Figure 5.5. A conceptual representation of when films would reach each of the 40 countries if they premiere globally on 1 January, based on the 




Several differences across countries and between markets and the Global Sample 
emerge when examining the distribution of films and screenings per genre (Figure 5.6). In the 
global dataset (Section 4.2), the three largest genres in terms of the number of movies are 
drama, documentary, and comedy. However, different categories dominate the repertoires in 
all markets except the US and Germany where a similar composition is observed. While most 
of the films in the 35 countries are dramas, the action/adventure genre dominates the profiles 
of Bulgaria, Indonesia, Singapore, Thailand, and Vietnam. In contrast, documentary is the 
second largest group in only Germany, Mexico, and the US. Its place is overtaken by comedy 
in 27 markets and by action/adventure in 10 markets.60 
In terms of the number of movies, the shares of suspense/thriller and horror titles are 
the highest in Vietnam and the Philippines (over 10%) when compared to other countries 
(Figure 5.6). Greece exhibits the largest share of dramas amounting to a half of all exhibited 
films, although 45% of the repertoire also belongs to drama in Brazil, France, the 
Netherlands, Portugal, and Sweden. The only market where documentaries constitute over 
20% of the screened movies is the US, while only in India and Ukraine a quarter of repertoire 
is comedies. Animations thrive in Bulgaria and South Korea where they constitute close to 
15% of all screened films. Finally, action/adventure movies take up 35% of the repertoire in 
Vietnam, and the genre amounts to over 30% of films in Bulgaria, Indonesia, and Thailand. 
 A new story unfolds, however, when examining the volume of showtimes for 
different genres across the countries (Figure 5.6). As in the Global Sample, action/adventure 
movies are the most frequently screened in all but 11 markets where dramas receive the most 
showtimes.61 Comedy and animation also get substantial, although lower, shares of 
screenings across the countries. Action/adventure films are over-represented everywhere, 
                                                 
60 Chile, Colombia, Finland, Japan, Peru, the Philippines, Portugal, Taiwan, the UAE, and Venezuela. 





while documentaries and dramas are under-represented in all markets, receiving a lower share 
of showtimes than their share of movies in those countries. In contrast, horror, live event, and 
suspense/thriller films have similar shares of movies and screenings in all markets. 
Nonetheless, the representation of animations and comedies differs across regions. 
Animations are over-represented in most countries except India and South Korea, while 
comedies are under-represented in all but nine markets.62 
In terms of the volume of screenings, action/adventure is the favoured genre in the 
Asian countries of Thailand, Singapore, Indonesia, Taiwan, and Vietnam that dedicate 
roughly half of their showtimes to these films (Figure 5.6). In contrast, animation finds a 
strong audience in three Latin American markets getting a quarter of screenings in Chile, 
Colombia, and Venezuela. Italians appreciate comedies where they receive almost 30% of 
showtimes, although the genre also gets around a quarter of screenings in India, France, and 
Germany. Interestingly, documentaries receive more than 5% of showtimes only in 
Switzerland. Dramas do well in Israel, Greece, Sweden, France, and Luxembourg where they 
get around a third of all screenings. Further, horror accounts for about 10% of all showtimes 
in Indonesia and Peru. Finally, suspense/thriller is well received in South Korea where the 
genre accounts for over 10% of all screenings. 
 
                                                 









 Many differences across markets and between countries and the Global Sample also 
arise when examining the composition of films and screenings per distributor (Figure 5.7). 
While independents distribute the majority of movies in the Global Sample (Section 4.2), 
they release the most films in only eight markets.63 Everywhere else, major companies 
distribute the most movies. In terms of the number of films, independently distributed movies 
take up the most “shelf-space” in the US where they comprise almost 70% of the repertoire. 
Mini-major releases thrive in four Latin American countries, namely Venezuela, Chile, 
Argentina, and Peru, where they constitute over 20% of movies. Finally, Bulgaria reveals a 
strong preference for major releases where they take up 60% of films. 
Movies distributed by majors receive the largest share of showtimes and are 
over-represented in the Global Sample. The same is true for all markets except South Korea, 
the UAE, Italy, and France where they constitute around half of the screenings, and, 
especially, India where releases by majors account for only 30% of showtimes (Figure 5.7); 
interestingly, this is even lower than their share of films. The Indian market does not favour 
mini-major releases either, which receive only 5% of the screenings. These sharp deviations 
could be attributed to the fact that India has a strong domestic cinema industry that produces 
and distributes Indian movies outside the circle of the acclaimed American companies. 
Films distributed by mini-majors perform best in Israel, the US, and South Africa 
where they get around 20% of showtimes (Figure 5.7). While releases by mini-majors are 
over-represented in the Global Sample, they are under-represented in all but 13 countries.64 
Finally, independently circulated movies get few screenings anywhere except India, where 
they comprise 65% of showtimes, and South Korea, the UAE, and France, where they receive 
around a third of screenings. However, releases by independents only secure up to 10% of 
                                                 
63 Australia, Canada, France, India, Japan, the UAE, the UK, and the US. 
64 Australia, Belgium, Canada, Chile, France, Germany, Mexico, New Zealand, South Africa, Spain, the UAE, 




showtimes in Chile, the US, Australia, Mexico, and Peru. As in the Global Sample, they are 









The distribution of films and screenings per season shows more similarity among 
countries and between the Global Sample and the markets (Figure 5.8). As in the global 
dataset (Section 4.2), the majority of movies premiere in winter/spring and fall, while the 
fewest films are released during holiday and summer in most countries. It is not surprising 
that most movies come out during the low seasons, winter/spring and fall, both globally and 
in specific markets because distributors tend to place the majority of their portfolio expected 
to be less popular during the low periods and save the few hits for the peak seasons. 
Winter/spring releases comprise the highest share of the repertoire in the US—almost 
half (Figure 5.8). The fall premieres thrive in Brazil constituting around 40% of films. The 
share of the movie profile assigned to summer releases is at its largest in New Zealand and 
South Africa where these releases comprise approximately 30% of films. Finally, only in the 
UAE and Vietnam do over 20% of movies open during holiday. 
The distribution of screenings across the seasons being not much different from the 
distribution of films in the Global Sample is also observed across countries (Figure 5.8), with 
the winter/spring releases getting the majority of showtimes everywhere except Singapore. 
However, the summer premieres receive more screenings than movies opening in fall or 
during holiday in all markets except Thailand and the US. As in the Global Sample, the low 
season releases are under-represented everywhere except Brazil, Spain, and Italy for 
winter/spring and six countries for fall,65 while the high season premieres are 
over-represented everywhere except the UAE for holiday and six markets for summer.66 This 
finding further strengthens the reasoning that less popular films are positioned to open during 
the low seasons, as they are not able to secure a share of showtimes equivalent to their 
product share.
                                                 
65 India, Luxembourg, Taiwan, Thailand, the UAE, and the US. 









The composition of films and screenings in terms of production type is also similar 
among countries and between the Global Sample and the markets (Figure 5.9). As in the 
global dataset (Section 4.2), the majority of movies are made in a single origin in all 
countries. However, the domination of single-origin productions is extreme in India alone 
where co-productions constitute only around 10% of the repertoire. This, again, is not 
surprising, knowing that India has a strong domestic cinema industry where they tend to 
produce single-origin Indian films exclusively for the large Indian audiences. In contrast, the 
share of the co-produced movies is higher everywhere else, and co-productions comprise 
approximately 45% of films in three European markets, Greece, Luxembourg, and Sweden. 
Very differently from India, European countries with smaller audiences and lower production 
capacities are known to often collaborate on productions to bring together the funding to 
produce movies capable of travelling across the European markets to receive higher 
exposure. 
Although co-productions are over-represented in the Global Sample, they receive 
fewer screenings than single-origin films. Interestingly, while co-productions receive the 
minority of showtimes in all countries, they are under-represented in all but nine markets67 
(Figure 5.9). Co-produced movies receive the lowest share of screenings in India 
(around 5%), while their share of showtimes is highest in Switzerland, France, and New 
Zealand (40%).
                                                 









The distribution of films and showtimes between domestic and foreign productions 
varies moderately among markets (Figure 5.10), although this variation cannot be contrasted 
with the Global Sample because it is a country-specific measure. The majority of movies 
screened in most markets are produced abroad, except India where foreign productions 
amount to only a third of films. Again, this statistic is not surprising given the large scale of 
the Indian cinema industry and the local liking for domestic movies. Home productions 
constitute around half of the repertoire in the US and France, which also have strong 
domestic cinema industries, and over 20% in Germany, Japan, the UK, Spain, and Argentina. 
However, the share of domestic productions is much lower in all other countries, and they 
comprise fewer than 3% of films in Bulgaria, Singapore, the UAE, Ukraine, and Vietnam—
the markets also known to have low production capacities. 
The differences among countries become even more severe when the volume of 
screenings is analysed (Figure 5.10). While foreign productions receive the majority of 
showtimes in most markets, it is not surprising that they get only 3% of screenings in the US 
and 12% in India where the domestic production centres of Hollywood and Bollywood 
reside. In all other countries, domestically produced movies receive few showtimes getting 
less than 3% of screenings in seven markets.68 Domestic productions are over-represented in 
terms of showtimes in half of the countries, which demonstrates greater liking for the 
domestic cinema industry in those markets. However, domestically produced films receive an 
equal share of movies and screenings in Australia, Bulgaria, Singapore, the UAE, and South 
Africa, and are under-represented in the remaining 15 countries.69 Nonetheless, as previously 
explained, the availability of domestic productions is likely to be under-represented in this 
visualisation—films that never left their home market are excluded from the sample.
                                                 
68 Bulgaria, Colombia, Ireland, Portugal, Singapore, the UAE, and Ukraine. 
69 Argentina, Belgium, Canada, Chile, Colombia, France, Germany, Ireland, Israel, Luxembourg, Mexico, 









Having previously observed that most markets are saturated with foreign productions, 
it becomes interesting to analyse whether the US is the dominant origin, contributing to the 
debate on Hollywood’s world influence. To aid the discussion, Figure 5.11 displays the 
distribution of films and screenings between American and all other productions among 
countries. In contrast to the argument about the Hollywood’s dominance (Hanson & Xiang, 
2011; Marvasti & Canterbery, 2005; Waterman, 2005), the share of American movies across 
the markets is much lower than the percentage of all foreign productions (Figure 5.10), thus 
allowing us to conclude that the world’s cinema repertoires are not drastically dominated by 
American content. Indeed, films made in the US comprise less than 40% of movies in seven 
countries.70 Nonetheless, American content thrives in Bulgaria, Peru, and the Philippines 
where it constitutes over 70% of the repertoire. 
However, if we analyse screening information that captures the accessibility of 
non-US content (Figure 5.11), the data for most countries aligns with the argument of 
Hollywood’s dominance (Hanson & Xiang, 2011; Marvasti & Canterbery, 2005; Waterman, 
2005). American films receive the majority of showtimes in most foreign markets and 
account for over 90% of screenings in Bulgaria, Canada, and Chile. Moreover, movies made 
in the US are largely over-represented in terms of showtimes everywhere except India. This 
finding highlights a need to use more detailed measures when assessing diversity in the 
audio-visual sector because the dominance of American content could be undervalued if only 
the number of screened films was to be considered rather than the actual number of 
showtimes they received. It becomes evident from looking at the screening numbers that 
while many countries import some non-American productions, foreign audiences do not have 
adequate access to that content. Nonetheless, there are several exceptions to the rule, namely 
India where American movies only get around 10% of showtimes and Japan, South Korea, 
                                                 




and France where they receive roughly a half of screenings. This does not mean, however, 
that audiences have better access to other foreign productions in these markets but rather 
emphasises the fact that these countries have strong domestic cinema industries. 
Nevertheless, as previously explained, the availability of American productions is likely to 











 REGRESSION MODELS FOR THE FULL NATIONAL SAMPLE AND 40 
COUNTRIES 
Having seen that 40 sample countries differ from one another in the size of their cinema 
industries, the profile of movies they exhibit, and typical exposure, duration on screen, and 
release delay films receive in them, multiple regression technique was used to check whether 
these difference were quantifiable. The Universal National Distribution (UND) and the 40 
National Distribution (ND) are regression models that can assist in identifying key factors 
that help explain exposure universally and in each of the 40 specific markets. The results of 
the UND model uncover variables of significance in relation to exposure in any country. This 
allows us to draw conclusions about the importance of particular characteristics in 
transnational distribution. The results of the 40 ND models identify factors of significance in 
relation to exposure in each specific market. That allows us to conclude about the importance 
of certain attributes in national distributions. Moreover, the analysis outlines the similarities 
and differences between countries by evaluating and comparing the significance and direction 
of the effects for the tested factors across markets. 
 
5.3.1 Characteristics Included in the UND and ND Models and the Alignment with the 
Assumptions for Multiple Regression 
Observable characteristics from the data form a set of explanatory variables that the UND 
model and the 40 ND models incorporate to understand and measure the effect these factors 
have upon exposure in those markets. These models take a similar form to the models 
presented in Chapter 4, only re-expressing two global measures to reflect country-specific 
information and adding two new variables describing particular markets. All models 
constructed in this chapter were applied using ordinary least squares regression as the 




Section 4.2, while the characteristics from the sample relating to the 40 ND models are 
covered in Section 5.2. 
The UND and ND model specification explains exposure (as natural logarithm) of a 
film i in a country j (or the full national dataset) as a function of six predictor groups: (1) the 
indicator of the global coverage measured by geographical spread (as natural logarithm); 
(2) the indicator of the duration in country j measured by run length (as natural logarithm); 
(3) the indicator of the release lag in country j measured by release delay (as square root); 
(4) movie attributes which include running time (as natural logarithm) and genre; 
(5) distribution characteristics which include the size of the distributor and the season of 
release in country j; and (6) origin variables, such as whether a film is co-produced, whether 
it is a domestic production in country j, and its origin. Table 5.2 provides the set of 
measurable characteristics m (m = 1, … , M) that form the variables unique to the current 
models, while Table 4.8 in Chapter 4 shows the set of factors shared with models from the 
previous chapter. The model is specified in Equation 5.1, where i and j stand for film and 
country (or the full national dataset), respectively; the terms βr for r = 1, … , 38 are 
parameters of the model; and ɛij is an error term. 
 
ln SCREENINGS_CNTRij = β0 + β1 ln GEO_SPR_GLij + β2 ln RUN_CNTRij +  
 β3 √ DELAYij + β4 ln RUN_TIMEij +  
 β5–11 Genre Dummiesij + β12–13 Distributor Dummiesij +  
 β14–16 Season Dummiesij + β17 CO-PRODij +  






Table 5.2. Description of Country-Specific Variables Included in the UND and ND Models 
  
For the UND model, the set of M variables is 38, which corresponds to three 
continuous distribution measures, one continuous variable for running time, seven movie 
dummies, five distribution dummies, and 22 origin dummies. For the 40 ND models, the sizes 
of M range from 30 to 37 as summarised in Table C.4 in Appendix C, which also indicates 
the variables removed from each regression. Sixteen ND models excluded GEO_SPR_GL, 
RUN_CNTR, DELAY, or RUN_TIME due to low correlation with exposure in those 
markets—see Table C.5 in Appendix C for correlations. Also, 20 regressions for the countries 
that did not exhibit any of the live event films excluded that genre dummy. Further, in nine 
models that represent a screening country named as one of the top 20 origins, the origin 
dummy was removed in favour of DOMESTIC dummy to facilitate comparison across 
markets. Finally, 14 countries did not exhibit any movies from some of the specific origins, 
and hence those origins were dropped from the models in such cases. 
Before exploring the results, it is important to discuss how well the 41 models of 
national exposure for all screening locations universally and each of the 40 countries align 
with the assumptions of multiple regression presented in Section 3.3.3. The level of 
measurement assumption was met since the dependent variable is continuous and all 
independent variables are continuous or were recoded into dummies. The sample size 
assumption was also met as the full National Sample contains 18,142 data points, while the 
Variable Description of variable Modality 
SCREENINGS_CNTR 
Movie’s total number of screenings in a certain country, 
expressed as natural logarithm 
Continuous 
RUN_CNTR 
Days between a movie’s first and last screenings in a 
certain country, expressed as natural logarithm 
Continuous 
DELAY 
Days between a movie’s first screening in 40 countries and 
its first screening in a certain country, expressed as square 
root 
Continuous 
SUMMER Movie released in the summer in a certain country Dummy 
HOLIDAY Movie released during the holiday in a certain country Dummy 
WINT_SPR Movie released in winter-spring in a certain country Dummy 




number of observations in the 40 markets ranges between 146 and 1,485. In contrast, 
although as expected given the nature of the data, the normality assumption was not met. All 
variables are heavily right-skewed as suggested by statistically significant values of the 
Kolmogorov-Smirnov normality test and remained non-normally distributed even after 
transforming SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME as natural 
logarithm and DELAY as square root.71 However, the analysis proceeded despite this 
violation because meeting the normality assumption is not necessary for large sample sizes. 
Nevertheless, the performed transformations ensured that the normality of residuals 
assumption was met as the residuals were initially found to be non-normally distributed in all 
regressions. The linearity assumption was also met as the included transformed continuous 
variables are highly correlated and those that did not correlate were excluded—see Table C.5 
in Appendix C for correlations. No significant complications were detected regarding the 
homoscedasticity assumption as observed from the scatterplots of the standardised residuals 
and standardised predicted values. Also, applying different transformations to variables did 
not result in more even distributions. Finally, the multicollinearity assumption was also met 
as demonstrated by tolerance > .1 and VIF < 10 for all variables. 
 
5.3.2 Results and Analysis of the UND and ND Models 
This section presents the results and analysis relating to the UND model applied to the full set 
of national observations and the 40 ND models that applied to the observations in each 
specific country. Table 5.3 presents the size of categories, estimated coefficients, standard 
errors, and p values of the UND model, while Table C.6 in Appendix C lists the same 
information for the 40 ND models. Also, Table 5.4 shows the estimated coefficients for all 
                                                 
71 The square root transformation was selected for DELAY because the variable contains zero values and thus 




predictors except the 20 origin dummies marked by the significance of p values across the 40 
ND models together with the number of cases, the variance explained, and the number of 





Table 5.3. Full Regression Results for the UND Model 
Independent variables 
Dependent variable = SCREENINGS_CNTR 
 N  B  SE  p 
C  –1.513 (0.309) <.001 
GEO_SPR_GL 18,142 0.762 (0.018) <.001 
RUN_CNTR 18,142 0.450 (0.009) <.001 
DELAY 18,142 –0.041 (0.002) <.001 
RUN_TIME 18,142 0.844 (0.067) <.001 
ACTION_ADVNT 2,977 0.261 (0.052) <.001 
ANIM 1,209 0.475 (0.063) <.001 
COMEDY 3,408 0.010 (0.050) .845 
DOCO 1,722 –1.531 (0.057) <.001 
DRAMA 6,839 –0.570 (0.047) <.001 
HORROR 686 0.051 (0.071) .473 
LIVE_EVENT 163 –2.817 (0.130) <.001 
MAJOR 6,854 0.412 (0.026) <.001 
MINI-MAJOR 2,754 0.315 (0.034) <.001 
SUMMER 4,045 0.031 (0.032) .327 
HOLIDAY 2,888 0.016 (0.035) .641 
WINT_SPR 6,809 –0.010 (0.028) .730 
CO-PROD 6,317 –0.225 (0.035) <.001 
DOMEST 3,428 1.242 (0.035) <.001 
USA 8,668 0.628 (0.031) <.001 
FRANCE 3,746 –0.222 (0.035) <.001 
INDIA 1,497 0.027 (0.049) .578 
GERMANY 1,515 –0.279 (0.043) <.001 
UK 2,417 0.116 (0.037) .002 
JAPAN 688 0.223 (0.060) <.001 
CANADA 915 –0.023 (0.052) .664 
SPAIN 692 0.131 (0.061) .032 
ITALY 529 –0.139 (0.067) .039 
BELGIUM 938 –0.137 (0.055) .012 
SOUTH_KOREA 353 0.404 (0.081) <.001 
MEXICO 242 –0.328 (0.096) .001 
SWITZERLAND 349 –0.009 (0.082) .917 
ARGENTINA 238 –0.154 (0.101) .127 
ISRAEL 216 –0.519 (0.101) <.001 
NETHERLANDS 239 –0.298 (0.098) .002 
BRAZIL 213 –0.099 (0.102) .334 
CHINA 378 0.178 (0.082) .030 
SWEDEN 426 0.096 (0.074) .198 
AUSTRALIA 405 0.360 (0.075) <.001 
 N = 18,142 
 R2 = .497 
 F = 470.916 
 p = <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table 5.4. Summarised Regression Results for the ND Models, Estimated Coefficients 
Country 












All –1.513 0.762*** 0.450*** –0.041*** 0.844***  0.261***  0.475*** 
ARG –1.715 0.806*** X –0.057*** 1.464** –0.351  0.850* 
AUS  2.098 1.461*** 0.255*** –0.107*** X –0.019 –0.004 
BEL –1.181 0.534*** 0.373*** –0.074*** 0.841**  0.356  0.421 
BGR  3.225 0.653** 0.312*** –0.058*** X  0.120  0.455 
BRA  1.351 1.179*** X –0.073*** 0.629 –0.141  0.257 
CAN –0.523 1.138*** 0.195*** –0.073*** 0.515  0.834***  0.805* 
CHE  1.119 0.716*** 0.281*** –0.065*** 0.321  0.486  0.316 
CHL  0.476 0.968*** 0.172** –0.063*** 0.592  0.082  1.032** 
COL –1.512 0.486** X –0.049** 1.531**  0.234  1.501*** 
DEU –3.124 1.071*** 0.410*** –0.069*** 1.130***  0.704*  1.119** 
ESP –0.025 1.232*** 0.419*** –0.068*** 0.644 –0.608* –0.402 
FIN  1.758 0.218 0.341*** –0.048*** 0.334  0.697**  1.393*** 
FRA  0.428 1.288*** 0.400*** –0.052*** 0.319  0.338  0.371 
GBR  1.261 1.670*** 0.121* –0.074*** X  0.478*  1.113*** 
GRC –2.873 0.429** 0.324*** –0.057*** 1.346*** –0.021  0.555 
IDN  0.915 0.396** 0.387*** X 0.717 –0.068 –0.164 
IND –1.478 0.962*** 0.575*** –0.028 0.677  0.496*  0.234 
IRE  2.192 0.823*** 0.343*** –0.089*** X  0.137  1.211*** 
ISR  0.877 0.760*** 0.288*** –0.025* 0.401 –0.252  0.542 
ITA –1.163 0.802*** 0.494*** –0.024* 0.598  0.602  0.420 
JPN –5.972 0.906*** 0.566*** –0.053*** 1.718***  0.392  1.127*** 
KOR –3.458 0.675*** 0.244*** –0.047*** 1.601***  0.333  0.691* 
LUX –2.007 0.290*** 0.459*** –0.055*** 0.856***  0.305*  0.479** 
MEX –3.836 0.880*** 0.313*** –0.047*** 1.611***  0.253  0.337 
NLD  0.595 0.733*** 0.542*** –0.057*** 0.237  0.679**  0.367 
NOR  3.574 0.247 0.384*** –0.081*** X  0.177  0.822* 
NZL  1.400 0.893*** 0.576*** –0.052*** X  0.015 –0.176 
PER  5.559 0.272 0.364*** –0.084*** X  0.205  0.903** 
PHL  2.800 0.695*** 0.159** –0.027 0.288  0.317  0.580 
POR  1.154 0.889*** 0.265*** –0.080*** 0.411  0.090  0.647* 
SGP –1.096 0.291** 0.540*** –0.053*** 0.841*  0.383*  0.374 
SWE  2.074 0.693*** 0.561*** –0.068*** X  0.534  0.542 
THA  3.173 0.462** 0.597*** –0.047** X  0.743*  0.289 
TWN –2.709 0.265** 0.586*** –0.068*** 1.424***  0.103  0.037 
UAE  5.132 0.239*** 0.427*** –0.038*** X –0.006  0.292 
UKR –0.117 0.290*** 0.521*** –0.063*** 0.869*  0.481*  0.708** 
USA –5.073 1.666*** 0.163*** –0.069*** 1.433***  0.931***  0.393 
VEN  6.275 X 0.263** –0.096*** X  0.835*  1.370** 
VNM  3.439 0.379*** 0.502*** –0.038** X  0.065  0.203 
ZAF  2.769 0.522*** 0.533*** –0.054*** 0.145  0.507*  0.926** 
*p <.05. **p <.01. ***p <.001. 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 
DELAY is expressed as square root. In addition to the variables shown, the regressions include 20 origin 





Table 5.4 Continued 
Country 
Dependent variable = SCREENINGS_CNTR 








All  0.010 –1.531*** –0.570***  0.051 –2.817***  0.412***  0.315*** 
ARG –0.306 –1.839*** –0.897**  0.153 X  0.396*  0.339 
AUS –0.265 –1.578*** –0.501 –1.306** –2.971***  0.670***  0.454** 
BEL  0.219 –1.026*** –0.239  0.144 –4.407***  0.217*  0.145 
BGR –0.406 –1.641*** –0.726* –0.596 X  0.408*  0.251 
BRA –0.318 –2.212*** –1.132**  0.089 –3.425***  0.465**  0.194 
CAN  0.685** –1.013***  0.119 –0.078 –1.819***  0.877***  0.487** 
CHE  0.365 –0.324 –0.213 –0.298 X  0.336**  0.382** 
CHL  0.051 –0.620 –0.536  0.543 X  0.493**  0.240 
COL  0.162 –0.653 –0.447  0.902* –4.416***  0.356  0.183 
DEU  0.742** –0.963*** –0.455 –0.295 –2.978***  0.460***  0.403* 
ESP –0.354 –2.373*** –1.007*** –0.631 –6.704***  0.367**  0.342* 
FIN  0.653** –0.573  0.161  0.300 –2.150***  0.524***  0.285 
FRA  0.299 –1.305*** –0.279 –0.132 –3.447***  0.249*  0.323* 
GBR  0.527* –1.492*** –0.105 –0.475 –1.829***  0.541***  0.508** 
GRC –0.261 –1.128** –0.636**  0.179 X  0.299*  0.138 
IDN –0.891*** –1.131** –0.710*** –0.321 X  0.592***  0.133 
IND  0.040 –0.516 –0.476*  0.369 X  0.068 –0.165 
IRE  0.134 –1.529*** –0.521* –0.162 –0.408  0.412**  0.075 
ISR –0.258 –2.250*** –0.605** –1.165** X  0.355**  0.161 
ITA  0.444 –1.639*** –0.637*  0.455 –0.181  0.015  0.224 
JPN –0.019 –0.506 –0.093 –0.759* –3.566***  0.581***  0.232 
KOR –0.231 –1.705*** –1.012*** –0.818 –3.579***  0.111  0.120 
LUX  0.162 –0.461* –0.034 –0.080 X  0.255**  0.176* 
MEX –0.132 –2.621*** –1.031**  0.513 –2.869**  0.734***  0.792*** 
NLD  0.106 –0.861** –0.186 –0.071 –2.890***  0.474***  0.149 
NOR  0.050 –0.858* –0.402 –0.625 X  0.397*  0.238 
NZL –0.100 –0.962** –0.352 –0.346 –2.200***  0.540***  0.284 
PER –0.081 –1.691*** –0.716**  0.803* X  0.214  0.064 
PHL  0.197 –0.833 –0.658**  0.418 X –0.013 –0.522** 
POR  0.185 –1.331*** –0.292 –0.028 X  0.120 –0.075 
SGP –0.172 –0.451 –0.369*  0.372 X  0.492*** –0.063 
SWE  0.005 –1.157** –0.214 –0.109 –3.059***  0.341*  0.066 
THA –0.145 –1.424 –0.586*  0.451 X  0.368*  0.154 
TWN –0.372 –0.809** –0.611**  0.184 X  0.314**  0.107 
UAE –0.518*** –1.824*** –0.678*** –0.175 X –0.014 –0.175 
UKR  0.192 –0.932* –0.136 –0.260 X  0.312*  0.105 
USA  0.580** –0.678**  0.150 –0.224 –1.646**  0.933***  0.926*** 
VEN  0.459 –0.420 –0.330  1.117* X –0.192 –0.272 
VNM –0.465* –0.731 –0.331  0.224 X  0.485**  0.127 
ZAF  0.598** –0.830**  0.082  0.165 –3.284***  0.223  0.288* 
*p <.05. **p <.01. ***p <.001. 
Note. SCREENINGS_CNTR is expressed as natural logarithm. In addition to the variables shown, the 





Table 5.4 Continued 
Country 
Dependent variable = SCREENINGS_CNTR  
SUMMER HOLIDAY WINT_SPR CO-PROD DOMEST N R2 
Sig 
Ms 
All  0.031  0.016 –0.010 –0.225***  1.242*** 18,142 .497 27 
ARG  0.156  0.023  0.153 –0.121  0.703* 322 .634 10 
AUS –0.013 –0.169  0.046 –0.286  1.263*** 609 .727 16 
BEL  0.180 –0.311*  0.068 –0.214  0.309* 574 .621 14 
BGR  0.328  0.241  0.090 –0.294  1.328 146 .783 8 
BRA  0.446*  0.477*  0.355* –0.177  1.764*** 439 .620 11 
CAN  0.339*  0.372*  0.396** –0.246  0.497*** 842 .660 16 
CHE –0.111 –0.180 –0.044 –0.069  0.311 568 .583 8 
CHL –0.281 –0.044 –0.243  0.165  0.920** 223 .713 9 
COL  0.276  0.697**  0.107  0.052  0.227 279 .613 9 
DEU –0.029 –0.055  0.027 –0.290  0.715*** 766 .659 15 
ESP  0.235 –0.197  0.152 –0.293  0.608** 534 .703 12 
FIN  0.375*  0.174  0.180 –0.120  0.398 254 .686 11 
FRA  0.150 –0.476** –0.055 –0.319*  1.027*** 846 .627 16 
GBR  0.083 –0.038  0.145 –0.291  0.902*** 771 .713 17 
GRC  0.107  0.030  0.190  0.045  0.281 332 .674 9 
IDN  0.304  0.068 –0.292*  0.165  1.795*** 277 .774 11 
IND –0.237 –0.011 –0.193  0.152  2.054*** 502 .619 6 
IRE –0.043 –0.011  0.119 –0.163  1.232*** 403 .714 15 
ISR –0.019  0.203  0.192  0.068  0.645** 372 .572 9 
ITA  0.080  0.147  0.328 –0.772***  1.688*** 535 .604 12 
JPN –0.168 –0.005 –0.191 –0.006  1.548*** 681 .549 9 
KOR  0.091  0.153  0.201  0.049  2.160*** 456 .589 10 
LUX –0.015 –0.033 –0.102 –0.130  0.036 340 .700 9 
MEX  0.058  0.426 –0.066 –0.433*  1.105*** 462 .707 17 
NLD  0.291* –0.090 –0.068 –0.048  1.030*** 538 .580 11 
NOR  0.424*  0.277  0.454**  0.304  0.557 254 .628 10 
NZL –0.236 –0.126 –0.078  0.181  1.377*** 389 .727 14 
PER –0.321  0.178 –0.249  0.052 –0.696 239 .693 8 
PHL  0.129  0.489*  0.069  0.241  1.684*** 274 .495 8 
POR  0.019 –0.033  0.034 –0.088  0.179 400 .743 7 
SGP –0.162 –0.210 –0.306* –0.022  0.628 331 .656 11 
SWE  0.197 –0.140 –0.250 –0.324  1.049*** 314 .657 8 
THA –0.551** –0.334 –0.014 –0.309  0.515 276 .608 8 
TWN –0.265 –0.131 –0.346** –0.251  0.993** 485 .717 12 
UAE –0.002 –0.332** –0.035 –0.120 –0.139 491 .581 9 
UKR  0.057 –0.287 –0.149  0.114 –0.436 387 .642 15 
USA –0.273  0.060 –0.250* –0.455**  1.584*** 1,485 .623 19 
VEN –0.146  0.107  0.062  0.443  0.322 189 .655 7 
VNM –0.005 –0.034 –0.300 –0.279  1.784*** 189 .692 9 
ZAF –0.223 –0.059  0.082 –0.201  0.877** 368 .767 14 
*p <.05. **p <.01. ***p <.001. 
Note. Sig = significant. SCREENINGS_CNTR is expressed as natural logarithm. In addition to the variables 







The UND model explains 50% of the variance in universal national exposure, 
identifying 27 significant predictors. In contrast, the Global Distribution (GD) model 
discussed in the previous chapter explains 58% of the variance in global exposure identifying 
23 significant variables. Across the 40 ND models, the proportion of the explained variance 
increases and ranges from 50% in the Philippines to 78% in Bulgaria. Further, the number of 
identified significant predictors varies between six in India and 19 in the US. The fact that all 
40 ND models explain variation in exposure better than the UND model proves that 
modelling for specific countries is beneficial and suggests that differences exist in what leads 
to films securing high exposure in various markets. 
Results for the UND and ND models show that all three tested continuous distribution 
measures play important roles in explaining exposure in any country, and their effects are 
consistent across the markets. In the UND model GEO_SPR_GL demonstrates a highly 
significant positive impact on exposure. It is the strongest predictor based on the inspection 
of β weights; its effect is identical to that detected in the GD model in the previous chapter. 
However, this model adds an interesting qualification to the existing results. Travelling to 
more countries will not only typically increase the total number of screenings for a film as 
proven in the previous chapter and the literature (Griffith et al., 2014; Song & Shankar, 
2012), but it will also generally lead to more showtimes within any specific market. 
 Moreover, GEO_SPR_GL has a significant positive impact on exposure in all the ND 
models but those for Finland, Norway, and Peru. It is the strongest predictor in 17 countries,72 
the second strongest in six,73 and the third strongest in another six74 based on the inspection 
of β weights. These results prove that the more widely movies are distributed, the more 
screenings they will typically secure in all but the three tested markets, which is in line with 
                                                 
72 Argentina, Australia, Brazil, Canada, Chile, France, Germany, India, Israel, Japan, New Zealand, the 
Philippines, Portugal, Spain, Switzerland, the UK, and the US. 
73 Bulgaria, Ireland, Italy, Mexico, the Netherlands, and South Korea. 




the previous literature (Griffith et al., 2014; Song & Shankar, 2012). It is important to note 
that GEO_SPR_GL was excluded from the model for Venezuela due to low correlation. This 
is an interesting result, showing that, in contrast to all other tested countries, exposure in 
Venezuela is unrelated to the breadth of a film’s international distribution. 
The variable RUN_CNTR also demonstrates a highly significant positive impact on 
exposure in the UND model. It is the second strongest predictor based on the inspection of 
β weights. This result, which is significant only in the current and not the global setting, is in 
line with the findings by Sochay (1994), yet contrasts with the observations by De Vany and 
Walls (1997). The increase in the importance of RUN_CNTR can be attributed to the change 
in the level of measurement for the variable. In Chapter 4, run length was recorded at the 
global scale and modelled on global exposure, while in the analyses presented in this chapter 
the run was measured in a specific country and regressed on exposure in the same place. The 
success of the current method suggests that the relationship between run length and exposure 
is more localised. While being in circulation in a specific market will typically lead to more 
screenings in that country, the fact that a film simply remains in international circulation will 
not typically result in higher global exposure. 
These results are further confirmed across all 37 ND models, which include 
RUN_CNTR, where the measure shows a significant positive influence on exposure. It is the 
strongest predictor in ten markets,75 the second strongest in six,76 and the third strongest in 
another six77 based on the inspection of β weights. These findings further prove that the 
longer films stay on screens, the more showtimes they will typically receive in all tested 
countries as suggested by Sochay (1994). However, RUN_CNTR was excluded from the 
regressions for Argentina, Brazil, and Colombia due to low correlation. This is an interesting 
                                                 
75 Greece, Luxembourg, the Netherlands, Singapore, Sweden, Taiwan, Thailand, the UAE, Ukraine, and 
Vietnam. 
76 Belgium, Germany, New Zealand, Norway, Peru, and South Africa. 




finding, highlighting that, unlike all other examined countries, exposure in the three Latin 
American markets does not depend on duration in theatres. 
The newly introduced country-specific distribution measure DELAY shows a highly 
significant negative impact on exposure in the UND model, which is in line with the previous 
research (Clement et al., 2014; Elberse & Eliashberg, 2003; Griffith et al., 2014; Lampe & 
McRae, 2018; Moon & Song, 2015; Moon et al., 2016). The longer movies are delayed in 
arriving at a particular country after their world premiere, the fewer screenings they will 
typically receive in that market. 
These findings are further supported by the results from the ND models, where 
DELAY demonstrates a significant negative influence on exposure in all countries but India 
and the Philippines. It is the strongest predictor in Bulgaria, Norway, Peru, and Venezuela; 
the second strongest in eight markets;78 and the third strongest in seven countries79 based on 
the inspection of β weights. However, DELAY was excluded from the regression for 
Indonesia due to low correlation. Again, this is an interesting finding, revealing that in 
contrast to all other examined markets, exposure in Indonesia is unrelated to release delay. 
The results from both the UND and the ND models clearly show that the simultaneous 
worldwide rollout is a more beneficial strategy than sequential release when it comes to 
securing screenings internationally. 
 The impact of the movie characteristics appears less consistent across countries in 
terms of the direction and significance compared to the previously discussed distribution 
measures. In the UND model, RUN_TIME demonstrates a highly significant positive effect 
on exposure. It generally holds that the longer the films, the more showtimes they will 
typically receive in any market. This effect is identical to that detected in the GD model in the 
                                                 
78 Australia, Canada, Chile, Luxembourg, Portugal, Singapore, Switzerland, and Ukraine. 




previous chapter in terms of its direction and significance, although RUN_TIME had 
decreased in importance in the current setting based on the inspection of β weights. It has 
been previously hypothesised that longer movies have higher budgets, which in turn enable 
them to secure more screenings (Moon et al., 2010). These results suggest that while higher 
budgets do typically lead to more showtimes, other factors are more important in the national 
setting, namely run length, being produced domestically, belonging to drama and live event 
genres, originating from the US, delay, and being distributed by a major, as outlined later in 
the chapter. 
Results from the ND models provide reasons for this decline in importance. It appears 
that RUN_TIME has a significant positive impact on exposure in only 13 countries,80 while it 
was excluded from 12 regressions due to low correlation.81 Taking a closer look at these 
markets we can see that the influence of the running time or the budget it represents (Moon 
et al., 2010) in the global and the universal national settings must have been inflated by its 
high importance in the US, representing almost a half of the world’s screenings. However, 
when testing the countries separately, it becomes clear that longer running time will typically 
result in higher exposure across only a third of the markets. It can be inferred from these 
weak relationships at a national level that the initial assumption films with higher running 
time have higher budgets loses validity when a sample of movies, diverse in terms of both 
their earning capacity and origin, is considered as in this analysis. 
 All genres but COMEDY and HORROR show a significant influence on exposure in 
the UND model. ACTION_ADVNT and ANIM demonstrate positive effects, while DOCO, 
DRAMA, and LIVE_EVENT have a negative impact. Action/adventure and animation films 
will typically receive more screenings in any country, while documentary, drama, and live 
                                                 
80 Argentina, Belgium, Colombia, Germany, Greece, Japan, Luxembourg, Mexico, Singapore, South Korea, 
Taiwan, Ukraine, and the US. 





event movies will generally get fewer showtimes. In comparison to the GD model in the 
previous chapter, COMEDY has lost its significance in the current setting, and DOCO has 
declined in importance based on the inspection of β weights. 
The hypothesis of cultural specificity discussed in Section 2.3, stating that genres 
dependent on language and culture will struggle to perform internationally and vice versa, is 
consistent with the results (Fu, 2013, p. 795). While DRAMA demonstrates a negative impact 
on exposure, ACTION_ADVNT and ANIM show positive effects. Further, the puzzling 
positive influence of the culture- and language-bound genre COMEDY observed in the GD 
model in the previous chapter is no longer significant. While comedies will typically secure 
more global screenings, they are not guaranteed to receive higher exposure within specific 
markets. Finally, the view that genres appealing to niche audiences receive fewer showtimes 
is substantiated with the negative impact of DOCO and LIVE_EVENT. 
None of the genres exhibit significant effects on exposure in all the ND models. The 
closest to a universal finding is for LIVE_EVENT, which shows a significant negative effect 
on exposure in all tested countries82 except for Ireland and Italy, although this factor was only 
included in half of the regressions. LIVE_EVENT is the strongest predictor in Finland and 
South Africa; the second strongest in Colombia, Spain, and Sweden; and the third strongest in 
South Korea and New Zealand based on the inspection of β weights. Further, DOCO, which 
entered all 40 regressions demonstrates a significant negative influence in all but 11 
markets.83 It is the strongest predictor in Mexico; the second strongest in Argentina and 
Israel; and the third strongest in Spain, Australia, France, and the UK based on the inspection 
of β weights. These findings further support the hypothesis that genres appealing to niche 
audiences will typically receive fewer screenings. 
                                                 
82 Australia, Belgium, Brazil, Canada, Colombia, Germany, Finland, France, Japan, Mexico, the Netherlands, 
New Zealand, South Africa, South Korea, Spain, Sweden, the UK, and the US. 





 DRAMA also shows a significant negative influence on exposure across 18 
countries.84 Further, it is the third strongest predictor in six markets85 based on the inspection 
of β weights. Interestingly, DRAMA demonstrates a non-significant positive impact on 
exposure in many English-speaking countries, such as Canada, the US, and South Africa, 
while its negative influence detected in Australia, the UK, and New Zealand is not 
significant. As most movies within the tested sample are produced in the US, this finding 
suggests that the negative effects of DRAMA could be associated with language as proposed 
by Fu (2013, p. 795) and are therefore not found in the English-speaking markets, except 
Ireland. 
 In contrast, ANIM demonstrates significant positive effects on exposure in 17 
countries.86 It is the strongest predictor in Colombia and the second strongest in Finland and 
Venezuela based on the inspection of β weights. Similarly, ACTION_ADVNT shows a 
significant positive impact in 14 other markets,87 although it has a significant negative 
influence in Spain. Moreover, it is the third strongest predictor in Venezuela based on the 
inspection of β weights. These results further substantiate the hypothesis that genres which 
are less dependent on language and culture typically travel well internationally (Fu, 2013, 
p. 795). 
 COMEDY and HORROR, which do not significantly contribute to explaining 
exposure in the UND model, demonstrate significant effects in mixed directions across the 
ND models. The significant impact of COMEDY is positive in six countries,88 while negative 
in Indonesia, the UAE, and Vietnam. Interestingly, COMEDY shows a positive influence in 
                                                 
84 Argentina, Bulgaria, Brazil, Greece, India, Indonesia, Ireland, Israel, Italy, Mexico, Peru, the Philippines, 
Singapore, Spain, South Korea, Taiwan, Thailand, and the UAE. 
85 Argentina, Bulgaria, Brazil, Israel, Peru, and the Philippines. 
86 Argentina, Canada, Chile, Colombia, Finland, Germany, Ireland, Japan, Luxembourg, Norway, Peru, 
Portugal, South Africa, South Korea, the UK, Ukraine, and Venezuela.  
87 Canada, Finland, Germany, India, Luxembourg, the Netherlands, Singapore, South Africa, Thailand, the UK, 
Ukraine, the US, and Venezuela. 




many English-speaking markets, which is significant in Canada, South Africa, the UK, and 
the US, while its negative effects in Australia and New Zealand are non-significant. As most 
movies within the tested sample are produced in the US, it could be concluded that comedies 
tend to receive more screenings in countries without a language barrier. These findings could 
explain the unexpected positive impact of this genre detected in the GD model in the previous 
chapter, which contradicts the cultural specificity theory (Fu, 2013, p. 795), especially 
because the large American market is one of the positive influence zones. 
 The observed significant effects of HORROR are positive in Colombia, Peru, and 
Venezuela, while negative in Japan, Australia, and Israel. The finding that horror movies 
travel to certain Latin American countries with ease aligns with the hypothesis of cultural 
specificity (Fu, 2013, p. 795). However, it could be that in the other three markets horror is 
perceived as a niche genre and therefore is generally less exhibited. 
 The influence of the distribution characteristics is also largely inconsistent across 
countries, and the categorical distribution traits generally appear less important than the 
continuous distribution measures. In the UND model, both MAJOR and MINI-MAJOR show 
a highly significant positive impact on exposure. Films released by majors or mini-majors 
will typically receive more showtimes in any market. These effects are identical to those from 
the GD model in the previous chapter in terms of their direction and significance. However, 
in contrast to the global results, the influence of MAJOR outweighs that of MINI-MAJOR in 
the current setting based on the inspection of β weights. These results which align with the 
observations by Litman and Kohl (1989, p. 42) suggest that while mini-majors can secure 
large volumes of global screenings, majors are generally better at guaranteeing showtimes for 
their movies in specific countries. This is not a surprising finding as major distribution 
companies have longer-lived, established distribution networks that would better reach more 




 The influence of MAJOR is also significant across more of the ND models than the 
impact of MINI-MAJOR. Exposure in 30 countries89 receives significant positive effects from 
MAJOR. It is the third strongest predictor in Singapore based on the inspection of β weights. 
In contrast, MINI-MAJOR demonstrates a significant positive impact in only 11 markets90 
and has a significant negative effect in the Philippines. It should be noted that MINI-MAJOR 
has no positive influences across Asian countries, which signals that the distribution networks 
of this group of companies are less well developed in the Asian region—these results support 
the findings from the UND model and the literature (Litman & Kohl, 1989, p. 42) that majors 
outperform mini-majors at securing screenings in particular markets. 
Release timing appears to be completely unrelated to exposure in the UND model 
with none of the seasons showing a significant influence. Even HOLIDAY, which 
demonstrates a significant positive impact in the GD model in the previous chapter, loses its 
importance in the national setting. While release seasons were previously assigned to movies 
based on their global premiere date, they are now recorded based on the launch dates in each 
specific country. Thus, the concern that the low importance of seasons could be associated 
with the fact that in certain parts of the world, because of release delays, films might open in 
a different season than their premiere is no longer valid. Therefore, the Northern American 
seasons defined by Einav (2007, p. 133) cannot be very important in explaining exposure in 
specific markets. More accurate results could potentially be derived if seasons were measured 
differently, possibly at a more granular level; for example, by the month or even the week of 
release. 
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 However, all seasons show several significant effects in mixed directions across the 
ND models. SUMMER demonstrates a significant positive influence in Brazil, Canada, 
Finland, the Netherlands, and Norway and a significant negative effect in Thailand. The 
significant impact of HOLIDAY is positive in Brazil, Canada, Colombia, and the Philippines, 
yet negative in Belgium, France, and the UAE. Finally, WINT_SPR has significant negative 
effects in Indonesia, Singapore, Taiwan, and the US, but a significant positive influence in 
Brazil, Canada, and Norway. These results show that while release seasons might not be 
important in all countries, they affect exposure in a handful of markets, especially in Brazil 
and Canada where all three categories have significant positive influences, and Norway 
where two seasons show significant positive effects. 
The impact of origin attributes is more consistent in its direction and significance 
across countries than the influence of movie or distribution characteristics. In the UND 
model, DOMEST demonstrates a highly significant positive influence on exposure. 
Moreover, it is the third strongest predictor based on the inspection of β weights. 
Domestically produced films will generally receive more screenings in their home markets, 
which is in line with findings by Lampe and McRae (2018). This result is further confirmed 
across the ND models where DOMEST shows a significant positive influence on exposure in 
26 countries.91 It is the strongest predictor in South Korea, the second strongest in six 
markets,92 and the third strongest in Chile based on the inspection of β weights. 
In contrast, CO-PROD has a highly significant negative influence on exposure in the 
UND model. Differently from what has been suggested by the literature (Alaveras et al., 
2018; Kim & Jensen, 2014; McFadyen et al., 2000) but reflective of the findings in the GD 
model in the previous chapter, co-produced movies will typically receive fewer showtimes in 
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any country. This result is especially surprising in the light of the highly significant positive 
influence of DOMEST because having multiple origins should open several home markets 
thus easing international distribution. However, it could be at least partially attributed to the 
genre composition of co-productions. The respective shares of documentaries and dramas are 
7% and 8% higher for co-productions compared to single-origin films and these genres show 
a significant negative influence on both global and universal national exposure. 
Nonetheless, CO-PROD demonstrates significant negative effects in only four of the 
ND models, namely those for France, Italy, Mexico, and the US. These results help further 
explain the unexpected negative effect of CO-PROD observed at the global level and in any 
country. While CO-PROD shows a significant negative influence in only four markets, these 
countries amount to 60% of the world’s screenings, and therefore the impact appears to be 
more widespread at a higher level of aggregation. However, its negative effect is not 
pronounced in most markets. Nonetheless, having multiple countries of origin does not lead 
to higher exposure in any of the markets, contrary to what has been suggested in the literature 
(Alaveras et al., 2018; Kim & Jensen, 2014; McFadyen et al., 2000). 
Many specific origins also show a significant impact on exposure in the UND model. 
The effects of SPAIN, CHINA, UK, US, JAPAN, SOUTH_KOREA, and AUSTRALIA are 
positive, while those of ITALY, BELGIUM, MEXICO, NETHERLANDS, FRANCE, 
GERMANY, and ISRAEL appear negative. The finding that being produced in several 
English-speaking markets, namely the UK, the US, and Australia, leads to more screenings in 
any country aligns with the previous observations that English-speaking films travel better 
internationally (Marvasti, 1994). It is surprising that from the nine tested European origins 
only being made in the UK and Spain will typically result in more showtimes in any market, 
while originating from others, namely Italy, Belgium, the Netherlands, France, and Germany, 




findings that European producers struggle to compete with the international distribution 
networks of the US (European Commission, 2014). Finally, the fact that movies made in 
certain Asian countries, including China, Japan, and South Korea, tend to receive higher 
exposure in any market might signal the emergence of Asian production and distribution 
centres. 
Several origin effects detected in the UND model are identical to those observed in 
the GD model in the previous chapter, including those of US, JAPAN, SOUTH_KOREA, 
AUSTRALIA, and ISRAEL. However, INDIA and BRAZIL lose significance in the UND 
model, while SPAIN, CHINA, UK, BELGIUM, NETHERLANDS, and GERMANY gain 
significance. Further, while JAPAN decreases in importance, ISRAEL gains strength in the 
current setting based on the inspection of β weights. Finally, three significant predictors that 
show positive effects in the GD model, namely FRANCE, MEXICO, and ITALY, now 
demonstrate a significant negative impact. It is interesting to observe that movies from these 
three origins receive significantly more global screenings but fewer local showtimes. It could 
be reasoned that their positive impact appeared more widespread in the global market 
because France, Mexico, and Italy together amount to 22% of the world’s screenings, while it 
has been proven that countries tend to favour their domestic productions. Nonetheless, when 
the showtime location and not only exposure becomes important, as in the current setting, 
films made in these markets do worse. Following the same logic, there is a chance that the 
positive influence of China was not detected in the global setting due to omitting the origin 
from the sample of screening countries, and thus removing its domestic advantage. However, 
when the location is considered, as in the current setting, Chinese movies are found to receive 
more national showtimes. 
While the effects of the specific origins vary in their direction and significance across 




Films from a group of English-speaking origins typically receive higher exposure in many 
foreign markets. In contrast, movies made in several non-English-speaking countries 
generally struggle to secure international screenings. Finally, productions from other markets 
perform well in certain countries but do poorly in others. These findings illustrate the 
importance of language and influence zones for international cinema distribution. 
Films made in the four tested English-speaking origins show uniformly significant 
positive effects on exposure across markets. As expected, US demonstrates a significant 
positive effect in all but nine countries.93 It is the strongest predictor in Belgium, Ireland, and 
Italy; the second strongest in the UK, Greece, Taiwan, the UAE, and Vietnam; and the third 
strongest in Australia, Canada, Mexico, and Portugal based on the inspection of β weights. 
Further, AUSTRALIA94 and UK95 have a significant positive influence in seven markets, 
although the effect of both is found only in Belgium, Italy, and the US. Lastly, CANADA 
shows a significant positive impact in Ireland, the Philippines, Singapore, and the US. It is 
likely that this influence is related to language rather than other qualities such as the size and 
reputation of the production market because the results are uniform across multiple origins 
that are otherwise dissimilar. Interestingly, the US dominance is prominent in most Northern 
American, European, and Oceanian countries where American movies typically receive more 
screenings. However, it is considerably weaker across other regions as the origin has no 
effect on exposure in the two largest tested Asian markets, namely Japan and India, and half 
the tested Latin American countries, including Chile, Peru, and Venezuela. 
It is also observed that English-speaking markets are less receptive to foreign 
language films. From the seven tested English-speaking screening countries, significant 
positive influences of foreign-language origins on exposure are detected only from SWEDEN 
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in Australia and from SPAIN in the UK. In the remaining five countries, all significant 
positive effects are from English-speaking origins, namely US and UK in Australia and New 
Zealand; US and AUSTRALIA in the UK and Canada; US, UK, and CANADA in Ireland; UK, 
CANADA, and AUSTRALIA in the US; and US in South Africa. 
Furthermore, movies made in seven non-English-speaking origins show uniformly 
negative significant effects on exposure across markets. INDIA has a negative influence in 13 
countries.96 Moreover, it is the strongest predictor in Indonesia, the second strongest in 
Thailand, and the third strongest in Norway and South Africa based on the inspection of 
β weights. JAPAN has a negative effect in Australia, Greece, Mexico, New Zealand, and 
Ukraine. MEXICO demonstrates a negative influence in Chile, France, Ireland, South Africa, 
and Switzerland. The negative impact of ITALY is detected in France, New Zealand, South 
Africa, and the US. BRAZIL shows a negative influence in the UK, the US, and Venezuela, 
while ISRAEL has a negative impact in Germany, Mexico, and Taiwan. Finally, 
NETHERLANDS demonstrate a negative impact in Mexico. 
Moreover, the significant effects of originating from the other four 
non-English-speaking countries are mostly negative across markets. The negative influence 
of FRANCE is found in nine countries,97 while its positive impact is detected in Belgium. 
GERMANY shows a negative effect in seven markets,98 whereas a positive influence in 
Switzerland. The negative effects of SOUTH_KOREA are observed in Spain, Indonesia, 
Germany, and Ukraine, while its positive influence is found in Vietnam. BELGIUM 
demonstrates a negative influence in Bulgaria and the Philippines, yet a positive impact in 
Italy. 
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In contrast, several non-English-speaking origins show mainly significant positive 
effects on exposure. SWEDEN has a positive influence in Australia, the UAE, and Ukraine, 
but a negative effect in Bulgaria. SPAIN demonstrates a positive impact in Argentina, 
Mexico, and the UK, while a negative effect in India. CHINA shows a positive influence in 
Taiwan and Vietnam, and conversely a negative effect in New Zealand. Finally, 
ARGENTINA has a positive impact in Chile and Ukraine, while a negative effect in Peru. 
It becomes evident from these results that the trend wherein films travel better to 
countries with a common language or within their neighbouring area is also prominent across 
the non-English-speaking markets. FRANCE demonstrates a positive impact in 
French-speaking Belgium. GERMANY has a positive effect in German-speaking Switzerland. 
SPAIN shows a positive influence across the Spanish-speaking Mexico and Argentina. 
Finally, ARGENTINA demonstrates a positive impact in Spanish-speaking Chile, although it 
has a strange negative effect in Spanish-speaking Peru. 
 
 CONCLUSION 
This chapter has explored the National Sample representing international cinema distribution 
at a mid-aggregated scale. It has re-expressed the previously discussed Global Sample to 
differentiate between the observations across 40 screening markets. Building on the variable 
composition and expression from the previous chapter, this chapter has introduced several 
country-specific measures such as exposure, run length, release delay, release season, and 
domestic production all calculated for particular screening markets. 
The analyses in this chapter have offered insight into addressing the second research 
question, which focuses on the patterns of transnational cinema distribution, and its related 
sub-questions. The effects of selected variables on exposure in any country were first tested 




Sub-Question 2.1. The UND model results were then compared with the Global Distribution 
(GD) model results from the previous chapter, in response to Research Sub-Question 2.2. 
Subsequently, the 40 National Distribution (ND) models of the same composition were 
constructed to test how the same variables affect exposure in each screening market, offering 
insight into Research Sub-Question 2.3. Finally, the results were contrasted across the ND 
models to address Research Sub-Question 2.4. 
In response to Research Sub-Question 2.1, dealing with the way geographical spread, 
run length in any country, release delay in any country, and the quantifiable factors associated 
with movie, distribution, and origin affect the volume of screenings in any country, multiple 
regression has identified 27 significant predictors. Significant positive impacts have been 
observed for 15 variables: geographical spread, run length, running time, genres 
action/adventure and animation, major and mini-major distributors, domestic origin, and 
origins the US, the UK, Japan, Spain, South Korea, China, and Australia. In contrast, 
significant negative influences have been detected for 12 attributes: release delay; genres 
documentary, drama, and live event; co-production; and origins France, Germany, Italy, 
Belgium, Mexico, Israel, and the Netherlands. The eight strongest predictors have proven to 
be geographical spread (+); run length (+); domestic production (+); genres documentary (–), 
drama (–), and live event (–); the origin US (+); and release delay (–). Otherwise to the global 
results in the previous chapter, only one tested factor has shown an effect on universal 
national exposure in contrast to the previous literature. While co-productions were expected 
to receive more screenings (Alaveras et al., 2018; Kim & Jensen, 2014; McFadyen et al., 
2000), the variable has demonstrated a significant negative effect on exposure in any country. 
Regarding Research Sub-Question 2.2, asking whether the factors that determine the 
volume of showtimes in any country and the global volume of screenings differ in terms of 




and origins Germany, the UK, Spain, Belgium, the Netherlands, and China have only 
demonstrated a significant impact in the UND model, while the comedy genre, holiday 
season, and origins India and Brazil have only been significant in the GD model in the 
previous chapter. Second, origins France, Italy, and Mexico have changed the direction of 
their influence from positive in the GD model to negative in the current setting. Finally, 
major distributor and the US origin have increased in importance in the UND model, while 
the impacts of running time, documentary genre, mini-major distributor, and Japan origin 
have decreased in the current setting based on the inspection of β weights. 
Comparing global and transnational results allows us to understand how the effect on 
exposure of certain factors changes depending on the geographical scale at which it is 
measured. It has become evident from the analysis that the influence of run length and several 
previously listed origins are more localised, while the impact of the comedy genre, holiday 
season, and origins India and Brazil are only felt at scale. Moreover, it has been revealed that 
while being produced in France, Italy, and Mexico would typically guarantee higher global 
exposure, the same characteristics would lead to fewer local screenings. 
In connection to Research Sub-Question 2.3, dealing with the way geographical 
spread, run length in a certain country, release delay in the same country, and the quantifiable 
factors associated with movie, distribution, and origin affect the volume of showtimes in each 
of the 40 markets—15 factors have demonstrated a uniform statistically significant impact 
across countries. Ten variables have shown a consistently positive effect: geographical 
spread, run length, running time, animation genre, major distributor, domestic production, 
and origins the US, Australia, Canada, and the UK. In contrast, five characteristics have had a 
uniformly negative influence: release delay; genres documentary, drama, and live event; and 




allows us to conclude that the rules which determine the exposure of internationally 
distributed films vary from country to country. 
To address Research Sub-Question 2.4, which asks whether the factors that determine 
the volume of screenings differ in terms of direction and magnitude of their effect across 40 
countries, 22 predictors have been detected to show statistically significant effects on 
exposure pointing to different directions across markets. First, nine variables have 
demonstrated the majority of significant positive influences: genres action/adventure and 
comedy, mini-major distributor, seasons summer and holiday, and origins Sweden, China, 
Spain, and Argentina. Second, ten characteristics have shown most of the significant negative 
impacts: winter/spring season and origins Japan, India, Mexico, Brazil, Israel, Italy, France, 
Germany, and South Korea. Finally, three attributes have had an equal number of positive 
and negative significant effects: the horror genre and origins the Netherlands and Belgium. 
These findings allow us to conclude that the rules which determine the exposure of 
internationally distributed films vary from country to country. 
Several insights concerning the factors that determine national exposure for 
internationally distributed movies in different groups of countries have also been highlighted. 
The effects of geographical spread (+), run length (+), and release delay (–) have been found 
significant in over 90% of markets. The documentary genre (–), major distributor (+), 
domestic production (+), and US origin (+) have demonstrated a notable impact in over 50% 
of countries. And over 30% of markets have experienced a significant influence of running 
time (+); genres action/adventure (+), animation (+), drama (–), and live event (–); and India 
origin (–). Also, five out of the seven tested Latin American countries favour animations, 
while only Japan and South Korea of all the Asian markets behave in the same way. Further, 
two-thirds of the observed significant positive influences from the comedy genre are found in 




among Latin American markets. Being distributed by a mini-major does not guarantee more 
screenings in any of the Asian countries. All three release seasons affect exposure positively 
in Brazil and Canada. American films receive more showtimes in most of Northern America, 
Europe, and Oceania, but the effect is less pronounced across Asian and Latin American 
markets. Finally, movies receive higher exposure in countries that speak their languages such 
as French in Belgium; German in Switzerland; and Spanish in Mexico, Argentina, and Chile. 
 If we were to revisit the previously discussed example describing the exposure of 
Frozen (2013) and Carrie (2013) in the UK and France in the context of these findings, we 
could now understand that the former film received more screenings in the UK due to the 
differences in genre effects between the markets. While both animation and horror movies are 
expected to have low “cultural discount” and should, therefore, travel well internationally, we 
have learned that horror has an insignificant negative effect on exposure in both the UK and 
France, whereas the positive effect of animation is highly significant only in the UK. Hence, 
while horror films should perform equally poorly in both countries as we saw from the 
example of Carrie (2013), animations should receive much higher exposure in the UK, 








ONE-WAY CINEMA DISTRIBUTION FROM THE US TO AUSTRALIA: 
“10% RULE” AND THE DETERMINANTS OF EXPOSURE AND BOX OFFICE 
 
“Australian distribution practice has long understood the Australian 
audience as a reproduction in microcosm of the American audience, and 
constructed its distribution strategies accordingly.” 
 (Bowles, Maltby, Verhoeven, & Walsh, 2007, p. 97) 
 
 INTRODUCTION 
A biographical drama Hitchcock (2012) co-produced between the UK and the US and 
directed by Sacha Gervasi opened in North America in December 2012. The movie portrayed 
the relationship between the famous director and his wife during the filming of Psycho 
(1960). A month later, the production travelled to Australia where it received a remarkable 
70% of its domestic earnings. American sci-fi drama Her (2013) directed by Spike Jonze 
followed the same international release sequence a year later. The film also portrayed an 
intimate relationship, although this time unfolding between a writer and an operating system 
in the near future. In contrast to Hitchcock, this production barely collected 6% of its home 
box office in Australian theatres. Distributors and exhibitors have historically relied on the 
“10% rule” to predict the revenue of American movies in Australia, expecting the imported 
films to earn around one-tenth of their home box office abroad (see Section 2.5.5 for the 




close to this “rule-of-thumb,” this raises the question of whether the “rule” still applies in 
today’s setting, and whether different rules govern the dissemination of different movies. 
 In order to better understand the distribution of American films to Australia, this 
chapter focuses on the US–Australian Sample that represents international cinema circulation 
at the least aggregated scale. It first questions the existence of the “10% rule,” as presented by 
Zemaityte et al. (2018). Using non-parametric statistics suitable for small, skewed samples, 
box office and exposure for American movies were first contrasted between the US and 
Australia to test whether the “rule” holds for demand, and if it is relevant for supply in the 
current market conditions. Then, box office, number of screenings, and run length compared 
between the two countries and release delay in Australia were evaluated per genre, 
distributor, and origin to understand the preferences of American and Australian audiences, 
exhibitors, and distributors. 
 Subsequently, a new conceptual framework for studying the distribution of American 
movies to foreign countries was tested in Australia. It is informed by the research design and 
findings of Elberse and Eliashberg (2003) and Clement et al. (2014) who factored in the 
influence of supply, in contrast to other studies, which analysed the direct relationship 
between domestic and foreign revenues of American films (Sections 2.4.1 and 2.4.2). This 
new framework uses a three-part interconnected system of multiple regression models. First, 
the effects of exposure and run length in the US and movie, distribution, and origin 
characteristics were tested on US box office using the Domestic Market (DM) model. 
Second, the impact of American box office, release delay, and movie, distribution, and origin 
attributes were analysed for exposure in Australia using the International Exchange (IE) 
model. Third, the influence of exposure and run length in Australia and movie, distribution, 
and origin characteristics were examined on Australian box office in the Foreign Market 




films as the groups are expected to behave differently. The analyses presented in this chapter 
offer insight into addressing the third research question and its related sub-questions 
introduced in Section 1.6: 
 
3. What are the patterns of one-way cinema distribution from the US to Australia? 
3.1 Do typical American films receive 10% of their domestic box office and screenings in 
Australia as suggested by the industry’s “rule”? 
3.2 Comparing between the US and Australia, how do the release delay and the ratios for 
box office, number of screenings, and run lengths for American films differ across 
genre, distributor, and origin categories? 
3.3 How do the volume of screenings and the length of run in the US and the quantifiable 
factors associated with movie, distribution, and origin affect box office for high and 
low earning American films in the US? 
3.4 How do box office in the US, release delay, and the quantifiable factors associated 
with movie, distribution, and origin affect the volume of screenings for high and low 
earning American films in Australia? 
3.5 How do the volume of screenings and the length of run in Australia and the 
quantifiable factors associated with movie, distribution, and origin affect box office 
for high and low earning American films in Australia? 
3.6 How do the factors that determine box office in the US and the volume of screenings 
and box office in Australia for American films differ in terms of direction and 






Results from the non-parametric testing provide no support for the “10% rule” 
(Zemaityte et al., 2018). The ratio of the contrasted box office was found to be higher than 
10%, whereas that of exposure to be lower. However, evidence that the tastes of audiences, 
distributors, and exhibitors differ between countries is observed. Multiple regression results 
reveal strong relationships between exposure and box office for all films in both markets. 
Further, release delay shows a strong negative effect on Australian exposure for all movies. 
However, the US box office affects Australian exposure positively only for high earning 
films. Finally, the impacts of movie, distribution, and origin characteristics vary in their 
direction and significance across the models, countries, and market segments. In general, the 
models characterising the behaviour of high earners are more robust, revealing the need for 
more research on less popular titles. 
 This chapter begins by discussing the characteristics of the full US–Australian 
Sample, contrasting the two countries and the two market segments in Section 6.2. Then, 
results from non-parametric testing are described and analysed in Section 6.3. The testing 
was first employed to examine the existence of the “10% rule” addressing Research 
Sub-Question 3.1. It was then used to study the differences in cultural preferences of 
American and Australian audiences, distributors, and exhibitors offering insight into 
Research Sub-Question 3.2. Next, multiple regression results for DM, IE, and FM models are 
presented and analysed separately for high and low earning films (Section 6.4): findings 
regarding the DM model give quantifiable evidence about the determinants of the US box 
office, addressing Research Sub-Question 3.3; results from the IE model provide quantifiable 
evidence about factors that influence Australian exposure, responding to Research 
Sub-Question 3.4; and observations from the FM model give quantifiable evidence about the 
determinants of Australian box office, addressing Research Sub-Question 3.5. These findings 




exposure, and Australian box office, and that their effects vary between market segments 
providing insight into addressing Research Sub-Question 3.6. Finally, concluding remarks are 
made and learnings are summarised (Section 6.5). 
 
 DATA OVERVIEW 
In order to understand the dissemination of American movies from the US to Australia, an 
appropriate dataset needs to be assembled. This section discusses features from the  
US–Australian Sample used in non-parametric testing and incorporated into six multiple 
regression models later in this chapter. This dataset represents the least aggregated version of 
the international cinema distribution, recording it in two countries. As this dataset was 
restricted to American films that exhibited in both the US and Australia, its size shrank from 
3,424 movies in the global dataset to 231 films, or 7% of the captured world repertoire. 
However, since the US is the largest screening market, exhibiting 97% of its home 
productions, these few movies received a combined total of 55,157,548 showtimes in the US 
and Australia, which constitutes 42% of the world’s screenings examined in the previous 
chapters. The full US–Australian Sample was used in the non-parametric analysis 
(Section 6.3). 
Before performing the multiple regression analyses in Section 6.4, another 34 films 
were omitted from the dataset, reducing its size to 197 titles, and the sample was split into 
high and low earning segments. First, four extreme outliers based on the US box office were 
removed because they grossed under US$6,000 in their home market, exerting a large 
influence on an already skewed distribution. Second, 30 movies that opened in Australia 
before the US were excluded as the conceptual framework assumes that films first release in 




found to be bimodal, it was split into two segments based on the US box office: 99 movies 
earning over US$17.5 million and 98 grossing below that amount. 
The analyses presented in this chapter tackled similar variables as in the previously 
discussed datasets. However, geographical spread was omitted, while the number of 
screenings and run length were recorded only in the US and Australia. Also, release delay 
now reflects the number of days between a film’s first showtime in the US and its premiere in 
Australia. Further, total box office in each country was added to the analysis. In contrast, 
release season was removed because it previously demonstrated low significance, while 
domestic production and specific origin were omitted because all movies are American. 
Finally, three comparative market measures: ratios for box office, screenings, and runs, were 
calculated (Table 6.1) for use in the non-parametric analysis (Section 6.3). Variables running 
time, genre, distributor, and co-production are expressed as in Chapters 4 and 5. 
 




A movie’s total Australian box office (US$) as a proportion of its total American 
box office (US$), percentage: 
 
Box office ratio =  
Box office in Australia





Total number of a movie’s Australian screenings as a proportion of its total 
number of American screenings, percentage: 
 
Screening ratio =  
Screenings in Australia




The number of days between a movie’s first and last screenings in Australia as a 
proportion of the number of days between its first and last screenings in the US, 
percentage: 
 
Run ratio =  
Run in Australia







 Box office information for the US and Australia was outsourced from the Rentrak 
database (Section 3.2.4). As Rentrak records earnings in the local currency of the screening 
country, Australian box office was expressed in US equivalent prices to facilitate a 
comparison between the markets considering the changes in the exchange rate over the period 
reported by Reserve Bank of Australia (2016) and the monthly showtime volumes. 
Proportional screening numbers were accounted for to ensure that the earnings of Australian 
films were not underestimated due to the weakening of the Australian dollar throughout the 
period.99 Box office was converted as shown in Equation 6.1, where SMonth/Year is the number 
of showtimes in Australia in a given month, STotal is the total number of Australian screenings 
in A$, and EMonth/Year is the exchange rate from A$ to US$ in a specific month. From this 
calculation, the exchange rate used for conversion amounts to A$1 = US$0.95. 
 
US$1 = ∑( 𝑆Month/Year ÷ 𝑆Total × 𝐸Month/Year)                            (6.1) 
 
The rest of this section employs exploratory data analysis techniques to present the 
US–Australian Sample from various perspectives. In all observations, medians are used to 
report typical values as these are less affected by outliers compared to averages derived on a 
mean basis, while the distributions of the discussed continuous variables are known to be 
highly skewed. Table 6.2 presents the median values of box office, number of screenings, run 
length, and release delay for all films and high and low earning movies in the US and 
Australia, while Table D.1 in Appendix D provides full descriptive statistics on distribution 
measures. 
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Table 6.2. Medians for Box Office, Number of Screenings, Run Length, and Delay for All 
Films and High and Low Earning Segments in the US and Australia 
Segment Films 
Mdn box office (US$) Mdn screenings Mdn run Mdn 
delay USA AUS USA AUS USA AUS 
All films 231 16,500,050 1,409,708 142,164 8,075 396  160  38.0  
High earners 99 58,172,889 6,099,204 368,583 21,700 409 175 23.0 
Low earners 98 1,313,485 153,474 9,863 833 389 153 84.5 
Note. Mdn = median. 
 
The amount that American films tend to make at the box office varies greatly between 
the US and Australia (Table 6.2). Typical movies gross around 12 times more in their home 
market compared to Australia; this difference is 10 times for high earners and nine times for 
low earners. The revenue in the US is less predictable than the foreign gross, as suggested by 
the higher standard deviation and broader range (Table D.1 in Appendix D). The highest 
grossing film in the US, the action adventure movie The Hunger Games: Catching Fire 
(2013), earned nine times more than the highest grossing film in Australia, the adventure 
movie The Hobbit: An Unexpected Journey (2012). However, the lowest earner in the US, the 
documentary Seduced and Abandoned (2013), grossed five times less than the lowest earner 
in Australia, the horror film V/H/S/2 (2013). The box office ratio between the two countries is 
typically around 11%, which seems close to the “10% rule.” However, the measure is 
extremely unpredictable with a coefficient of variation of 7.6. It fluctuates from 0.04% for the 
drama Out of the Furnace (2013) and the comedy Playing for Keeps (2012) to 19,909% for 
the comedy Mental (2012). 
There is also a clear distinction in the typical gross between high and low earning 
movies in the US since domestic box office was used to perform the split into segments 
(Table 6.2). However, the difference between the groups is also observed in Australia. 
Nonetheless, domestic success does not always translate to foreign popularity and vice versa 




(2013), only received US$180,000 in Australia, while the highest earner from the low 
grossing segment, the dramatic thriller Lo Imposible [The Impossible] (2012), collected 
US$4.7 million in Australia. 
Further, the exposure that typical American movies receive differs between the US 
and Australia (Table 6.2), although the variation is more pronounced for high grossing films. 
A typical movie receives 18 times fewer showtimes in Australia compared to the US, and the 
difference is 19 times for high earners and 12 times for low earners. The domestic screening 
volume is less predictable than the volume of foreign showtimes as suggested by its higher 
standard deviation and wider range (Table D.1 in Appendix D). The most exhibited film in 
the US, the animation Frozen (2013), screened 18 times more than the most exhibited movie 
in Australia, the action/adventure movie The Hunger Games (2013). However, the least 
screened films, the drama Look of Love (2013) in the US and the documentary Walking the 
Camino: Six Ways to Santiago (2013) in Australia, received a similar number of showtimes. 
The computed screening ratio between the countries is typically around 6%. It is less versatile 
than the box office ratio as signalled by a lower coefficient of variation of 4.8. However, it 
still is highly unpredictable varying from 0.02% for the drama Out of the Furnace (2013) to 
2,017% for the suspense thriller Felony (2013). 
There is also a difference in the typical exposure between the high and low earning 
movies within both markets, although the variation between the segments is more 
pronounced in the US (Table 6.2). While high grossing films typically exhibit 26 times more 
than low earners in Australia, that difference is 37 times in the US. However, the most 
screened low grossing movie in the US, the crime drama The Counselor (2013), received 
almost twice the showtimes of the least screened high earning film, the drama Mud (2012). 




Impossible (2012), got over 17 times the showtimes of the least screened high earner, the 
horror film Evil Dead (2013). 
Moreover, run length of a typical American movie varies between the US and 
Australia (Table 6.2), although the difference between the countries is less extreme than those 
observed for the box office and number of screenings. The typical films have around 2.5 
times shorter runs in Australia compared to the US regardless of their gross. Similar to the 
previous measures, domestic run length is less predictable than survival in foreign theatres, as 
suggested by its higher standard deviation and broader range (Table D.1 in Appendix D). The 
shortest-lived movies that are both documentaries, 12-12-12 (2013) in the US and Sound City 
(2013) in Australia, stayed in theatres for similar times in both markets. In contrast, the 
longest-lived film in the US, the animation Rise of the Guardians (2012), remained in 
cinemas for around half-a-year longer than the longest screened movie in Australia, the 
adventure film The Hobbit (2012). The derived run ratio is typically around 51%. It is the 
most stable of all the ratios as shown by the coefficient of variation of 0.9. Nonetheless, it 
still varies from 0.12% for Sound City (2013) to around 473% for the concert movie 
Metallica Through the Never (2013). 
Interestingly, little variation in run length of typical American films is observed 
between the high and low earning segments within either market (Table 6.2). This is a 
surprising finding, since keeping movies in theatres only while they bring in sufficient 
revenues is in the commercial interest of exhibitors. The result is further supported with a 
weak relationship between run length and box office for low earning films detected by 
multiple regression analysis later in this chapter. This anomaly could be explained by the 
reasoning that high earning movies usually receive most of their revenue during the opening 
weekend with only marginal earnings acquired in further weeks (De Vany & Walls, 1997, 




Creatures (2013), screened for over three months, while the longest-lived low earner, the 
fantasy movie Cirque du Soleil: Worlds Away (2012), remained in theatres for almost two 
and a half years. And the two shortest surviving high grossing films in Australia, the comedy 
A Haunted House (2013) and the action movie Snitch (2013), screened for a 
month-and-a-half, while the longest-lived low earner, the drama Upstream Colour (2013), 
exhibited for over 21 months. 
Finally, films typically arrive in Australia within 38 days (Table 6.2). The 
unpredictability of delay, which has a coefficient of variation of 1.6, is less extreme than that 
of the box office and screening ratios as suggested by its lower standard deviation and 
narrower range (Table D.1 in Appendix D). However, delay varies, with the documentary 
Exposed (2013) opening over five months earlier in Australia than in the US, and another 
documentary Walking the Camino (2013) releasing in Australia roughly one year and ten 
months after its American premiere. There is also a difference in delay for typical American 
movies between high and low earning segments. High grossing films tend to experience a lag 
four times shorter than low earners. Moreover, while the most delayed high grossing movie, 
the animation Monsters University (2013), reached Australia in around half-a-year, the 
longest-delayed low earner, Walking the Camino (2013), took over a year-and-ten-months to 
arrive. 
More information about the full US–Australian sample in terms of film supply and 
screenings per genres, distributors, and origins in both countries is provided in Figure 6.1, 
which also shows whether a particular group is over-represented, receiving a higher share of 
showtimes than its share of movies, or under-represented getting a lower proportion of 
screenings than films. The variation in the typical comparative measures (the box office, 
screening, and run ratios) and release delay per attribute category is portrayed in Figure 6.2 




presented in Table D.2 in Appendix D. As ratios are used for country-to-country comparisons 
(except delay), it should be noted that a high typical-value can be driven by a high value in 
Australia or a low value in the US. Thus, the differences across groups should be interpreted 
as variations between Australia and the US between those categories. For example, the 
typical box office ratio is higher for documentaries than for action/adventure movies, which 
shows that Australians favour documentary over action/adventure to a greater extent than 
Americans. The box office ratio differences signal different cultural tastes of audiences, the 
variations in the screening and run ratios reveal different preferences of exhibitors, and 
























Table 6.3. Medians for the Box Office, Screening, and Run Ratios and Delay per Genre, 
Distributor, and Origin 









All films 231 100% 11.49  6.06  50.62  38.0 
          
Action/adventure 49 21% 9.40  5.95  50.62  16.0 
Animation 13 6% 11.23  4.81  72.74  19.0 
Comedy 41 18% 11.97  6.53  51.48  17.0 
Documentary 20 9% 23.36  5.79  26.88  158.5 
Drama 77 33% 12.15  7.66  49.56  58.0 
Horror 9 4% 6.71  5.58  32.79  38.0 
Live event 13 6% 12.69  4.53  16.22  35.0 
Suspense/thriller 9 4% 15.52  7.79  69.29  69.0 
          
Major 119 52% 11.13  6.37  53.37  23.0 
Mini-major 44 19% 9.93  5.96  49.09  45.5 
Independent 68 29% 13.51  5.43  38.98  65.0 
          
Single US-origin 154 67% 11.10  5.79  49.47  41.0 
Co-production 
with the US 
77 33% 13.83  8.35  51.85  29.0 
Note. Mdn = median. 
 
The largest genre categories of American films exhibited in Australia are drama, 
action/adventure, and comedy, while the smallest are horror and suspense/thriller 
(Figure 6.1). However, action/adventure is the most screened genre in both countries. While 
the genre composition in terms of the showtime volume is similar between the markets, 
comedies and animations receive more screenings in the US, while dramas exhibit more in 
Australia. The differences in the typical relative revenue (Figure 6.2 and Table 6.3) 
demonstrate that Australian audiences favour documentary and suspense/thriller films, while 
horror movies prove to be less popular among Australians when compared to Americans. 
This observation resonates with the finding that horror films typically receive lower exposure 
in Australia (Chapter 5). Judging by the variation in the comparative showtimes, Australian 
exhibitors favour suspense/thriller movies and dramas, while live event and animation films 




contrast, when comparing run lengths, Australian exhibitors favour animation and 
suspense/thriller movies while live event and documentary films are less favoured compared 
to Americans. Finally, the variation in release lag shows that distributors export 
action/adventure, comedy, and animation movies to Australia with urgency, while 
documentaries are delayed for longer. Distributor decisions to delay documentaries for much 
longer than other genres appear unfounded given their relatively high performance at the 
Australian box office and that their subject matter is often relevant to current events, making 
them time-sensitive. 
Most American films exported to Australia are distributed by majors (Figure 6.1). 
Major releases receive the largest shares of screenings in both markets. Moreover, they are 
over-represented in the sample as their shares of showtimes exceed their shares of movies in 
the US and Australia. In contrast, independently circulated films that constitute the second 
largest movie category are under-represented in the sample, while releases by mini-majors 
are equally presented in both countries. However, judging from the differences in the typical 
relative revenue (Figure 6.2 and Table 6.3), Australian audiences favour independently 
distributed films more than Americans. Nonetheless, both Australian distributors and 
exhibitors prioritise releases by majors by giving them more screenings, longer runs, and 
shorter release delays compared to distributors and exhibitors in the US. 
 Finally, most American movies exhibited in Australia, which also receive the majority 
of showtimes in both countries, are single-origin productions (Figure 6.1). However, 
Australian audiences, distributors, and exhibitors favour co-productions more than 
Americans; this can be observed from the variation in box office, screening, and run ratios 
and release delays (Figure 6.2 and Table 6.3). This observation resonates with the finding that 
co-productions typically receive lower exposure in the US, while being co-produced does not 




The last part of the exploratory data analysis contrasts the median box office, volume 
of screenings, run length, and delay between the US and Australia per genre, distributor, and 
origin separately for the high (Table 6.4) and low earning segments (Table 6.5). The genre 
categories with largest numbers of high earning American films are action/adventure, drama, 
and comedy, whereas drama also has the most low grossing American movies. While there is 
only one high earning American documentary, One Direction: This Is Us (2013) which made 
over US$25,000,000 in its domestic market, the genre constitutes the second largest group of 
low earning movies. However, none of the American animations or horror films has low box 
office except the horror movie V/H/S/2 (2013) that barely made US$1,500 in its home 
market. In contrast, none of the live event films earns highly. 
 
Table 6.4. Medians for Box Office, Number of Screenings, Run Length, and Delay for High 
Earning American Films per Genre, Distributor, and Origin in the US and Australia 
Attribute N %N 
Mdn box office (US$) Mdn screenings Mdn run Mdn. 
delay USA AUS USA AUS USA AUS 
All films 99 100% 58,172,889 6,099,204 368,583 21,700 409 175 23 
          
Action/adventure 32 32% 55,431,875 4,616,599 348,402 21,811 326 147 20 
Animation 11 11% 78,421,153 12,377,568 498,999 29,548 564 398 37 
Comedy 20 20% 59,604,328 6,511,882 419,964 18,085 439 143 19 
Documentary 1 1% 25,106,834 2,782,104 263,715 15,992 426 360 5 
Drama 27 27% 51,439,028 6,707,942 313,626 22,503 434 217 25 
Horror 5 5% 48,332,342 1,700,506 355,440 10,340 577  143 42 
Suspense/thriller 3 3% 89,355,117 3,542,334 401,751 15,596 325 172 69 
          
Major 76 77% 62,430,893 7,186,154 354,287 22,428 408 177 21 
Mini-major 17 17% 47,517,080 4,071,014 396,304 13,980 532 184 55 
Independent 6 6% 56,719,727 3,764,628 439,447 13,042 367 122 35 
          
Single US-origin 72 73% 61,423,294 5,849,060 386,826 19,743 392 159 29 
Co-production 
with the US 
27 27% 47,517,080 6,707,942 336,671 22,895 478 232 19 






Table 6.5. Medians for Box Office, Number of Screenings, Run Length, and Delay for Low 
Earning American Films per Genre, Distributor, and Origin in the US and Australia 
Attribute N %N 
Mdn box office (US$) Mdn screenings Mdn run Mdn 
delay USA AUS USA AUS USA AUS 
All films 98 100% 1,313,486 153,474 9,863 833 389 153 85 
          
Action/adventure 8 8% 8,387,158 445,680 76,302 2,604 322 154 47 
Comedy 11 11% 4,003,188 202,671 25,968 1,312 285 144 78 
Documentary 17 17% 546,151 80,792 4,755 210 562 191 174 
Drama 47 48% 1,605,920 195,039 12,548 1,112 396 173 100 
Horror 1 1% 14,771 1,667 163 53 308 101 131 
Live event 9 9% 688,560 106,798 1,236 54 92 9 42 
Suspense/thriller 5 5% 5,266,013 688,780 57,913 4,156 256 197 77 
          
Major 30 31% 2,182,255 244,993 20,719 1,284 451 160 83 
Mini-major 18 18% 4,957,548 382,043 36,686 2,319 322 156 61 
Independent 50 51% 615,494 92,853 4,121 227 381 127 103 
          
Single US-origin 58 59% 795,965 97,656 4,557 284 385 122 102 
Co-production 
with the US 
40 41% 2,182,255 290,222 21,028 2,099 394 172 70 
Note. Mdn = median. 
 
Among the high earning American films, animation outperforms most genres in terms 
of revenue, screenings, and runs in both countries, although suspense/thriller earns more 
while horror runs longer in the US (Table 6.4). Drama and comedy also tend to gross high in 
Australia, but their typical revenue only amounts to half that from typical animations. This 
finding shows that, even when the language barrier is overcome, culture-specific genres, such 
as drama and comedy, might perform worse abroad due to cultural differences (Fu, 2013, 
p. 795). In the US, documentary underperforms in terms of revenue and showtimes, while in 
Australia, horror is the genre that typically grosses, screens, and survives the least well. This 
observation further supports the finding that horror movies typically receive lower exposure 
in Australia (Chapter 5). However, action/adventure runs for a shorter time in both markets, 
while other short-lived genres are suspense/thriller in the US and comedy in Australia. The 
fact that the otherwise popular high earning action/adventure films that are often blockbusters 




p. 795) that blockbusters have short but condensed runs. Finally, action/adventure and 
comedy movies reach Australia the quickest, whereas suspense/thriller films are the most 
delayed. 
In the low earning segment, action/adventure and suspense/thriller movies typically 
gross and screen the most in the US and Australia (Table 6.5). In contrast, horror films earn 
and exhibit the least in both markets, although showtimes for live event movies come close in 
Australia. Documentaries are long-lived in both countries; also receiving long runs are 
dramas in the US, and suspense/thriller films in Australia. Live event movies stay the shortest 
time in cinemas in both markets, although they travel even faster than action/adventure films, 
while documentaries arrive in Australia the latest. The fact that live event movies arrive in 
Australia quickly but survive the shortest in both countries characterises different distribution 
strategies followed for this type of films, often using simultaneous, “eventised” screenings. 
While majors distribute by far the most high earning American movies (Table 6.4), 
independents circulate the majority of low grossing films (Table 6.5). In contrast, 
mini-majors release a similar number of productions in both revenue brackets. Within the 
high earning segment, typical major releases gross the most in both markets and screen the 
most in Australia. However, typical high earning movies distributed by majors surprisingly 
receive the fewest showtimes in the US. This may relate to the previously discussed 
observation by De Vany and Walls (1997, p. 795) about the condensed runs received by 
blockbusters, which are mostly distributed by majors. Moreover, audiences may feel greater 
urgency to see the heavily promoted major releases during the beginning of their runs, thus 
increasing the occupancy rates at the cinemas and reducing the need for additional 
screenings. Against all expectations, typical high earning films that are independently 
distributed exhibit the most in the US, although they still screen and gross the least in 




only six movies. Nonetheless, it also means the few independently distributed films that 
manage to receive high earnings can outperform major and mini-major releases within the 
same revenue bracket in terms of exposure. Nonetheless, high earning movies circulated by 
independents survive the shortest times in both countries, while high grossing mini-major 
releases run the longest. Finally, high earning major releases reach Australia the earliest, 
whereas high grossing mini-major films are the most delayed. 
The behaviour of movies from the low earning sector is more uniform between the US 
and Australia (Table 6.5). Interestingly, typical mini-major rather than major releases 
outperform other titles in terms of revenue, showtimes, and delay in both markets, while 
independently distributed films underperform in those domains. In contrast, major releases 
survive the longest in both countries, while the shortest-live movies are distributed by 
mini-majors in the US, and by independents in Australia. 
Single-origin American films constitute the majority of both high and low grossing 
segments (Tables 6.4 and 6.5). While high earning co-productions outperform single-origin 
movies in all domains in Australia, single-origin films lead in terms of revenue and 
screenings in the US. This observation further supports the finding that co-productions 
typically receive lower exposure in the US but not in Australia (Chapter 5). In contrast, low 
earning co-productions outperform single-origin movies across all measures in both 
countries. 
 
 NON-PARAMETRIC TESTING OF THE “10% RULE” 
Having seen that the computed distribution ratios between Australia and the US deviate from 
10%, we now turn to non-parametric testing to examine the existence of the “rule” used by 
the industry to forecast the popularity of American movies in Australia as presented by 




been reviewed in Section 2.5.5. The analysis presented in this chapter tested whether the 
“rule” holds for demand and whether it is relevant to supply in the current market conditions, 
addressing Research Sub-Question 3.1. It also evaluated whether the preferences of American 
and Australian audiences, exhibitors, and distributors differ in terms of genres, distributors, 
and origins in response to Research Sub-Question 3.2. Non-parametric tests were used for all 
statistical analyses in this section because they suit non-normally distributed data 
(Section 3.3.4). All formulated hypotheses are provided in Table 6.6. 
 
Table 6.6. Hypotheses for Non-Parametric Testing 
Hypotheses Test 









The median box 





Yes** Yes*** – – 
H03–06: 
The median box 
office/screening/run 
ratios or delays are equal 
for eight genres. 
Kruskal-
Wallis 
Yes* No Yes** Yes*** 
Mood’s 
median 
Yes* No Yes* Yes** 
H07–010: 
The median box 
office/screening/run 
ratios or delays are equal 
for three distributors. 
Kruskal-
Wallis 
No No Yes* Yes*** 
Mood’s 
median 
Yes* No No Yes** 
H011–014: 
The median box 
office/screening/run 
ratios or delays are equal 
for two origins. 
Mann-
Whitney U 
No Yes** No No 
Mood’s 
median 
No Yes** No No 
H015–0182: 
The median box 
office/run ratios or delays 




Table 6.8 – Table 6.8 Table 6.8 
Mood’s 
median 
Table 6.8 – Table 6.8 Table 6.8 
H0183–0194: 
The median box 
office/run ratios or delays 
are equal for distributor 
A and distributor B. 
Mann-
Whitney U 
– – Table 6.9 Table 6.9 
Mood’s 
median 
Table 6.9 – – Table 6.9 
*p <.05. **p <.01. ***p <.001. 
 
First, the typical values of the box office and screening ratios are investigated to 




the median box office and screening ratios are equal to 10%, formulating two null hypotheses 
H01 and H02 (Table 6.6). Even though the median measures are numerically close to 10%, the 
results for the exact two-tailed one-sample sign test are significant at the levels p = .006 for 
the box office ratio and p < .001 for the screening ratio, which allows rejection of both null 
hypotheses. The data suggests that American films typically earn more than expected (around 
11%), while screening considerably less (approximately 6%) in Australia relative to the US 
(Zemaityte et al., 2018). Indeed, when the relationship between the American and Australian 
box office is plotted (Figure 6.3), most cases deviate from the line representing 10%. 
 
 
Figure 6.3. Scatterplot displaying the relationship between box office in the US and Australia 






Second, the differences in the four comparative measures across genre, distributor, 
and origin categories are explored. The first stage of this analysis employed the 
Kruskal-Wallis test to check for variation across eight genres and three distributors, the 
Mann-Whitney U test to detect differences between the two origins, and the Mood’s median 
test to verify all results. Four null hypotheses were formulated to address each market 
measure per genre (H03 to H06), distributor (H07 to H010), and origin (H011 to H014) (Table 6.6). 
The results show that the box office ration, run ratio, and delay vary significantly 
between genres and distributors, while the screening ratio differs significantly between 
origins (Zemaityte et al., 2018). Both the Kruskal-Wallis test and the Mood’s median test 
detected significant variation in the box office and run ratios and delay across genres 
(Table 6.7), which allows rejection of the null hypotheses H03, H05, and H06. However, these 
relationships are weak as, based on the effect size, genre accounts for only 6%, 9%, and 18% 
of the variability in the box office ratio, run ratio, and delay, respectively. 
Significant variation was also detected across the distributors by the Mood’s median 
test for the box office ratio, the Kruskal-Wallis test for the run ratio, and both tests for delay 
(Table 6.7), which allows rejection of the null hypotheses H07, H09, and H010. Nonetheless, 
based on the effect size, these relationships are even weaker as the distributor accounts for 
only 4% and 7% of the variability in the run ratio and delay, respectively.100 
In contrast, both the Mann-Whitney U test and the Mood’s median test detected 
significant variation in the screening ratio between origins (Table 6.7), which allows rejection 
of the null hypothesis H012. Australian exhibitors typically favour co-productions more than 
Americans in terms of allocating showtimes. However, based on the effect size, the 
relationship is also weak as origin accounts for only 19% of the variability in the screening 
ratio.  
                                                 




Table 6.7. Mann-Whitney U Test, Kruskal-Wallis Test, and Mood’s Median Test Results for 
Differences in the Four Comparative Measures Across Genres, Distributors, and Origins 
Attribute Test 
Box office ratio Screening ratio Run ratio Delay 




14.26 .047 11.78 .108 21.58 .003 41.98 <.001 
Mood’s 
median 




5.11 .078 0.33 .848 8.10 .017 16.22 <.001 
Mood’s 
median 




5,033.00 .061 4,556.00 .004 5,373.00 .246 5,574.00 .458 
Mood’s 
median 
1.70 .211 8.87 .003 0.04 .890 1.25 .329 
 
In the second stage of the disaggregate analysis, the post hoc Mann-Whitney U tests 
and Mood’s median tests were performed to detect between which exact genres and 
distributors lay the identified differences in box office ration, screening ratio, and delay. As a 
total of six tests detected significant variation in the three distribution measures across genres 
(Table 6.7), 168 null hypotheses (H015 to H182) were formulated to test the 28 genre pairs 
(Table 6.6). Given that a total of four tests detected significant variation in the three 
distribution measures across distributors, 12 null hypotheses (H183 to H194) were formulated to 
test the three distributor pairs. 
The post hoc tests show significant differences between five genre pairs for the box 
office ratio, 14 pairs for the run ratio, and 11 pairs for delay, which allows rejection of 30 out 
of the 168 null hypotheses (Zemaityte et al., 2018). Table 6.8 summarises the results from 
both post hoc tests, identifying in which pairs the measures show significant differences and 
at what significance level (see Table D.3 in Appendix D for the full post hoc results). Only 
the main findings are discussed. First, judging from differences in the comparative box office, 




action/adventure to a greater extent than Americans. Second, based on the variation in the 
relative run length, Australian exhibitors favour animation over most genres except horror 
and suspense/thriller, while documentary and live event are less popular than most categories 
except horror compared to exhibitors in the US. Finally, drawing from the differences in 
release delay, distributors position documentary and drama with longer lags than most genres 
except suspense/thriller, while action/adventure films arrive in Australia sooner than 
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*p <.05. **p <.01. ***p <.001. 
Note. Results are reported as statistically significant when yielded by either the Mann-Whitney U test or the Mood’s median test. Reading from the left, >/< denotes which genre 




The post hoc tests indicate significant differences in a single distributor pair for the 
box office ratio, screening ratio, and delay, which allows rejection of three out of the 12 null 
hypotheses (Zemaityte et al., 2018). Table 6.9 summarises the results from both post hoc 
tests, identifying in which pairs the differences are significant and at what level (see 
Table D.4 in Appendix D for the full post hoc test results). First, judging from the difference 
in the comparative box office, Australian audiences prefer independently distributed films 
over mini-major releases to a greater extent than Americans. Second, based on the variation 
in the relative run length, Australian exhibitors favour major productions over independently 
circulated titles to a greater extent than exhibitors in the US. Third, drawing from the 
differences in release delay, independent distributors position their movies with longer delays 
than majors. 
 
Table 6.9. Summary Results for Differences in the Box Office Ratio, Run Ratio, and Delay 
Across the Three Distributor Pairs 
Distributor Major Mini-major Independent 

















*p <.05. **p <.01. ***p <.001. 
Note. Results are reported as statistically significant when yielded by either the Mann-Whitney U test or the 
Mood’s median test. Reading from the left, >/< denotes which distributor typically has higher/lower values for 
that measure. See Table D.4 in Appendix D for the full post hoc test results. 
 
 THREE INTERCONNECTED REGRESSION MODELS FOR THE US AND 
AUSTRALIA 
As non-parametric testing has proved that the “10% rule” is ineffective for predicting the 




employed to propose a more sophisticated model that could explain cinema distribution 
between the two countries. The analysis defined and tested a new conceptual framework for 
studying the foreign distribution of American films informed by the findings of Elberse and 
Eliashberg (2003) and Clement et al. (2014)—discussed in Sections 2.4.1 and 2.4.3, 
respectively. Three pieces of existing evidence are important to the current model. First, a 
strong positive relationship exists between the number of screens and revenue in the US, and 
foreign markets. Second, American box office has a strong positive impact on the number of 
foreign screens. Third, release delay weakens the relationship between the US revenue and 
the number of foreign screens and foreign box office. 
The new framework divides the process of international distribution into three stages 
represented by a system of three interconnected models (Figure 6.4): the US Domestic 
Market (DM), the International Exchange (IE) between the US and Australia, and the 
Australian Foreign Market (FM). Each model is defined by primary and secondary 
relationships. The primary relationships exist between the measures of supply, demand, and 
delay in both countries. These are the effect of US exposure and run length on the US box 
office in the DM model, the impact of US box office and release delay on Australian 
exposure in the IE model, and the influence of Australian exposure and run length on 
Australian box office in the FM model. The secondary relationships represent the impact of 
movie, distribution, and origin attributes on the US box office, Australian exposure, and 





Figure 6.4. Conceptual framework representing the three stages of distribution from the US 
to Australia. 
 
While being informed by the research design and findings of Elberse and Eliashberg 
(2003) and Clement et al. (2014), this analysis differs from the previous work in its statistical 
procedures, conceptual framework, and data. First, the supply-demand relationships that had 
previously been measured using dynamic equations to account for week-to-week changes 
were modelled statically in this analysis. Second, whereas the supply-demand relationship 
had been modelled as two-way, for this thesis it was modelled as one-way, from supply to 
demand within markets and from demand to supply between markets. Third, domestic 
demand, which had previously been assumed to affect both foreign supply and demand, was 
entered in this analysis to only impact foreign supply, which in turn affected foreign demand. 
Fourth, release delay, which had moderated the relationship between domestic demand and 
foreign supply, entered the IE model along with other predictors. Fifth, three new variables 
were introduced—run length, co-production, and running time. Finally, supply and demand 




analysis presented in this section is measuring supply at the granular level of showtimes 
rather than screens and testing the models for high and low earning segments separately. 
 
6.4.1  Characteristics Included in the DM, IE, and FM Models and the Alignment with 
the Assumptions for Multiple Regression 
Observable characteristics from the data form the set of explanatory variables that are used in 
the three interconnected models to understand and measure the effects that these factors have 
upon the US box office, Australian exposure, and Australian box office in high and low 
earning segments. All models were applied using ordinary least squares regression as the 
technique. Features from the dataset which relate to the models are described in Section 6.2. 
Table 6.10 provides the set of measurable characteristics unique to the current models 
m (m = 1, … , M) that form the variables, while Table 4.8 in Chapter 4 displays the set of 
factors shared with models from the previous chapters. 
First, the DM specification explains the US box office (as natural logarithm) of a film 
i from a market segment j as a function of five predictor groups: (1) the indicator of the US 
exposure measured by the number of screenings (as natural logarithm); (2) the indicator of 
the US duration measured by run length (as natural logarithm); (3) movie attributes, including 
running time (as natural logarithm) and genre; (4) a distribution characteristic, such as the 
size of the distributor; and (5) an origin variable, namely whether a film is co-produced. The 
model is specified in Equation 6.2, where i and j stand for film and market segment, 






ln BO_USAij = β0 + β1 ln SCREENINGS_USAij + β2 ln RUN_USAij +  
 β3 ln RUN_TIMEij + β4–10 Genre Dummiesij +  
 β11–12 Distributor Dummiesij + β13 CO-PRODij + ɛij (6.2) 
 
Second, the IE specification explains the number of Australian screenings (as natural 
logarithm) of a film i from a market segment j as a function of five predictor groups: (1) the 
indicator of the US performance measured by box office (as natural logarithm); (2) the 
indicator of release lag measured by release delay (as square root); (3) movie attributes, 
including running time (as natural logarithm) and genre; (4) a distribution characteristic, such 
as the size of the distributor; and (5) an origin variable, namely whether a film is 
co-produced. The model is specified in Equation 6.3, where i and j stand for film and market 
segment, respectively; the terms βr for r = 1, … , 13 are parameters of the model; and ɛij is an 
error term. 
 
ln SCREENINGS_AUSij = β0 + β1 ln BO_USAij + β2 √ DELAYij +  
 β3 ln RUN_TIMEij + β4–10 Genre Dummiesij +  
 β11–12 Distributor Dummiesij + β13 CO-PRODij + ɛij (6.3) 
 
Third, the FM specification explains Australian box office (as natural logarithm) of a 
film i from a market segment j as a function of five predictor groups: (1) the indicator of 
Australian exposure measured by the number of screenings (as natural logarithm); (2) the 
indicator of Australian duration measured by run length (as natural logarithm); (3) movie 
attributes, including running time (as natural logarithm) and genre; (4) a distribution 
characteristic, such as the size of the distributor; and (5) an origin variable, namely whether a 
film is co-produced. The model is specified in Equation 6.4, where i and j stand for film and 
market segment, respectively; the terms βr for r = 1, … , 13 are parameters of the model; and 




ln BO_AUSij = β0 + β1 ln SCREENINGS_AUSij + β2 ln RUN_AUSij +  
 β3 ln RUN_TIMEij + β4–10 Genre Dummiesij +  
 β11–12 Distributor Dummiesij + β13 CO-PRODij + ɛij (6.4) 
 
For the DM and FM models representing the high earning segment and the IE models 
representing both segments, the set of M variables is 12. In contrast, in the low earning 
segment, the set of M variables is 10 for the DM model, as both RUN_USA and RUN_TIME 
were excluded due to low correlation with the US box office, and the set of M variables is 11 
for the FM model, as RUN_TIME was removed for low correlation with Australian box 
office—see Table D.5 in Appendix D for correlations. All regressions for high earners 
excluded LIVE_EVENT, while all models for low earners excluded ANIM as none of the 
segment’s films belongs to the genres. 
 
Table 6.10. Description of the US- and Australia-Specific Variables Included in the DM, IE, 
and FM Models 
Variable Description of Variable Modality 
BO_USA Movie’s total box office in the US (US$), expressed as 
natural logarithm 
Continuous 
BO_AUS Movie’s total box office in Australia (US$), expressed as 
natural logarithm 
Continuous 
SCREENINGS_USA Movie’s total number of screenings in the US, expressed 
as natural logarithm 
Continuous 
SCREENINGS_AUS Movie’s total number of screenings in Australia, expressed 
as natural logarithm 
Continuous 
RUN_USA Days between a movie’s first and last screenings in the 
US, expressed as natural logarithm 
Continuous 
RUN_AUS Days between a movie’s first and last screenings in 
Australia, expressed as natural logarithm 
Continuous 
DELAY 
Days between a movie’s first screening in the US and its 
first screening in Australia, expressed as square root 
Continuous 
CO-PROD Movie produced by multiple countries including the US Dummy 
 
Before exploring the results, it is important to discuss how well the two models of 




office for high and low earning films align with the assumptions of multiple regression 
presented in Section 3.3.3. The level of measurement assumption was met since all three 
dependent variables are continuous and all independent variables are either continuous or 
were recoded into dummies. While the sample sizes are considerably lower in this chapter, 
the sample size assumption was still satisfied for both high and low earning segments which 
contain 99 and 98 movies, respectively. No significant complications were detected regarding 
the homoscedasticity assumption as observed from the scatterplots of the standardised 
residuals and standardised predicted values. Also, applying different transformations to 
variables did not result in more even distributions. The multicollinearity assumption was also 
met as demonstrated by tolerance > .1 and VIF < 10 for all variables. All continuous variables 
except RUN_USA in both segments, and RUN_TIME in the high earning segment, were 
initially found to be heavily right-skewed as suggested by the statistically significant values 
of the Kolmogorov-Smirnov normality test. To keep the variable expression consistent within 
and across the models, and between the segments, natural logarithm transformations were 
performed on all continuous variables (both normally and non-normally distributed) except 
DELAY, which was transformed as square root.101 As a result, the normality assumption was 
met for BO_USA, BO_AUS and SCREENINGS_USA in both segments, SCREENINGS_AUS 
in the low earning segment, and RUN_TIME in the high earning segment. Other transformed 
variables remained non-normally distributed, although the analysis proceeded with this 
violation as meeting the normality assumption is not necessary for sufficient sample sizes. 
Nevertheless, the transformations ensured that the normality of residuals assumption was met 
in all regressions. Finally, the linearity assumption was met as the included transformed 
                                                 
101 The square root transformation was selected for DELAY to keep the variable expression consistent with that 





continuous variables were correlated, and those that did not correlate were omitted from the 
regressions—see Table D.5 in Appendix D for correlations. 
 
6.4.2  Results and Analysis of the DM, IE, and FM Models 
This section presents the results and analysis relating to the DM, IE, and FM models applied 
to the high and low earning segments of the US–Australian dataset. Table 6.11 shows the 
estimated coefficients for all predictors in the six models marked by the significance of 
p values together with the number of cases, the variance explained, and the number of 
significant predictors in each regression. Tables D.6 to D.8 in Appendix D present the full 







Table 6.11. Summarised Regression Results for the DM, IE, and FM Models for High and 




Dependent variable = 
BO_USA 
IE 
Dependent variable = 
SCREENINGS_AUS 
FM 














C –5.079***   5.300*** –0.703   4.342 –2.521   6.584*** 
SCREENINGS_USA   1.330***   0.898*** X X X X 
RUN_USA   0.147** X X X X X 
BO_USA X X   0.583***   0.157 X X 
DELAY X X –0.047* –0.093** X X 
SCREENINGS_AUS X X X X   1.435***   0.825*** 
RUN_AUS X X X X –0.282* –0.031 
RUN_TIME   1.058*** X   0.056   0.446   0.813** X 
ACTION_ADVNT –0.139   0.664 –0.118 –1.252   0.121 –0.046 
ANIM –0.148 X –0.010 X   0.597* X 
COMEDY –0.119   0.104 –0.073 –0.895   0.291 –0.277 
DOCO –0.398   0.220   0.088 –2.424**   0.042   0.474 
DRAMA –0.044   0.280 –0.018 –1.243*   0.309 –0.248 
HORROR   0.049 –0.080 –0.921* –3.178*   0.451 –2.273** 
LIVE_EVENT X   1.861*** X –4.276** X   1.693** 
MAJOR   0.238*   0.418*   0.217   0.541   0.261   0.264 
MINI-MAJOR   0.155   0.148 –0.049   0.805*   0.074   0.377 
CO-PROD –0.055 –0.193   0.268*   0.325   0.070 –0.022 
N 99 98 99 98 99 98 
R2 .887 .884 .607 .583 .897 .814 
Sig Ms 4 3 4 6 4 3 
* p <.05. ** p <.01. *** p <.001. 
Note. Sig = significant. BO_USA, BO_AUS, SCREENINGS_USA, SCREENINGS_AUS, RUN_USA, RUN_AUS, 
and RUN_TIME are expressed as natural logarithm; DELAY is expressed as square root. Full regression results 
are presented in Tables D.6 to D.8 in Appendix D. 
 
 Models analysing the supply-demand relationships within countries have higher 
explanatory power than the models testing the effect between markets. The DM models 
explain 89% (high earners) and 88% (low earners) of the variance in the US box office across 
the segments, while the FM models explain 90% (high earners) and 81% (low earners) of the 
variance in Australian box office across the segments. In contrast, the IE models explain 61% 
(high earners) and 58% (low earners) of the variance in Australian exposure across the 
segments. While four significant predictors are identified in each model for high earners, they 




films. The rest of this section compares the impact specific factors have on the dependent 
variables across the three models and between the two segments. 
Results for the DM and FM models show a strong relationship between exposure and 
box office in both segments. The more movies screen, the more they will typically earn in the 
US and Australia regardless of their revenue levels in the home market; this is an intuitively 
expected result and aligns with previous research (Clement et al., 2014; Elberse & 
Eliashberg, 2003). SCREENINGS_USA and SCREENINGS_AUS are by far the strongest 
predictors of BO_USA and BO_AUS, respectively, with SCREENINGS_USA demonstrating 
over three times higher strength than the second strongest predictor in both segments, while 
SCREENINGS_AUS proved three times stronger than the second strongest predictor for low 
earners and five times stronger for high earners based on the inspection of β weights. 
 A significant positive effect of run length on box office is also observed, but only for 
high earners in the home market. The longer high grossing movies stay in their domestic 
theatres, the more they will typically earn there. This finding aligns with previous 
observations by Sochay (1994). In contrast, RUN_USA did not even enter the regression for 
low earners due to low correlation with BO_USA. However, contrary to what could be 
expected, RUN_AUS demonstrates a significant negative effect on BO_AUS for high earners. 
It is the third strongest predictor of BO_AUS based on the inspection of β weights. This 
puzzling negative effect could be explained by arguing that films which receive high total 
box office revenues collect them during the first weeks of release, thus leaving the theatres 
early, while long-lived movies tend to have lower earning power as noted by De Vany and 
Walls (1997, p. 795). 
In contrast to the strong supply-demand relationship detected within both countries, 
the positive impact of BO_USA on SCREENINGS_AUS tested in the IE models is less 




for high grossing movies, the more they earn domestically the more they will typically screen 
in Australia. While being the strongest predictor of SCREENINGS_AUS for high earners, 
BO_USA is only two times stronger than the second strongest predictor based on the 
inspection of β weights. This weak relationship might be explained by several reasons. First, 
release delay might sometimes be too short for the foreign exhibitors to learn about a film’s 
total domestic earnings as a movie might not have finished its domestic run when arriving 
abroad. Second, domestic income might have its strongest effect on foreign supply in its 
opening week, as exhibitors may be guided more by the local box office data once it becomes 
available—while in this model its impact is measured by the total number of foreign 
showtimes. Finally, exhibitors might not be able to adjust their bookings according to 
domestic earnings, as cinema programming is often locked in months in advance and the 
minimum number of screenings might be enforced by contracts (Ulin, 2010, p. 152). 
 The negative impact of DELAY on SCREENINGS_AUS tested in the IE model proves 
significant for both segments, in line with the previous research (Clement et al., 2014; 
Elberse & Eliashberg, 2003; Griffith et al., 2014; Lampe & McRae, 2018; Moon & Song, 
2015; Moon et al., 2016). The longer films take to arrive in Australia after their domestic 
premiere, the less they will typically screen abroad regardless of their home earnings. DELAY 
is the third strongest predictor of SCREENINGS_AUS for high earners based on the 
inspection of β weights. These results align with the finding that DELAY has a significant 
negative impact on exposure in 93% of countries, Australia included (Chapter 5). 
 Now turning to the tested secondary effects, RUN_TIME shows the expected 
significant positive impact on domestic and foreign revenue for high earners. The longer the 
high grossing films, the more they will typically earn in the US and Australia. RUN_TIME is 
the second strongest predictor of BO_USA based on the inspection of β weights. However, 




This stark variation between the segments could originate from the loss of ability of running 
time to function as a proxy for budget among low earners as proposed by Moon et al. (2010). 
Interestingly, a different result is observed in the Global Sample where RUN_TIME only 
shows notable effects on the global exposure of films following “limited release” distribution 
strategies that could be assumed to gross less than those following “wide release” and 
“blockbuster” strategies (Chapter 4). 
The reason for this deviation becomes evident on a closer look at the sample. The two 
longest running high earning movies, the biographical drama The Wolf of Wall Street (2013) 
and the western drama Django Unchained (2012), both have a high estimated budget of 
US$100,000,000.102 In contrast, the nine longest running low earning films are all live event 
productions of The Metropolitan Opera. Their running time ranges from 3 hours 15 minutes 
for La Clemenza di Tito [The Clemency of Titus] (2013) and 5 hours 45 minutes for Parsifal 
(2013). It is unlikely that the budgets of these low earning productions would reflect the large 
differences in their running times as proposed by Moon et al. (2010). 
Genre shows no effect on American revenues and little influence on foreign exposure 
and earnings for high grossing movies. Only HORROR has a significant negative impact on 
SCREENINGS_AUS, and ANIM demonstrates a significant positive effect on BO_AUS within 
this segment. High earning horror films will typically screen less, while animations will 
typically earn more in Australia. HORROR and ANIM are the second strongest predictors of 
SCREENINGS_AUS and BO_AUS, respectively, based on the inspection of β weights. The 
positive effect of ANIM aligns with the hypothesis proposed by Fu (2013, p. 795) that genres 
with low cultural specificity perform well in foreign markets. While the negative effect of 
HORROR goes against expectations, as the genre also has low cultural specificity and should, 
                                                 




therefore, travel well internationally, its influence aligns with the findings that horror has a 
significant negative effect on exposure globally (Chapter 4) and in Australia (Chapter 5). 
The effects of genre are more important for low earners. LIVE_EVENT has an 
unexpected significant positive impact on BO_US and BO_AUS, but an expected significant 
negative effect on SCREENINGS_AUS. It turns out that live event movies will typically earn 
more in both countries, yet generally screen less abroad. LIVE_EVENT is the second 
strongest predictor of domestic and foreign earnings and the strongest predictor of foreign 
exposure based on the inspection of β weights. The expected negative effect of LIVE_EVENT 
aligns with the findings that the genre has a significant negative impact on exposure globally 
(Chapter 4) and in 48% of the tested countries, Australia included (Chapter 5). This supports 
the hypothesis that genres appealing to niche audiences receive fewer showtimes. Further, the 
unexpected positive influence of LIVE_EVENT on domestic and foreign revenues might be 
explained by the fact that live event productions follow a different distribution and business 
model. Broadcasted performances happen at a specific time and have few repeats. Due to the 
feelings of urgency and scarcity created, and the appeal to niche audiences, the live event 
genre might enjoy higher attendance rates. Furthermore, the tickets are more expensive. 
Another niche genre, DOCO, also demonstrates a significant negative effect, but only 
on SCREENINGS_AUS. Low grossing documentaries will typically screen less in Australia. 
DOCO is the second strongest predictor of SCREENINGS_AUS based on the inspection of 
β weights. This expected result aligns with the findings that the documentary genre has a 
significant negative impact on exposure globally (Chapter 4) and in 73% of the tested 
countries, Australia included (Chapter 5). It further substantiates the view that genres 
appealing to niche audiences screen less. 
HORROR also demonstrates a significant negative effect on SCREENINGS_AUS and 




will also typically earn less in Australia. HORROR is the third strongest predictor of BO_AUS 
based on the inspection of β weights. The unexpected negative effect of this low cultural 
specificity genre (Fu, 2013, p. 795) observed only on Australian measures in both segments 
supports the finding from non-parametric analysis (Section 6.3) that Australians disfavour 
horror films to a greater extent than Americans, and aligns with the finding that the horror 
genre has a significant negative effect on Australian but not American exposure (Chapter 5). 
Therefore, a dislike for horror seems to be a trait of Australian cultural taste. 
Finally, DRAMA shows a significant negative effect on SCREENINGS_AUS. Low 
grossing dramas will typically screen less in Australia. DRAMA is the third strongest 
predictor of SCREENINGS_AUS based on the inspection of β weights. While this expected 
result aligns with the finding that the drama genre has a significant negative effect on global 
exposure (Chapter 4), it differs from the observation that the genre has no notable influence 
on Australian exposure (Chapter 5). Interestingly, the effect only applies to low earners. 
Returning to the cultural specificity hypothesis (Fu, 2013, p. 795), as the language barrier for 
American dramas is eliminated, it could be reasoned that high grossing dramas that are likely 
to have higher budgets are less culturally charged, which allows them to build stronger 
Australian audiences. 
Now moving to the distribution traits, MAJOR shows a significant positive impact on 
box office in both segments, but only in the US. Major releases will typically earn more in 
their domestic market regardless of their revenue level. MAJOR is the third strongest 
predictor of BO_USA in both segments based on the inspection of β weights. This finding 
aligns with the previous literature (Kim & Jensen, 2014; Litman, 1983; Litman & Kohl, 
1989; Pangarker & Smit, 2013; Prieto-Rodriguez et al., 2014), and is to be expected as the 
distribution networks of majors would be the strongest domestically. However, it is surprising 




it shows a significant positive impact on exposure globally (Chapter 4) and in 73% of the 
tested countries, Australia included (Chapter 5). 
Interestingly, MINI-MAJOR demonstrates a slightly significant positive impact only 
on foreign exposure and only for low earners. Low-income mini-major releases will typically 
screen more in Australia. The fact that the effect is present only for low earning films aligns 
with the observation by Litman and Kohl (1989, p. 42) that mini-majors “can often perform 
the same quality distribution (but on a smaller scale) as the majors.” 
Finally, the only tested origin trait, CO-PROD, shows a significant positive effect on 
foreign exposure but only for high grossing movies. High earning co-productions will 
typically screen more in Australia. Although expected from the previous literature (Alaveras 
et al., 2018; Kim & Jensen, 2014; McFadyen, Hoskins, & Finn, 2000), this is the only 
instance from the statistical modelling performed for this thesis where CO-PROD 
demonstrates a notable positive impact, as the trait shows a significant negative effect on 
exposure globally (Chapter 4) and in any country (Chapter 5). The success in identifying this 
positive influence, which has been signalled through exploratory data analysis in each 
chapter, can be attributed to the applied segmentation—only high grossing American 
co-productions were considered. Thus, it can be implied that movies with high earning 
capacity can benefit from international collaboration, but only when one of the co-producers 
is the US. However, this finding must be confirmed across other foreign markets. 
 The difference in the strength of the relationships between supply and demand within 
and between countries for both segments is also visually evident in the scatterplots 
(Figure 6.5). While strong positive linear relationships between exposure and box office are 
detected for all films in both markets, the dependence of foreign exposure on domestic box 
office is much weaker for high earners and barely visible for low grossing movies. Moreover, 




trend in the US and Australia. The clusters consist of films that earn a range of incomes while 
receiving an identical or a similar level of exposure in the US or in Australia, respectively. To 
further investigate this anomaly Figures 6.6 and 6.7 present the two scatterplots coloured by 
genre. The graphs show that all deviant cases in the US and most of them in Australia belong 
to the live event genre. This evidence extends the previous discussion about a different 
distribution model for live event movies, where each performance receives a similar number 







Figure 6.5. Scatterplots portraying the main relationships between exposure and box office in the DM, IE, and FM models for high earners 






Figure 6.6. Scatterplot portraying the main relationship between SCREENINGS_USA and 




Figure 6.7. Scatterplot portraying the main relationship between SCREENINGS_AUS and 





This chapter has examined the US–Australian Sample of American films representing 
international cinema distribution at the least aggregated scale. The analyses have offered 
insight into addressing the third research question which focuses on the patterns of one-way 
cinema distribution from the US to Australia and its related sub-questions. The existence of 
the “10% rule” was first tested for box office and exposure using non-parametric statistics in 
response to Research Sub-Question 3.1. The differences in preferences of American and 
Australian audiences, distributors, and exhibitors were then analysed through non-parametric 
testing to address Research Sub-Question 3.2. Further, three interconnected models were 
constructed to examine how selected explanatory variables affect the US box office, 
Australian exposure, and Australian box office for high and low earning movies in response 
to Research Sub-Questions 3.3, 3.4, and 3.5, respectively. Finally, the identified influences 
were compared between the models and between the segments offering insight into Research 
Sub-Question 3.6. 
 In response to Research Sub-Question 3.1, which asks whether typical American 
films receive 10% of their domestic box office and screenings in Australia, non-parametric 
testing has revealed that they do not. While American movies tend to get less than 10% of 
their home exposure in Australia, they typically gross more than 10% of their domestic 
earnings abroad. Therefore, it can be concluded that the “10% rule” is not a useful tool for 
predicting Australian box office for American films nor is it applicable to other market 
measures. This is an important finding for Australian distributors and exhibitors who to this 
day employ the “rule” to inform their decisions on reel logistics, marketing and advertising, 
and screen allocation for American movies. As the “rule” is proven not to hold, more 
complex calculations must be developed and employed to assist in planning the distribution 




 Regarding Research Sub-Question 3.2, dealing with the way the box office, 
screenings, and run ratios between the US and Australia, and release delay, for American 
films differ across genre, distributor, and origin categories, further non-parametric 
examination has revealed several trends. It has shown that Australian audiences favour 
action/adventure over other genres and independently circulated movies over mini-major 
releases when compared to Americans. Also, Australian exhibitors allocate more showtimes 
to co-productions than single-origin films; give longer runs to animations, but shorter runs to 
documentary and live event movies than to other genres; and screen major releases for longer 
than independently circulated productions when compared to exhibitors in the US. Finally, 
distributors premiere action/adventure films in Australia closer to their opening in the US, yet 
delay drama and documentary more than other genres, and all independently distributed 
movies are delayed for longer than major releases. This knowledge about the different 
attitudes of American and Australian audiences and industry players could help to formulate 
rules more nuanced than the “10% rule” for the industry to follow. 
In connection to Research Sub-Question 3.3, focusing on the way box office for high 
and low earning American films in the US is affected by volume of screenings and run length 
in the US, and the quantifiable factors associated with movie, distribution, and origin, 
multiple regression analysis has detected four and three significant predictors for high and 
low earners, respectively. The strongest positive influence has come from domestic exposure 
in both segments. Also, major distributor has demonstrated a significant positive effect for all 
movies. However, run length and running time have only shown a significant positive impact 
for high earners, while the genre live event has had the same effect only for low grossing 
films. 
In response to Research Sub-Question 3.4, concerned with the way the volume of 




the US, release delay, and the quantifiable factors associated with movie, distribution, and 
origin, multiple regression analysis has identified four and six significant predictors for high 
and low earners, respectively. Unlike the US domestic market, a significant connection 
between demand and supply has only been detected for high earners. Nonetheless, significant 
negative impacts from release delay and the horror genre have been observed in both 
segments. Co-production has shown a significant positive impact only for high grossing 
movies. In contrast, mini-major has demonstrated a significant positive effect—and the 
genres documentary, drama, and live event a significant negative impact—only for low 
earners. 
Regarding Research Sub-Question 3.5 which deals with the way the Australian box 
office of high and low earning American films is affected by volume of screenings and run 
length in Australia, and the quantifiable factors associated with movie, distribution, and 
origin, multiple regression analysis has detected four and three significant predictors for high 
and low grossing movies, respectively. As in the domestic market, the strongest positive 
influence has come from foreign exposure in both segments. However, for high earners only, 
run length has demonstrated a significant negative impact, and running time and the 
animation genre have shown a significant positive effect. In contrast, for low grossing films, 
the live event genre has had a significant positive influence, and the horror genre a significant 
negative effect. 
Finally, in connection to Research Sub-Question 3.6, which asks whether the factors 
that determine the US box office and the Australian volume of screenings and box office are 
different in terms of direction and magnitude of effect per outcome variable, and between 
high and low earning segments, a number of deviations have been identified. Only two 
predictors, namely the number of screenings and major distributor, have demonstrated a 




two factors, namely release delay and the horror genre, have shown a uniform notable 
influence for high and low grossing films in the international exchange. Lastly, only the 
effect of the number of screenings has been comparable between the segments in the foreign 
market. 
The fact that only the main effects of distribution measures have been uniformly 
significant between the segments constitutes a quantifiable proof that different rules guide the 
markets of high and low earning movies. And, as the predictors have often shown expected 
significant effects exclusively among the high grossing films, it appears that the previous 
knowledge derived from studying the performance of selected high earners does not extend to 
describe the behaviour of low grossing titles. Furthermore, models representing the 
distribution of high earners have been more robust demonstrating higher explanatory power. 
Therefore, there is a need to further research and theorise the behaviour of the currently 
understudied low grossing movies to better understand the principals of their distribution and 
the determinants of their popularity. Even more so because the industry’s “10% rule” has 
been proven to fail at capturing the relationship between the American and Australian cinema 
markets. 
 Returning to the example of Hitchcock (2012) and Her (2013) in the context of these 
findings, it is evident that the earnings of neither film followed the “10% rule” because it is 
not valid in current market conditions. Also, Hitchcock which made over US$5.5 million at 
home would have been characterised as a low earner in our analyses, whereas Her which 
grossed over US$23 million in its domestic market would have been grouped with high 
earners. As different factors are in play for high and low grossing movies through the three 
stages of their distribution from the US to Australia, it is expected that the share of the 










“Nobody Knows Anything – Or Do We?” 
(Schulze, 2005, p. 157) 
 
 INTRODUCTION 
The landscape of global cinema distribution has been rapidly changing with recent advances 
in digital technology. This has allowed more audiences to consume media content at home, 
reduced the costs of producing and distributing movies and facilitated the increasing 
importance of international markets for both film production and consumption. These 
developments have resulted in the divergence of international business practices in the 
cinema industry. While the number of diverse films able to enter the global theatrical 
circulation has increased, Hollywood productions have retained their market share. Thus, the 
competition for exposure to audiences and box office has grown fiercer for independently 
produced movies and foreign productions. However, there is an evident lack of large-scale 
empirical studies examining the movement and exchange of diverse contemporary cinema 
content. While the trade in popular American films has received considerable scholarly 
attention, investigations of the international distribution of foreign productions and movies 
with lower earning power are scarce. The important contribution this thesis makes is in 




regardless of their budget, income, or origin, exploring this at different levels, including 
global, national, and international (US–Australian). 
A quantitative data-driven approach was taken drawing extensively upon the unique 
big data collection of film screenings: the Kinomatics database. Mixed methods were 
employed to study the exchange of cinema at three geographical scales (globally, nationally, 
and internationally—from the US to Australia) focusing on four key distribution measures 
(the number of showtimes, geographical spread, the length of run, and release delay) and 
movie, distribution, and origin characteristics. The exploratory data analysis techniques 
reported in each analytical chapter were used as a first step to aid understanding of the data 
via its exploration and to identify trends. Confirmatory techniques, such as cluster analysis, 
multiple regression analysis, and non-parametric testing, were then employed to examine, 
quantify, and prove or disprove the visually observed trends. Models explaining the number 
of screenings, a variable unique to the Kinomatics database, were built to discuss the 
determinants of global exposure (Chapter 4), exposure in any screening market (Chapter 5), 
and national exposure (Chapters 5 and 6). Moreover, the relationship between the volume of 
showtimes and box office was tested for American films in the US and Australia (Chapter 6). 
Finally, segments representing different international distribution strategies were identified 
(Chapter 4), and the preferences of Australian and American audiences, distributors, and 
exhibitors were compared (Chapter 6). 
The rest of this final chapter is organised as follows: the key findings from this thesis 
are outlined in light of the three research questions (Section 7.2), the contributions made by 
this study are formulated (Section 7.3), the limitations of this work are identified 
(Section 7.4), the areas for further research are explored (Section 7.5), and final comments 





 KEY FINDINGS 
The objective of this thesis is to understand key trends in contemporary international cinema 
distribution. While there have been some analyses of the international circulation of cinema 
within the discipline of cultural economics, this is the first study to use innovative mixed 
methods to investigate the distribution of all films in international circulation in 40 countries 
based on unique distribution measures, including the number of screenings, instead of 
concentrating purely on box office. Certainly, given the rapid growth in cinema content 
consumption worldwide and its production outside the US, coupled with the complexity and 
importance of the international distribution sector, the rationale for this research is the need to 
understand how both successful and unsuccessful movies from various origins move around 
the world, and what factors lead to higher international exposure. 
Three central research questions and 13 associated sub-questions are posed 
(Section 1.6). Each main question is tied to identified objectives to examine international 
cinema circulation at three geographical scales: global, national, and international  
(US–Australian). The investigation of four unique distribution measures: the number of 
screenings, geographical spread, run length, and release delay is of central importance. The 
conventional box office was also examined but only in the most localised study on the 
distribution of American films in the US and Australia. The key to this research is to 
determine what effects the conventional movie, distribution, and origin characteristics—such 
as running time, genre, the size of the distribution company, the season of release, the type of 
international collaboration, and production origin—might have on a film’s exposure globally, 
nationally, and in the US–Australian market (for American films only). The scientific 
evidence relating to the research questions, summarised in the following sections, was 





7.2.1 Global Film Distribution and Five Distribution Strategies 
The first key research question focuses on international movie exchange on a global scale, 
asking “What are the patterns of global cinema distribution?” Using the Global Sample 
representing international cinema circulation at the most aggregated scale—cluster and 
multiple regression analyses were employed to address this question. 
First, five global distribution strategies were identified based on the three main 
distribution measures (the number of screenings, geographical spread, and run length) in 
response to Research Sub-Question 1.1. The strategies are described as “wide release,” 
“medium limited release,” “short limited release,” “long limited release,” and “blockbuster.” 
Then, multiple regression analysis detected 23 notable predictors of global exposure 
addressing Research Sub-Question 1.2. Two identified effects, namely those of the horror 
genre (–) and co-production (–), were found to deviate from the formulated hypotheses. The 
six strongest determinants of the global number of screenings appeared to be geographical 
spread (+); running time (+); genres documentary (–), drama (–), and live event (–); and 
origin Japan (+). 
Multiple regression analysis was further employed to quantify the differences between 
the five distribution strategies in response to Research Sub-Question 1.3. Of the 35 tested 
predictors of global exposure, only geographical spread (+) and the documentary genre (–) 
were found to have significant uniform effects in the models for all strategies, allowing for 
the conclusion that the suggested split of the data is meaningful. The analysis also highlighted 
several insights concerning the global exposure of films following different distribution 
strategies. For example, running time (+) and Japan origin (+) are only important to “limited 
releases,” while the drama genre (–) is relevant to all but the “blockbuster” strategies. Also, 
the US origin (+) only affects “wide releases” and “blockbusters,” whereas major 




 These findings have several implications for the cinema industry and research. Most 
of the previous studies of international cinema distribution have examined the performance of 
selected films that could be defined as “blockbusters.” However, this group represents less 
than 5% of movies in global circulation. Consequently, several unexpected effects were 
observed when the global exposure of all films was examined. And clear differences were 
noticed between movies following different distribution strategies. This suggests that 
previous knowledge serving the basis for formulating the tested hypotheses is not descriptive 
of the global behaviour of diverse films. Therefore, researchers need to study and theorise the 
international movement of various movies that might follow alternative distribution 
strategies. Moreover, distributors who are responsible for the global circulation of 
non-blockbuster titles should not expect that something which works for hit films will also 
apply to their product, but rather learn from the successful dissemination strategies of other 
non-blockbuster movies. 
 
7.2.2 Transnational Film Distribution 
The second main research question addresses international cinema circulation across 40 
countries, asking “What are the patterns of transnational cinema distribution?” Using the 
National Sample representing international cinema distribution at a mid-aggregated scale, 
multiple regression analyses were employed in response to this question. 
First, multiple regression analysis identified 27 characteristics with significant effects 
on universal exposure in any country addressing Research Sub-Question 2.1. The only 
identified impact defying previous hypothesis was co-production (–). The eight strongest 
predictors of the number of screenings within any market were found to be geographical 
spread (+); run length (+); domestic production (+); US origin (+); release delay (–); and 




Second, differences in terms of the variable significance, the direction of their effects, 
and the importance of certain characteristics were identified between the universal national 
results and the global results in response to Research Sub-Question 2.2. The most notable 
variation was found to be that the genres comedy (+) and horror (–), holiday season (+), and 
origins India (+) and Brazil (+) show significant effects on global exposure only, while run 
length (+) and origins Germany (+), the UK (+), Spain (+), Belgium (+), the Netherlands (+), 
and China (–) are important only to universal exposure in any country. 
Third, 40 multiple regression models detected 15 factors with uniform statistically 
significant effects on exposure across markets offering insight into Research 
Sub-Question 2.3. Ten were found to have a positive impact, including geographical spread; 
run length; running time; the animation genre; major distributor; domestic production; and 
origins the US, Australia, Canada, and the UK—while five were found to demonstrate a 
negative influence, namely release delay; co-production; and the genres documentary, drama, 
and live event. 
Finally, 22 factors were revealed to show significant effects in different directions on 
exposure across markets, which addressed Research Sub-Question 2.4. Nine variables were 
found to have significant positive effects in most countries, ten to demonstrate significant 
negative impacts in most markets, and three to have significant positive and negative effects 
in an equal number of countries. These findings allow the conclusion that the rules which 
guide international cinema distribution differ across national markets. The analysis also 
highlighted several insights concerning exposure in different groups of countries. For 
example, Latin America favours animation and horror genres, while comedy is preferred 
mostly in the English-speaking markets. However, being distributed by a mini-major has no 




Latin America. Unsurprisingly, movies receive higher exposure in countries that speak their 
languages. 
Several general comments relevant to cinema research and business practices can be 
made based on these findings. By comparing global and national results, it was shown that 
the influence of certain factors is more localised being detected only in the national setting, 
while the impact of others can only be felt at a global scale. This observation demonstrates 
that the theories formulated at one scale of aggregation might no longer apply when our 
viewpoint changes. Further, in contrast to the modelling of global distribution, only one 
characteristic showed an unexpected effect on exposure when the location of screenings was 
considered. This previous knowledge providing the basis for formulation of the hypotheses 
tested has been better at theorising national cinema industries than understanding the global 
circulation of movies, which is to be expected given the limited availability of large global 
datasets. 
Distributors putting together an international dissemination strategy for their films 
should understand several factors in play. Certain characteristics have a universal impact on 
exposure across markets, and so knowledge about those could be applied across the board of 
countries selected for an international release. For example, choosing to release in more 
markets will typically lead to higher exposure in each country. Also, extending the length of 
run in a certain market will lead to more screenings in that country. However, most 
importantly, delaying an international release will reduce exposure in foreign markets. 
Further, several traits affect exposure differently in certain country groups, and so the use of 
those findings should be limited to those specific market segments. Nonetheless, the most 
accurate estimation of the expected exposure in each country will be achieved by considering 





7.2.3 One-Way Cinema Distribution from the US to Australia 
The third key research question addresses the export of American movies to Australia, asking 
“What are the patterns of one-way cinema distribution from the US to Australia?” Using the 
US–Australian Sample representing international cinema distribution at the least aggregated 
scale, non-parametric testing and multiple regression analyses were employed to address this 
question. 
First, in response to Research Sub-Question 3.1, non-parametric statistics revealed 
that both the relative earnings and screenings of typical American films in Australia differ 
significantly from the industry’s “10% rule,” which states that these movies should receive 
one-tenth of their domestic box office when screened in Australia. Instead, typically, 
American films were found to generate a relatively higher share of box office despite 
receiving a lower share of showtimes in Australia compared to the US. 
Second, further non-parametric analysis demonstrated that the preferences of 
Australian and American audiences, distributors, and exhibitors differ addressing Research 
Sub-Question 3.2. In contrast to Americans, Australian audiences favour action/adventure 
movies and independently circulated films. Further, Australian exhibitors allocate more 
showtimes to co-productions and give longer runs to animations and major releases, but 
shorter runs to documentaries and live event movies compared to exhibitors in the US. 
Finally, Australian distributors delay action/adventure films for shorter periods compared to 
dramas, documentaries, and all independently distributed movies. 
Third, multiple regressions analysis detected four and three notable predictors of the 
US box office for high and low earning films, respectively, in connection to Research 
Sub-Question 3.3. Domestic exposure (+) and major distributor (+) were found to have an 




affect only high earners, while live event genre (+) was shown to affect only low grossing 
films. 
Fourth, further multiple regression analysis identified four and six significant 
predictors of Australian exposure for high and low earners, respectively, addressing Research 
Sub-Question 3.4. Release delay (–) and the horror genre (–) were shown to have significant 
effects for all films. In contrast, the US box office (+) and co-production (+) were found to 
have significant influence only for high earners, while mini-major distributor (+) and genres 
documentary (–), drama (–), and live event (–) were shown to have a significant impact only 
for low grossing movies. 
Fifth, the final multiple regression analysis outlined four and three significant 
predictors of Australian box office for high and low earners, respectively, with regards to 
Research Sub-Question 3.5. The only factor with identical influence for all films was found 
to be Australian exposure (+). In contrast, run length (–), running time (+), and animation 
genre (+) were found to be important only for high grossing movies, while genres live 
event (+) and horror (–) were shown to have significant effects only for low earners. 
Sixth and last, several differences in the significance and direction of the effect were 
identified between the segments offering insight into Research Sub-Question 3.6. Only the 
number of screenings and major distributor were found to demonstrate identical significant 
positive effects in both segments in the domestic market. Also, a uniformly significant 
negative influence was detected in both groups in the international exchange only for release 
delay and the horror genre. Furthermore, only the number of showtimes was found to 
demonstrate the same significant positive impact in both segments in the foreign market. All 
other tested variables were revealed to have different effects on domestic box office, foreign 




These findings relate to the cinema industry and research practices in several ways. 
Only the main distribution measures show uniform effects in both segments across the three 
settings. It can, therefore, be concluded that high and low earning movies behave differently 
through the course of their international distribution. Further, the tested variables show 
effects that aligned with the hypotheses more often in the high earning segment. Moreover, 
models for high grossing films were more robust. This suggests that the previous knowledge 
derived from studying the performance of high earning movies, which served as the basis for 
formulating the tested hypotheses, does not apply to the distribution of low grossing films. 
Therefore, researchers need to study and theorise the behaviour of low earning movies to 
better understand the principals of their distribution and the determinants of their popularity. 
The analysis shows that the “10% rule” used by the industry fails at estimating 
Australian box office of American films. In fact, more complex models explaining the 
distribution of American movies to Australia demonstrated high explanatory power. Thus, 
American distributors should consider adjusting their protocols and moving away from the 
simplistic “10% rule” and towards more sophisticated calculations to better plan their 
distribution strategies to Australia. For example, they should consider release delay between 
domestic and Australian premieres—as it has been shown to negatively affect foreign 
exposure for all films and in turn box office. Distributors should also understand that the 
strategies which work for high earning movies will most likely fail when directly transferred 
to guide the circulation of low earning titles, as the segments have been proven to differ in 
many ways. For instance, as no relationship between the US box office and Australian 
exposure was detected for low earning films, rules similar to the previously used “law-of-ten” 
should be altogether avoided in the context of smaller productions as domestic performance 





 CONTRIBUTIONS MADE BY THE RESEARCH 
This thesis is the first extended big data study of global cinema distribution. The contribution 
made by this thesis lies in its unique data, the derived alternative measures of distribution, the 
innovative combination of methods, and the scale of the analysis. While international markets 
for cinema are growing in importance each year in terms of both the generated revenues and 
the produced content, large but also detailed screening data covering many countries has not 
previously been used to study the dynamics of the global cinema market. Although many 
factors can characterise the international performance and circulation of a film, rarely have 
measures other than box office been employed in previous cinema research. Further, while 
existing literature provides numerous standalone uses of the statistical techniques that were 
employed in this thesis, the methods have been rarely used in combination in the previous 
work. In this thesis, data visualisation and confirmatory analysis methods are combined to 
uncover global screening patterns, which have important implications for business models 
informing global distribution in the cinema industry. 
 The analyses presented in this thesis employed highly detailed, extensive, inclusive, 
and scalable data. The Kinomatics database is unique in its detailed records of all screenings 
of all films in all cinema venues across 48 countries. This thesis constitutes the first global 
examination of this information. The data offers highly detailed observations as movie 
availability was measured at the level of showtimes, unlike the previous studies that have 
measured the “shelf-space” on a more aggregated level of screens. The dataset is also 
extensive in its coverage as the sample includes all internationally released films exhibited in 
40 countries. Moreover, the data is highly inclusive as it registers movies regardless of their 
revenue levels or production origins, unlike many previous studies which selected limited 




features the scalability characteristic of big data that allows aggregating the information at 
different scales to discuss the distribution at different geographical levels. 
 Further, alternative measures were used to quantify cinema distribution in the 
analyses presented in this thesis. The unique information registered on the Kinomatics 
database allows deriving variables other than the often-employed box office to better 
understand the shape of international distribution. This study uses number of screenings, 
geographical spread, run length, and release delay calculated based on showtime information 
to address international distribution at three levels of aggregation: global, national, and 
international (US–Australian). These variables allow discussion of the industry’s exhibition 
and distribution strategies that could not be evaluated based on box office data alone. 
 In conjunction with the unique data and its expression, this work also brings together 
innovative analysis techniques combining exploratory data analysis, cluster analysis, multiple 
regression, and non-parametric statistical testing. Working with big data requires using 
different methodologies and adapting them to the specifics of the dataset. Distinct from many 
studies that begin with the formulation of hypotheses and then collect data to test the 
expectations, the data-driven approach undertaken in this thesis requires that the explorations 
of the data precede the formulation of the hypotheses and even specific research questions. 
The mixture of techniques employed in this thesis is unique in its composition as it was 
attuned to the expression of the data identified through the visual exploratory data analysis. 
 
 RESEARCH LIMITATIONS 
Working with big data can help to address limitations associated with sampling bias common 
to many empirical studies because the exhaustive datasets often constitute entire populations. 
In the case of this thesis, as the screenings of all internationally released films exhibited in 40 




release movies exhibited across different markets globally. However, other limitations related 
to the data and variables need to be acknowledged. 
 The main limitations of the data are the biases towards Western countries, the short 
collection period, and the exclusion of non-theatrical viewing. First, while the Kinomatics 
database records quality data for 40 countries included in the analyses for this thesis, large 
African and Asian markets are under-represented. It is especially limiting that quality data is 
unavailable for China and Russia as these countries are the main drivers of growth in the 
international box office (MPAA, 2018). Second, the Kinomatics database spans over a 
relatively short period of 2.5 years starting in December 2012 and finishing in May 2015, 
inclusive. As the analyses were constructed to evaluate the full theatrical runs of movies, only 
the films released within the first 13 months of the data collection were included in this thesis 
so that even the latest releases could have at least 1.5 years to complete their global runs. 
Investigating the data from a single year is limiting because it presents a snapshot in time 
rather than providing a basis from which to observe trends over time. Finally, the Kinomatics 
database only tracks theatrical viewing while omitting home entertainment. Focusing solely 
on screenings in cinemas is limiting because the home viewing sector has been growing in 
importance and amounted to 54% of global consumer spending on movies in 2017 (MPAA, 
2018). However, data on media consumption at home is extremely difficult to obtain. Due to 
the three named data limitations, conclusions about global film circulation made in this thesis 
might not apply to all countries, preceding and succeeding periods, or all types of viewing. 
Moreover, the findings could change if information from the omitted markets, additional 
years, or about other types of movie consumption was introduced to the analyses. 
 The key limitations related to the variables employed in this thesis are associated with 
their expression and selection. First, origin information and, particularly, the indication of 




classification purposes. Data on origin was retrieved from the Internet Movie Database 
(IMDb) which, while being the most exhaustive source for country information, is known not 
to follow clear reporting guidelines. When films are indicated to have multiple origins on 
IMDb, this might not necessarily mean that the countries were collaborating under an official 
co-production agreement. Instead, IMDb might list all shooting locations as origins. For 
example, it is unlikely that all 11 origins103 listed on IMDb for the documentary Revolution 
(2012) directed by Rob Stewart were in official co-production agreements with one another 
to produce this movie. Also, the genre information is incomplete. While most films are 
categorised under multiple genres, only the first named genre on the Kinomatics database was 
considered in the analyses. Due to these limitations associated with the variables, it is 
possible that findings regarding co-production and genre might not be entirely accurate and 
could change if the variables were expressed differently. 
 There are also several limitations associated with the selection of the variables, mostly 
caused by the unavailability of information on small foreign films, which constitute the 
majority of movies within the dataset despite constituting a small share of screenings. First, 
as data on budget, which is expected to have a high impact on international distribution, was 
difficult to obtain, running time had to be used as a proxy. Second, while it was initially 
planned to test how global circulation is affected by film ratings, a variable in the Kinomatics 
database, this had to be excluded because there were too many missing values. Third, it 
would have been interesting to assess the impact on global distribution of critical acclaim, 
such as critic reviews, awards, or festival participation, but this information was scarce across 
the entire dataset. Fourth, the creative crew and cast were also expected to have an impact on 
international circulation. However, the information on the previous box office success of the 
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stars, usually used in the economics literature to build star power indices, was very difficult 
to obtain on the large set of creative crew. Nonetheless, the gender effect of the directorial 
team was initially tested in all models, but this variable was excluded from the final analyses 
because it demonstrated no significant influence on exposure. Finally, broader economic and 
social national characteristics that are often tested in the economic modelling of trade, such as 
GDP for measuring the “home market effect” or Hofstede’s cultural index (1980, 2000) for 
capturing “cultural discount,” were excluded from the national analysis—it was decided to 
keep the variable composition of econometric models constant at each geographical scale, 
while country characteristics could not be recorded at the global level. 
 
 AREAS FOR FUTURE RESEARCH 
While this thesis provides an extensive account of contemporary international cinema 
distribution using granular information on film screenings from 40 countries to answer the 
proposed research questions, there are three main avenues for further research. First, the 
analysis could be expanded spatially and temporarily to include more markets and span a 
longer period. Second, the study could be advanced beyond the theatrical distribution sector 
to account for other types of viewing, especially home entertainment. Finally, the data 
collection could be broadened to record the audience reception side. 
 First, it would be beneficial to expand the scope of this study to consider more 
non-Western markets, and films released in earlier and later years. As outlined in Section 7.4, 
certain countries have been overlooked in this study. It would be advantageous to analyse the 
rapidly growing Asian markets, specifically China and Russia, and the emerging African 
industries to compare the findings to those derived from the current sample. The factors that 
lead to higher global and national exposure might change if these countries were included. A 




using the same techniques, but including all exhibited movies, those that travelled 
internationally—as in this thesis—but also those that only screened in their domestic market. 
Finally, expanding the release period to include earlier and/or later years would allow for 
comparison with the current results, which are limited to films released in 2013, and could 
lead to different conclusions. 
 Second, it would also be fruitful to study other modes of cinema engagement beyond 
theatrical distribution, particularly the home entertainment sector, which has been growing 
rapidly with the recent technological advances. Home viewing amounted to 54% of global 
consumer spending on movies in 2017 (MPAA, 2018). As video on demand services, such as 
Netflix internationally or Stan in Australia, often serve as secondary release windows for 
theatrically released films, they no doubt play a role in shaping the distribution practice. 
Moreover, in recent years some movies even chose a “day-and-date” release where they open 
simultaneously in theatres and on digital platforms. Further, other films release solely on 
digital platforms and would not, therefore, be captured in the Kinomatics database. Because 
of the importance of this sector and its interplay with the theatrical distribution, it would be 
beneficial to study digital viewing in combination with the theatrical analysis. There is little 
doubt that new insights into international cinema distribution would be derived in that way. 
Last, it would be advantageous to expand the scope of this study to also include 
audiences. While the Kinomatics database measures movie availability in theatres at a 
granular showtime level, it does not record attendance information or any other statistics 
related to the audience. It can be safely assumed that, driven by commercial interest, 
exhibitors only play films that attract audiences. However, it would be beneficial to also 
measure attendance numbers and occupancy rates per each screening to draw a clearer picture 




audience demographics or even the opinions of patrons about the attended screenings. Again, 
new knowledge would certainly be derived in taking this alternative approach. 
 
 CLOSING COMMENTS 
This thesis has identified trends in contemporary international cinema distribution by 
innovatively using a detailed collection of showtime records, the Kinomatics database. In 
particular, it has focused on international distribution at three geographical scales: global, 
national, and international (US–Australian). The thesis has used mixed quantitative methods 
selected and attuned to the expression of the data, including exploratory data analysis, cluster 
analysis, multiple regression, and non-parametric testing. Through this examination, five 
distinct international cinema distribution strategies have been identified. Further, some 
common factors affecting global exposure and exposure in each of the 40 countries have been 
detected, but also differences in what is important for securing international screenings at 
each geographical scale have been outlined. Importantly, the “10% rule” prevalent in the 
Australian cinema industry has been tested and dismissed. Finally, the relationship between 
exposure and box office has been examined in the US and Australia and compared between 
the high and low earning movie segments identifying some interesting variations. Through 
the extensive analysis described, this thesis has contributed to the growing fields of cinema 
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Fourteen MySQL joining conditions used to merge IMDb and the Kinomatics data: 
 
17 ON IMDb_Movies.Name = Kino_Movies.Director_Name 
18 AND IMDb_Movies.Title LIKE CONCAT('%', Kino_Movies.Movie_Title, '%') 
 
17 ON IMDb_Movies.Name LIKE CONCAT('%', Kino_Remaining1.Surname, '%')  
18 AND IMDb_Movies.Title LIKE CONCAT(Kino_Remaining1.Movie_Title, '%') 
 
17 ON IMDb_Movies.Name LIKE CONCAT('%', Kino_Remaining2.Surname, '%') 
18 AND IMDb_Movies.Title LIKE CONCAT('%', Kino_Remaining2.Movie_Title, '%') 
 
17 ON IMDb_Movies.Name LIKE CONCAT('%', Kino_Remaining3.Surname, '%') 
18 AND IMDb_Movies.Title LIKE CONCAT('%', Kino_Remaining3.AltTitle, '%') 
 
17 ON IMDb_Movies.Name LIKE CONCAT('%', Kino_Remaining4.Name, '%') 
18 AND IMDb_Movies.Title LIKE CONCAT('%', Kino_Remaining4.Movie_Title, '%') 
 
17 ON IMDb_Movies.Title LIKE CONCAT('%', Kino_Remaining5.Movie_Title, '%') 
 
17 ON IMDb_Movies_New.Name = Kino_Remaining6.Director_Name 
18 AND IMDb_Movies_New.Title LIKE Kino_Remaining6.Movie_Title 
 
17 ON IMDb_Movies_New.Name = Kino_Remaining7.Director_Name 
18 AND IMDb_Movies_New.Title LIKE CONCAT('%', Kino_Remaining7.Movie_Title, '%') 
 
17 ON IMDb_Movies_New.Name = Kino_Remaining8.Director_Name 
18 AND IMDb_Movies_New.Title LIKE CONCAT('%', Kino_Remaining8.AltTitle, '%') 
 
17 ON IMDb_Movies_New.Name LIKE Kino_Remaining9.Director_Name 
18 AND IMDb_Movies_New.Title LIKE Kino_Remaining9.Movie_Title 
 
17 ON IMDb_Movies_New.Name = Kino_Remaining10.Director_Name 
18 AND IMDb_Movies_New.Title LIKE REPLACE(CONCAT(Kino_Remaining10.Movie_Title, '%'), '3D', '') 
 
17 ON IMDb_Movies_New.Name = Kino_Remaining11.Director_Name 
18 AND IMDb_Movies_New.Title LIKE REPLACE(CONCAT(Kino_Remaining11.AltTitle, '%'), '3D', '') 
 
17 ON IMDb_Movies_New.Name LIKE Kino_Remaining12.Director_Name 
18 AND IMDb_Movies_New.Title LIKE CONCAT('%', Kino_Remaining12.Title_No_Year, '%') 
 
17 ON IMDb_Movies_New.Name LIKE Kino_Remaining13.Director_Characters 
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Table B.1. Descriptive Statistics for the Global Number of Screenings per Genre, Distributor, 
Season, and Origin 
Attribute Films % F 
Global number of screenings 
Mdn Std dev Min Max Skew Kurt 
All films 3,424 100% 1,172.0 172,045.48 20 2,609,014 7.55 69.87  
        
Action/adventure 292 8.5% 6,982.0 361,980.58 22 2,202,719 3.18 10.40 
Animation 134 3.9% 6,858.0 437,436.87 21 2,609,014 3.75 14.52 
Comedy 612 17.9% 4,288.5 131,727.54 22 1,124,681 5.30 31.35 
Documentary 737 21.5% 188.0 27,494.33 20 580,426 18.56 359.86 
Drama 1,313 38.3% 1,045.0 93,453.80 20 1,234,695 7.79 68.78 
Horror 123 3.6% 1,050.0 149,115.08 24 942,361 4.21 18.17 
Live event 31 0.9% 442.0 1,059.14 22 4,055 0.98 0.36 
Suspense/thriller 182 5.3% 3,338.5 182,985.31 21 1,962,442 7.68 71.24 
         
Major 970 28.3% 1,407.5 290,285.66 21 2,609,014 4.48 23.21 
Mini-major 370 10.8% 1,778.5 177,729.80 20 1,827,674 5.04 34.01 
Independent 2,084 60.9% 1,020.5 41,075.78 20 814,622 12.43 195.66 
         
Summer 640 18.7% 1,262.0 160,790.78 20 2,609,014 8.76 101.85 
Holiday 547 16.0% 1,434.0 168,654.95 22 1,829,357 7.32 62.58 
Winter-spring 1,309 38.2% 989.0 157,404.96 20 2,202,719 8.07 77.26 
Fall 928 27.1% 1,270.5 213,824.24 20 2,272,029 5.96 42.15 
         
Single origin 2,570 75.1% 1,112.0 166,186.22 20 2,609,014 7.77 75.33 
Co-production 854 24.9% 1,336.5 188,533.04 20 2,202,719 6.99 57.51 
         
USA 903 26.4% 946.0 318,277.58 20 2,609,014 3.74 16.44 
France 496 14.5% 3,311.0 67,893.94 21 1,001,586 9.16 107.25 
India 366 10.7% 2,402.0 51,252.33 20 816,956 12.33 178.53 
Germany 288 8.4% 845.5 76,791.17 21 939,587 8.73 88.03 
UK 260 7.6% 1,135.5 212,517.54 22 1,962,442 5.66 37.67 
Japan 193 5.6% 3,362.0 92,333.75 22 1,134,493 9.66 110.41 
Canada 167 4.9% 368.0 162,193.16 21 1,455,894 5.97 41.00 
Spain 132 3.9% 1,565.0 74,485.88 21 681,131 7.14 56.55 
Italy 131 3.8% 1,595.0 17,372.69 21 106,113 3.26 12.58 
Belgium 124 3.6% 3,076.0 29,313.40 21 179,696 3.09 11.05 
South Korea 97 2.8% 4,310.0 18,760.86 33 133,403 3.58 18.59 
Mexico 81 2.4% 1,036.0 53,417.88 22 434,629 6.79 50.68 
Switzerland 81 2.4% 532.0 59,539.54 23 455,333 6.19 41.52 
Argentina 80 2.3% 434.0 20,589.92 21 166,118 6.51 48.13 
Israel 74 2.2% 409.0 7,106.34 20 52,282 5.34 33.76 
Netherlands 72 2.1% 1,088.5 8,872.28 21 58,950 4.30 22.42 
Brazil 71 2.1% 778.0 18,466.18 22 75,776 2.26 4.51 
China 62 1.8% 1,916.5 279,360.33 27 2,202,719 7.82 61.38 
Sweden 59 1.7% 3,233.0 28,261.68 31 141,043 3.26 11.13 
Australia 51 1.5% 1,081.0 226,844.54 29 1,134,493 3.67 13.18 
Note. F = films; Mdn = median; Std dev = standard deviation; Min = minimum; Max = maximum; Skew = 





Table B.2. Descriptive Statistics for Geographical Spread per Genre, Distributor, Season, 
and Origin 
Attribute Films %F 
Geographical spread 
Mdn Std dev Min Max Skew Kurt 
All films 3,424 100% 5.0 8.71 2 40 2.00 3.59  
        
Action/adventure 292 8.5% 7.0 12.65 2 40 1.34 0.36 
Animation 134 3.9% 7.0 11.65 2 40 1.32 0.55 
Comedy 612 17.9% 4.0 8.29 2 40 2.19 4.41 
Documentary 737 21.5% 5.0 5.28 2 36 2.11 5.68 
Drama 1,313 38.3% 5.0 8.59 2 40 1.72 2.39 
Horror 123 3.6% 5.0 8.76 2 40 2.20 4.47 
Live event 31 0.9% 7.0 8.33 2 26 0.52 –1.37 
Suspense/thriller 182 5.3% 5.0 8.99 2 40 1.98 3.45 
         
Major 970 28.3% 5.0 11.01 2 40 1.65 1.52 
Mini-major 370 10.8% 5.0 10.70 2 40 1.51 1.09 
Independent 2,084 60.9% 5.0 6.68 2 40 1.90 3.68 
         
Summer 640 18.7% 5.0 8.99 2 40 1.82 2.79 
Holiday 547 16.0% 5.0 8.46 2 40 2.13 4.25 
Winter-spring 1,309 38.2% 5.0 8.28 2 40 2.02 3.85 
Fall 928 27.1% 5.0 9.35 2 40 2.08 3.67 
         
Single origin 2,570 75.1% 4.0 8.01 2 40 2.43 5.87 
Co-production 854 24.9% 9.0 9.82 2 40 1.25 0.79 
         
USA 903 26.4% 6.0 12.42 2 40 1.15 –0.10 
France 496 14.5% 10.0 9.13 2 40 0.93 0.06 
India 366 10.7% 4.0 5.29 2 38 2.80 10.81 
Germany 288 8.4% 7.0 8.64 2 40 1.57 2.01 
UK 260 7.6% 9.0 11.15 2 40 1.02 –0.10 
Japan 193 5.6% 3.0 6.91 2 40 2.93 9.07 
Canada 167 4.9% 5.0 9.21 2 40 1.91 3.22 
Spain 132 3.9% 7.0 8.41 2 40 1.70 2.58 
Italy 131 3.8% 6.0 6.95 2 35 1.70 2.89 
Belgium 124 3.6% 9.0 9.33 2 38 1.03 0.12 
South Korea 97 2.8% 5.0 4.65 2 29 2.03 5.92 
Mexico 81 2.4% 5.0 5.93 2 33 1.95 4.49 
Switzerland 81 2.4% 5.0 8.05 2 40 2.22 4.92 
Argentina 80 2.3% 5.0 5.56 2 27 2.00 4.23 
Israel 74 2.2% 5.5 6.08 2 31 2.06 4.69 
Netherlands 72 2.1% 5.0 6.04 2 30 1.86 3.91 
Brazil 71 2.1% 3.0 6.41 2 28 2.02 3.51 
China 62 1.8% 7.5 7.42 2 40 2.16 6.13 
Sweden 59 1.7% 8.0 9.23 2 38 1.23 0.64 
Australia 51 1.5% 6.0 11.01 2 40 1.74 2.02 
Note. F = films; Mdn = median; Std dev = standard deviation; Min = minimum; Max = maximum; Skew = 






Table B.3. Descriptive Statistics for Global Run Length per Genre, Distributor, Season, and 
Origin 
Attribute Films %F 
Global run length 
Mdn Std dev Min Max Skew Kurt 
All films 3,424 100% 549.0 232.42 10 916 –0.41 –0.68  
        
Action/adventure 292 8.5% 505.5 232.32 19 911 –0.31 –0.91 
Animation 134 3.9% 611.5 223.39 14 916 –0.60 –0.27 
Comedy 612 17.9% 464.0 252.57 12 915 –0.11 –1.11 
Documentary 737 21.5% 568.0 199.15 10 916 –0.54 –0.08 
Drama 1,313 38.3% 571.0 228.66 13 916 –0.47 –0.53 
Horror 123 3.6% 472.0 242.60 22 909 –0.16 –0.99 
Live event 31 0.9% 537.0 273.75 38 897 –0.41 –1.14 
Suspense/thriller 182 5.3% 507.5 231.10 34 897 –0.21 –0.99 
         
Major 970 28.3% 558.0 222.63 13 916 –0.44 –0.50 
Mini-major 370 10.8% 552.0 227.28 10 915 –0.39 –0.56 
Independent 2,084 60.9% 543.5 237.44 12 916 –0.39 –0.77 
         
Summer 640 18.7% 520.0 206.56 10 916 –0.25 0.05 
Holiday 547 16.0% 516.0 270.92 13 915 –0.16 –1.13 
Winter-spring 1,309 38.2% 618.0 233.37 12 916 –0.71 –0.63 
Fall 928 27.1% 518.5 214.04 14 915 –0.60 –0.71 
         
Single origin 2,570 75.1% 510.0 235.36 10 916 –0.27 –0.86 
Co-production 854 24.9% 623.5 191.30 19 916 –0.72 0.45 
         
USA 903 26.4% 579.0 206.72 14 916 –0.51 –0.31 
France 496 14.5% 640.5 175.92 28 916 –0.76 0.74 
India 366 10.7% 187.0 241.61 13 906 0.77 –0.64 
Germany 288 8.4% 634.0 183.24 77 915 –0.65 0.24 
UK 260 7.6% 613.5 223.01 20 915 –0.66 –0.21 
Japan 193 5.6% 475.0 204.11 10 886 –0.08 –0.78 
Canada 167 4.9% 565.0 218.97 22 916 –0.26 –0.75 
Spain 132 3.9% 596.5 193.25 19 915 –0.43 0.07 
Italy 131 3.8% 606.0 194.82 39 911 –0.62 0.31 
Belgium 124 3.6% 598.5 187.83 39 915 –0.43 0.07 
South Korea 97 2.8% 516.0 196.75 51 910 0.00 –0.68 
Mexico 81 2.4% 587.0 186.78 19 915 –0.65 1.03 
Switzerland 81 2.4% 598.0 184.05 90 915 –0.59 0.54 
Argentina 80 2.3% 582.0 190.06 159 914 –0.23 –0.53 
Israel 74 2.2% 556.0 166.06 276 908 0.18 –0.69 
Netherlands 72 2.1% 555.5 222.51 39 915 –0.51 –0.27 
Brazil 71 2.1% 555.0 195.80 67 916 –0.31 –0.22 
China 62 1.8% 538.5 229.98 42 859 –0.44 –0.93 
Sweden 59 1.7% 606.0 176.28 183 915 –0.15 –0.35 
Australia 51 1.5% 611.0 214.43 27 892 –0.85 0.10 
Note. F = films; Mdn = median; Std dev = standard deviation; Min = minimum; Max = maximum; Skew = 





Table B.4. Descriptive Statistics for the Global Number of Screenings, Geographical Spread, 
and Global Run Length per Cluster 
Cluster Films %F 
Global number of screenings 
Mdn Std dev Min Max Skew Kurt 
1 422 12.3% 13,203 56,503.38 59 638,829 5.13 40.09 
2 1,154 33.7% 501 16,297.69 20 291,307 8.89 119.14 
3 704 20.6% 663 21,402.77 20 274,996 10.02 113.60 
4 976 28.5% 926 21,370.73 21 489,005 15.31 307.58 
5 168 4.9% 472,814 501,370.79 25,775 2,609,014 1.41 2.19 
 
Cluster Films %F 
Geographical spread 
Mdn Std dev Min Max Skew Kurt 
1 422 12.3% 19 4.75 14 31 0.50 –0.88 
2 1,154 33.7% 4 2.71 2 17 1.49 2.31 
3 704 20.6% 2 2.10 2 15 2.43 6.93 
4 976 28.5% 7 3.31 2 13 0.19 –1.10 
5 168 4.9% 38 3.61 26 40 -0.61 –0.76 
 
Cluster Films %F 
Global run length 
Mdn Std dev Min Max Skew Kurt 
1 422 12.3% 735.5 120.42 379 916 –0.21 –0.74 
2 1,154 33.7% 471.0 80.89 301 606 –0.20 –1.13 
3 704 20.6% 151.5 88.48 10 311 0.09 –1.32 
4 976 28.5% 695.5 89.55 545 916 0.45 –0.77 
5 168 4.9% 664.5 143.66 136 916 –0.50 0.72 
Note. F = films; Mdn = median; Std dev = standard deviation; Min = minimum; Max = maximum; Skew = 






Table B.5. Correlations Between the Transformed Continuous Variables in the Global 




Cluster 1a Cluster 2b Cluster 3c Cluster 4d Cluster 5e 
SCREENINGS_GL &  
GEO_SPR_GL 
 .610***  .475***  .271***  .380***  .300***  .627*** 
SCREENINGS_GL &  
RUN_GL 
 .195*** –.050 –.003  .029  .045  .011 
SCREENINGS_GL &  
RUN_TIME 
 .326***  .012  .360***  .392***  .302***  .071 
GEO_SPR_GL &  
RUN_GL 
 .459***  .124*  .110***  .102** –.023  .157* 
GEO_SPR_GL &  
RUN_TIME 
 .145***  .095  .129***  .228***  .060  .244** 
RUN_GL &  
RUN_TIME 
–.160*** –.152** –.050 –.206*** –.046  .104 
*p <.05. **p <.01. ***p <.001. 
a “wide release” 
b “medium limited release” 
c “short limited release” 






Table B.6. Full Regression Results for the SD Models 
Independent 
variables 
Dependent variable = SCREENINGS_GL 
SD1a SD2b 
N B SE  p N B SE  p 
C   0.922 (0.822) .262   –6.394 (1.352) <.001 
GEO_SPR_GL 422 3.009 (0.265) < .001 1,154 0.915 (0.095) <.001 
RUN_TIME X X X  X 1,154 2.596 (0.293) <.001 
ACTION_ADVNT 25 0.252 (0.364) .489 86 0.300 (0.278) .280 
ANIM 21 –0.394 (0.372) .290 36 0.685 (0.362) .058 
COMEDY 59 –0.121 (0.303) .690 187 0.676 (0.240) .005 
DOCO 69 –2.172 (0.293) <.001 298 –1.521 (0.232) <.001 
DRAMA 203 –0.867 (0.267) .001 436 –0.792 (0.223) <.001 
HORROR 11 –0.328 (0.442) .459 41 –0.847 (0.335) .012 
LIVE_EVENT 11 –3.148 (0.464) <.001 4 –3.282 (0.864) <.001 
MAJOR 104 0.108 (0.141) .442 330 –0.058 (0.115) .615 
MINI-MAJOR 52 0.619 (0.187) .001 125 0.466 (0.164) .005 
SUMMER 65 –0.112 (0.185) .545 213 –0.132 (0.142) .353 
HOLIDAY 55 0.424 (0.202) .036 179 0.264 (0.151) .080 
WINT_SPR 167 –0.235 (0.143) .100 340 0.016 (0.123) .896 
CO-PROD 201 –0.525 (0.172) .002 240 –0.471 (0.158) .003 
USA 140 0.527 (0.160) .001 291 0.128 (0.139) .359 
FRANCE 149 0.356 (0.167) .033 117 0.728 (0.185) <.001 
INDIA 17 1.058 (0.327) .001 75 0.337 (0.231) .145 
GERMANY 52 –0.266 (0.202) .189 83 0.242 (0.208) .244 
UK 62 0.314 (0.192) .103 57 –0.264 (0.237) .265 
JAPAN 12 0.637 (0.365) .081 87 1.364 (0.208) <.001 
CANADA 24 –0.124 (0.272) .650 59 –0.139 (0.238) .561 
SPAIN 22 0.071 (0.289) .807 50 0.260 (0.257) .312 
ITALY 19 0.279 (0.295) .345 45 0.537 (0.266) .044 
BELGIUM 32 0.456 (0.245) .064 39 0.362 (0.295) .221 
SOUTH_KOREA 6 0.771 (0.515) .135 48 1.345 (0.262) <.001 
MEXICO 10 0.496 (0.414) .232 35 1.048 (0.298) <.001 
SWITZERLAND 8 0.366 (0.438) .406 30 –0.110 (0.319) .731 
ARGENTINA 7 0.077 (0.489) .875 35 0.048 (0.302) .874 
ISRAEL 7 0.140 (0.461) .763 36 –0.443 (0.294) .133 
NETHERLANDS 8 –0.446 (0.467) .341 28 0.669 (0.331) .043 
BRAZIL 8 0.612 (0.433) .161 33 1.186 (0.306) <.001 
CHINA 7 0.415 (0.481) .392 18 0.139 (0.421) .741 
SWEDEN 13 0.228 (0.354) .523 19 0.637 (0.396) .108 
AUSTRALIA 7 0.886 (0.461) .057 12 0.176 (0.491) .720 
N 422 1,154 
R2 .545 .411 
F 13.638 22.327 
p <.001 <.001 
Note. SCREENINGS_GL, GEO_SPR_GL, and RUN_TIME are expressed as natural logarithm. 
a “wide release” 





Table B.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_GL 
SD3c SD4d 
 N B SE  p N B SE  p 
C   –2.040 (1.677) .224   –4.525 (1.456) .002 
GEO_SPR_GL 704 1.323 (0.131) <.001 976 0.898 (0.097) <.001 
RUN_TIME  X 1.625 (0.361) <.001 976 2.239 (0.309) <.001 
ACTION_ADVNT 704 0.008 (0.301) .979 61 1.085 (0.331) .001 
ANIM 73 0.585 (0.462) .205 43 1.182 (0.369) .001 
COMEDY 17 0.193 (0.263) .464 135 0.774 (0.296) .009 
DOCO 202 –1.391 (0.304) <.001 277 –1.317 (0.283) <.001 
DRAMA 89 –0.637 (0.258) .014 383 –0.602 (0.274) .028 
HORROR 238 –0.118 (0.369) .749 30 –0.367 (0.392) .350 
LIVE_EVENT 33 –1.853 (0.661) .005 9 –2.449 (0.593) <.001 
MAJOR 7 –0.074 (0.146) .609 264 0.096 (0.118) .417 
MINI-MAJOR 168 0.028 (0.216) .897 89 0.279 (0.180) .122 
SUMMER 69 –0.102 (0.179) .567 164 –0.036 (0.180) .842 
HOLIDAY 158 0.383 (0.188) .042 154 –0.036 (0.187) .846 
WINT_SPR 133 –0.011 (0.160) .946 500 –0.201 (0.150) .182 
CO-PROD 246 –0.431 (0.269) .110 288 –0.605 (0.150) <.001 
USA 61 –0.277 (0.192) .149 214 0.134 (0.150) .371 
FRANCE 114 0.493 (0.364) .176 178 0.598 (0.160) <.001 
INDIA 24 0.022 (0.193) .910 44 0.258 (0.268) .335 
GERMANY 226 –0.435 (0.419) .300 125 0.226 (0.173) .191 
UK 16 –0.981 (0.288) .001 75 0.063 (0.205) .757 
JAPAN 36 1.222 (0.271) <.001 41 0.899 (0.274) .001 
CANADA 48 –1.073 (0.313) .001 44 0.012 (0.253) .961 
SPAIN 31 –0.234 (0.533) .661 45 0.507 (0.255) .047 
ITALY 10 0.090 (0.457) .843 51 0.378 (0.238) .113 
BELGIUM 13 –0.426 (0.624) .495 36 0.008 (0.290) .978 
SOUTH_KOREA 8 0.151 (0.412) .714 27 0.616 (0.319) .054 
MEXICO 16 1.924 (0.728) .008 30 0.123 (0.301) .683 
SWITZERLAND 5 –1.098 (0.578) .058 31 –0.003 (0.300) .993 
ARGENTINA 8 –0.221 (0.573) .700 30 0.010 (0.312) .974 
ISRAEL 8 –1.315 (0.825) .111 27 –0.057 (0.317) .858 
NETHERLANDS 4 –0.448 (0.501) .372 25 –0.038 (0.328) .908 
BRAZIL 11 0.679 (0.548) .216 21 0.119 (0.354) .737 
CHINA 9 –0.054 (0.475) .910 22 –0.599 (0.360) .097 
SWEDEN 13 –0.002 (0.917) .999 21 0.616 (0.364) .091 
AUSTRALIA 3 0.486 (0.578) .400 19 0.461 (0.374) .218 
N 704 976 
R2 .425 .404 
F 14.084 18.169 
p <.001 <.001 
Note. SCREENINGS_GL, GEO_SPR_GL, and RUN_TIME are expressed as natural logarithm. 
c “short limited release” 





Table B.6 Continued 
Independent variables 
Dependent variable = SCREENINGS_GL  
SD5e  
 N  B  SE  p  
C   –1.339 (1.668) .424  
GEO_SPR_GL 168 3.795 (0.465) <.001  
RUN_TIME  X  X  X  X  
ACTION_ADVNT 47 –0.041 (0.193) .830  
ANIM 17 0.455 (0.226) .046  
COMEDY 29 0.088 (0.208) .674  
DOCO 4 –0.752 (0.325) .022  
DRAMA 53 –0.328 (0.191) .089  
HORROR 8 0.091 (0.260) .726  
LIVE_EVENT  X  X  X  X  
MAJOR 104 0.439 (0.137) .002  
MINI-MAJOR 35 0.229 (0.152) .135  
SUMMER 40 0.022 (0.126) .862  
HOLIDAY 26 0.079 (0.136) .564  
WINT_SPR 56 0.101 (0.114) .374  
CO-PROD 64 0.235 (0.153) .127  
USA 144 0.571 (0.171) .001  
FRANCE 28 –0.418 (0.189) .029  
INDIA 4 –0.057 (0.295) .848  
GERMANY 12 –0.615 (0.183) .001  
UK 30 –0.230 (0.150) .127  
JAPAN 5 –0.085 (0.263) .746  
CANADA 9 –0.163 (0.208) .435  
SPAIN 5 –0.334 (0.284) .241  
ITALY 3 –0.894 (0.416) .033  
BELGIUM 9 –0.602 (0.274) .030  
SOUTH_KOREA  X  X  X  X  
MEXICO 1 –1.725 (0.570) .003  
SWITZERLAND 4 –0.775 (0.307) .013  
ARGENTINA  X  X  X  X  
ISRAEL  X  X  X  X  
NETHERLANDS  X  X  X  X  
BRAZIL  X  X  X  X  
CHINA 2 –0.076 (0.424) .858  
SWEDEN 3 0.744 (0.384) .055  
AUSTRALIA 5 0.090 (0.270) .741  
N 168  
R2 .766  
F 16.271  
p <.001  







APPENDIX C  
SUPPLEMENTARY MATERIAL FOR CHAPTER 5 
Table C.1. Descriptive Statistics for the Number of Screenings in 40 Countries 
Country Films %F 
Number of screenings 
Mdn Std dev Min Max Skew Kurt 
All 3,340 100.0% 675.5 39,976.66 20 1,207,648 14.33 262.00 
ARG 322 9.6% 1,595.5 6,322.25 20 33,474 2.72 7.81 
AUS 609 18.2% 375.0 11,791.83 20 67,569 2.63 7.08 
BEL 574 17.2% 396.0 1,486.29 20 10,427 2.45 6.81 
BGR 146 4.4% 1,248.5 1,198.41 31 5,164 0.93 0.43 
BRA 439 13.1% 1,110.0 14,836.32 20 103,843 3.15 11.31 
CAN 842 25.2% 268.0 11,318.02 20 73,619 3.28 11.93 
CHE 568 17.0% 411.0 1,293.04 20 10,816 2.83 10.96 
CHL 223 6.7% 788.0 3,717.68 21 21,595 2.45 6.32 
COL 279 8.4% 1,358.0 5,970.88 21 29,058 2.35 5.22 
DEU 766 22.9% 861 14,976.98 20 129,791 4.17 21.90 
ESP 534 16.0% 2,013.0 12,655.86 20 67,243 2.07 4.11 
FIN 254 7.6% 567.5 1,115.22 22 6,315 2.34 6.68 
FRA 846 25.3% 2,256.0 14,283.37 20 108,317 2.62 8.16 
GBR 771 23.1% 402.0 19,205.56 20 163,496 3.87 18.11 
GRC 332 9.9% 379.5 1,159.40 20 7,535 2.32 6.43 
IDN 277 8.3% 1,043.0 3,035.68 24 17,065 2.20 5.59 
IND 502 15.0% 1,334.0 10,680.03 20 101,015 4.33 25.22 
IRE 403 12.1% 479.0 2,682.22 20 17,829 2.40 7.05 
ISR 372 11.1% 840.0 1,354.63 20 8,490 2.03 5.19 
ITA 535 16.0% 1,803.0 8,769.23 20 82,979 2.82 13.29 
JPN 681 20.4% 1,175.0 19,868.77 20 263,585 5.67 51.48 
KOR 456 13.7% 597.5 9,472.56 20 68,230 3.77 16.99 
LUX 340 10.2% 79.5 124.28 20 722 2.10 5.11 
MEX 462 13.8% 2,440.0 38,503.07 20 236,770 3.24 11.16 
NLD 538 16.1% 575.5 3,013.30 20 25,183 3.03 11.96 
NOR 254 7.6% 688.0 1,351.52 20 8,410 2.38 6.88 
NZL 389 11.6% 643.0 2,772.15 20 19,914 2.37 7.40 
PER 239 7.2% 993.0 3,308.30 28 23,451 2.50 8.54 
PHL 274 8.2% 1,256.0 2,877.08 21 19,868 2.64 9.18 
POR 400 12.0% 546.5 2,507.89 21 20,264 2.47 9.10 
SGP 331 9.9% 161.0 808.67 20 5,702 3.18 12.30 
SWE 314 9.4% 740.0 2,560.88 20 18,417 2.79 10.27 
THA 276 8.3% 561.0 2,094.13 20 12,644 2.66 8.24 
TWN 485 14.5% 399.0 4,319.96 20 34,607 3.80 18.49 
UAE 491 14.7% 784.0 1,373.38 21 8,117 2.16 5.67 
UKR 387 11.6% 550.0 2,448.10 20 11,748 2.02 3.59 
USA 1,485 44.5% 314.0 129,523.92 20 1,207,648 4.33 21.69 
VEN 189 5.7% 974.0 2,375.12 20 16,918 2.64 9.86 
VNM 189 5.7% 915.0 1,229.16 21 5,500 1.44 1.98 
ZAF 368 11.0% 1,323.5 4,483.72 21 21,691 1.84 3.10 
Note. F = films; Mdn = median; Std dev = standard deviation; Min = minimum; Max = maximum; Skew = 





Table C.2. Descriptive Statistics for Run Length in 40 Countries 
Country Films %F 
Run length 
Mdn Std dev Min Max Skew Kurt 
All 3,340 100.0% 134.0 214.17 1 916 1.05 0.18 
ARG 322 9.6% 142.0 186.80 2 845 1.03 0.41 
AUS 609 18.2% 148.0 176.17 1 789 1.12 0.66 
BEL 574 17.2% 198.0 214.75 4 899 0.71 –0.51 
BGR 146 4.4% 62.0 128.75 6 678 2.74 7.42 
BRA 439 13.1% 220.0 217.53 1 915 0.54 –0.88 
CAN 842 25.2% 126.5 178.01 1 911 1.20 0.86 
CHE 568 17.0% 291.5 220.75 6 899 0.54 –0.56 
CHL 223 6.7% 110.0 194.70 6 736 0.99 –0.11 
COL 279 8.4% 104.0 181.50 2 824 1.22 0.81 
DEU 766 22.9% 393.0 234.05 1 915 0.12 –0.83 
ESP 534 16.0% 257.0 191.61 1 905 0.57 –0.33 
FIN 254 7.6% 140.5 156.44 4 808 1.60 2.84 
FRA 846 25.3% 450.5 240.39 1 914 –0.06 –0.97 
GBR 771 23.1% 225.0 234.27 1 915 0.60 –0.67 
GRC 332 9.9% 140.0 177.37 6 894 1.05 0.60 
IDN 277 8.3% 34.0 97.51 2 680 4.01 18.26 
IND 502 15.0% 70.5 187.62 1 902 1.84 2.75 
IRE 403 12.1% 95.0 127.43 6 728 1.76 3.58 
ISR 372 11.1% 171.5 186.84 2 899 1.16 0.79 
ITA 535 16.0% 369.0 230.79 1 898 0.15 –0.90 
JPN 681 20.4% 199.0 171.49 1 868 1.00 0.46 
KOR 456 13.7% 38.0 168.22 3 855 2.11 4.31 
LUX 340 10.2% 48.0 105.65 9 745 3.46 14.23 
MEX 462 13.8% 242.5 212.47 1 837 0.63 –0.52 
NLD 538 16.1% 223.5 206.41 1 886 0.73 –0.29 
NOR 254 7.6% 157.5 216.09 6 885 1.03 0.13 
NZL 389 11.6% 101.0 127.98 3 730 2.01 4.94 
PER 239 7.2% 47.0 108.56 5 891 4.44 23.84 
PHL 274 8.2% 27.0 137.26 6 692 2.35 5.39 
POR 400 12.0% 157.0 188.96 5 853 1.09 0.62 
SGP 331 9.9% 24.0 83.66 1 668 4.23 21.74 
SWE 314 9.4% 190.0 180.93 9 889 1.15 1.10 
THA 276 8.3% 20.0 60.54 1 482 4.90 27.84 
TWN 485 14.5% 34.0 129.02 5 755 2.72 7.62 
UAE 491 14.7% 20.0 63.49 5 537 5.18 31.75 
UKR 387 11.6% 55.0 147.41 2 757 2.05 4.23 
USA 1,485 44.5% 268.0 238.89 1 916 0.54 –0.73 
VEN 189 5.7% 62.0 161.69 5 716 2.12 3.70 
VNM 189 5.7% 27.0 111.50 6 692 3.48 13.21 
ZAF 368 11.0% 49.0 86.47 6 571 2.66 8.40 
Note. F = films; Mdn = median; Std dev = standard deviation; Min = minimum; Max = maximum; Skew = 






Table C.3. Descriptive Statistics for Delay in 40 Countries 
Country Films %F 
Delay 
Mdn Std dev Min Max Skew Kurt 
All 3,340 100.0% 68.0 147.41 0 902 1.52 2.21 
ARG 322 9.6% 89.0 164.53 0 720 1.47 1.66 
AUS 609 18.2% 83.0 137.35 0 594 0.99 0.22 
BEL 574 17.2% 66.5 112.32 0 635 1.33 1.47 
BGR 146 4.4% 39.0 154.25 0 745 2.24 4.59 
BRA 439 13.1% 96.0 149.62 0 693 1.43 1.80 
CAN 842 25.2% 22.5 117.98 0 779 1.94 4.16 
CHE 568 17.0% 49.0 120.11 0 621 1.83 3.39 
CHL 223 6.7% 117.0 175.87 0 869 1.42 1.61 
COL 279 8.4% 140.0 169.68 0 777 1.00 0.36 
DEU 766 22.9% 74.0 153.92 0 785 1.38 1.57 
ESP 534 16.0% 130.0 177.65 0 902 1.16 1.15 
FIN 254 7.6% 64.5 120.60 0 545 1.34 1.13 
FRA 846 25.3% 36.0 125.46 0 692 1.64 2.23 
GBR 771 23.1% 41.0 121.59 0 902 1.88 4.92 
GRC 332 9.9% 121.5 155.79 0 857 1.25 1.39 
IDN 277 8.3% 49.0 143.33 0 810 1.96 3.77 
IND 502 15.0% 1.0 119.75 0 835 3.44 12.84 
IRE 403 12.1% 77.0 143.92 0 902 1.56 3.36 
ISR 372 11.1% 68.0 120.84 0 723 1.51 2.50 
ITA 535 16.0% 60.0 139.94 0 836 1.66 3.02 
JPN 681 20.4% 173.0 191.44 0 810 0.62 –0.60 
KOR 456 13.7% 147.5 182.89 0 902 1.11 1.00 
LUX 340 10.2% 69.0 106.37 0 566 1.38 1.47 
MEX 462 13.8% 111.0 168.62 0 756 1.16 0.64 
NLD 538 16.1% 85.5 140.49 0 755 1.28 1.39 
NOR 254 7.6% 71.5 105.88 0 494 1.27 1.20 
NZL 389 11.6% 76.0 141.72 0 665 1.34 1.34 
PER 239 7.2% 153.0 167.25 0 825 1.18 1.26 
PHL 274 8.2% 69.0 126.98 0 590 1.50 2.00 
POR 400 12.0% 159.0 158.17 0 721 0.74 –0.21 
SGP 331 9.9% 56.0 102.43 0 479 1.42 1.42 
SWE 314 9.4% 103.0 142.80 0 620 0.96 0.24 
THA 276 8.3% 60.0 117.23 0 660 1.68 2.93 
TWN 485 14.5% 133.0 156.64 0 840 1.04 0.73 
UAE 491 14.7% 42.0 166.15 0 816 1.73 2.67 
UKR 387 11.6% 78.0 150.89 0 839 1.70 3.34 
USA 1,485 44.5% 7.0 104.21 0 732 2.01 4.59 
VEN 189 5.7% 140.0 171.94 0 798 1.45 1.91 
VNM 189 5.7% 45.0 126.33 0 713 2.93 9.01 
ZAF 368 11.0% 77.0 152.87 0 765 1.27 0.97 
Note. F = films; Mdn = median; Std dev = standard deviation; Min = minimum; Max = maximum; Skew = 





Table C.4. The Sizes of M and Variables Excluded from the CD Models 
Country M Excluded variables 
ARG 35 RUN_CTR, LIVE_EVENT, & ARGENTINA 
AUS 36 RUN_TIME & AUSTRALIA 
BEL 37 BELGIUM 
BGR 30 
RUN_TIME, LIVE_EVENT, SOUTH_KOREA, MEXICO, ARGENTINA,  
ISRAEL, NETHERLANDS, & BRAZIL 
BRA 36 RUN_CTR & BRAZIL 
CAN 37 CANADA 
CHE 36 LIVE_EVENT & SWITZERLAND 
CHL 36 LIVE_EVENT & ISRAEL 
COL 37 RUN_CTR 
DEU 37 GERMANY 
ESP 37 SPAIN 
FIN 36 MEXICO & ARGENTINA 
FRA 37 FRANCE 
GBR 36 RUN_TIME & UK 
GRC 37 LIVE_EVENT 
IDN 32 DELAY, LIVE_EVENT, MEXICO, ARGENTINA, ISRAEL, & NETHERLANDS 
IND 34 LIVE_EVENT, INDIA, MEXICO, & BRAZIL 
IRE 37 RUN_TIME 
ISR 36 LIVE_EVENT & ISRAEL 
ITA 37 ITALY 
JPN 37 JAPAN 
KOR 37 SOUTH_KOREA 
LUX 37 LIVE_EVENT 
MEX 37 MEXICO 
NLD 37 NETHERLANDS 
NOR 36 RUN_TIME & LIVE_EVENT 
NZL 37 RUN_TIME 
PER 35 RUN_TIME, LIVE_EVENT, & ISRAEL 
PHL 33 LIVE_EVENT, MEXICO, ISRAEL, NETHERLANDS, & BRAZIL 
POR 37 LIVE_EVENT 
SGP 33 LIVE_EVENT, MEXICO, ARGENTINA, NETHERLANDS, & BRAZIL 
SWE 35 RUN_TIME, SOUTH_KOREA, & SWEDEN 
THA 35 RUN_TIME, LIVE_EVENT, & MEXICO 
TWN 37 LIVE_EVENT 
UAE 34 RUN_TIME, LIVE_EVENT, MEXICO, & ISRAEL 
UKR 37 LIVE_EVENT 
USA 37 USA 
VEN 32 
GEO_SPR_GL, RUN_TIME, LIVE_EVENT, SOUTH_KOREA,  
ISRAEL, & NETHERLANDS 
VNM 32 
RUN_TIME, LIVE_EVENT, ITALY, MEXICO, ISRAEL, 
NETHERLANDS, & BRAZIL 









ARG AUS BEL BGR BRA CAN CHE CHL COL 
SCREENINGS_CNTR &  
GEO_SPR_GL 
 .406***  .564***  .643***  .511***  .497***  .442***  .632***  .564***  .512***  .435*** 
SCREENINGS_CNTR &  
RUN_CNTR 
 .355***  .105  .411***  .329***  .235**  .071  .337***  .266***  .264***  .105 
SCREENINGS_CNTR &  
DELAY 
–.226*** –.161** –.265*** –.147*** –.539*** –.285*** –.205*** –.247*** –.470*** –.363*** 
SCREENINGS_CNTR &  
RUN_TIME 
 .130***  .331***  .060  .183***  .038  .194***  .123***  .239***  .211**  .199** 
GEO_SPR_GL &  
RUN_CNTR 
 .158*** –.168**  .464***  .269***  .216**  .019  .413***  .215***  .015 –.004 
GEO_SPR_GL &  
DELAY 
 .223***  .265***  .098*  .288*** –.272**  .269***  .121***  .178***  .053  .001 
GEO_SPR_GL &  
RUN_TIME 
 .203***  .485***  .144***  .338***  .206*  .390***  .142***  .368***  .454***  .348*** 
RUN_CNTR &  
DELAY 
–.079*** –.209***  .220***  .137**  .231** –.134**  .039 –0.043 –.288*** –.211*** 
RUN_CNTR &  
RUN_TIME 
–.081*** –.116* –.248*** –.044  .005 –.050 –.238***  .031  .120  .052 
DELAY &  
RUN_TIME 
–.129***  .114* –.268*** –.080 –.094  .004 –.226***  .002 –.066 –.163** 





Table C.5 Continued 
Variables DEU ESP FIN FRA GBR GRC IDN IND IRE ISR 
SCREENINGS_CNTR &  
GEO_SPR_GL 
 .571***  .568***  .279***   .569***  .661***  .485***  .385***  .101*  .463***  .544*** 
SCREENINGS_CNTR &  
RUN_CNTR 
 .451***  .376***  .344***  .353***  .329***  .440***  .509***  .621***  .325***  .208*** 
SCREENINGS_CNTR &  
DELAY 
–.257*** –.232*** –.206** –.190*** –.072* –.455*** –.041 –.394*** –.360*** –.140** 
SCREENINGS_CNTR &  
RUN_TIME 
 .232***  .114** –.166**  .092**  .031  .344*** –.146*  .376***  .044  .244*** 
GEO_SPR_GL &  
RUN_CNTR 
 .297***  .292*** –.063  .175***  .517***  .257***  .118* –.017  .355***  .007 
GEO_SPR_GL &  
DELAY 
 .198***  .164***  .253***  .139***  .276***  .064  .112  .446***  .057  .112* 
GEO_SPR_GL &  
RUN_TIME 
 .333***  .373***  .316***  .354***  .076*  .389***  .112 –.249***  .257***  .414*** 
RUN_CNTR &  
DELAY 
–.135*** –.206***  .125* –.194***  .270*** –.262*** –.011 –.321***  .094 –.141** 
RUN_CNTR &  
RUN_TIME 
 .008  .112** –.209** –.072* –.266***  .193*** –.069  .300***  .030 –.021 
DELAY &  
RUN_TIME 
–.050 –.092* –.079 –.023 –.201*** –.124* –.289*** –.432*** –.140**  .105* 





Table C.5 Continued 
Variables ITA JPN KOR LUX MEX NLD NOR NZL PER PHL 
SCREENINGS_CNTR &  
GEO_SPR_GL 
 .436***  .257***  .258***  .384***  .519***  .382***  .179**  .567***  .346***  .349*** 
SCREENINGS_CNTR &  
RUN_CNTR 
 .420***  .474***  .270***  .529***  .250***  .336***  .331***  .528***  .360***  .267*** 
SCREENINGS_CNTR &  
DELAY 
–.173*** –.329*** –.428*** –.370*** –.286*** –.323*** –.375*** –.101* –.561*** –.356*** 
SCREENINGS_CNTR &  
RUN_TIME 
 .213***  .229***  .220***  .321***  .347***  .147**  .045 –.034  .098  .194** 
GEO_SPR_GL &  
RUN_CNTR 
 .251***  .176***  .143**  .127*  .090  .106* –.069  .291***  .173** –.005 
GEO_SPR_GL &  
DELAY 
 .204***  .448***  .300***  .163**  .091*  .114**  .224***  .135** –.207**  .012 
GEO_SPR_GL &  
RUN_TIME 
 .376***  .187***  .253***  .337***  .416***  .321***  .349***  .223***  .326***  .304*** 
RUN_CNTR &  
DELAY 
–.191*** –.185*** –.197*** –.055 –.263***  .076 –.021  .286*** –.388*** –.193** 
RUN_CNTR &  
RUN_TIME 
 .108*  .159***  .175***  .081 < .001 –.026 –.002 –.112*  .050  .092 
DELAY &  
RUN_TIME 
 .008 –.045 –.121** –.044 –.052 –.183*** –.087 –.211*** –.165* –.142* 





Table C.5 Continued 
Variables POR SGP SWE THA TWN UAE UKR USA VEN VNM ZAF 
SCREENINGS_CNTR &  
GEO_SPR_GL 
 .613***  .425***  .268***  .403***  .389***  .437***  .424***  .620***  .077  .352***  .478*** 
SCREENINGS_CNTR &  
RUN_CNTR 
 .497***  .598***  .274***  .526***  .616***  .555***  .535***  .300***  .360***  .536***  .619*** 
SCREENINGS_CNTR &  
DELAY 
–.614*** –.335*** –.433*** –.176** –.534*** –.218*** –.425*** –.128*** –.620*** –.424*** –.107* 
SCREENINGS_CNTR &  
RUN_TIME 
 .238***  .198***  .050  .076  .271***  .005  .287***  .155***  .024  .083 –.288*** 
GEO_SPR_GL &  
RUN_CNTR 
 .457***  .356*** –.172**  .343***  .345***  .498***  .261***  .391*** –.257*** –.091  .403*** 
GEO_SPR_GL &  
DELAY 
–.246***  .098  .095  .097  .058  .082 –.048  .254***  .030 –.065  .152** 
GEO_SPR_GL &  
RUN_TIME 
 .301***  .133*  .319***  .235***  .107* –.086  .459***  .128***  .346***  .277***  .024 
RUN_CNTR &  
DELAY 
–.300*** –.170** –.062 –.103 –.260*** –.180*** –.201***  .024 –.375*** –.242** –.018 
RUN_CNTR &  
RUN_TIME 
 .216***  .167** –.179**  .130*   .141**  .075  .125* –.205*** –.030  .078 –.141** 
DELAY &  
RUN_TIME 
–.136** –.144** –.175** –.194** –.205*** –.412*** –.091 –.060* –.045 –.022 –.281*** 




Table C.6. Full Regression Results for the 40 ND Models 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
ARG AUS 
N B SE  p N B SE  p 
C  –1.715 (2.104) .416  2.098 (0.408) <.001 
GEO_SPR_GL 322 0.806 (0.146) <.001 609 1.461 (0.099) <.001 
RUN_CNTR X X X  X 609 0.255 (0.055) <.001 
DELAY 322 –0.057 (0.012) <.001 609 –0.107 (0.010) <.001 
RUN_TIME 322 1.464 (0.462) .002 X X X  X 
ACTION_ADVNT 51 –0.351 (0.300) .243 93 –0.019 (0.302) .949 
ANIM 24 0.850 (0.359) .019 28 –0.004 (0.375) .992 
COMEDY 55 –0.306 (0.292) .296 136 –0.265 (0.292) .364 
DOCO 25 –1.839 (0.348) <.001 67 –1.578 (0.317) <.001 
DRAMA 128 –0.897 (0.266) .001 233 –0.501 (0.283) .077 
HORROR 17 0.153 (0.368) .677 16 –1.306 (0.423) .002 
LIVE_EVENT X X X  X 13 –2.971 (0.465) <.001 
MAJOR 137 0.396 (0.164) .016 227 0.670 (0.122) <.001 
MINI-MAJOR 63 0.339 (0.188) .072 79 0.454 (0.170) .008 
SUMMER 60 0.156 (0.203) .442 157 –0.013 (0.156) .934 
HOLIDAY 49 0.023 (0.210) .911 82 –0.169 (0.185) .360 
WINT_SPR 136 0.153 (0.165) .353 226 0.046 (0.146) .752 
CO-PROD 140 –0.121 (0.195) .535 201 –0.286 (0.171) .094 
DOMEST 66 0.703 (0.316) .027 37 1.263 (0.251) <.001 
USA 175 0.698 (0.211) .001 266 0.996 (0.156) <.001 
FRANCE 64 –0.086 (0.221) .699 121 –0.550 (0.179) .002 
INDIA 6 –0.062 (0.499) .902 85 –0.477 (0.214) .026 
GERMANY 22 –0.172 (0.275) .532 38 –0.487 (0.232) .037 
UK 44 –0.192 (0.219) .380 90 0.598 (0.173) .001 
JAPAN 7 –0.047 (0.453) .918 13 –0.921 (0.374) .014 
CANADA 14 –0.160 (0.336) .635 25 0.297 (0.283) .294 
SPAIN 22 0.691 (0.276) .013 18 0.198 (0.337) .557 
ITALY 10 0.405 (0.392) .303 29 –0.071 (0.280) .799 
BELGIUM 16 –0.161 (0.331) .628 26 –0.286 (0.289) .322 
SOUTH_KOREA 1 0.388 (1.155) .737 4 –0.602 (0.646) .352 
MEXICO 8 –0.367 (0.445) .410 3 –0.970 (0.742) .192 
SWITZERLAND 5 –0.203 (0.536) .705 7 0.598 (0.505) .237 
ARGENTINA X X X  X 3 –0.625 (0.788) .428 
ISRAEL 2 1.086 (0.816) .184 9 –0.014 (0.450) .976 
NETHERLANDS 5 –0.977 (0.556) .080 6 1.041 (0.546) .057 
BRAZIL 7 –0.775 (0.454) .089 4 0.376 (0.682) .581 
CHINA 3 0.127 (0.698) .856 21 –0.587 (0.334) .079 
SWEDEN 5 0.432 (0.541) .425 12 0.986 (0.390) .012 
AUSTRALIA 7 0.616 (0.460) .182 X X X  X 
N 322 609 
R2 .634 .727 
F 14.185 42.293 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent  
variables 
Dependent variable = SCREENINGS_CNTR 
BEL BGR 
N B SE  p N B SE  p 
C  –1.181 (1.276) .355  3.225 (0.750) <.001 
GEO_SPR_GL 574 0.534 (0.085) <.001 146 0.653 (0.207) .002 
RUN_CNTR 574 0.373 (0.040) <.001 146 0.312 (0.077) <.001 
DELAY 574 –0.074 (0.008) <.001 146 –0.058 (0.014) <.001 
RUN_TIME 574 0.841 (0.276) .002 X X X  X 
ACTION_ADVNT 70 0.356 (0.220) .106 45 0.120 (0.272) .659 
ANIM 40 0.421 (0.252) .096 20 0.455 (0.315) .151 
COMEDY 134 0.219 (0.207) .290 32 –0.406 (0.283) .155 
DOCO 42 –1.026 (0.244) <.001 4 –1.641 (0.442) <.001 
DRAMA 246 –0.239 (0.197) .226 31 –0.726 (0.284) .012 
HORROR 12 0.144 (0.334) .667 5 –0.596 (0.407) .146 
LIVE_EVENT 2 –4.407 (0.738) <.001 X X X  X 
MAJOR 223 0.217 (0.094) .021 87 0.408 (0.173) .020 
MINI-MAJOR 87 0.145 (0.126) .249 25 0.251 (0.200) .211 
SUMMER 124 0.180 (0.123) .144 31 0.328 (0.188) .084 
HOLIDAY 104 –0.311 (0.128) .016 23 0.241 (0.199) .229 
WINT_SPR 213 0.068 (0.108) .532 54 0.090 (0.153) .556 
CO-PROD 235 –0.214 (0.131) .103 48 –0.294 (0.194) .132 
DOMEST 94 0.309 (0.147) .036 2 1.328 (0.692) .057 
USA 210 0.997 (0.131) <.001 118 0.469 (0.258) .072 
FRANCE 222 0.278 (0.113) .014 19 0.109 (0.237) .645 
INDIA 19 –1.531 (0.247) <.001 4 –0.307 (0.395) .439 
GERMANY 52 –0.187 (0.156) .229 11 –0.159 (0.251) .528 
UK 63 0.428 (0.148) .004 22 0.289 (0.233) .217 
JAPAN 10 –0.075 (0.322) .816 3 –0.856 (0.474) .073 
CANADA 23 0.350 (0.217) .107 6 –0.539 (0.329) .103 
SPAIN 14 0.383 (0.296) .196 5 0.039 (0.362) .915 
ITALY 15 0.121 (0.263) .647 5 –0.117 (0.367) .750 
BELGIUM X X X  X 4 –0.954 (0.409) .021 
SOUTH_KOREA 2 0.127 (0.688) .854 X X X  X 
MEXICO 3 –0.562 (0.570) .325 X X X  X 
SWITZERLAND 13 –0.036 (0.281) .898 1 –0.572 (0.735) .438 
ARGENTINA 4 –0.140 (0.533) .793 X X X  X 
ISRAEL 5 –0.274 (0.438) .531 X X X  X 
NETHERLANDS 26 0.252 (0.217) .246 X X X  X 
BRAZIL 6 0.210 (0.423) .620 X X X  X 
CHINA 4 0.606 (0.511) .236 1 0.481 (0.700) .494 
SWEDEN 17 0.052 (0.250) .837 4 –0.955 (0.400) .018 
AUSTRALIA 10 0.637 (0.316) .044 5 0.372 (0.358) .300 
N 574 609 
R2 .621 .727 
F 23.774 42.293 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
BRA CAN 
N B SE  p N B SE  p 
C  1.351 (1.971) .493  –0.523 (1.309) .690 
GEO_SPR_GL 439 1.179 (0.132) <.001 842 1.138 (0.075) <.001 
RUN_CNTR X X X  X 842 0.195 (0.048) <.001 
DELAY 439 –0.073 (0.013) <.001 842 –0.073 (0.009) <.001 
RUN_TIME 439 0.629 (0.431) .146 842 0.515 (0.278) .064 
ACTION_ADVNT 57 –0.141 (0.371) .704 117 0.834 (0.235) <.001 
ANIM 30 0.257 (0.416) .537 26 0.805 (0.340) .018 
COMEDY 88 –0.318 (0.350) .364 182 0.685 (0.223) .002 
DOCO 29 –2.212 (0.411) <.001 137 –1.013 (0.238) <.001 
DRAMA 203 –1.132 (0.335) .001 295 0.119 (0.214) .579 
HORROR 10 0.089 (0.531) .867 27 –0.078 (0.320) .807 
LIVE_EVENT 3 –3.425 (0.934) <.001 14 –1.819 (0.450) <.001 
MAJOR 180 0.465 (0.159) .004 249 0.877 (0.112) <.001 
MINI-MAJOR 76 0.194 (0.192) .313 103 0.487 (0.150 .001 
SUMMER 79 0.446 (0.188) .018 172 0.339 (0.132) .010 
HOLIDAY 53 0.477 (0.220) .031 120 0.372 (0.145) .011 
WINT_SPR 136 0.355 (0.159) .026 280 0.396 (0.114) .001 
CO-PROD 172 –0.177 (0.213) .405 245 –0.246 (0.155) .113 
DOMEST 63 1.764 (0.310) <.001 120 0.497 (0.168) .003 
USA 198 0.897 (0.205) <.001 352 0.856 (0.139) <.001 
FRANCE 125 –0.265 (0.208) .202 167 –0.023 (0.161) .888 
INDIA 5 –0.863 (0.613) .160 129 –0.303 (0.200) .130 
GERMANY 40 –0.181 (0.255) .480 37 –0.372 (0.239) .119 
UK 53 0.137 (0.235) .561 98 –0.062 (0.168) .712 
JAPAN 11 –0.116 (0.427) .787 15 –0.568 (0.360) .116 
CANADA 19 –0.237 (0.342) .489 X X X  X 
SPAIN 19 0.050 (0.370) .892 16 –0.044 (0.373) .907 
ITALY 16 0.151 (0.372) .685 11 –0.293 (0.412) .477 
BELGIUM 30 0.257 (0.295) .384 42 –0.332 (0.234) .157 
SOUTH_KOREA 2 0.213 (0.969) .826 18 –0.280 (0.340) .412 
MEXICO 9 –0.361 (0.477) .450 4 –0.073 (0.693) .916 
SWITZERLAND 8 0.048 (0.513) .925 15 0.157 (0.354) .657 
ARGENTINA 14 0.426 (0.437) .331 4 0.782 (0.722) .279 
ISRAEL 5 –0.220 (0.630) .727 10 0.226 (0.431) .600 
NETHERLANDS 7 –0.034 (0.573) .952 7 –0.179 (0.526) .734 
BRAZIL X X X  X 7 –0.513 (0.524) .328 
CHINA 4 –0.757 (0.707) .285 18 –0.283 (0.332) .394 
SWEDEN 8 0.798 (0.516) .123 16 –0.488 (0.346) .159 
AUSTRALIA 8 0.089 (0.502) .860 17 0.888 (0.333) .008 
N 439 842 
R2 .620 .660 
F 18.199 42.145 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
CHE CHL 
N B SE  p N B SE  p 
C  1.119 (1.218) .359  0.476 (2.123) .823 
GEO_SPR_GL 568 0.716 (0.081) <.001 223 0.968 (0.172) <.001 
RUN_CNTR 568 0.281 (0.048) <.001 223 0.172 (0.060) .005 
DELAY 568 –0.065 (0.008) <.001 223 –0.063 (0.013) <.001 
RUN_TIME 568 0.321 (0.262) .221 223 0.592 (0.458) .198 
ACTION_ADVNT 62 0.486 (0.249) .051 44 0.082 (0.306) .788 
ANIM 32 0.316 (0.285) .269 20 1.032 (0.348) .003 
COMEDY 122 0.365 (0.234) .119 38 0.051 (0.310) .869 
DOCO 77 –0.324 (0.253) .200 14 –0.620 (0.381) .105 
DRAMA 247 –0.213 (0.224) .343 78 –0.536 (0.292) .068 
HORROR 6 –0.298 (0.461) .519 16 0.543 (0.353) .126 
LIVE_EVENT X X X  X X X X  X 
MAJOR 217 0.336 (0.098) .001 109 0.493 (0.175) .005 
MINI-MAJOR 79 0.382 (0.132) .004 46 0.240 (0.195) .219 
SUMMER 116 –0.111 (0.128) .388 61 –0.281 (0.189) .139 
HOLIDAY 112 –0.180 (0.127) .157 33 –0.044 (0.225) .845 
WINT_SPR 205 –0.044 (0.111) .691 85 –0.243 (0.176) .168 
CO-PROD 247 –0.069 (0.131) .601 88 0.165 (0.226) .465 
DOMEST 63 0.311 (0.176) .077 29 0.920 (0.341) .008 
USA 190 0.587 (0.133) <.001 148 0.421 (0.255) .100 
FRANCE 221 –0.123 (0.117) .294 36 –0.120 (0.236) .612 
INDIA 12 –0.452 (0.298) .131 5 –0.902 (0.434) .039 
GERMANY 97 0.431 (0.127) .001 11 –0.027 (0.333) .934 
UK 60 0.224 (0.154) .145 27 –0.195 (0.242) .421 
JAPAN 11 0.183 (0.308) .553 4 –0.060 (0.482) .901 
CANADA 28 –0.107 (0.202) .596 12 –0.058 (0.308) .851 
SPAIN 12 0.425 (0.312) .174 14 –0.103 (0.315) .743 
ITALY 31 –0.220 (0.195) .261 5 –0.668 (0.457) .146 
BELGIUM 51 0.060 (0.172) .728 6 –0.510 (0.416) .222 
SOUTH_KOREA 3 0.146 (0.575) .800 1 –0.821 (0.946) .386 
MEXICO 7 –0.809 (0.388) .037 4 –1.642 (0.536) .003 
SWITZERLAND X X X  X 3 –0.476 (0.582) .415 
ARGENTINA 5 –0.463 (0.467) .322 10 0.886 (0.403) .029 
ISRAEL 9 –0.212 (0.333) .525 X X X  X 
NETHERLANDS 4 –0.038 (0.512) .940 1 0.141 (1.104) .898 
BRAZIL 5 0.208 (0.478) .663 1 –1.355 (1.002) .178 
CHINA 5 0.671 (0.466) .150 2 –0.245 (0.693) .724 
SWEDEN 14 0.305 (0.275) .268 4 0.016 (0.507) .976 
AUSTRALIA 12 0.279 (0.297) .347 6 0.237 (0.415) .568 
N 568 223 
R2 .583 .713 
F 20.623 12.862 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
COL DEU 
N B SE  p N B SE  p 
C  –1.512 (2.209) .495  –3.124 (1.398) .026 
GEO_SPR_GL 279 0.486 (0.150) .001 766 1.071 (0.081) <.001 
RUN_CNTR X X X  X 766 0.410 (0.045) <.001 
DELAY 279 –0.049 (0.014) .001 766 –0.069 (0.008) <.001 
RUN_TIME 279 1.531 (0.472) .001 766 1.130 (0.300) <.001 
ACTION_ADVNT 52 0.234 (0.305) .443 86 0.704 (0.280) .012 
ANIM 25 1.501 (0.363) <.001 34 1.119 (0.337) .001 
COMEDY 42 0.162 (0.317) .610 128 0.742 (0.266) .005 
DOCO 14 –0.653 (0.398) .102 131 –0.963 (0.271) <.001 
DRAMA 108 –0.447 (0.283) .115 306 –0.455 (0.249) .067 
HORROR 17 0.902 (0.374) .017 39 –0.295 (0.328) .369 
LIVE_EVENT 2 –4.416 (0.826) <.001 8 –2.978 (0.575) <.001 
MAJOR 127 0.356 (0.182) .052 292 0.460 (0.110) <.001 
MINI-MAJOR 54 0.183 (0.204) .372 97 0.403 (0.158) .011 
SUMMER 52 0.276 (0.204) .178 178 –0.029 (0.140) .838 
HOLIDAY 42 0.697 (0.225) .002 118 –0.055 (0.158) .726 
WINT_SPR 116 0.107 (0.172) .535 254 0.027 (0.128) .832 
CO-PROD 111 0.052 (0.221) .815 291 –0.290 (0.149) .051 
DOMEST 18 0.227 (0.401) .572 229 0.715 (0.144) <.001 
USA 161 0.534 (0.216) .014 281 0.557 (0.135) <.001 
FRANCE 57 –0.211 (0.220) .339 160 0.093 (0.154) .545 
INDIA 7 –1.014 (0.433) .020 14 –0.529 (0.371) .155 
GERMANY 25 0.072 (0.252) .775 X X X  X 
UK 37 –0.097 (0.221) .662 90 0.084 (0.170) .622 
JAPAN 7 –0.078 (0.427) .856 14 –0.456 (0.376) .225 
CANADA 14 0.107 (0.325) .743 36 –0.039 (0.246) .875 
SPAIN 22 0.078 (0.281) .782 20 –0.276 (0.326) .398 
ITALY 4 0.158 (0.573) .783 29 –0.437 (0.269) .105 
BELGIUM 19 –0.042 (0.323) .896 39 0.196 (0.244) .424 
SOUTH_KOREA 2 –0.063 (0.790) .936 5 –1.592 (0.615) .010 
MEXICO 8 0.015 (0.409) .971 7 –0.664 (0.527) .209 
SWITZERLAND 3 –0.039 (0.683) .955 30 0.206 (0.264) .435 
ARGENTINA 9 0.130 (0.446) .771 7 –0.570 (0.533) .285 
ISRAEL 1 0.671 (1.099) .542 14 –1.152 (0.369) .002 
NETHERLANDS 3 –1.282 (0.686) .063 16 0.083 (0.357) .815 
BRAZIL 4 –0.715 (0.599) .234 8 0.425 (0.484) .381 
CHINA 3 0.610 (0.701) .386 7 –0.020 (0.538) .970 
SWEDEN 8 –0.244 (0.421) .563 13 –0.085 (0.385) .826 
AUSTRALIA 6 0.251 (0.479) .601 15 0.459 (0.358) .200 
N 279 766 
R2 .613 .659 
F 10.336 38.106 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
ESP FIN 
N B SE  p N B SE  p 
C  –0.025 (1.609) .988  1.758 (1.543) .256 
GEO_SPR_GL 534 1.232 (0.109) <.001 254 0.218 (0.127) .088 
RUN_CNTR 534 0.419 (0.060) <.001 254 0.341 (0.064) <.001 
DELAY 534 –0.068 (0.010) <.001 254 –0.048 (0.012) <.001 
RUN_TIME 534 0.644 (0.347) .064 254 0.334 (0.334) .318 
ACTION_ADVNT 71 –0.608 (0.271) .025 50 0.697 (0.240) .004 
ANIM 38 –0.402 (0.312) .199 19 1.393 (0.294) <.001 
COMEDY 94 –0.354 (0.259) .173 41 0.653 (0.249) .009 
DOCO 51 –2.373 (0.287) <.001 18 –0.573 (0.304) .060 
DRAMA 219 –1.007 (0.239) <.001 96 0.161 (0.232) .489 
HORROR 17 –0.631 (0.374) .092 7 0.300 (0.361) .407 
LIVE_EVENT 10 –6.704 (0.555) <.001 9 –2.150 (0.469) <.001 
MAJOR 203 0.367 (0.131) .005 117 0.524 (0.135) <.001 
MINI-MAJOR 81 0.342 (0.173) .049 47 0.285 (0.151) .059 
SUMMER 118 0.235 (0.158) .138 51 0.375 (0.145) .010 
HOLIDAY 108 –0.197 (0.165) .233 39 0.174 (0.161) .281 
WINT_SPR 166 0.152 (0.146) .297 91 0.180 (0.124) .147 
CO-PROD 209 –0.293 (0.173) .090 106 –0.120 (0.148) .418 
DOMEST 115 0.608 (0.225) .007 30 0.398 (0.291) .173 
USA 218 0.662 (0.172) <.001 150 0.387 (0.167) .021 
FRANCE 138 –0.247 (0.169) .144 51 0.304 (0.164) .066 
INDIA 7 –0.027 (0.489) .956 5 –0.262 (0.356) .462 
GERMANY 48 –0.131 (0.210) .533 22 –0.391 (0.186) .037 
UK 69 –0.007 (0.189) .969 45 0.298 (0.150) .048 
JAPAN 16 –0.183 (0.335) .585 8 –0.288 (0.283) .310 
CANADA 28 0.272 (0.264) .304 7 –0.055 (0.305) .858 
SPAIN X X X  X 7 –0.088 (0.307) .774 
ITALY 18 0.271 (0.320) .398 3 –0.591 (0.481) .221 
BELGIUM 27 0.046 (0.277) .868 15 –0.151 (0.249) .544 
SOUTH_KOREA 5 –2.571 (0.578) <.001 2 –0.718 (0.537) .183 
MEXICO 8 0.219 (0.467) .640 X X X  X 
SWITZERLAND 9 0.406 (0.449) .367 4 0.636 (0.410) .122 
ARGENTINA 16 0.299 (0.351) .394 X X X  X 
ISRAEL 4 –0.004 (0.641) .995 2 –1.038 (0.584) .077 
NETHERLANDS 8 –0.747 (0.481) .121 1 –0.188 (0.827) .820 
BRAZIL 7 –0.013 (0.496) .979 2 0.424 (0.562) .452 
CHINA 5 0.721 (0.594) .225 4 –0.304 (0.412) .461 
SWEDEN 13 0.670 (0.365) .067 22 0.046 (0.192) .811 
AUSTRALIA 12 0.326 (0.377) .388 9 0.059 (0.274) .831 
N 534 254 
R2 .703 .686 
F 31.723 13.173 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
FRA GBR 
N B SE  p N B SE  p 
C  0.428 (1.264) .735  1.261 (0.329) <.001 
GEO_SPR_GL 846 1.288 (0.077) <.001 771 1.670 (0.084) <.001 
RUN_CNTR 846 0.400 (0.054) <.001 771 0.121 (0.048) .011 
DELAY 846 –0.052 (0.008) <.001 771 –0.074 (0.009) <.001 
RUN_TIME 846 0.319 (0.268) .234 X X X  X 
ACTION_ADVNT 75 0.338 (0.264) .201 101 0.478 (0.241) .048 
ANIM 50 0.371 (0.297) .212 36 1.113 (0.304) <.001 
COMEDY 147 0.299 (0.236) .204 165 0.527 (0.225) .019 
DOCO 113 –1.305 (0.246) <.001 114 –1.492 (0.238) <.001 
DRAMA 386 –0.279 (0.218) .202 270 –0.105 (0.216) .627 
HORROR 18 –0.132 (0.380) .728 21 –0.475 (0.352) .177 
LIVE_EVENT 13 –3.447 (0.473) <.001 18 –1.829 (0.388) <.001 
MAJOR 288 0.249 (0.108) .021 249 0.541 (0.116) <.001 
MINI-MAJOR 107 0.323 (0.150) .031 94 0.508 (0.161) .002 
SUMMER 168 0.150 (0.148) .311 179 0.083 (0.142) .561 
HOLIDAY 159 –0.476 (0.151) .002 126 –0.038 (0.157) .811 
WINT_SPR 338 –0.055 (0.128) .665 276 0.145 (0.127) .253 
CO-PROD 356 –0.319 (0.143) .026 234 –0.291 (0.155) .060 
DOMEST 412 1.027 (0.140) <.001 172 0.902 (0.146) <.001 
USA 252 0.738 (0.146) <.001 326 1.157 (0.139) <.001 
FRANCE X X X  X 126 –0.506 (0.175) .004 
INDIA 26 –1.939 (0.297) <.001 130 0.177 (0.185) .339 
GERMANY 77 –0.378 (0.177) .033 55 –0.472 (0.211) .026 
UK 84 –0.001 (0.174) .996 X X X  X 
JAPAN 19 0.143 (0.324) .660 14 –0.124 (0.370) .738 
CANADA 36 0.322 (0.241) .183 29 0.471 (0.265) .076 
SPAIN 27 –0.366 (0.286) .200 16 0.831 (0.391) .034 
ITALY 31 –0.664 (0.257) .010 13 0.097 (0.393) .804 
BELGIUM 81 0.328 (0.184) .076 24 –0.211 (0.306) .490 
SOUTH_KOREA 6 0.411 (0.554) .458 5 –0.370 (0.616) .549 
MEXICO 12 –0.853 (0.417) .041 7 –1.032 (0.529) .052 
SWITZERLAND 22 0.012 (0.302) .968 8 0.274 (0.491) .576 
ARGENTINA 10 0.124 (0.449) .782 5 –0.683 (0.676) .313 
ISRAEL 19 –0.006 (0.319) .985 7 –0.691 (0.513) .178 
NETHERLANDS 13 –0.261 (0.406) .521 8 0.589 (0.506) .244 
BRAZIL 13 0.113 (0.382) .767 3 –2.275 (0.786) .004 
CHINA 14 0.009 (0.381) .982 3 0.636 (0.791) .422 
SWEDEN 17 0.603 (0.339) .076 15 0.524 (0.365) .151 
AUSTRALIA 10 1.130 (0.438) .010 15 0.909 (0.354) .011 
N 846 771 
R2 .627 .713 
F 36.692 50.551 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
GRC IDN 
N B SE  p N B SE  p 
C  –2.873 (1.639) .081  0.915 (1.823) .616 
GEO_SPR_GL 332 0.429 (0.125) .001 277 0.396 (0.114) .001 
RUN_CNTR 332 0.324 (0.047) <.001 277 0.387 (0.060) <.001 
DELAY 332 –0.057 (0.011) <.001 X X X  X 
RUN_TIME 332 1.346 (0.361) <.001 277 0.717 (0.399) .073 
ACTION_ADVNT 48 –0.021 (0.252) .934 90 –0.068 (0.195) .726 
ANIM 21 0.555 (0.301) .066 24 –0.164 (0.258) .527 
COMEDY 54 –0.261 (0.242) .283 38 –0.891 (0.218) <.001 
DOCO 15 –1.128 (0.328) .001 7 –1.131 (0.365) .002 
DRAMA 166 –0.636 (0.219) .004 67 –0.710 (0.201) <.001 
HORROR 7 0.179 (0.403) .656 23 –0.321 (0.259) .217 
LIVE_EVENT X X X  X X X X  X 
MAJOR 141 0.299 (0.124) .016 120 0.592 (0.132) <.001 
MINI-MAJOR 62 0.138 (0.150) .360 50 0.133 (0.164) .419 
SUMMER 71 0.107 (0.155) .493 54 0.304 (0.158) .056 
HOLIDAY 54 0.030 (0.166) .855 50 0.068 (0.167) .683 
WINT_SPR 125 0.190 (0.135) .160 108 –0.292 (0.138) .035 
CO-PROD 153 0.045 (0.154) .768 80 0.165 (0.190) .385 
DOMEST 26 0.281 (0.288) .330 15 1.795 (0.327) <.001 
USA 174 0.723 (0.149) <.001 163 0.585 (0.206) .005 
FRANCE 94 –0.005 (0.160) .976 16 –0.298 (0.261) .255 
INDIA 4 0.062 (0.471) .895 36 –1.985 (0.238) <.001 
GERMANY 33 –0.351 (0.185) .058 7 0.252 (0.366) .492 
UK 58 0.070 (0.152) .647 31 –0.249 (0.214) .247 
JAPAN 6 –0.865 (0.383) .025 8 –0.409 (0.325) .209 
CANADA 20 –0.061 (0.225) .788 14 0.207 (0.262) .430 
SPAIN 15 –0.063 (0.296) .833 6 0.075 (0.432) .862 
ITALY 12 0.337 (0.285) .237 2 0.289 (0.646) .655 
BELGIUM 27 –0.059 (0.214) .782 5 0.155 (0.406) .703 
SOUTH_KOREA 1 –0.232 (0.924) .802 24 –0.607 (0.232) .009 
MEXICO 3 –0.571 (0.544) .295 X X X  X 
SWITZERLAND 8 0.203 (0.344) .557 2 –0.749 (0.630) .236 
ARGENTINA 4 0.482 (0.533) .367 1 –0.976 (0.953) .307 
ISRAEL 3 –0.160 (0.536) .766 X X X  X 
NETHERLANDS 3 –0.067 (0.557) .905 X X X  X 
BRAZIL 6 –0.644 (0.407) .115 X X X  X 
CHINA 5 0.197 (0.452) .664 16 0.250 (0.309) .420 
SWEDEN 12 0.123 (0.287) .670 1 –0.365 (0.943) .699 
AUSTRALIA 9 0.326 (0.326) .319 3 0.216 (0.510) .672 
N 332 277 
R2 .674 .774 
F 16.423 26.059 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
IND IRE 
N B SE  p N B SE  p 
C  –1.478 (1.722) .391  2.192 (0.418) <.001 
GEO_SPR_GL 502 0.962 (0.089) <.001 403 0.823 (0.112) <.001 
RUN_CNTR 502 0.575 (0.048) <.001 403 0.343 (0.060) <.001 
DELAY 502 –0.028 (0.015) .064 403 –0.089 (0.011) <.001 
RUN_TIME 502 0.677 (0.360) .061 X X X  X 
ACTION_ADVNT 124 0.496 (0.226) .028 69 0.137 (0.268) .609 
ANIM 20 0.234 (0.352) .508 24 1.211 (0.336) <.001 
COMEDY 130 0.040 (0.218) .853 84 0.134 (0.259) .605 
DOCO 7 –0.516 (0.550) .348 28 –1.529 (0.308) <.001 
DRAMA 162 –0.476 (0.214) .026 160 –0.521 (0.242) .032 
HORROR 16 0.369 (0.384) .338 11 –0.162 (0.402) .687 
LIVE_EVENT X X X  X 2 –0.408 (1.139) .720 
MAJOR 167 0.068 (0.137) .621 168 0.412 (0.139) .003 
MINI-MAJOR 44 –0.165 (0.219) .452 72 0.075 (0.170) .657 
SUMMER 123 –0.237 (0.172) .169 104 –0.043 (0.165) .793 
HOLIDAY 102 –0.011 (0.179) .951 69 –0.011 (0.184) .953 
WINT_SPR 186 –0.193 (0.160) .229 141 0.119 (0.153) .439 
CO-PROD 60 0.152 (0.293) .604 146 –0.163 (0.190) .390 
DOMEST 341 2.054 (0.326) <.001 25 1.232 (0.280) <.001 
USA 132 –0.256 (0.325) .431 247 1.254 (0.174) <.001 
FRANCE 12 –0.201 (0.478) .674 68 –0.556 (0.208) .008 
INDIA X X X  X 25 –1.412 (0.280) <.001 
GERMANY 10 –0.843 (0.473) .076 27 –0.510 (0.251) .043 
UK 22 0.165 (0.353) .641 92 0.543 (0.174) .002 
JAPAN 5 –0.044 (0.603) .942 7 –0.585 (0.434) .178 
CANADA 10 –0.431 (0.446) .334 15 0.950 (0.312) .002 
SPAIN 6 –1.528 (0.635) .017 14 0.093 (0.380) .806 
ITALY 3 –0.526 (0.811) .517 5 –0.134 (0.546) .806 
BELGIUM 3 –1.291 (0.824) .118 17 0.325 (0.318) .307 
SOUTH_KOREA 2 –0.567 (0.929) .542 2 –0.817 (0.813) .316 
MEXICO X X X  X 2 –1.582 (0.789) .046 
SWITZERLAND 4 –0.433 (0.693) .532 5 0.379 (0.527) .473 
ARGENTINA 2 –0.252 (1.029) .806 4 0.209 (0.671) .755 
ISRAEL 2 –0.361 (0.950) .705 3 0.042 (0.683) .951 
NETHERLANDS 2 –1.319 (0.951) .166 4 –1.513 (0.819) .066 
BRAZIL X X X  X 1 –1.073 (1.120) .339 
CHINA 6 0.245 (0.608) .687 2 0.376 (0.813) .644 
SWEDEN 3 1.285 (0.814) .115 14 0.380 (0.338) .262 
AUSTRALIA 4 0.278 (0.677) .682 10 0.044 (0.373) .907 
N 502 403 
R2 .619 .714 
F 22.292 24.630 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
ISR ITA 
N B SE  p N B SE  p 
C  0.877 (1.399) .531  –1.163 (1.942) .550 
GEO_SPR_GL 372 0.760 (0.098) <.001 535 0.802 (0.120) <.001 
RUN_CNTR 372 0.288 (0.060) <.001 535 0.494 (0.057) <.001 
DELAY 372 –0.025 (0.010) .014 535 –0.024 (0.011) .038 
RUN_TIME 372 0.401 (0.308) .193 535 0.598 (0.421) .156 
ACTION_ADVNT 64 –0.252 (0.249) .313 62 0.602 (0.356) .092 
ANIM 34 0.542 (0.283) .056 40 0.420 (0.396) .290 
COMEDY 67 –0.258 (0.246) .295 114 0.444 (0.330) .179 
DOCO 19 –2.250 (0.315) <.001 67 –1.639 (0.349) <.001 
DRAMA 159 –0.605 (0.226) .008 207 –0.637 (0.316) .045 
HORROR 7 –1.165 (0.426) .007 19 0.455 (0.448) .310 
LIVE_EVENT X X X  X 1 –0.181 (1.492) .903 
MAJOR 161 0.355 (0.122) .004 208 0.015 (0.151) .920 
MINI-MAJOR 69 0.161 (0.152) .289 90 0.224 (0.189) .236 
SUMMER 92 –0.019 (0.151) .898 132 0.080 (0.182) .660 
HOLIDAY 70 0.203 (0.161) .209 85 0.147 (0.207) .480 
WINT_SPR 130 0.192 (0.139) .168 184 0.328 (0.167) .050 
CO-PROD 147 0.068 (0.163) .679 203 –0.772 (0.212) <.001 
DOMEST 53 0.645 (0.223) .004 103 1.688 (0.241) <.001 
USA 211 0.559 (0.159) <.001 230 1.473 (0.194) <.001 
FRANCE 79 –0.060 (0.172) .728 123 0.250 (0.204) .221 
INDIA 8 0.169 (0.362) .641 10 0.203 (0.484) .674 
GERMANY 35 –0.291 (0.193) .132 68 –0.692 (0.216) .001 
UK 55 –0.190 (0.164) .247 77 0.439 (0.218) .044 
JAPAN 7 –0.028 (0.383) .942 19 –0.046 (0.370) .901 
CANADA 17 –0.009 (0.257) .971 19 0.614 (0.360) .089 
SPAIN 14 0.004 (0.333) .991 19 0.499 (0.379) .189 
ITALY 11 0.146 (0.318) .646 X X X  X 
BELGIUM 20 –0.055 (0.243) .821 32 0.703 (0.311) .024 
SOUTH_KOREA 3 –0.450 (0.578) .436 5 –0.753 (0.664) .257 
MEXICO 1 –1.122 (0.976) .251 7 –0.207 (0.571) .717 
SWITZERLAND 5 0.280 (0.469) .550 15 0.423 (0.403) .294 
ARGENTINA 4 0.755 (0.608) .215 5 0.907 (0.709) .201 
ISRAEL X X X  X 6 –0.369 (0.611) .546 
NETHERLANDS 2 –0.543 (0.714) .448 5 0.253 (0.674) .707 
BRAZIL 2 –1.281 (0.737) .083 6 –0.059 (0.628) .925 
CHINA 4 0.917 (0.511) .074 5 0.713 (0.697) .307 
SWEDEN 7 0.088 (0.378) .817 9 0.598 (0.503) .235 
AUSTRALIA 9 0.338 (0.346) .330 14 1.336 (0.410) .001 
N 372 535 
R2 .572 .604 
F 12.448 20.480 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
JPN KOR 
N B SE  p N B SE  p 
C  –5.972 (1.554) <.001  –3.458 (1.870) .065 
GEO_SPR_GL 681 0.906 (0.094) <.001 456 0.675 (0.120) <.001 
RUN_CNTR 681 0.566 (0.068) <.001 456 0.244 (0.056) <.001 
DELAY 681 –0.053 (0.011) <.001 456 –0.047 (0.012) <.001 
RUN_TIME 681 1.718 (0.334) <.001 456 1.601 (0.406) <.001 
ACTION_ADVNT 115 0.392 (0.254) .123 74 0.333 (0.291) .254 
ANIM 49 1.127 (0.318) <.001 66 0.691 (0.312) .027 
COMEDY 75 –0.019 (0.268) .944 55 –0.231 (0.303) .448 
DOCO 77 –0.506 (0.267) .059 26 –1.705 (0.374) <.001 
DRAMA 266 –0.093 (0.223) .676 172 –1.012 (0.259) <.001 
HORROR 35 –0.759 (0.328) .021 16 –0.818 (0.419) .052 
LIVE_EVENT 7 –3.566 (0.673) <.001 9 –3.579 (0.579) <.001 
MAJOR 205 0.581 (0.139) <.001 170 0.111 (0.150) .458 
MINI-MAJOR 110 0.232 (0.168) .168 70 0.120 (0.199) .549 
SUMMER 157 –0.168 (0.164) .305 115 0.091 (0.188) .628 
HOLIDAY 74 –0.005 (0.209) .981 63 0.153 (0.224) .496 
WINT_SPR 261 –0.191 (0.146) .191 169 0.201 (0.174) .247 
CO-PROD 214 –0.006 (0.202) .975 145 0.049 (0.221) .825 
DOMEST 178 1.548 (0.242) <.001 86 2.160 (0.286) <.001 
USA 263 0.301 (0.174) .084 182 0.622 (0.208) .003 
FRANCE 110 0.038 (0.216) .860 82 –0.205 (0.232) .377 
INDIA 7 0.124 (0.577) .831 4 0.092 (0.701) .896 
GERMANY 34 –0.288 (0.290) .321 30 –0.517 (0.293) .079 
UK 86 –0.037 (0.206) .858 54 0.349 (0.231) .131 
JAPAN X X X  X 50 –0.106 (0.265) .691 
CANADA 28 –0.091 (0.314) .773 24 0.576 (0.315) .068 
SPAIN 22 –0.226 (0.365) .537 20 0.114 (0.349) .745 
ITALY 13 0.068 (0.444) .879 12 –0.082 (0.433) .850 
BELGIUM 22 –0.313 (0.358) .382 20 0.203 (0.358) .571 
SOUTH_KOREA 44 0.350 (0.274) .202 X X X  X 
MEXICO 6 –0.608 (0.639) .342 2 –1.285 (0.994) .197 
SWITZERLAND 7 –0.106 (0.595) .858 3 0.878 (0.838) .296 
ARGENTINA 2 0.375 (1.170) .749 3 –0.055 (0.858) .949 
ISRAEL 5 –0.037 (0.693) .958 2 –1.614 (1.018) .113 
NETHERLANDS 7 –0.317 (0.598) .596 3 –0.486 (0.827) .557 
BRAZIL 5 1.109 (0.692) .110 3 0.114 (0.805) .888 
CHINA 34 –0.397 (0.325) .222 18 0.159 (0.387) .682 
SWEDEN 13 –0.378 (0.444) .395 7 0.059 (0.544) .913 
AUSTRALIA 11 0.650 (0.466) .163 6 0.416 (0.581) .474 
N 681 456 
R2 .549 .589 
F 21.174 16.197 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
LUX MEX 
N B SE  p N B SE  p 
C  –2.007 (0.975) .040  –3.836 (1.830) .037 
GEO_SPR_GL 340 0.290 (0.076) <.001 462 0.880 (0.133) <.001 
RUN_CNTR 340 0.459 (0.036) <.001 462 0.313 (0.071) <.001 
DELAY 340 –0.055 (0.007) <.001 462 –0.047 (0.013) <.001 
RUN_TIME 340 0.856 (0.214) <.001 462 1.611 (0.389) <.001 
ACTION_ADVNT 57 0.305 (0.141) .031 62 0.253 (0.358) .481 
ANIM 27 0.479 (0.167) .004 38 0.337 (0.406) .406 
COMEDY 70 0.162 (0.136) .236 66 –0.132 (0.351) .708 
DOCO 11 –0.461 (0.207) .026 70 –2.621 (0.354) <.001 
DRAMA 145 –0.034 (0.127) .788 177 –1.031 (0.325) .002 
HORROR 9 –0.080 (0.214) .708 22 0.513 (0.428) .231 
LIVE_EVENT X X X  X 3 –2.869 (0.952) .003 
MAJOR 152 0.255 (0.073) .001 170 0.734 (0.171) <.001 
MINI-MAJOR 62 0.176 (0.087) .044 76 0.792 (0.207) <.001 
SUMMER 83 –0.015 (0.087) .860 93 0.058 (0.202) .774 
HOLIDAY 53 –0.033 (0.098) .736 56 0.426 (0.241) .078 
WINT_SPR 129 –0.102 (0.078) .195 187 –0.066 (0.175) .707 
CO-PROD 152 –0.130 (0.093) .165 174 –0.433 (0.216) .045 
DOMEST 18 0.036 (0.159) .820 70 1.105 (0.308) <.001 
USA 171 0.175 (0.094) .063 234 1.246 (0.200) <.001 
FRANCE 123 –0.145 (0.087) .094 86 –0.057 (0.236) .811 
INDIA 4 –0.294 (0.277) .289 7 –0.064 (0.569) .910 
GERMANY 54 0.072 (0.096) .451 42 –0.114 (0.268) .670 
UK 51 0.093 (0.095) .331 56 0.203 (0.239) .397 
JAPAN 4 –0.140 (0.281) .618 19 –1.193 (0.386) .002 
CANADA 16 0.115 (0.146) .431 25 0.123 (0.322) .703 
SPAIN 10 –0.061 (0.203) .765 31 1.099 (0.302) <.001 
ITALY 11 –0.163 (0.172) .342 10 0.334 (0.506) .509 
BELGIUM 37 –0.062 (0.121) .612 20 0.621 (0.371) .096 
SOUTH_KOREA 2 –0.100 (0.390) .797 4 0.670 (0.764) .381 
MEXICO 2 0.039 (0.387) .919 X X X  X 
SWITZERLAND 10 0.251 (0.183) .171 5 0.681 (0.691) .325 
ARGENTINA 2 0.191 (0.455) .675 12 0.270 (0.452) .551 
ISRAEL 3 –0.411 (0.328) .211 7 –1.477 (0.574) .010 
NETHERLANDS 2 –0.575 (0.387) .138 10 –1.074 (0.507) .035 
BRAZIL 3 –0.217 (0.350) .535 8 –0.608 (0.542) .263 
CHINA 3 –0.172 (0.332) .604 3 0.082 (0.870) .925 
SWEDEN 10 –0.040 (0.180) .825 11 –0.359 (0.476) .452 
AUSTRALIA 8 0.376 (0.199) .060 9 1.303 (0.513) .011 
N 340 462 
R2 .700 .707 
F 19.002 27.676 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
NLD NOR 
N B SE  p N B SE  p 
C  0.595 (1.353) .660  3.574 (0.573) <.001 
GEO_SPR_GL 538 0.733 (0.100) <.001 254 0.247 (0.148) .096 
RUN_CNTR 538 0.542 (0.053) <.001 254 0.384 (0.064) <.001 
DELAY 538 –0.057 (0.009) <.001 254 –0.081 (0.013) <.001 
RUN_TIME 538 0.237 (0.290) .414 X X X  X 
ACTION_ADVNT 73 0.679 (0.247) .006 53 0.177 (0.298) .554 
ANIM 41 0.367 (0.282) .193 20 0.822 (0.365) .026 
COMEDY 87 0.106 (0.237) .654 37 0.050 (0.306) .871 
DOCO 41 –0.861 (0.270) .002 13 –0.858 (0.383) .026 
DRAMA 249 –0.186 (0.218) .394 111 –0.402 (0.283) .156 
HORROR 14 –0.071 (0.362) .844 7 –0.625 (0.444) .160 
LIVE_EVENT 3 –2.890 (0.680) <.001 X X X  X 
MAJOR 198 0.474 (0.112) <.001 127 0.397 (0.158) .013 
MINI-MAJOR 88 0.149 (0.142) .295 47 0.238 (0.184) .198 
SUMMER 109 0.291 (0.146) .047 64 0.424 (0.170) .013 
HOLIDAY 92 –0.090 (0.154) .561 40 0.277 (0.193) .154 
WINT_SPR 205 –0.068 (0.125) .585 85 0.454 (0.161) .005 
CO-PROD 228 –0.048 (0.145) .740 103 0.304 (0.196) .124 
DOMEST 58 1.030 (0.221) <.001 28 0.557 (0.306) .070 
USA 232 0.461 (0.137) .001 143 0.611 (0.186) .001 
FRANCE 130 –0.241 (0.145) .097 50 –0.089 (0.203) .662 
INDIA 24 –0.739 (0.257) .004 10 –1.863 (0.324) <.001 
GERMANY 71 –0.256 (0.163) .118 28 –0.585 (0.216) .007 
UK 70 0.096 (0.159) .547 47 –0.181 (0.179) .313 
JAPAN 9 –0.466 (0.383) .225 8 –0.352 (0.350) .316 
CANADA 25 –0.440 (0.235) .062 11 –0.058 (0.300) .848 
SPAIN 18 0.422 (0.291) .149 8 0.041 (0.380) .915 
ITALY 19 –0.160 (0.270) .555 6 0.352 (0.411) .392 
BELGIUM 39 –0.337 (0.208) .106 12 –0.042 (0.321) .896 
SOUTH_KOREA 4 –0.747 (0.555) .179 2 –0.994 (0.662) .135 
MEXICO 9 –0.493 (0.387) .203 3 –0.878 (0.577) .130 
SWITZERLAND 13 0.317 (0.321) .325 2 –0.672 (0.686) .328 
ARGENTINA 4 –0.229 (0.597) .702 1 0.046 (1.025) .964 
ISRAEL 6 –0.597 (0.460) .195 1 1.614 (0.941) .088 
NETHERLANDS X X X  X 3 –0.107 (0.602) .859 
BRAZIL 7 –0.817 (0.433) .060 2 0.242 (0.695) .728 
CHINA 4 –0.419 (0.573) .465 3 –0.606 (0.576) .294 
SWEDEN 24 –0.035 (0.245) .888 20 0.125 (0.243) .607 
AUSTRALIA 9 0.555 (0.381) .145 6 0.276 (0.408) .499 
N 538 254 
R2 .580 .628 
F 18.697 10.186 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
NZL PER 
N B SE  p N B SE  p 
C  1.400 (0.456) .002  5.559 (0.609) <.001 
GEO_SPR_GL 389 0.893 (0.107) <.001 239 0.272 (0.140) .055 
RUN_CNTR 389 0.576 (0.071) <.001 239 0.364 (0.079) <.001 
DELAY 389 –0.052 (0.010) <.001 239 –0.084 (0.014) <.001 
RUN_TIME X X X  X X X X  X 
ACTION_ADVNT 68 0.015 (0.316) .962 55 0.205 (0.280) .464 
ANIM 23 –0.176 (0.370) .635 25 0.903 (0.321) .005 
COMEDY 82 –0.100 (0.309) .746 41 –0.081 (0.288) .778 
DOCO 34 –0.962 (0.341) .005 8 –1.691 (0.418) <.001 
DRAMA 152 –0.352 (0.297) .237 72 –0.716 (0.271) .009 
HORROR 5 –0.346 (0.546) .526 22 0.803 (0.325) .014 
LIVE_EVENT 11 –2.200 (0.443) <.001 X X X  X 
MAJOR 158 0.540 (0.133) <.001 117 0.214 (0.178) .229 
MINI-MAJOR 59 0.284 (0.166) .088 47 0.064 (0.198) .746 
SUMMER 124 –0.236 (0.161) .144 60 –0.321 (0.186) .085 
HOLIDAY 50 –0.126 (0.198) .527 37 0.178 (0.214) .406 
WINT_SPR 142 –0.078 (0.153) .612 91 –0.249 (0.177) .161 
CO-PROD 136 0.181 (0.182) .320 86 0.052 (0.229) .821 
DOMEST 17 1.377 (0.332) <.001 9 –0.696 (0.486) .154 
USA 196 0.718 (0.169) <.001 175 0.360 (0.237) .131 
FRANCE 69 –0.427 (0.191) .026 34 –0.752 (0.254) .003 
INDIA 45 –0.553 (0.240) .022 5 –0.496 (0.460) .282 
GERMANY 24 –0.240 (0.247) .333 13 0.259 (0.351) .462 
UK 72 0.451 (0.175) .010 34 –0.151 (0.226) .505 
JAPAN 7 –1.027 (0.411) .013 5 –0.057 (0.459) .902 
CANADA 18 0.145 (0.273) .597 15 0.334 (0.299) .266 
SPAIN 8 0.742 (0.416) .075 12 0.162 (0.363) .656 
ITALY 14 –0.773 (0.312) .014 3 0.126 (0.628) .841 
BELGIUM 18 –0.126 (0.289) .663 7 0.311 (0.431) .471 
SOUTH_KOREA 2 –1.030 (0.736) .163 2 –0.092 (0.707) .897 
MEXICO 2 0.075 (0.725) .918 7 0.038 (0.421) .928 
SWITZERLAND 6 –0.026 (0.463) .955 3 –0.556 (0.609) .363 
ARGENTINA 1 –0.074 (1.129) .948 5 –1.580 (0.576) .007 
ISRAEL 3 0.187 (0.614) .761 X X X  X 
NETHERLANDS 3 –0.365 (0.630) .563 1 –0.566 (1.076) .599 
BRAZIL 3 0.553 (0.607) .363 1 1.511 (1.153) .192 
CHINA 15 –0.859 (0.351) .015 1 1.007 (0.970) .300 
SWEDEN 13 0.189 (0.328) .565 5 0.168 (0.507) .741 
AUSTRALIA 15 0.237 (0.290) .416 7 0.444 (0.396) .264 
N 389 239 
R2 .727 .693 
F 25.209 13.099 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, and RUN_CNTR are expressed as natural logarithm; DELAY is 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
PHL POR 
N B SE p N B SE p 
C  2.800 (2.094) .183  1.154 (1.415) .415 
GEO_SPR_GL 274 0.695 (0.119) <.001 400 0.889 (0.101) <.001 
RUN_CNTR 274 0.159 (0.050) .002 400 0.265 (0.044) <.001 
DELAY 274 –0.027 (0.014) .061 400 –0.080 (0.010) <.001 
RUN_TIME 274 0.288 (0.477) .546 400 0.411 (0.302) .175 
ACTION_ADVNT 67 0.317 (0.251) .208 66 0.090 (0.201) .655 
ANIM 25 0.580 (0.317) .068 27 0.647 (0.255) .012 
COMEDY 48 0.197 (0.254) .438 69 0.185 (0.198) .351 
DOCO 8 –0.833 (0.426) .052 20 –1.331 (0.263) <.001 
DRAMA 70 –0.658 (0.247) .008 179 –0.292 (0.179) .104 
HORROR 29 0.418 (0.278) .134 7 –0.028 (0.385) .941 
LIVE_EVENT X X X X X X X X 
MAJOR 126 –0.013 (0.161) .938 162 0.120 (0.111) .283 
MINI-MAJOR 51 –0.522 (0.192) .007 73 –0.075 (0.135) .582 
SUMMER 69 0.129 (0.191) .500 103 0.019 (0.132) .884 
HOLIDAY 36 0.489 (0.227) .033 50 –0.033 (0.165) .844 
WINT_SPR 111 0.069 (0.171) .686 151 0.034 (0.119) .773 
CO-PROD 82 0.241 (0.230) .295 171 –0.088 (0.137) .520 
DOMEST 26 1.684 (0.390) <.001 18 0.179 (0.284) .529 
USA 192 0.463 (0.236) .051 223 0.734 (0.133) <.001 
FRANCE 27 –0.137 (0.283) .629 116 –0.277 (0.136) .042 
INDIA 4 –0.283 (0.550) .608 6 –0.203 (0.380) .595 
GERMANY 8 0.225 (0.381) .554 34 –0.069 (0.183) .705 
UK 37 –0.159 (0.236) .502 60 0.257 (0.145) .077 
JAPAN 11 0.285 (0.365) .436 10 –0.347 (0.300) .249 
CANADA 16 0.616 (0.298) .040 22 –0.117 (0.213) .582 
SPAIN 7 –0.407 (0.462) .379 16 0.107 (0.251) .669 
ITALY 3 0.403 (0.636) .527 13 0.234 (0.273) .392 
BELGIUM 8 –0.868 (0.426) .043 27 –0.113 (0.205) .582 
SOUTH_KOREA 6 –0.394 (0.454) .386 2 0.169 (0.650) .795 
MEXICO X X X X 4 –0.556 (0.467) .235 
SWITZERLAND 6 –0.015 (0.482) .974 11 0.230 (0.295) .436 
ARGENTINA 1 0.173 (1.155) .881 3 –0.014 (0.561) .980 
ISRAEL X X X X 4 0.082 (0.483) .865 
NETHERLANDS X X X X 5 –0.503 (0.446) .260 
BRAZIL X X X X 6 –0.022 (0.388) .954 
CHINA 8 0.330 (0.453) .467 5 0.053 (0.436) .903 
SWEDEN 2 –0.566 (0.778) .468 10 0.159 (0.310) .610 
AUSTRALIA 5 –0.137 (0.494) .781 10 0.235 (0.301) .436 
N 274 400 
R2 .495 .743 
F 7.139 28.359 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
SGP SWE 
N B SE  p N B SE  p 
C  –1.096 (1.492) .463  2.074 (0.629) .001 
GEO_SPR_GL 331 0.291 (0.097) .003 314 0.693 (0.134) <.001 
RUN_CNTR 331 0.540 (0.061) <.001 314 0.561 (0.074) <.001 
DELAY 331 –0.053 (0.011) <.001 314 –0.068 (0.012) <.001 
RUN_TIME 331 0.841 (0.325) .010 X X X  X 
ACTION_ADVNT 95 0.383 (0.187) .042 41 0.534 (0.33) .107 
ANIM 22 0.374 (0.258) .147 23 0.542 (0.365) .138 
COMEDY 62 –0.172 (0.192) .370 44 0.005 (0.327) .987 
DOCO 10 –0.451 (0.336) .181 30 –1.157 (0.349) .001 
DRAMA 88 –0.369 (0.187) .049 147 –0.214 (0.302) .479 
HORROR 21 0.372 (0.246) .132 9 –0.109 (0.439) .804 
LIVE_EVENT X X X  X 7 –3.059 (0.499) <.001 
MAJOR 141 0.492 (0.123) <.001 142 0.341 (0.146) .020 
MINI-MAJOR 65 –0.063 (0.139) .650 48 0.066 (0.184) .721 
SUMMER 80 –0.162 (0.141) .253 68 0.197 (0.171) .251 
HOLIDAY 46 –0.210 (0.167) .210 49 –0.140 (0.193) .468 
WINT_SPR 125 –0.306 (0.129) .018 125 –0.250 (0.152) .103 
CO-PROD 103 –0.022 (0.164) .893 141 –0.324 (0.170) .057 
DOMEST 6 0.628 (0.402) .119 42 1.049 (0.258) <.001 
USA 200 0.359 (0.167) .032 170 0.405 (0.174) .021 
FRANCE 28 –0.017 (0.229) .941 80 –0.232 (0.178) .192 
INDIA 15 –0.801 (0.262) .002 4 0.699 (0.516) .177 
GERMANY 10 0.060 (0.289) .835 31 0.010 (0.208) .963 
UK 43 –0.224 (0.173) .197 61 0.073 (0.164) .657 
JAPAN 26 0.039 (0.202) .847 10 –0.026 (0.329) .938 
CANADA 15 0.539 (0.248) .030 16 –0.049 (0.274) .858 
SPAIN 7 0.211 (0.351) .549 8 0.577 (0.427) .177 
ITALY 1 –0.513 (0.875) .558 5 0.080 (0.472) .865 
BELGIUM 9 –0.627 (0.333) .060 16 –0.349 (0.301) .247 
SOUTH_KOREA 11 –0.168 (0.286) .558 X X X  X 
MEXICO X X X  X 3 –0.245 (0.620) .693 
SWITZERLAND 3 0.680 (0.530) .201 3 1.053 (0.610) .085 
ARGENTINA X X X  X 2 –0.541 (0.874) .536 
ISRAEL 1 –0.702 (0.938) .455 4 –0.891 (0.519) .088 
NETHERLANDS X X X  X 4 –0.155 (0.562) .783 
BRAZIL X X X  X 3 –0.314 (0.638) .623 
CHINA 30 0.043 (0.237) .855 4 –0.091 (0.523) .863 
SWEDEN 3 –0.944 (0.530) .076 X X X  X 
AUSTRALIA 8 0.107 (0.329) .745 10 0.249 (0.328) .449 
N 331 314 
R2 .656 .657 
F 17.193 15.229 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
THA TWN 
N B SE  p N B SE  p 
C  3.173 (0.497) <.001  –2.709 (1.404) .054 
GEO_SPR_GL 276 0.462 (0.143) .001 485 0.265 (0.081) .001 
RUN_CNTR 276 0.597 (0.089) <.001 485 0.586 (0.047) <.001 
DELAY 276 –0.047 (0.015) .002 485 –0.068 (0.009) <.001 
RUN_TIME X X X  X 485 1.424 (0.304) <.001 
ACTION_ADVNT 82 0.743 (0.289) .011 82 0.103 (0.211) .624 
ANIM 21 0.289 (0.391) .461 37 0.037 (0.252) .882 
COMEDY 45 –0.145 (0.305) .634 79 –0.372 (0.207) .073 
DOCO 4 –1.424 (0.760) .062 27 –0.809 (0.277) .004 
DRAMA 75 –0.586 (0.288) .043 201 –0.611 (0.190) .001 
HORROR 26 0.451 (0.337) .183 23 0.184 (0.271) .499 
LIVE_EVENT X X X  X X X X  X 
MAJOR 130 0.368 (0.177) .038 183 0.314 (0.114) .006 
MINI-MAJOR 51 0.154 (0.218) .481 83 0.107 (0.135) .431 
SUMMER 67 –0.551 (0.206) .008 123 –0.265 (0.135) .050 
HOLIDAY 51 –0.334 (0.221) .132 77 –0.131 (0.152) .390 
WINT_SPR 95 –0.014 (0.192) .944 170 –0.346 (0.125) .006 
CO-PROD 85 –0.309 (0.239) .197 147 –0.251 (0.162) .122 
DOMEST 16 0.515 (0.425) .227 19 0.993 (0.285) .001 
USA 184 0.160 (0.261) .542 201 0.991 (0.147) <.001 
FRANCE 22 0.432 (0.357) .228 81 –0.123 (0.163) .451 
INDIA 26 –1.566 (0.324) <.001 7 –0.213 (0.391) .587 
GERMANY 8 –0.055 (0.439) .900 32 0.018 (0.203) .931 
UK 32 0.381 (0.272) .162 52 0.177 (0.177) .319 
JAPAN 14 –0.255 (0.369) .489 77 0.238 (0.166) .153 
CANADA 14 0.516 (0.348) .139 20 0.011 (0.246) .963 
SPAIN 5 –0.833 (0.616) .178 16 0.287 (0.301) .342 
ITALY 1 1.226 (1.298) .346 8 –0.127 (0.387) .744 
BELGIUM 5 –1.019 (0.582) .081 21 0.177 (0.256) .489 
SOUTH_KOREA 7 –0.087 (0.464) .851 15 –0.018 (0.281) .949 
MEXICO X X X  X 5 –0.173 (0.470) .713 
SWITZERLAND 5 0.918 (0.614) .137 7 0.133 (0.410) .745 
ARGENTINA 1 1.875 (1.332) .160 3 –0.432 (0.688) .531 
ISRAEL 1 2.941 (1.354) .031 4 –1.355 (0.522) .010 
NETHERLANDS 2 –0.718 (0.928) .440 5 –0.679 (0.471) .150 
BRAZIL 2 –0.023 (0.831) .978 3 –0.139 (0.630) .826 
CHINA 16 0.218 (0.405) .591 33 0.583 (0.230) .012 
SWEDEN 2 0.466 (0.878) .596 10 0.002 (0.335) .996 
AUSTRALIA 7 0.173 (0.475) .716 8 0.709 (0.375) .059 
N 276 485 
R2 .608 .717 
F 10.617 30.601 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
UAE UKR 
N B SE  p N B SE  p 
C  5.132 (0.247) <.001  –0.117 (1.755) .947 
GEO_SPR_GL 491 0.239 (0.061) <.001 387 0.290 (0.078) <.001 
RUN_CNTR 491 0.427 (0.051) <.001 387 0.521 (0.051) <.001 
DELAY 491 –0.038 (0.007) <.001 387 –0.063 (0.009) <.001 
RUN_TIME X X X  X 387 0.869 (0.393) .027 
ACTION_ADVNT 123 –0.006 (0.148) .966 75 0.481 (0.232) .039 
ANIM 36 0.292 (0.204) .153 43 0.708 (0.267) .008 
COMEDY 111 –0.518 (0.147) <.001 99 0.192 (0.223) .389 
DOCO 8 –1.824 (0.348) <.001 10 –0.932 (0.391) .018 
DRAMA 138 –0.678 (0.144) <.001 103 –0.136 (0.223) .543 
HORROR 25 –0.175 (0.209) .404 28 –0.260 (0.278) .350 
LIVE_EVENT X X X  X X X X  X 
MAJOR 166 –0.014 (0.099) .887 141 0.312 (0.132) .019 
MINI-MAJOR 69 –0.175 (0.129) .176 55 0.105 (0.171) .540 
SUMMER 98 –0.002 (0.123) .986 83 0.057 (0.158) .718 
HOLIDAY 109 –0.332 (0.123) .007 65 –0.287 (0.174) .099 
WINT_SPR 188 –0.035 (0.107) .741 151 –0.149 (0.137) .279 
CO-PROD 130 –0.120 (0.144) .404 129 0.114 (0.183) .533 
DOMEST 7 –0.139 (0.375) .710 6 –0.436 (0.447) .330 
USA 240 0.717 (0.127) <.001 208 0.377 (0.157) .017 
FRANCE 55 –0.215 (0.168) .202 85 –0.359 (0.179) .045 
INDIA 138 –0.050 (0.142) .726 7 –0.804 (0.397) .043 
GERMANY 14 –0.172 (0.250) .492 31 –0.343 (0.216) .113 
UK 66 0.004 (0.138) .977 55 –0.299 (0.184) .106 
JAPAN 8 –0.082 (0.313) .793 9 –1.101 (0.360) .002 
CANADA 25 0.059 (0.196) .762 20 –0.465 (0.254) .068 
SPAIN 11 0.291 (0.286) .309 21 –0.406 (0.254) .112 
ITALY 7 0.292 (0.343) .395 12 –0.291 (0.327) .374 
BELGIUM 15 –0.439 (0.256) .088 27 –0.443 (0.254) .082 
SOUTH_KOREA 8 0.041 (0.323) .899 4 –1.140 (0.544) .037 
MEXICO X X X  X 2 –0.215 (0.735) .770 
SWITZERLAND 4 0.136 (0.450) .763 5 0.586 (0.477) .220 
ARGENTINA 1 0.156 (0.904) .863 2 1.606 (0.775) .039 
ISRAEL X X X  X 3 –0.451 (0.602) .454 
NETHERLANDS 1 –1.328 (0.944) .160 1 –0.199 (1.069) .853 
BRAZIL 1 –1.424 (0.955) .137 6 –0.446 (0.441) .313 
CHINA 10 0.540 (0.318) .091 5 0.316 (0.510) .536 
SWEDEN 3 1.153 (0.505) .023 6 0.950 (0.452) .036 
AUSTRALIA 12 –0.307 (0.260) .239 10 0.576 (0.340) .091 
N 491 387 
R2 .581 .642 
F 18.631 16.948 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
USA VEN 
N B SE  p N B SE  p 
C  –5.073 (1.271) <.001  6.275 (0.716) <.001 
GEO_SPR_GL 1,485 1.666 (0.062) <.001 X X X  X 
RUN_CNTR 1,485 0.163 (0.040) <.001 189 0.263 (0.097) .008 
DELAY 1,485 –0.069 (0.009) <.001 189 –0.096 (0.018) <.001 
RUN_TIME 1,485 1.433 (0.273) <.001 X X X  X 
ACTION_ADVNT 167 0.931 (0.231) <.001 43 0.835 (0.376) .028 
ANIM 44 0.393 (0.330) .234 18 1.370 (0.459) .003 
COMEDY 295 0.580 (0.211) .006 34 0.459 (0.395) .247 
DOCO 322 –0.678 (0.217) .002 7 –0.420 (0.535) .434 
DRAMA 500 0.150 (0.202) .458 63 –0.330 (0.366) .369 
HORROR 51 –0.224 (0.306) .464 13 1.117 (0.439) .012 
LIVE_EVENT 18 –1.646 (0.483) .001 X X X  X 
MAJOR 348 0.933 (0.114) <.001 102 –0.192 (0.222) .388 
MINI-MAJOR 136 0.926 (0.163) <.001 41 –0.272 (0.245) .269 
SUMMER 237 –0.273 (0.149) .067 47 –0.146 (0.224) .515 
HOLIDAY 235 0.060 (0.150) .689 22 0.107 (0.294) .717 
WINT_SPR 700 –0.250 (0.119) .036 72 0.062 (0.205) .762 
CO-PROD 401 –0.455 (0.151) .003 66 0.443 (0.304) .147 
DOMEST 771 1.584 (0.133) <.001 15 0.322 (0.472) .497 
USA X X X  X 130 0.399 (0.294) .178 
FRANCE 182 –0.420 (0.175) .017 27 –0.847 (0.316) .008 
INDIA 235 0.061 (0.190) .748 5 –0.688 (0.505) .175 
GERMANY 73 –0.306 (0.226) .176 10 –0.094 (0.374) .803 
UK 152 0.356 (0.169) .035 27 –0.373 (0.288) .197 
JAPAN 30 –0.178 (0.327) .586 2 0.583 (0.786) .459 
CANADA 82 0.518 (0.213) .015 12 –0.511 (0.369) .167 
SPAIN 45 –0.100 (0.282) .722 15 –0.503 (0.378) .185 
ITALY 29 –0.747 (0.335) .026 2 –0.048 (0.775) .951 
BELGIUM 37 –0.562 (0.309) .069 6 –0.202 (0.575) .725 
SOUTH_KOREA 29 –0.070 (0.338) .836 X X X  X 
MEXICO 29 –0.174 (0.332) .600 2 0.419 (0.792) .598 
SWITZERLAND 17 0.383 (0.432) .375 2 0.155 (0.825) .852 
ARGENTINA 14 –0.182 (0.491) .710 7 –0.184 (0.544) .735 
ISRAEL 18 0.491 (0.417) .239 X X X  X 
NETHERLANDS 12 –0.748 (0.518) .148 X X X  X 
BRAZIL 14 –1.214 (0.469) .010 1 –2.582 (1.151) .026 
CHINA 31 –0.546 (0.330) .098 1 0.482 (1.085) .657 
SWEDEN 19 0.296 (0.410) .471 3 1.050 (0.715) .144 
AUSTRALIA 29 1.118 (0.330) .001 6 0.239 (0.506) .637 
N 1,485 189 
R2 .623 .655 
F 64.742 9.246 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





Table C.6 Continued 
Independent 
variables 
Dependent variable = SCREENINGS_CNTR 
VNM ZAF 
N B SE  p N B SE  p 
C  3.439 (0.440) <.001  2.769 (1.463) .059 
GEO_SPR_GL 189 0.379 (0.114) .001 368 0.522 (0.089) <.001 
RUN_CNTR 189 0.502 (0.065) <.001 368 0.533 (0.070) <.001 
DELAY 189 –0.038 (0.013) .006 368 –0.054 (0.010) <.001 
RUN_TIME X X X  X 368 0.145 (0.307) .638 
ACTION_ADVNT 69 0.065 (0.213) .762 79 0.507 (0.201) .012 
ANIM 20 0.203 (0.278) .466 19 0.926 (0.284) .001 
COMEDY 34 –0.465 (0.222) .037 84 0.598 (0.201) .003 
DOCO 1 –0.731 (0.816) .372 16 –0.830 (0.283) .004 
DRAMA 38 –0.331 (0.215) .126 126 0.082 (0.189) .666 
HORROR 5 0.224 (0.431) .604 8 0.165 (0.356) .644 
LIVE_EVENT X X X  X 10 –3.284 (0.424) <.001 
MAJOR 93 0.485 (0.151) .002 153 0.223 (0.116) .055 
MINI-MAJOR 30 0.127 (0.195) .516 68 0.288 (0.139) .039 
SUMMER 34 –0.005 (0.185) .980 109 –0.223 (0.132) .092 
HOLIDAY 40 –0.034 (0.177) .847 45 –0.059 (0.165) .722 
WINT_SPR 66 –0.300 (0.152) .051 136 0.082 (0.126) .515 
CO-PROD 56 –0.279 (0.211) .189 96 –0.201 (0.181) .267 
DOMEST 5 1.784 (0.437) <.001 21 0.877 (0.298) .003 
USA 112 0.705 (0.242) .004 239 0.727 (0.181) <.001 
FRANCE 15 0.011 (0.272) .966 33 –0.124 (0.214) .562 
INDIA 4 –0.346 (0.422) .413 62 –1.293 (0.237) <.001 
GERMANY 9 –0.286 (0.306) .353 15 –0.075 (0.257) .771 
UK 18 –0.268 (0.246) .276 55 –0.005 (0.178) .979 
JAPAN 3 0.113 (0.508) .825 4 –0.195 (0.463) .673 
CANADA 6 0.595 (0.361) .102 13 0.270 (0.275) .326 
SPAIN 4 0.787 (0.497) .115 7 –0.519 (0.369) .160 
ITALY X X X  X 4 –1.137 (0.514) .028 
BELGIUM 3 0.322 (0.586) .584 11 0.455 (0.334) .174 
SOUTH_KOREA 30 0.487 (0.243) .046 2 0.346 (0.634) .586 
MEXICO X X X  X 3 –1.308 (0.523) .013 
SWITZERLAND 2 0.200 (0.604) .741 5 0.272 (0.430) .528 
ARGENTINA 1 0.762 (0.969) .433 X X X  X 
ISRAEL X X X  X X X X  X 
NETHERLANDS X X X  X 1 –0.782 (0.965) .418 
BRAZIL X X X  X X X X  X 
CHINA 20 0.694 (0.305) .024 2 –0.730 (0.653) .264 
SWEDEN 2 –0.727 (0.636) .255 7 –0.448 (0.375) .233 
AUSTRALIA 4 0.111 (0.446) .804 7 0.653 (0.360) .071 
N 189 368 
R2 .692 .767 
F 11.377 31.228 
p <.001 <.001 
Note. SCREENINGS_CNTR, GEO_SPR_GL, RUN_CNTR, and RUN_TIME are expressed as natural logarithm; 





APPENDIX D  
SUPPLEMENTARY MATERIAL FOR CHAPTER 6 
Table D.1. Descriptive Statistics for Box Office, the Number of Screenings, Run Length, and 
Delay for All American Films and High and Low Earning Segments in the US and Australia 
Country Segment N 
Box office (US$) 
Mdn Std dev Min Max Skew Kurt 
USA 
All 231 16,500,050 68,713,427.11 318 379,178,190 2.45  6.97  
High 99 58,172,889 58,702,391.24 17,793,377 355,486,419 2.09 5.83 
Low 98 1,313,485 4,749,049.54 7,131 17,027,032 1.43 0.87 
AUS 
All 231 1,409,708 7,870,749.91 1,67 40,454,272 2.37  5.83  
High 99 6,099,204 7,449,642.24 184,307 36,245,249 1.69 2.82 
Low 98 153,474 783,173.36 1,667 4,733,568 3.19 12.14 
         
Country Segment N 
Number of screenings 
 Mdn  Std dev  Min  Max Skew Kurt 
USA 
All 231 142,164 249,660.63 19 1,207,648 1.23  1.27  
High 99 368,583 184,239.91 110,803 1,207,648 1.43 3.97 
Low 98 9,863 48,930.43 19 195,984 1.47 0.94 
AUS 
All 231 8,075 15,848.35 11 67,569 1.30  1.03  
High 99 21,700 12,510.40 1,000 58,157 0.77 0.18 
Low 98 833 3,828.17 11 17,260 2.29 5.21 
         
Country Segment N 
Run length 
Mdn Std dev Min Max Skew Kurt 
USA 
All 231 396 220.84  7  917 0.30  –0.74 
High 99 409 209.37 104 917 1.25 0.66 
Low 98 389 219.90 31 873 0.23 –0.87 
AUS 
All 231 160 178.43  1  790 1.29  1.06  
High 99 175 177.94 44 693 0.37 –0.58 
Low 98 153 143.26 1 646 1.19 1.34 
         
Country Segment N 
Delay 
Mdn Std dev Min Max Skew Kurt 
AUS 
All 231 38.0 107.40  –167 680 1.94  6.22  
High 99 23.0 38.03 1 181 1.76 3.25 
Low 98 84.5 121.12 3 680 1.69 3.80 
Note. F = films; Mdn = median; Std dev = standard deviation; Min = minimum; Max = maximum; Skew = 






Table D.2. Descriptive Statistics for the Box Office, Screening, and Run Ratios, and Delay for 
All American Films per Genre, Distributor, and Origin 
Attribute Films %F 
Box office ratio 
Mdn Std dev Min Max Skew Kurt 
All films 231 100% 11.49 1,475.21 0.04 19,909.40 11.67 146.98 
         
Action/adventure 49 21% 9.40 6.05 1.83 28.57 1.25 1.94 
Animation 13 6% 11.23 4.59 6.70 22.48 0.91 0.19 
Comedy 41 18% 11.97 3,122.44 0.04 19,909.40 6.18 38.92 
Documentary 20 9% 23.36 512.41 1.53 2,322.08 4.38 19.43 
Drama 77 33% 12.15 88.74 0.04 574.48 5.42 30.32 
Horror 9 4% 6.71 570.44 0.86 1,718.00 3.00 9.00 
Live event 13 6% 12.69 22.67 9.86 94.34 3.53 12.61 
Suspense/thriller 9 4% 15.52 3,210.68 3.00 9,658.51 3.00 9.00 
         
Major 119 52% 11.13 125.52 0.86 1,373.68 10.67 115.34 
Mini-major 44 19% 9.93 391.99 0.47 2,607.45 6.53 43.00 
Independent 68 29% 13.51 2,674.22 0.04 19,909.40 6.43 43.82 
         
Single US-origin 154 67% 11.10 238.78 0.04 2,322.08 8.08 69.04 
Co-production  
with the US 
77 33% 13.83 2,519.52 0.04 19,909.40 6.85 49.78 
    
Attribute Films %F 
Screening ratio 
Mdn Std dev Min Max Skew Kurt 
All films 231 100% 6.06 164.17 0.02 2,017.48 9.45 101.76 
         
Action/adventure 49 21% 5.95 3.88 1.37 26.50 3.12 14.61 
Animation 13 6% 4.81 1.84 2.79 9.34 0.94 0.82 
Comedy 41 18% 6.53 212.51 0.06 1,061.25 4.00 15.89 
Documentary 20 9% 5.79 40.57 0.38 153.49 2.14 4.47 
Drama 77 33% 7.66 62.55 0.02 418.79 4.90 25.67 
Horror 9 4% 5.58 9.82 0.28 32.52 2.42 6.43 
Live event 13 6% 4.53 2.66 2.74 12.13 1.54 2.06 
Suspense/thriller 9 4% 7.79 667.84 1.83 2,017.48 2.99 8.96 
         
Major 119 52% 6.37 79.40 0.28 843.70 9.87 102.00 
Mini-major 44 19% 5.96 159.23 0.26 1,061.25 6.52 42.91 
Independent 68 29% 5.43 252.59 0.02 2,017.48 7.20 55.51 
         
Single US-origin 154 67% 5.79 47.52 0.06 418.79 6.17 43.02 
Co-production  
with the US 
77 33% 8.35 274.06 0.02 2,017.48 5.80 36.59 
Note. F = films; Mdn = median; Std dev = standard deviation; Min = minimum; Max = maximum; Skew = 







Table D.2 Continued 
Attribute Films %F 
Run ratio 
Mdn Std dev Min Max Skew Kurt 
All films 231 100% 50.62 51.44 0.12 473.08 3.29 19.13 
         
Action/adventure 49 21% 50.62 51.75 10.79 261.11 2.09 4.72 
Animation 13 6% 72.74 28.57 27.79 129.08 0.45 0.16 
Comedy 41 18% 51.48 53.00 6.33 238.25 1.62 2.48 
Documentary 20 9% 26.88 22.80 0.12 79.55 0.26 –1.08 
Drama 77 33% 49.56 36.99 4.07 196.43 1.46 2.88 
Horror 9 4% 32.79 37.45 22.56 132.16 1.38 1.39 
Live event 13 6% 16.22 126.80 3.64 473.08 3.25 11.10 
Suspense/thriller 9 4% 69.29 45.79 27.94 188.98 1.99 4.90 
         
Major 119 52% 53.37 45.26 6.33 261.11 2.07 5.28 
Mini-major 44 19% 49.09 31.67 8.27 166.32 1.65 3.47 
Independent 68 29% 38.98 68.95 0.12 473.08 3.68 19.37 
         
Single US-origin 154 67% 49.47 53.99 0.12 473.08 3.82 23.63 
Co-production  
with the US 
77 33% 51.85 46.06 4.07 219.74 1.67 2.70 
         
Attribute Films %F 
Delay 
Mdn Std dev Min Max Skew Kurt 
All films 231 100% 38.0 107.40 –167 680 1.94 6.22 
         
Action/adventure 49 21% 16.0 45.37 –119 153 0.25 2.61 
Animation 13 6% 19.0 49.47 –14 181 2.47 7.53 
Comedy 41 18% 17.0 92.50 –157 314 0.90 3.22 
Documentary 20 9% 158.5 169.48 –167 680 1.32 4.42 
Drama 77 33% 58.0 120.44 –28 479 1.37 1.20 
Horror 9 4% 38.0 41.28 –7 131 1.52 3.16 
Live event 13 6% 35.0 34.98 –47 83 –0.84 1.13 
Suspense/thriller 9 4% 69.0 56.97 –6 181 0.61 0.62 
         
Major 119 52% 23.0 71.12 –157 332 1.83 4.97 
Mini-major 44 19% 45.5 106.15 –147 439 1.28 3.19 
Independent 68 29% 65.0 144.09 –167 680 1.42 3.21 
         
Single US-origin 154 67% 41.0 115.64 –167 680 2.08 6.15 
Co-production  
with the US 
77 33% 29.0 87.71 –157 332 0.88 2.05 
Note. F = films; Mdn = median; Std dev = standard deviation; Min = minimum; Max = maximum; Skew = 





Table D.3. Mann-Whitney U Test and Mood’s Median Test Results for Differences in the Box 
Office and Run Ratios, and Delay Between the 28 Genre Pairs 
Genre pair Test 
Box office ratio Run ratio Delay 
U/χ2 p U/χ2  p U/χ2  p 
Action/adventure–
Animation 
Mann-Whitney U 426.00 .063 402.00 .149 338.00 .736 
Mood’s median  0.88 .349 4.77 .029 0.10 .755 
Action/adventure–
Comedy 
Mann-Whitney U 1,298.00 .017 962.00 .731 1,035.50 .802 
Mood’s median  5.42 .020 0.05 .832 0.05 .832 
Action/adventure–
Documentary 
Mann-Whitney U 667.00 .019 278.00 .005 791.00 <.001 
Mood’s median  1.30 .255 0.97 .325 8.33 .004 
Action/adventure–
Drama 
Mann-Whitney U 2,391.00 .012 1,730.50 .435 2,844.50 <.001 
Mood’s median  7.51 .006 0.03 .855 14.73 <.001 
Action/adventure–
Horror 
Mann-Whitney U 182.00 .408 180.00 .384 253.00 .485 
Mood’s median  0.13 .717 1.18 .277 1.18 .277 
Action/adventure–
Live event 
Mann-Whitney U 484.00 .004 175.00 .013 384.50 .253 
Mood’s median  11.78 .001 2.43 .119 2.43 .119 
Action/adventure–
Suspense/thriller 
Mann-Whitney U 260.00 .396 287.00 .153 330.50 .018 
Mood’s median  0.13 .717 3.29 .070 3.29 .070 
Animation–
Comedy 
Mann-Whitney U 283.00 .739 193.00 .137 265.00 .976 
Mood’s median 0.10 .750 4.96 .026 0.10 .750 
Animation–
Documentary 
Mann-Whitney U 153.00 .413 36.00 <.001 204.50 .005 
Mood’s median  0.86 .353 6.95 .008 14.29 <.001 
Animation–Drama 
Mann-Whitney U 539.00 .659 325.00 .044 742.50 .005 
Mood’s median  0.09 .764 4.41 .036 10.88 .001 
Animation–Horror 
Mann-Whitney U 37.00 .164 35.00 .126 67.50 .556 
Mood’s median  0.19 .665 1.69 .193 0.19 .665 
Animation–Live 
event 
Mann-Whitney U 106.00 .287 41.00 .026 98.00 .511 
Mood’s median  0.15 .695 3.85 .050 0.01 .999 
Animation–
Suspense/thriller 
Mann-Whitney U 60.00 .948 59.00 .973 85.50 .071 
Mood’s median  0.19 .665 0.19 .665 1.69 .193 
Comedy–
Documentary 
Mann-Whitney U 451.00 .529 261.00 .022 631.00 .001 
Mood’s median  0.19 .238 1.00 .316 7.94 .005 
Comedy–Drama 
Mann-Whitney U 1,560.50 .919 1,498.00 .649 2,272.00 <.001 
Mood’s median  0.04 .847 0.34 .562 8.41 .004 
Comedy–Horror 
Mann-Whitney U 119.00 .101 164.00 .619 201.00 .691 
Mood’s median 3.39 .066 1.22 .269 0.25 .616 
Comedy–Live 
event 
Mann-Whitney U 298.00 .524 155.00 .024 304.50 .442 
Mood’s median  0.91 .340 2.53 .111 2.53 .111 
Comedy–
Suspense/thriller 
Mann-Whitney U 182.00 .960 243.00 .145 252.00 .091 
Mood’s median  0.14 .713 3.39 .066 3.39 .066 
Documentary–
Drama 
Mann-Whitney U 630.00 .212 1,039.00 .016 626.00 .199 
Mood’s median  0.31 .580 0.91 .341 2.43 .119 
Documentary–
Horror 
Mann-Whitney U 54.00 .095 116.00 .234 37.50 .011 
Mood’s median  3.55 .060 0.28 .599 7.22 .007 
Documentary–
Live event 
Mann-Whitney U 118.00 .676 112.00 .524 58.00 .007 
Mood’s median  0.86 .353 0.86 .353 9.41 .002 
Documentary–
Suspense/thriller 
Mann-Whitney U 78.00 .594 159.00 .001 56.00 .116 
Mood’s median  0.08 .782 8.62 .003 3.55 .060 
Drama–Horror 
Mann-Whitney U 234.00 .112 302.00 .530 201.50 .041 




Table D.3 Continued 
Genre pair Test 
Box office ratio Run ratio Delay 
U/χ2  p U/χ2  p U/χ2  p 
Drama–Live 
event 
Mann-Whitney U 527.00 .761 310.00 .029 317.50 .036 
Mood’s median  0.09 .764 2.25 .134 4.05 .044 
Drama–
Suspense/thriller 
Mann-Whitney U 344.00 .972 480.00 .060 319.50 .703 
Mood’s median  0.12 .725 6.08 .014 1.28 .258 
Horror–Live 
event 
Mann-Whitney U 89.00 .043 36.00 .144 59.50 .948 
Mood’s median  4.70 .030 1.69 .193 0.19 .665 
Horror–
Suspense/thriller 
Mann-Whitney U 53.00 .297 56.00 .190 57.50 .136 
Mood’s median  0.22 .637 2.00 .157 2.00 .157 
Live event–
Suspense/thriller 
Mann-Whitney U 60.00 .948 89.00 .043 83.50 .096 
Mood’s median  0.19 .665 4.70 .030 1.69 .193 
 
Table D.4. Mann-Whitney U Test and Mood’s Median Test Results for Differences in the Box 




Box office ratio Run ratio Delay 
χ2 p U p U/χ2  p 
Major–Mini-
major 
Mann-Whitney U – – 2,239.5 .157 3,050.50 .106 
Mood’s median  0.43 .510 – – 2.13 .145 
Major–
Independent  
Mann-Whitney U – – 3,086.0 .007 5,464.50 <.001 
Mood’s median  2.48 .115 – – 13.12 <.001 
Independent–
Mini-major 
Mann-Whitney U – – 1,273.0 .184 1,791.00 .079 





Table D.5. Correlations Between the Transformed Continuous Variables in the High and Low 
Earning Segments 
Variables High earning Low earning 
SCREENINGS_USA & RUN_USA   .235*   .071 
SCREENINGS_USA & BO_USA   .881***   .903*** 
SCREENINGS_USA & DELAY  –.189  –.189 
SCREENINGS_USA & SCREENINGS_AUS   .587***   .549*** 
SCREENINGS_USA & RUN_AUS  –.122   .309** 
SCREENINGS_USA & BO_AUS   .609***   .451*** 
SCREENINGS_USA & RUN_TIME  –.030  –.225* 
RUN_USA & BO_USA   .338**   .056 
RUN_USA & DELAY  –.027   .372*** 
RUN_USA & SCREENINGS_AUS   .169   .109 
RUN_USA & RUN_AUS   .010   .522*** 
RUN_USA & BO_AUS   .308**   .069 
RUN_USA & RUN_TIME   .066  –.409*** 
BO_USA & DELAY  –.118  –.268** 
BO_USA & SCREENINGS_AUS   .645***   .413*** 
BO_USA & RUN_AUS   .049   .202* 
BO_USA & BO_AUS   .715***   .471*** 
BO_USA & RUN_TIME   .260**  –.032 
DELAY & SCREENINGS_AUS  –.323**  –.323** 
DELAY & RUN_AUS  –.224*   .156 
DELAY & BO_AUS  –.344***  –.336** 
DELAY & RUN_TIME  –.074  –.350*** 
SCREENINGS_AUS & RUN_AUS   .732***   .504*** 
SCREENINGS_AUS & BO_AUS   .925***   .822*** 
SCREENINGS_AUS & RUN_TIME   .268**  –.271** 
RUN_AUS & BO_AUS   .622***   .296** 
RUN_AUS & RUN_TIME   .354***  –.507*** 
BO_AUS & RUN_TIME   .306**  –.008 





Table D.6. Full Regression Results for the DM Model for High and Low Earning Segments 
Independent variables 
Dependent variable = BO_USA 
High earners Low earners 
N  B SE  p  N B SE  p 
C  –5.079 (1.099) <.001   5.300 (0.506) <.001 
SCREENINGS_USA 99 1.330 (0.063) <.001 98  0.898 (0.042) <.001 
RUN_USA 99 0.147 (0.054) .008  X X X  X 
RUN_TIME 99 1.058 (0.199) <.001  X X X  X 
ACTION_ADVNT 32 –0.139 (0.153) .367 8  0.664 (0.402) .102 
ANIM 11 –0.148 (0.180) .414  X X X  X 
COMEDY 20 –0.119 (0.161) .461 11  0.104 (0.376) .783 
DOCO 1 –0.398 (0.301) .189 17  0.220 (0.363) .546 
DRAMA 27 –0.044 (0.159) .782 47  0.280 (0.327) .393 
HORROR 5 0.049 (0.195) .803 1 –0.080 (0.768) .918 
LIVE_EVENT X X X  X 9  1.861 (0.409) <.001 
MAJOR 76 0.238 (0.109) .032 30  0.418 (0.177) .020 
MINI-MAJOR 17 0.155 (0.124) .214 18  0.148 (0.209) .481 
CO-PROD 27 –0.055 (0.061) .371 40 –0.193 (0.159) .227 
N 99 98 
R2 .887 .884 
F 56.452 66.397 
p <.001 <.001 
Note. SCREENINGS_USA, RUN_USA, BO_USA, and RUN_TIME are expressed as natural logarithm.  
 
Table D.7. Full Regression Results for the IE Model for High and Low Earning Segments 
Independent variables 
Dependent variable = SCREENINGS_AUS 
High earners Low earners 
N  B SE  p  N B SE  p 
C  –0.703 (1.824) .701   4.342 (5.356) .420 
BO_USA 99 0.583 (0.076) <.001 98  0.157 (0.082) .057 
DELAY 99 –0.047 (0.018) .010 98 –0.093 (0.031) .003 
RUN_TIME 99 0.056 (0.382) .884 98  0.446 (1.080) .681 
ACTION_ADVNT 32 –0.118 (0.283) .680 8 –1.252 (0.759) .103 
ANIM 11 –0.010 (0.316) .976  X X X  X 
COMEDY 20 –0.073 (0.295) .805 11 –0.895 (0.711) .211 
DOCO 1 0.088 (0.553) .874 17 –2.424 (0.686) .001 
DRAMA 27 –0.018 (0.286) .950 47 –1.243 (0.615) .046 
HORROR 5 –0.921 (0.350) .010 1 –3.178 (1.443) .030 
LIVE_EVENT X  X X  X 9 –4.276 (1.207) .001 
MAJOR 76 0.217 (0.197) .274 30  0.541 (0.344) .119 
MINI-MAJOR 17 –0.049 (0.226) .830 18  0.805 (0.394) .044 
CO-PROD 27 0.268 (0.110) .016 40  0.325 (0.308) .295 
N 99 98 
R2 .602 .583 
F 10.837 9.922 
p <.001 <.001 
Note. BO_USA, SCREENINGS_AUS, and RUN_TIME are expressed as natural logarithm; DELAY is expressed 




Table D.8. Full Regression Results for the FM Model for High and Low Earning Segments 
Independent variables 
Dependent variable = BO_AUS 
High earners Low earners 
N B SE  p  N B SE  p 
C  –2.521 (1.322) .060   6.584 (0.597) <.001 
SCREENINGS_AUS 99 1.435 (0.084) <.001 98  0.825 (0.059) <.001 
RUN_AUS 99 –0.282 (0.109) .011 98 –0.031 (0.079) .692 
RUN_TIME 99 0.813 (0.271) .004  X X X  X 
ACTION_ADVNT 32 0.121 (0.207) .561 8 –0.046 (0.429) .914 
ANIM 11 0.597 (0.234) .012  X X X  X 
COMEDY 20 0.291 (0.214) .178 11 –0.277 (0.402) .493 
DOCO 1 0.042 (0.402) .917 17  0.474 (0.415) .257 
DRAMA 27 0.309 (0.211) .147 47 –0.248 (0.356) .488 
HORROR 5 0.451 (0.264) .091 1 –2.273 (0.827) .007 
LIVE_EVENT X X X  X 9  1.693 (0.479) .001 
MAJOR 76 0.261 (0.150) .085 30  0.264 (0.190) .168 
MINI-MAJOR 17 0.074 (0.166) .656 18  0.377 (0.225) .098 
CO-PROD 27 0.070 (0.084) .404 40 –0.022 (0.172) .898 
N 99 98 
R2 .897 .814 
F 62.198 34.233 
p <.001 <.001 
Note. SCREENINGS_AUS, RUN_AUS, and RUN_TIME are expressed as natural logarithm.  
 
 
